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Preface

"~ The Army is dramatically changing the ways it makes use of terrain and environmental data. The
past is represented by paper maps, acetate overlays and staff weather officers. The Army of the
future will be using digital terrain data, geographic information systems, automated meteorojogical
data collection and dissemination, and artificial intelligence software to help tie it all together. A

. 9
major user of terrain and environmental data will be the Integrated Command and Control (IC”)
systems currently under development. Research efforts on applying Artificial Intelligence to terrain
reasoning and atmospheric effects are distributed between the Army, academia and industry.
Because of the dispersed eflorts, it is difficult, sometimes, for researchers to be aware of some of the
relevant research being done elsewhere. These considerations led to bringing together researchers in
environmental effects, terrain reasoning, geographic information systems, and the TRADOC
schools that have responsibility for establishing doctrine on how the Army will use weapon systems

in the ﬁerld./)

Under the auspices of the Assistant Secretary of the Army for Research, Development and
Acquisition, the U.S. Army Symposium,Workshop on Artificial Intelligence Research for Exploita-
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mand. Scieuce Technoiogy Corporation (STC) was responsible for organizing and administrating
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Ms. Carolyn Keene, the conference coordinator, and the members of her staff.
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DESIGN OF A SOFTWARE ENVIRONMENT FOR
TACTICAL SITUATION DEVELOPMENT

M. J. Coombs and R. T. Hartley
New Mexico State University
Las Cruces, NM 88003-0001, USA

J. R. Thompson
Science Applications Intcrnational Corporation
Albuquerque, NM 87106, USA

ABSTRACT

This paper concerns the development of a prototype Tactical Situation
Development Environment (TSDE) which will aid intelligence analysts to construct
and evaluate future situational projections and will support this function by main-
taining appropriate models of the current situation. Conventional automated prob-
lem solvers have failed in these tasks because they are deterministic, being designed
to solve pre-determined problems using pre-defined sets of knowledge and data.
They are unable to accommodate the uncertainty characteristic of the realistic
battlefield. In contrast, we have employed a general-purpose automated problem
solving architecture - Model Generative Reasoning (MGR) - designed for informa-
tion processing in noisy and ill-specified problem domains. The MGR architecture
is currently being developed for a number of military information integration appli-
cations, including meteorological data fusion, situation analysis and deception plan-
ning.

1. THE SITUATION ANALYSIS PROBLEM

A major part of situation analysis is a data driven process that depends on sen-
sor data for unit and node location and identification. The continuous monitoring of
enemy order of battle makes this aspect fairly reliable, being mostly a matter of
correlating signatures to equipment and equipment to units through tables of organi-
zation and equipment (TO&E). However, analysts tend to become overdependent
on sensor data, which commonly leads to operational inflexibility and the suscepti-
bility of intelligence to enemy deception.

Intelligence products with the highest payoff are those that go beyond raw data
to predict enemy intentions (Thompson et al., 1988). Models of intentions are valu-
able because they enable Blue to anticipate Red operations, to identify enemy vul-
nerabilities, and to improve performance through added preparation time. They are
also difficult to construct. The analyst must integrate into a coherent set of




interpretations a complex of diverse, and oftcn dynamic, factors. Moreover, integra-
tion has historically been manual, based on sets of map overlays, and must fre-
quently proceed on the strength of very uncertain data, or even the absence of data
expected given some observation. Situation analysts thus have a natural tendency to
report uninterpreted facts, to hedge bets hy qualifying predictions, or to deiay pred-
ictions until more evidence is available.

Support for intelligence preparation of the battlefield (IPB) is currently sup-
plied in the form of templates. These provide the analyst with prototypical back-
ground information on all aspects of the Red and Blue force. Templates represent
descriptions of prototypical battlefield elements and are intended to be used as start-
ing points for data interpretation. To them the analyst must add an understanding of
the bhattlefield area in terms of terrain and the effects of weather on friendly and
enemy troops, plus any cultural aspects of the area that could impa~* on operations.
Finally, he must integrate battlefield data into this templated picture to form a
description of the battlefield situation.

The templating process constitutes a complex hypothesis generation and testing
task (Thompson et al., 1983). Situational hypotheses are formed from multiple tem-
plate overlays which are adjusted to meet environmental constraints. These com-
pound templates are then tested through integration with battlefield data. However,
there are strong indications that the templating procedure is not adequate for captur-
ing the complex, highly dynamic and variable events characteristic of a battlefield
and so may actually add to the analyst’s cognitive load without improving perfor-
mance (Thompson et al.,, 1986; Coombs et al., 1988b). In particular, it has been
found that: (i) parts of a template my conflict with real intelligence data in ways
that require the analyst to engage in a lengthy process of resolution, where the
conflict is an artifact of the template’s status as a prototype (c.f., Brachman, 1985),
(ii) the method does not in itself provide support for resolving incoherence between
several differsnt templates selected as interpretations of different subsets of frag-
mentary data, thus adding to, rather than reducing, the analyst’s uncertainty; (ii1) an
analyst may need to characterize a situation which is novel and which has thus not
been templated; (iv) templates do not adequately capture the temporal aspects of
situation development.

It is not possible to formulate, test and maintain multiple situational
hypotheses of any comp'exity without automated support. This is particularlv true
for the analyst working in the field under stress and facing a barrage of changing
battlefield data. An automated aid should help the user to: (i) construct and evalu-
ate alternative situation scenarios as competing interpretations of available data; (ii)
maintain a set of coherent scenarios in response to changing data; (iii) identify
sources of incoherence between the hypotheses and data as they arise; (iv) enable
the user to test the effects of tactical assumptions on the set of scenarios in order to
develop predictions (i.e., ‘‘what if?”’ games). Moreover, because the automated aid
is required to radically enhance analytical skills by changing the user strategies for
information integrating, the technology must be capable of being embedded into
training systems. Any support system available during training must also be capa-
ble of serving as an aid to real situation analysis in the field. The Model Generative
Reasoning (MGR) automated problem solving architecture (Coombs and Hartley,




1987, 1988; Fields et al., 1988) developed in the Computing Research Laboratory
(CRL) will provide such a technology.

2. TECHNOLOGICAL REQUIREMENTS

Proposals for providing computer support using Al, including automation of
the templating method discussed in the previous section, have proved unable to
meet the challenge of situation development. In common with other Al-based tacti-
cal decision aids (TDAs), automated situation analysis aids employ knowledge-
based system technology. This technology was developed by Al for application in
complex domains where problems are not amenable to algorithmic solution because
of the uncertainty or incompleteness of problem solving knowledge or data. The
problem solver must therefore rely on the weaker strategy of edging towards a solu-
tion by the application of successive heuristics in response to descriptions of indivi-
dual problem states. The justification for this approach is clear: a battlefield
represents a complex and highly uncertain environment. It is therefore not possible
to specify algorithmic solutions, even when problems can be clearly specified in
advance. However, the technology has proved to be brittle, i.e., subject to unantici-
pated failure, in the very environments it was designed to address (Coombs and
Alty, 1984).

MGR was designed to provide an architecture for automated problem solving
in uncertain task environments. The task environment is defined as uncertain when
it is not possible to anticipate the range or type of data that the system will have
available ahead of time. It will therefore not be possible to identify the set of prob-
lems that the system will be able to solve, and hence not possible to specify the
knowledge the system will need for solution (Fields and Dietrich, 1988). The
objective of an MGR system is to form descriptive structures - models - that provide
coherent interpretations - covers - of particular world situations. Models are gen-
erated, evaluated and refined continuously in response to new input from the
system’s environment. MGR problem solvers are therefore not goal driven in the
traditional sense. They have no fixed expectations that determine the structure of
solutions, although deviation from expectations may be a factor in the evaluation of
solutions for the purpose of answering queries.

MGR provides a powerful technology for determining relationships between
uncertain data and templates through its ability to decompose, reconstruct and refine
alternative situation descriptions, represented as MGR models, in order to achieve
coherent covers of input. MGR is capable of: (i) automatically generating multiple
alternative situation descriptions where information is ambiguous; (ii) maintaining
the internal coherence of situation descriptions with new input; (iii) enabling a
given information item to be viewed in multiple contexts; (iv) decomposing and
recombining knowledge structures (e.g. doctrinal templates) in order to cope with
novel conditions; (v) projecting situations in time. Furthermore, the MGR architec-
ture is intrinsically parallel. Systems developed using MGR are thus ideally suited
for implementation on fast parallel hardware.




3. THE MGR ARCHITECTURE

The MGR architecture is shown in Fig. 1, and is described in Fields et al.
(1988). MGR is logically a shared-data parallel virtual machine that accepts input
from two databases, a fact database F containing input data and a definition data-
base D containing stored knowledge. Models are generated by combining informa-
tion from D with iuformation from F. Four operators, specialize (Sp), fragment
(Fr), merge (Mr), and generalize (Gn), act on the pcpulation M of models in an
autonomous fashion. The functiorality of these operators is specified completely by
the architecture. The activity of the operators is governed at a control level above
them; control determines when the operators act, but not their functionality. Stra-
tegy in MGR thus consists largely of scheduling these four operators. Additional
operators select (S1) and evaluate (Ev) are employed to regulate the flow of facts
from F and definitions from D to M, and to evaluate the resulting models with
respect to user-specified criteria, respectively. The precise functionality of these
operators, unlike that of the graph manipulation operators, is specified as part of
each application program.

Figure 1. Data-flow diagram of the MGR architecture.

Informally, Sp takes a model m as input, and generates a set of larger, more
specialized models by adding definitions. The role of Sp is, therefore, to ‘‘glue’
knowledge to facts to create models that cover the facts. The number of alternative
models generated by each cycle of specialization may be changed by regulating the
selection of the subset D’ of definitions used as input to Sp. In the current imple-
mentation of Sp, D’ is chosen as a minimal subset of D that allows a complete
cover of m; Sp thus generates parsimonious models. Fr opposes Sp by breaking
models into fragments in a way that preserves the information contained in facts,
but may destroy some relational information obtained from definitions. Fr thus
removes definitonal information, but not factual information; its role is to break
apart models that do not cohere with the available facts in order to generate frag-
ments that can be recombined. Like Sp, Fr can be regulated through choice of the
input fact set F*; F” is taken to be F in the current implementation. Gn and Mr
take subsets of models as input, and generate single models as output which are,
respectively, less or more specialized than the models from which they were




generated. Gn is capable of generalizing both factual and definiticnal information;
its role is to maintain coherence by removing over-specializations. Mr merges
models whenever possible; its role is to generate models that have the greatest pos-
sible covering power. All of the ope.ators write over the model population; the set
of models available for operating on. therefore, changes after every operator appli-
cation.

4. THE TACTICAL SITUATION DEVELOPMENT ENVIRONMENT (TSDE)

4.1 THE TSDE CONCEPT

The concept of a Tactical Situation Development Environment (TSDE) for
analysts engaged in situation development arose from research undertaken into intel-
ligence information integration by (Thompson et al., 1983), in co-operation with
USAICS, and by (Thompson et al., 1986), in co-operation with the RADC. These
studies concluded that the greatest single limitation is that human analysts are only
able to consider one hypothesis at a time. The TSDE provides a basic set of data
interpretation and situation modeling capabilities to be used as an operational aid to
help analysts maintain and evaluate multiple hypotheses.

The TSDE architecture supports two contrasting analytical functions: (i) the
maintenance of baseline situation descriptions in response to new intelligence infor-
mation, and (ii) the projection of selected situation descriptions in order to evaluate
hypotheses concemning possible Red intentions. In baseline processing the objective
is to generate situation descriptions that are maximally faithful to available intelli-
gence data. In projection processing the objective is to generate descriprions that
are maximally faithful to user assumptions.

The baseline situation development module interfaces to a database of intelli-
gence reports. Data related to a specific mission task are selected from the report
database and submitted to MGR for processing as sets of MGR facts F. The data
are then interpreted using environmental information and deployment/activity tem-
plates, represented as the MGR definitions D, to form a set of alternative descrip-
tions of the current situation, represented as the set of MGR models M. The alter-
native descriptions are then evaluated as explanations for the data in F. Further
development of models is driven either by weaknesses discovered during evaluation,
the arrival of new reports, or by user queries.

The projection module enables a user to construct temporal extensions of base-
line models in order ask hypothetical questions con eming the development of
events and their military impact in terms of threat, risk and uncertainty. Projection
will usually focus on specific hypothetical (‘‘what if?’”) queries which require the
introduction of query specific assumptions into models, e.g., the examination of pos-
sible avenues of approach may require the addition of assumptions conceming
Red’s previous use of available avenues. It is unlikely that such information on
Red’s past actions would have been brought in by data during the construction of
baseline descriptions and so it will have to be added in response to the query before
predictions of possible Red actions can be generated. Other queries may require the
selection of subsets of baselire models, e.g., those coherent with some query
assumption, or the extraction of specific features, e.g., the removal of all




environmental factors in order to give solutions a doctrinal perspective.

4.2 REPRESENTATION

Intelligence reports, deployment/activity templates and situation descriptions
will be represented through the Conceptual Programming (CP) system (Hartley,
1986) as sets of conceptual graphs (Sowa, 1984). CP is being employed for
knowledge representation in the MERCURY meteorological data fusion system
(Coombs et al., 1988a) and has the capability of mixing the three levels of con-
straints between objects: structural relations, temporal constraints and constraints
qualitative/quantitative relations.

In contrast to the static prototypical templates currently used for situation
development, TSDE will form dynamic structures that integrate the material and
functional aspects of military units with environmental factors. These structures are
also capable of being animated and so initial states may be projected through time
and space to generate a sequence of snapshots representing an evolving event. Any
uncertainties in the development of events will become visible as underdetermined
inputs to procedural and functional constraints. The example presented later
demonstrates these capabilities.

4.3 TSDE PROCESSING MODULES

4.3.1 Baseline Module

The objective of the baseline module is to maintain a set of models that give
the most complete and detailed description of the current situation that is coherent
with available data. Interpretations are generated to the extent of naming Avenues
of Approach (AAs) and indicating Named Areas of Interest (NAIs). The templates
transferred to the set of working definitions D thus serve as a set of expectations
which are used to augment and amplify relations between data items.

A basic control strategy has been adopted for the baseline module that ensures
that baseline models are faithful to current data. This is achicved by gencrating spe-
cialized models which are complex and so are defeasible by new information. This
will maximize the likelihood of a model being negated by new input. Following the
basic diagnostic strategy reported in (Coombs and Hartley, 1987), this is imple-
mented by giving the operators specialize (Sp) and merge (Mr) preference over
fragment (Fr) and generalize (Gn). Sp will generate larger, nore specialized
models by adding definitions, while Mr will integrate them into maximally related
structures. Gn is applied when an incoherence is found between unsupported con-
cepts during the application of Mr. This has the effect of allowing the Mr to exe-
cute by generalizing away the blocking concepts. Since these concepts have no
direct support from data, there is no reason to maintain their level of precision.

4.3.2 Projection Module

Projection is undertaken on available baseline models in order to address
specific intelligence queries. Queries typically focus on one of six questions con-
cerning possible future enemy dispositions of actions. These include: who?, what?,




where?, when?, with what?, and with what strength? Responses require the genera-
tion of hypothesized situation projections that elaborate alternative AAs and NAls
to give Target Areas of Interest (TAls). The set of projections can then be
evaluated with reference to the degree of enemy threat, the risk to friendly forces
and levels of uncertainty. The projection module will seeks to project baseline
models around opposing, although not necessarily incoherent, query assumptions.
The projection strategy will seek to maximize the effects of these assumptions and
the query will be answered over the resulting set of projected models.

The basic model generation strategy for the projection module varies from that
of the baseline module in its emphasis on elaborating differences between models
that impact on a query, irrespective of whether they have factual support. Follow-
ing an initial run of specialize (Sp) to fold in user assumptions, merge (Mr) and
generalize (Gr) will only be applied under user direction to support ‘‘what if?”’
experiments; Gn will be used to test the effects of loosening constraints imposed by
specialized, but unsupported, sections of model while Gn wiil be used to test the
coherence of mod-! fragments. Currently Evaluation is under user control.

5. THE BATTLE OF EDGEHILL

5.1 AN HISTORICAL ACCOUNT

The battle of Edgehill was the first real encounter in the English Civil War
between King Charles Ist’s army and the opposing Parliamentarians. On 12th.
October 1642, the King was in Shrewsbury ready to march on London. The Earl of
Essex, who led the Parliament’s army, was stationed at Worcester. The King
started :0 march to London hoping that he could reach London before Essex, or at
least encounter the enemy and beat them in the field. Another factor in the decision
was that the King favored a cavalry battle, and the land around Worcester was
‘enclosed’ i.e. the land was parcelled up and divided by thick hedgerows - unsuit-
able for cavalry. October was almost too late for a serious campaign since the
nights get too cold, and the roads become impassable.

After ten days, the King rcached Banbury, threading between Parliament
garrisons at Coventry and Warwick. Meanwhile Essex started from Worcester on
the 19th. having got news of the King’s march, and reached Kineton on the 22nd.
The Royalists decided to rest at Edgecote and planned to send out a small brigade to
take Banbury. The King scattered his army around the surrounding villages for the
night, and it was in one such village that the King’s quartermasters encountered
those of the enemy. Having received this unexpected intelligence, the King sent out
a force to confirm their presence in Kineton. The King resolved to rendezvous at
Edgenill the following day. while Essex, acting on intelligence about the King’s
intent to march on Banbury, decided to try to relieve the town. The battle was then
inevitable, since Edgehill lies on the path from Kineton to Banbury.

Edgehill was a stecp escarpment devoid of trees, and the King assembled his
troops on the top. Essex did not seem inclined to attack up the hill, so the King
de.ided to go down wnd attac’ him. The King’s cavalry, led by his nephew Prince
Rupert, routed their opponents on the flanks, chasing them back to Kineton, but the
foot soldiers fought to a draw, both sides being exhausted by the end of the day.




Essex took his army off to Warwick, leaving the King a tactical victor. See Tig. 2
for a map showing the critical towns and the AA’s.
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Figure 2. The theatre of war.

5.2 OUR HYPOTHETICAL ACCOUNT

We have taken the Parliamentarian’s point of view and have modified the his-
torical account somewhat in order to display how the decision making might have
gone with better intelligence gathering. Our intent is to show capabilities in provid-
ing automated help for the four objectives outlined in Section 1. They are repro-
duced here for easy reference:

(1) to construct and evaluate alternative scenarios as competing interpretations of
available data;

(i1) maintain coherence in the scenarios in response to changing data;
(ii1) identify sources of incoherence between hypotheses and data;

(iv) enable the user to test the effects of tactical assumptions to develop predic-
tions.

We will show that our example of the battle of Edgehill demonstrates capabil-
ity in each of these areas.




5.2.1 Phase one: Baseline Models

The generation of the initial set of baseline models fulfills objective 1 above.
We also show that by changing the input data only slightly, the nature of the models
generated can change radically. This covers the second objective. We will now
show, in detail, how these different scenarios are produced bv MGR. Throughout
the example, we take the Parliamentarian’s point of vicw. Thus the ‘Red’ army are
the Royalists, led by King Charles.

5.2.1.1 Available Intelligence
Initially there are three pieces of intelligence. They are:

INT1: the date - 9/20/1642;

INT2: the location of the King’s army - at Shrewsbury;

INT3: a leading indicator - the fact that the King’s army has been seen to
be ‘‘victualling’’ (gathering food and supplies) at a low level of
activity. As we shall see, this is evidence that the King intends to
garrison Shrewsbury, possibly because of the lateness of the date in
the campaign season, and the coming of winter.

We assume that intelligence has been gathered, filtered for immediate
relevance (although MGR is capable of accepting any input) and converted to con-
ceptual graph (CG) form. They are then input to the CP knowledge engineering
environment, in the form of CP facts. These forts are shown in CG form in Fig. 3.
They are clearly unconnected, in the sense that they have no labels in common.
MGR’s job, initially, is to connect them by finding a suitable minimal combination
of definition graphs that covers all the labels in the fact set. To look at the possibil-
ities of cover, we need to look at the available definitions.

[ TOWN:Shrewsbury |

[VTCTUALLING |

[ DATE:9-20-1642 |

[ACTIVITY:Low |

ARMY :Red

Figure 3. The initial pieces of intelligence




5.2.1.2 Knowledge of Red’s Possible Tactics

All definitions are also input into CP and are then available to MGR. MGR
makes connections between facts and definitions by matching the labels in the fact
set with the contents of all definitions. Where a match is found, a partial cover of
that fact with the corresponding definition exists. Total coverage is obtained when
all labels in the fact set are covered by at least one definition. Since alternative
combinations of definitions may be found to provide complete coverage, then a
minimization is carried out, resulting in the minimum sets of definitions that cover
the facts. If a particular label in a fact has only a single definition that covers it,
then that definition is guaranteed to be necessary for complete cover. When a label
has many alternative definitions that cover it, then, in general, this will produce
many alternadve total covers. The first is what happens initially in our example.
The label VICTUALLING is only found in the definitions of the tactical options
called GARRISON and PREPARE.

5.2.1.3 The GARRISON option

The graph for the definition of GARRISON is shown in Fig. 4. It contains the
following information. An army garrisons in a town at the start of winter, and its
leading indicator is the level of victualling activity. A constraint actor, called
WINTER?, will fail a model containing it unless it is the start of winter, and the
level of victualling activity is ‘‘low’’. This is an example of the three layers of
knowledge represented in CP. The first layer simply relates terms together; the
second, the procedural overlay, relates any states and events together in a temporal
fashion; the constraint overlay conditionally relates any instantiations of the term
labels (numbers, dates, names etc.). This is a highly simplified account of what it
was for an army to garrison, but it illustrates the principles of the representation of
such knowledge. If there are multiple accounts of garrisoning that are possible, CP
can also represent these for MGR to incorporate into its models.

:&4 WINTER? >

5

.
.

ACTIVITY

Figure 4. The definition of GARRISON
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£21.4 The PREPARE option

Tl.e alternative to garrisoning for an army is to prepare to march. Its definition
is very similar to garrison, but does not mention winter. A model containing it will
only succeed if the level of activity is ‘‘high’’. (The distinction between high and
low could be made more elaborate, but here only a binary distinction is necessary).

5.2.1.5 The first models.

With the facts INT1-3, three models are produced, two with GARRISON, and
one with PREPARE. Only the GARRISON model succeeds, however, because the
constraint actor in PREPARE fails, and ir the other GARRISON model, the fact’s
date is identified with the end of winter instead of the start. The successful model
is shown in Fig. 5.

DATE
DATE:9-20-1642

¥
P (staRty
" [TOWN:Shrewsbury
il

h.J

GARRISON

VICTUALLING

ACTIVITY:Low

Figure 5. The GARRISON model.

At this point we assume that new intelligence reaches us, raising the level of
victualling activity to high. This is INT4. The date has also progressed to October
13th. (INT5). By swapping INT4 for INT3, and INTS5 for INT1, the the situation
becomes inverted. The GARRISON models fail, leaving the PREPARE model.

There is in both cases a single model that covers all the selected facts. Now
assume that intelligence is gained of Red’s new location (at Bridgenorth), and of the
King’s mission. This should give us a way of assembling models that explore the
various possibilities of Red’s objectives, and their consequences.

5.2.1.6 Red’s Mission

From Fig. 6 it is clear that the King plans to take London before November
t1th., and that Rupert, the King’s cavalry commander is a major player. Any
models that take this into account will need to talk about battle tactics rather than
the concerns of feeding the army that were incorporated into the first models. We
have assumed three possibilities here. Firstly, there is the possibility of a BLITZ
march on London, as fast as possible, presumably travelling without heavy artillery
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which would slow the march considerably. Secondly, Red could march to a
friendly large town (Bristol was the obvious choice) where it could REINFORCE its
ranks, then march on London. Lastly, Red could engage the enemy in the FIELD,
beat them, and then march on London at its leisure. These three options are
represented with temporal and constraint information in as generic a fashion as pos-
sible. Indeed they may well be Blue’s possible tactics as well, but we should
assume that they are Blue’s understanding of Red’s preferences, and do not neces-
sarily have any wider significance.

CAVC:Rupert

[OATE:11-11-1642 ]

ARMY :Red

CONTROL

AA-LONDON

TOWN:London

Figure 6. The King’s mission.

With the new information, nine models are produced, three for each of the bat-
tle tactics combined with three possible avenues of approach (through Bristol,
through Oxford, and through St. Albans). Of these nine, only two survive, the oth-
ers being rejected on constraint satisfaction grounds. For instance, all three avenues
of approach through Bristol are rejected because the march would take too long.
The two surviving possibilities are to BLITZ through Oxford, and to engage in a
FIELD battle. The latter survives because Rupert is a cavalry commander, and
would prefer a FIELD battle in open terrain. The FIELD model is shown in Fig. 7.

Because there are two models which cover the latest intelligence, MGR can
atterapt to merge them in order to combine the previously separate options. In this
case, the merge succeeds, resulting in a BLITZ/FIELD model which show how a
battle could occur during a fast march on London through Oxford.

5.2.2 Phase two: Projection of Blue’s Assumptions

In the second phase of situation analysis, the baseline models are assumed to
have been evaluated and accepted as probably representative of Red’s intentions.
The next phase - projection - tests the coherence of a Blue assumption with any of
the baseline models. In the example we have encoded two such assumptions (Fig.
8). The intent is to show how the named areas of interest in the baseline models
(the towns on the various avenues of approach) become target areas of interest in
the projection models. In particular, the second assumption leads to the projection

12
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: 3
[ TOWN:Shrewsbury | TRAFFICABILITY :S1owGo |

Figure 7. The FIELD model.

of a battle site (Edgehill itself) as a target area.

ARAY:Blue |

AA-LONDON : 84

TERRAIN:Closed

TOWN:London

Figure 8. Blue’s two assumptions

The first assumption, however, produces no such additional information. The
assumption that Blue will march from Worcester to London via Oxford does not
clash with the models of Red’s likely choices. The interpretation of this result is
that the assumption made is too weak.

5.2.2.1 The Choice of a Battle Site

Thge second assumption is purposely stronger. It states the desired intention
of Blue to defend any battlefield chosen by Red with a particular type of force, and
that the battlefield should be in Closed terrain (i.e. unsuitable for cavalry), and be
flat land. This assumption is coherent with the BLITZ model, producing little of




interest, but is incoherent with the FIELD model. This incoherence triggers MGR
into generalizing the assumption, since it is assumed to be too strong. The generali-
zation, when re-specialized with the intelligence facts that the model was built on,
produces a model with the definition of a any battle joined in which, as its con-
straint overlay, chooses a battle site by correlating the set of towns on the avenue of
approach, and the type of terrain. In this case, the terrain is forced back to ‘Open’,
and the appropriate battleground is found to be Edgehill (Fig. 9).

) CAVC :Rugert MOVEMENT FORCE:Cavalry
[TOWK: ermgenormj —
[ ArA

DATE:11-11- 16 POS:2t STAT:2t

ARHY Red
DATE: 10-
(STRT) )
coumoL
MARCH: 8243 m

BATTLEFIELD:Edgehil]

ATIR J*
BesT PTNT 2
DISTANCE (€210 ATTR Jo————| AA-LONDON:#1 | URIHETNCE |
—— S
(ATTR)
DEST SRCE ATTRS \ CATTR)
TOWN:London TERRAIN :Open
(ATTR
HOSTILITY:Royalist | \ [VIA:{Oxford}
h {
[ TOuN:Shrewsbury | TRAFFICABILITY:S10WGo |

Figure 9. The final model
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ISSUES SURROUNDING DEVELOPMENT OF
METEOROLOGICAL EXPERT SYSTEMS

For DoD Use

Timothy Sletten and Mark Stunder
GEOMET Technologies, Inc.
Germantown, Maryland 20874, U.S.A.

ABSTRACT

The purpose of this paper is to describe several meteorological
ES's developed for DoD use by examining the issues surrounding their
development. The first issue is the need for the ES's. Reasons are
presented which show how these systems can benefit DoD decision
makers. These reasons include consolidation of knowledge and
technology transfer. A second issue is knowledge acquisition.
Proper knowledge is the key to the development of any ES and is
especially important in the creation of meteorological systems. We
discuss how knowledge should be acquired in relation to available
experts. We also argue that knowledge acquisition goes beyond just
a discussion with an expert, but instead includes detailed
examination of literature and data. Pitfalls within the knowledge
acquisition process will be discussed. The final issue is user
acceptance. User acceptance is examined from two pcrspectives:
quantitative (statistical) data designed to show how the ES measures
up to an observed data set and more importantly, qualitative, where
the FS is rated by the user. Specific examples of user acceptance
are discussed. This includes showing actual evaluation sheets
designed to aid in the qualitative evaluation process.

1.0 INTRODUCTION

The expert system area continues to show increasing popularity
and promise for use in environmental decision making and in
meteorology. A Knowledge Based Expert System (KBES) (see Fig. 1) is
basically a structured collection of knowledge that can interact
with users. This interaction is accomplished by a series of
questions and answers or by a series of data inputs directly into
the system. These questions or data inputs are in a controlled
sequence that is designed to access the knowledge data base. The
end product results in the user receiving recommendations with a
probability of success. Expert systems also include the capability
to describe their line of reasoning and to play "what if" games with
various data input.

We will begin with a brief overview of some primary advantages

and justification for the expert system. Next we will look at
various steps and some important associated issues in developing
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Fiqure 1. Generalized structure of an expert system.

these systems. In doing this we will relate some of these ‘issues to
the systems we developed for DoD.

2.0 ADVANTAGES AND JUSTIFICATION FOR THE EXPERT SYSTEM

Much of the justification and reasoning for an Expert Advisory
System can be simply traced to its differences from more traditional
numerical-model-related, output oriented programs. These
differences can be broken into three key areas:

Representation of information (data/knowledge)
Processing
e Explanation.

Numerical models manipulate data only; they are totally
dependent upon the right initialization of this data. A KBES deals
with heuristics and knowledge (along with the data needed to use the
knowledge). In an expert system we are able to represent the total
meteorological picture using rules of thumb or structures that are
not directly 2ncumbered by number crunching.
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Expert systems have explanatory facilities that can explain
both their lines of reasoning and individual rules. An expert
system knowledge data base also has the capability to be readily
changed, should new information become available.

In addition, these systems act as valuable training tools.
Using simple English explanatory terms, these systems can teach and
jllustrate for the user the local factors to be considered when
evaluating a problem or making a forecast. This is important in
decreasing the orientation time for the new man on the job or the
new user in the field.

There is also great value to capturing and preserving
knowledge. As technology/techniques, people and priorities change
so might our knowledge. It is important in any field or application
not to loose track of basics we learned and what was important at
the start. Although they are rarely used today early 60's, 50's
and even WWII forecast techniques in meteorology are still in many
cases applicable to modern weather analysis. With expert systems we
can now capture and take advantage of all Domain Knowledge, putting
it in a structured form which could be useful in providing advice.

3.0 STEPS AND ISSUES IN CREATING AN EXPERT SYSTEM
The evolution of an expert system proceeds through a series of
steps or phases designed to improve incrementally the use of the
system knowledge.

Step 1 - Knowledge Acquisition and Knowledge Identification

The first step in developing an Artificial Intelligent Expert
System (AI/KBES) is the characterization of the domain (in our
examples meteorology) knowledge. "Knowledge" itself is the key
ingredient to any expert system development. Thus, knowledge
acquisition is a crucial aspect of developing an expert system. It
is important, not only because knowledge is necessary to make the
expert system run, but also because of the importance of expert
system developer-user interaction. The term "knowledge engineer"
has been associated with the person who collects the knowledge and
formulates the presentation schemes.

The knowledge can be embedded in the literature or acquired
from experts. Various techniques can be used to acquire knowledge
from experts including interviewing or observing the expert at work.

The literature review is an important first step in this process
as it sets the stage for later interviews. The review is straight
forward with domain and other resources examined.

The knowledge engineer usually has intensive interactions with
the domain experts. This poses some interesting situations in many
Al applications where Al-oriented knowledge engineers try to becone
pseudo-experts in a particular field. Sometimes it is successful,
many other times it is not.
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In the meteorology field, for example, there is no reason why
meteorologists cannot become knowledge engineers themselves,
provided they have the proper training. A readily apparent analogy
can be drawn between computer scientists and meteorologists. Most
meteorologists can program in FORTRAN or other common computer
languages. They also know how to logically design a structured
program. Consequently, they can do much of the work themselves.
Should a more theoretical programming problem be encountered, a
computer scientist could be called in to help the meteorologist
resolve the difficulty. Similarly, in Al-meteorology,
meteorologists can be trained as knowledge engineers and conduct
interviews and structure expert systems themselves. Should a major
difficulty be encountered, the meteorologist could call on a (pure)
knowledge engineer or theorist.

Also important is credibility of both the system concept and the
knowledge engineer in the eyes of the expert. One method to
maintain a good working relationship is to keep the engineer within
the field of the expert. By doing this, the knowledge engineer
becomes more believable.

We have found these considerations important in our efforts in
developing several systems for the Air Force and Army.

STEP 2 Knowledge Representation

This step involves selection of an architecture appropriate for
system design. Two general approaches include frames and rules. A
frame contains knowledge about a topic in the form of slots; rules
contain individual if-then or similar structures. This phase also
involves selection of either an Al language such as LISP or PROLOG
or a shell, which is a software package that aids in expert system
development through input of rules and knowledge much Tike Lotus
1-2-3 aids in graph creation through data input by the user.

Using these approaches, knowledge can be represented using a
variety of techniques. The two major architectural mechanisms for
representing knowledge are:

Forward Chaining
. Backward Chaining.

Under forward chaining, the entire process is data driven and
the various rulepaths within the expert system examine the available
data and try to test any data-specific hypothesis to acquire more
facts or knowledge about a situation. This architecture could be
most useful in the emergency threat environmental area (i.e.,
dispersion of toxic gas) or other areas where final goals are not
clear.

Under backward chaining, the rulepaths are oriented toward a
common main goal. This goal is achievable if the rules satisfy
various subgoals.
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The problem today is that many applications have been restricted
to one approach. For example, because of our past familiarity with
and simplicity of the representation schemes associated with rules,
many developers are by-passing newer or more efficient approaches to
data representation. One of these approaches is the use of frames.
In meteorology, and in particular forecasting, it is necessary to
satisfy several subgoals before reaching a conclusion (forecast).
Frames provide an excellent method of focusing resources on only
subgoals of importance for a particular case, avoiding unnecessary
and time-consuming execution of all the rules.

STEP 3 Evaluation and User Acceptance

Technically speaking, the development of an expert system is
always being evaluated because the development under each phase is
considering questions such as:

. Is the knowledge representation adequate or should it be
modified?

. Can users easily interact with the system?

. Are rules consistent with the expert's opinion?

Evaluation of expert systems can be classified into two broad
categories: quantitative and qualitative. Quantitative evaluation
includes derivation of statistical results from either real-time or
past events. This involves compilation of observed versus expert
system predicted resuits. Quaiitative analyses is much more dif-
ficult, but centers around the fundamental question: "Did the
expert system help the user?" If the expert system is able to meet
the needs of the user and provide him with advice on recommen-
dations, then the system has fulfilled its job.

Both types of evaluation (qualitative and quantitative) are
important, but unfortunately many individuals only emphasize the
statistical, quantitative-type evaluation.

Shown in Fig. 2 is a standardized form developed for qualitative
evaluation as part of our effort to develop 3 expert systems to
predict low visibility at various Air Force bases along the east
coast (see Fig. 3).

These systems continue to undergo evaluation. Looking back to
some of the earlier qualitative results, the forecasters were very
receptive to the ¢-mputerized expert system forecasting approach to
providing them with advice. The user liked the system in 118 out of
143 reported cases. Probably more significant and interesting,
however, is that in several cases the forecasters actually decided
to amend their forecasts on the basis of assistance they received
from the system. In several other cases, forecasters indicated they
were alerted to weather factors that they might not otherwise have
considered. The point is that qualitative, statistical-type
evaluation would never reflect these significant results.
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Date

Time (Locatl)

Did you like the way the system interacted with you? (Circle
one)

Yes No
Why?

Did you understand all the questions that it asked you?

Yes No
What questions did you not understand? (if any)

Would you prefer a different method of entering the informilicn
that the system requested?

Yes No
Why?

Did you use the system . . . (Check one)

as needed
just prior to TAF time (1 hour)
other times {specify)

Are the explanation features adequate?

Yes No
1f no, why not?

Do you think this sytem will be helpful in your everyday
routine? (Circle one)

Yes No
Why?

Figure 2. User evaluation form
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Figure 3. Location of three study air bases.

The survey forms aiso played an integral role in indicating to
the knowledge engineer concerns and problems found with this system.
Based on several responses, modifications were made.

When we look at the statistical evaluation, two types of
comparisons have been made. The first comparison is based on
forecast advice from the system during interactive sessions with the
user (forecaster) at the three air bases. The second type of
comparison includes running the system on historical data and
comparing the forecast with observations. Both of these types of
comparisons can be appiiga o ocher epvironmental or military type
systems. To summarize results briefly, skill scores indicate the
system does exhibit skill in the low visibility forecast. The
system showed 39 percert improvement over Seymour Johnson
forecasters and 63 parcent improvement over Raleigh forecasters.

In a second effort, for the Army's Atmospheric Sciences
Laboratory, a low-level wind prediction system (PEGASUS) was
developed for low-level operations and in particular, Paradrop
operations. Unfortunately, we were not able to begin system
evaluation until recently. Evaluation and testing began this past

S
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summer at Fort Huachuca, Arizona. Again, a great deal of effort is
being placed on a qualitative type of evaluation. Strong emphasis
is being placed on determining whether or not the system heightened
forecaster awareness and in doing so brought into consideration
forecast elements not originally examined. We hope to have results
for both this qualitative evaluation and a statistical evaluation in
the next several months.

4.0 CONCLUSIONS

In summary, there is compelling evidence that expert systems are
well suited to and of significant benefit in both environmental
application and in military field-type operations. The question now
is how do we maintain our course and stay on the right track? We
just discussed the major steps and some of the issues surrounding
the development of expert systems. From this several things are
becoming clear. We need to train and use domain (field-type)
knowledge engineers. We must stay open minded and flexible as to
the type of development packages to use. For example, we cannot
become trapped in always using if-then-else type rules. Next we
must take a hard look at our evaluation methods and results. We
cannot just measure a system's worth on its bottom line conclusion.
1t is of great importance to understand how the system may have
impacted upon the user's everyday routine and thought process.
Finally, as the Al field and its anplications grow, we must begin to
think about management techniques to deal with these and other
issues.
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A HEURISTIC LOW LEVEL
TURBULENCE FORECAST DECISION
AID

Martin E. Lee
US Army Atmospheric Sciences Laboratory
White Sands Missile Range, NM 88002-5501, USA

Abstract

The US Army Atmospheric Sciences Laboratory (ASL) was tasked
to find a practical method for predicting mountain lee wave, mechan-
ical, and thermal turbulence that could adversely affect rotary wing
aircraft operations at the National Training Center (NTC), Fort Ir-
win, California. A literature search was carried out and a review
of existing turbulence forecasting techniques was made. Applicable
turbulence forecasting heuristics were accumulated into a knowledge
base which was organized into a decision tree. The decision tree was
designed to draw a forecaster’s attention to key factors involoved
in the production of mountain lee wave, mechanical, and thermal
turbulence at the NTC. The decsion tree then served as a design
base for the development of a Low Level Turbulence Forecast Aid
(LLTFA) software module. The LLTFA software module automated
the decision tree analyses to a reasonable degree by testing various in-
put wind speeds and directions, pressure and tempeiature gradients,
and expected temperatures and dewpoints at selected levels in the
atmosphere. The LLTFA software was implemented in Turbo Pascal
and can operate on most IBM-PC compatible systems. The LLTFA
software performed well in preliminary testing by sclectively iden-
tifying turbulence mechanisms and iatcnsities within short- range
time scales (less than or equal to 24 hours). Therefore, this heuristic
LLTFA approach appears to be well suited for further development
into an expert system.
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1 INTRODUCTION

A literature search centered on turbulence forecasting techniques applica-
ble to the NTC problem was conducted. Selected empirical techniques were
extracted from various sources (sources are referenced). These techniques accu-
mulated into a set of heuristic rules (Hayes-Roth, Waterman. and Lenat. 1983)
that were then assembled in a more or less logical manner into a knowledge rep-
resentation scheme (Tanimoto, 1987), which took the form of a Decision Tree
(Colquhoun, 1987). This preliminary effort was. therefore. focused on the acqui-
sition and design of an expert system knowledge base for turbulence forecasting

at the NTC.

The decision tree served as a knowledge engineering design base that elimi-
nated redundancies of less structured approaches 1ud also reduced the subjec-
tivity in making turbulence forecasts. The uecsion process logic of this tree is
illustrated in Fig. 1. This process logi. then served as a plan for the development

of software that would allow a user to make use of the accumulated heuristics.

2 DISCUSSION

The decsion process logic, illustrated in Fig. 1, served as a design base for the
development of a Low Level Turbulence Forecast Aid (LLTFA) software module.
The LLTFA software module automated the sequencing and accessing of the
accumulated heuristics to a reasonable degree. The heuristics functioned within
the LLTEFA software module by testing vartous input wind speeds and directions,
pressure and temperature gradients, and expected temperatures and dewpoints
at selected levels in the atmosphere. The LLTFA software was implemented in
Turbo Pascal and can operate on most IBM-PC compatible systems.

The LLTEFA algorithm breaks the turbulence problem down into the following
categories: mountain lee wave turbulence, mechanical turbulence, and thermal
turbulence. Fach category is selected in series to carry oui a cumulative analysis
of the potential for each mechanism to preduce turbulence (see Fig. 1). Fore-
casting accuracy of the algorithm was tested by exercising it with data taken
for 20 separate dates from 1981-1987 during which aircraft reported encounters
of turbulence in the vicinity of the NTC.
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Figure 1: Decision process logic for the Fort Irwin Low Level Turbulence Fore-
casting Aid in summarized form.
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Figure 2: The modified Harrison nomogram above, developed by Lester, 1973
makes use of the relationship between the adjusted large scale cross-
mountain sea level pressure gradient and strength of flow aloft. These
two parameters are entered into the nomogram to produce an estimate
of wave strength. The shaded area indicates that the probability of
significant wave occurrence is less than 50 percent.

2.1 LEE WAVE TURBULENCE

Mountain lee waves are smooth waves formed by oscillating air parcels being
displaced horizontally over mountain ridges. Complete overturning under some
of the waves can create very turbulent, unstable rolls and rotor clouds (Lee, Stull.
and Irvine, 1981). Synoptic scale conditions favorable for producing lee waves
primarily include a stably stratified troposphere above ridgetop-level. and a wind
component greater than 10 mps at the mountain crest, normal to the ridgeline.
Wind speed generally increases at a gradual rate well up into the troposphere.,
but wind direction remains relatively constant with height (less than or equal
to 40 degrees change from ridgetop-level to the tropopause in Weather Bureau
Technical Memorandum WBTM-FCST-6, 1966). These general conditions are
all tested for in the LLTFA (Lee, 1987).

Severe mountain lee wave activity over the NT(" has been documented (Banta.
1985). This lee wave activity was attributed to westerly flow over the Sierra
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Table 1: 850mb cross-mountain temperature gradient criteria for low level lee
wave turbulence intensity prediction. Modified from Lee, Stull, and
[rvine (1984) using actual data. Table 1 applies only to the NTC,
using I't. Irwin and Santa Barbara 850mb temperatures. Units are in

degrees C per 300 km.

LIGHT MODERATE SEVERE

850mb cross-mountain
Temperature Gradient <3 3-~5 > 95
(° C/300 km)

Nevada and Tehachapi mountains to the west of the NTC. Intensity of these
lee wave systems has been related to the large scale sea level pressure gradient
across mountain ridges and the strength of the flow aloft (Fingerhut and Lester,
1973). A modified Harrison nomogram, developed by Lester, 1973 makes use of
this relationship (see Fig. 2). The curves in this nomogram test were reduced
to expressions using a least squares approximation and included in the LLTFA
software module for application at the NTC (Lee, 1987). This heuristic method
to determine lee wave intensity is actually solved for more objectively by the
LLTFA because human errors from manual application of the nomogram are
eliminated

An 850mb cross-mountain temperature gradient test from Lee, Stull, and
Irvine (1984) is also included in the LLTFA to supplement the nomogram for lee
wave turbulence intensity analysis (sce Table 1). Table 1 contains temperature
gradient test values that were modified specifically for use at the NTC using ac-
tual observations of temperature gradient characteristics during turbulent events
at the NTC (Lee, 1987). This type of parameter testing, by comparing of ob-
served values to critical threshold values, is characteristic of the rules of thumb

used throughcut the LLTFA.

2.2 MECHANICAL TURBULENCE

Friction reduces wind velocities at the surface. This can lead to very strong
wind shears just above the surface which produces turbulence, and roughness
clements such as mountains, buildings, or trees produce wake eddies making it
difficult to characterize the low level wind field (Lee, Stull, and Trvine, 1984). It
is necessary to consider a low level mechanical turbulence analysis even though
mountain lee wave turbulence may be the driving turbulence mechanism aloft
(Lee, 1987). This is especially applicable to very low level flight operations (0-
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Table 2: Thermal convective intensity criteria based on the maximum surface
temperature forecast. Surface temperatures in degrees F. From Novlan

(1982).

LIGHT LIGHT-MODERATE MODERATE

Maximum surface
temperature forecast 70 — 79 80 — 89 > 90
(° F)

300 feet AGL). The LLTFA provides this analysis by examining the availability
of kinetic energy, along with horizontal and vertical wind shear tests. These
tests are similar to the type of heuristic or empirical rule of thumb employed in

Table 1.

2.3 THERMAL TURBULENCE

Turbulent convection is initiated in statically unstable air and is felt near the
surface as bumpy thermals of hot, rising air experienced on sunny days. Criteria
for predicting this type of turbulence in the LLTFA includes a heuristic test on
the forecast maximum surface temperature that is given in Table 2.

Turbulence can also be anticipated in the vicinity of convective clouds ac-
cording to Novlan (1982). This is also considered in the LLTFA knowledge base
via the K-index test (Lee, 1987).

2.4 LLTFA TESTING

Forecasting accuracy of the LLTFA algorithm was tested by exercising it
with data taken for 20 separate dates from 1981- 1987, during which aircraft
reported encounters of turbulence in the vicinity of the NTC. The results of this
testing were all positive, and indicated that lee wave turbulence was a contribut-
ing mechanism for 75 percent of all cases considered; 58 percent for mechanical
turbulence; and 70 percent for thermal turbulence. Only 54 percent of the ther-
mal turbulence events were the result of surface heating and free convection;
the remaining events in this turbulence class represented moist, convective ac-
tivity, generally produced ahead of deep, approaching troughs. 86 percent of all
detectable mechanical turbulence events were associated with lec wave events.
which is in agreement with present turbulence model predictions (Lee, 1987).
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3 CONCLUSION

Complicated meteorological conditions arise at Fort Irwin, where low level
turbulence 1s known to seriously affect helicopter flight operations. This situa-
tion makes 1t necessary for the forecaster to understand the nature of existing
conditions in the vicinity of the NTC before attempting to make a forecast.
Even a short-range forecast in this situation requires a forecaster to assimilate
large quantities of weather data and to conceptualize a model of the environ-
ment befure extrapnlating this forward in time. This is essentially the approach
taken in "nowcasting”, according te McGinlcy (1986). Through actual field de-
ployment at the NTC, it has been shown that the LLTIFA knowledge base can
provide valuable expertise to assist forecasters in this conceptualization process.
Further testing of the LLTFA, carried out using even less data than is charac-
teristically available at the NTC, indicates that the LLTFA guidance was able
to selectively identify the significant contributing turbulence mechanisms and
intensities within short-range time scales (less than or equal to 24 hours). The
LLTFA has thereby proven itself to be a useful tool and practical first step in
filling a need at the NTC for low level turbulence prediction guidance. In that
sense, the LLTFA presented here is a successful application of primitive Artifi-
cial Intelligence (Al) principles within the expert system arena. The heuristic
LLTFA approach is, therefore, a promising candidate for further Al develop-
ment into a more sophisticated expert system, with emphasis given to evolving
a reasonable inference engine.
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AN EXPERT SYSTEM APPROACH TO ADVISORY
WEATHER FORECASTING

Young P. Yee
David J. Novlan
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White Sands Missile Range, NM 88002

ABSTRACT

The objective of this Artificial Intelligence related project is to
develop advisory weather forecasting techniques using expert systems
programming methods. The prototype expert system will be used to
predict adverse weather phenomena at White Sands Missile Range, NM.
The range supports a variety of field tests which are highly
dependent on present and forecasted weather conditions. Critical
missions rely heavily on accurate and timely forecasts and, at times,
decisions have to be made expeditiousiy with the available
meteorological information at hand. The forecaster must assimilate
large quantities of current met data and make a judicious weather
prediciton. An expert system can be an excellent aid in presenting
relevant data to the forecaster and in checking for fundamental
contradictions or errors in judgment.

The initial development will deal with a forecasting aid for
thunderstorm prediction. The approach will be to study actual cases
of thunderstorm events and document pertinent data and heuristics,
rules of thumb, that will be incorporated into a rule based expert
system shell. One of the most important goals in this effort is to
construct a prototype expert system in which the knowledge base, 1i.e.
the heuristics for WSMR, can be accessible and easily modifiable so
that the heuristics for different sites can be used in the knowledge
base. The advantages of the Al approach over conventional
programming techniques are as follows: the reasoning engine or
procedures can be separated from the knowledge base, the rules are
English-like, and the coding is easier to modify for rapid
prototyping.

1. INTRODUCTION

The development of new expert systems (E.S.) is changing rapidly
because of the availability of a number of commercial expert system
building tools. A few years ago, expert shells were primarily used on
powerful Lisp computers and were in the price range over $50K. Now
the emphasizes has shifted to port versions of expert systems onto
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less expensive workstations and in particular personal computers
(PC). There has been a major thrust by a number of companies to make
PC-based expert systems shells. A summary of the major companies and
their product line are presented by LoPiccolo (1988) and Gevarter
(1987). Figure 1 shows a few commercially available expert system
tools or shells. Tools and shells make it possible to develop an
expert system in an order of magnitude less time than would be
required with the use of LISP or PROLOG. The developer is able to
create a working prototype version quickly and to test out a variety
of precedures and approaches. With this in mind, it seemed
appropriate to develop an advisory weather forecast expert system
using a commercially available expert system tool.

COMMERCIAL EXPERT SYSTEM
TOOLS/SHELLS

KEE
NEXFPERT OBJECT NOWLEDGE CRAFT

ART . M.1

EXPERT EDGE

ProaONAL COONSULTANT : \
3 S

RULEMASTER f———3> INSIGHT

Figure 1. Examples of commercially available expert
system tools and shells.
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Historically, one of the first successful expert systems to be
developed was called MYCIN (Shortliffe, 1976) which was capable of
diagnosing blood diseases. MYCIN was shown to out perform even the
experts in the field but it was limited in its implementation.
Nevertheless, much Al research is directed at solving medical type
problems because of MYCIN's early pioneering results. MYCIN 1is
primarily a backward chaining reasoning system based on IF-THEN
rules. The PC-based expert system buildirg tool that is being used
for the weather forecasting project is somewhat patterned after
MYCIN's skeleton structure. The important features of a rule-based
E.S. tool for our meteorological applications will be discussed.

2. APPLICATION BACKGROUND

The White Sands Missile Range (WSMR) in New Mexico supports a variety
of field tests which are dependent on accurate forecasted weather
conditions. Critical missions rely on timely forecasts since
decisions have to be made expeditiously with the available
meteorological data at hand. The forecaster may be inundated with
large quantities of current met data even some that are questionable,
and he must assimilate this information and make a judicious weather
prediction. Weather forecasting is characterized by complex
theories, copious model products, statistical predictors, and huge
outputs of meteorological data. To complicate the matter, the
forecaster has to deal with both the spatial and temporal variations
in the incoming data. Theoretically, the models should provide
accurate, fine-grain predictions but in reality, the models are not
yet perfectly developed and can only provide synoptic scale guidance.
Often, the art of forecasting resides in the expert’s knowledge of
how the statistical predictors or models are affected by
idiosyncratic features of his geographical region. An expert system
to incorporate the mesoscale heuristics of a particular locale can be
an excellent aid in presenting important information to a forecaster.
The forecaster may have overlooked somewhat obvious or essential
information simply because of data saturation.

A prototype expert system is currently being developed to forecast
thunderstorm activity at WSMR. The goal is to identify the key
parameters that are important to thunderstorm develcpment and to
codify these parameters into rules. But before initiating the
project, we had to evaluate whether this task was appropriate for an

expert system approach. The following guidelines were met before we
started.

* No direct physical contact is needed to solve the problem
i.e. the problem can be described in words.

No conventional programs were available that specifically
addressed this problem.
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* The solution involves judgmental reasoning and does
not rely solely on extensive calculations or formal
analysis.

* A qualified human expert exists and is available.

* There is a potential cost benefit in training expense
and especially in mission cost~ i.e. avoid mission
failures due to inaccurate weather forecasts.

In order for an expert system to be successful, the above issues
must be considered.

3. IMPORTANT FEATURES OF A RULE-BASED EXPERT SYSTEM TOOL
FOR WEATHER FORECAST DEVELOPMENT

There are a multitude of expert system building tools or shells in
the market, covering a wide range of features and user friendly
interfaces. The field is indeed very confusing because the experts
developing an expert system are not familiar with what features are
important for his particular application. Caution must be taken in
choosing an expert system tool but a certain amount of knowledge
acquisition and knowledge representation training is also important
(Harmon & King). In our initial development, we have found that
certain features in the M.1 expert system tool being used were
important for our application. These features are summarized in
the following checklist:

Easy Rule Construction

Simple Inference or Reasoning Engine

Automatic Response Menus

Legal Value Checking

Panel Mode which allows Multi-Window Debugging Environment
Access to a Fact Table or an Array via a general rule
Unknown, Multiple, Uncertain, and Qualitative Answers

* o % A % % %

The rule construction must not be complicated and the inference
engine should be simple and easy to follow. The automatic response
menus greatly reduce the development time since we do not have to
deal with dimension statements, do-loops, and proper array matching
as in conventional scientific languages. The legal value checking

is a convenient method of checking whether the entered data is within
reasonable 1imits. If a wrong value is entered, the orogram will

not error out but instead display the legal values that are required
and ask the user to interactively reenter the value. The Panel Mode
interactively displays the cngoing reasoning of the expert system
including the events and conclusions that have been established.

The Fact Table or Array is the bulk of the knowledge base in our
application i.e. the thunderstorm forecasts itself. Finally, the
expart system is capable of explaining the questions, accounting for
unknown or multiple answers, and handling uncertainly in the answers.
One must evaluate important features for each application.




4. KNOWLEDGE REPRESENTATION FOR THUNDERSTORM FORECASTING

The weather forecast section of the Atmospheric Sciences Labora*ory
provides WSMR with four basic services: continuous general and
special-user weather forecasts, continuous weather observations
(surface and aloft) for special users and for climatological
purposes; impact prediction for unguided missile launches; and
professional meteorological consultation to range users such as High
Energy Laser, Space Shuttle, Cruise Missile, Multiple Launch Rocket
System (Novlan, 1982). Most of the forecasts and services are
specially tailored to the specific user. Certainly the task of
forecasting for multiple users and multipie applications is a
monumental undertaking. The authors have decided to address
thunderstorm forecasting as a stepping stone to a comprehensive
expert system for WSMR forecasting advisea. The idea is to modularize
the essential elements that are important for thunderstorm activity
but at the same token these key elements may be common to other
activitites such as wind forecasting, temperature forecasting,

SR

(k-

THURDERS T OHLL AT

EXPERT
SYSTEM MODULES

—

————
INSTABILITY MOISTURE TRIGGERS
|
Totals Precipitable Synoptic
Total Index “Water " Surface
‘Cross Ciloud Synoptic
IT'otalslndex " Type LUpperAir
| Vertical | Dew-Point Mesoscale
Totals Index Temperatures " Surface
K-Index Relative Mesoscale
Probability ' Humidity “Upper Air
Showalter - Mixing
Index " Ratio
Novian
Index
Figure 2. Key elements necessary for thunderstorm

activity to occur.
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turbulence forecasting, visibility, etc. A decision tree method of
forecasting thunderstorms by Colquhoun (1987) describes
meteorological parameters considered important for thunderstorms

to develep. Elio (1985) outlines representations of storms.

The main ingredients for thunderstorm activity are moisture,
instability, and trigger mechanisms as outlined in figure 2.

Within this framework there are many heuristics, rules-of thumb,

that the forecaster may evoke to help him sort through the myriad

of meteorological data that is constantly being received by satellite,
radiosondes, numerical weather analyses, NMC national facsimile
network, radar, and various teletype networks. We have tried to
breakup the analysis into three major areas of concern for
convenience and manageability for our expert system but in practice
there is constant interaction between these three areas. A prctotype
E.S. module for evaluation of the instability indices has been
developed and the next step will concentrate on the moisture
analysis. The most difficult module appears to be the trigger
mechanisms since there are temporal and spatial conditions of all

SUB-ELEMENTS OF TRIGGER

TRIGGER
MECHANISMS

SYNOPTIC
SURFACE

SYNOPTIC
UPPER AIR

MESOSCALE MESOSCALE
SURFACE UPPER AIR

Cold Trough Convective Inversions
Front Aloft  Temperature i

7 Warm ) PVA Orographic Lapse
Front Effects " Rate

i Dryline i Jet Micro Cloud

Stream “Jet ~Analysis

| Moist Cut Turbulence

Intrusion “Off Low -

Figure 3. Subelements of trigger mechanisms broken
down into four categories for convenience.
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scales of motion to consider i.e. synoptic scale and mesoscale,
surface and upper air features. Figure 3 gives just a small sample
of the exhaustive number of parameters and met features that a
forecast will use in his analysis.

5. PLANNED IMPLEMENTATION

The prototyping is currently being done with the use of M 1 axpert
system tool by Teknowledge, Inc., which is implemented on a PC-AT
compatible computer with a minimum of 512K RAM. The source code

is written in C language for faster implementation. Since the
forecasting problem is too large to handle, we are taking advantage
of modularization in building the knowledge base. As mentioned, the
process of modularization involves decomposing the large problem
into manageable subproblem modules and providing appropriate inter-
actions and linkages between the modules to come up with a cohesive
weather forecast. [t is hoped that within each defined module we
can check the consistency of the input data, eliminate redundant
data information, filter out the most reliable data entries, and
most important identify the critical parameters and combination

of parameters for forecasting an event.

An attempt to program the equivalent effort using BASIC proved
difficult to code and especially hard to revise and change the
program if the approach was incorrect. Qualitative information was
not easily translated into BASIC instructions. Also, the debugaing
of syntax coding in BASIC took considerably more time and effort than
in the E.S. program. The E.S. program is composed of English-like
statements that were easy to trace the logical flow of the program
although care must be taken to correctly spell the variables and
goals

Future plans will have the expert system interface directly with the
incoming data as well as receive some numberical results from models.
But for now, all the input data is entered manually.

6. SAMPLE TRACE OF THE PROTOTYPE INSTABILITY MODULE

Instability is one of the first critical parameter that a forecaster
evaluates for the posc<ibility of thunderstorms. There are a variety
of indices that determine instability and the forecaster must screen
out the best indicators. For the prototype Instability Module for
thunderstorm indices, the user is prompted to enter essential met
data to calculate stability indices. If certain data is unknown,

a typical default value for that Tocale is assigned. The module
will calculate the vertical tctals, cross totals, total totals
(Miller,1972) and the K-Value and then assign a qualitative factor
to each (low,medium,high or weak,average,strong). From these
qualitative factors a search in the knowledge base selects the
appropriate thunderstorm analysis output.
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* THUNDERSTORM INDICES ANALYSIS

* AT WSMR *
* *
* Young P. Yee *
* David J. Novlan *
[ E X XXX XXX Z2EZEEEZZEEEXEEEEEEZES 2 X X

Do you want to begin tbhe Thunderstorm Indices Analysis
(yes, no)?
>YES

What is the month (an integer between 1 and 12)?
>11

What is the day (an integer between 1 and 31)?
>10

Enter the temperature (C) at 850 mb:
>20

Enter the dew point temperature (C) at 850 mb:
>10

Enter the temperature (C) at 500 mb:
>=15

Enter the dew point depression (C) at 700 mb:
>10

Indices forecast is Severe Thunderstorms expected
with peak gusts over 50 knots (TT)

Indices forecast is Scattered Thunderstorms, i.e.
25-45% area coverage, are expected (CT)

Indices forecast is Scattered Thunderstorms are
expected with peak wind gusts about 30-35 knots (VT)

Indices forecast is High Chance that Thunderstorms
will occur today (K Value)

MONTH: 11 DAY: 10

Temperature (850mb)=20 Dew Point Temp (850mb)=10
Temperature (500mb)=-15 Dew Point Depression (700mb)=10
TOTALS TOTAL: 60 TOTALS TOYWAL CONDITION: very high
CROSS TOTALS: 25 CROSS TOTALS CONDiLTION: nigh
VERTICAL TOTALS: 35 VERTICAL TOTALS CONDITION: high

K VALUE: 35 K VALUE CONDITION: high

Final Indices Forecast is Severe Thunderstorms expected
with peak gusts over 30 knots.
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The preceding printout is an actual consultation with the expert
system proyram for evaluating the instability of the atmosphere.
Entries prefixed with '>' are the user's input. The output includes
the analysis of the vertical totals (VT), the cross totals (CT), the
total totals (TT), and the K-Value (K Value) and finally an analysis
from all these indices is presented.

Although this sample expert system appears simple, there are
subtleties in the program that may be transparent to the user. For
example, embedded in the code are rules that change the threshold

values of the stability indices for ditrerent months out of the year.

Also, we know that stability threshold values for potential
convective activity vary widely depending on the location (Western
Region Technical Attachment, No.84-14). This factor could be easily
included in the expert system. Reasoning such as the following are
ideally suited for a backward-chaining, IF-THEN rule based expert
system:

I[f in the West where most thunderstorms are orographic or
air mass in nature, then the vertical totals correlate best
with thunderstorm activity.

If West of the Rockies where moisture at 700mb or 500mb is
sufficient for thunderstorms, then the cross totals correlate
best with thunderstorm activity.

The expert system is not efficient for complex calculations but
these calculations can be done by conventional programs and then
the results imported into the expert system to evaluate.

7. CONCLUSIONS

In the course ¢f developing an expert system for advisory weather
forecasting of thunderstorms, many virtues of using an expert system
tool have been discovered as well as certain drawbacks. Although it
is easier to incorporate qualitative reasoning into rules, this does
not mean that an E.S. tool will solve the problem automatically.

Acquiring an expert system tocl i7 just the beginning. A good expert

system depends heavily on the expert and knowledge engineer to
organize and formulate the rules and exceptions. Especially
important is analysis of case studies of actual thunderstorm events
c0 provide the skeleton structure for organizing the knowledge base.
[t is important to break the problem down into more manageable
modules if possible. The thunderstorm project was broken down into
three key elements: Instability, Moisture, and Trigger Mechanisms.
Results from the prototype stability indices module are very
encouraging. We will continue to augment the stability module and
then initiate development on the moisture module.

The most important advantage of using an expert system tool for the

thunderstorm project is the ability to rapidly prototype a skeleton
framework. From this framework we can revise and change the rules
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without worrying about the tedious task of debugging the code for
syntactical errors. If the framework is constructed properly,
augmenting the knowledge base by orders of magnitude should not be
difficult. Once the rules and expertise has been fine tuned and
established to include only the essential ingredients then adapting
the expert system to different locations would only be a matter of
changing knowledge bases. In fact, if the procedure for thunderstorm
forecasting becomes somewhat well-defined, then the code could be
transferred to the more conventional Tanguages. Therefore the
deliverable product may not be hardware or software dependent.

Lastly, the authors would like to emphasize the importance of
constant interaction between the expert and the expert system
because expertise in the field of weather forecasting is a
constantly evolving science that needs periodic updating and
maintenance.
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INTELLIGENCE PREPARATION OF BATTLEFIELD
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ABSTRACT

This paper introduces a fundamentally new idea for automating the
Intelligence Preparation of the Battlefield (IPB). The critical concepts are (1)
the Symbolic, Synthetic, Software Map (S3-Map) to represent the terrain and
(2) the object-oriented programming paradigm (OOPP) to dynamically
simulate the AirLand Battlefield environment. The 53~Map is a map created
by transforming digitized map plates into a novel symbolic representation
(i.e., a LISP list), and by autonomously recognizing/labeling the map icons
(c.g., roads, deciduous forest, soil types, urban areas, etc.). Once the map
icons and other battlefield entities (e.g., military units, weather events,
weapons effects, etc.) are represented symbolically, they can be instantiated
as objects in the OOPP. In the OOPP, objects can retain the attributes of the
entity being modeled; objects can selectively and automatically inherit
attribute information; objects can dynamically communicate with other
objects by message passing; and objects can autonomously "act" by executing
embedded methods or procedures. Thus, if battlefield entities can be
realistically modcled as objects, then the dynamic simulation capability in
OOPP can support the Terrain, Weather, and Intelligence Analysts by
automating many aspects of the Intelligence Preparation of the Battleficld.

I. INTRODUCTION

The Intelligence Preparation of the Battlefield (IPB) is a systematic
approach to analvze cncmy doctrine, weather, and terrain in a specific
gcographical arca. The purpose of the IPB is to determine and evaluate
enemy capabilitics, vulnerabilities, and probable courses of action. The IPB
process i1s designed to ve highly graphical in nature. It uses military maps,
multi-la> -<d overlavs gridded photographs, microform and large-scale map

substitute.. The prir.ipai components of the IPB process include threat
evaluation, - ther analysis integrated into the terrain analvsis process,
terrain anal_ .z iniceruted into threat analysis, and preparation of products
such as the iniclifeence ~stimatc of the situation.

The 1¥DB is ve., takhar intensive. Because the dynamic nature of the
battlc makes nformation perishable, many graphical displays must be
producced and a tremendous amount of information must be fused and
analyzed rapidly. As the battle cvolves, the production of graphics and
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subsequent analysis is repeated in a tight decision-making cycle. The critical
nature of this process to the battle management, coupled with the need for
ever faster decision making, makes the automation of the IPB process a high
priority task.

Today, the automation of this process (i.e., the Integrated Meteorological
System [IMETS], the Digital Topographic Support System [DTSS], and the All
Source Analysis System [ASAS]) focuses on creating and presenting/displaying
a wide variety of overlays for interpretation by the analyst. For weather and
terrain integration, DTSS is an important first step in automating the terrain
analysis process. However, DTSS depends heavily upon a human for all
analysis tasks. This reliance upon a human to analyze a wide variety of
graphics generated by DTSS may actually overload the analyst, as depicted in
Fig. 1. As a result of this condition, shortcuts must be taken in the [PB
process so that critical information can be provided to the commander in a
timely manner. In other words, automating the generation of terrain displays
may not be sufficient to support the IPB process in a dynamic AirLand battle
scenario.

In addition, the analysts must perform these highly cognitive tasks
under continuous, around-the-clock combat operations. Thus, the quality of
the analytic work may be degraded by fatigue, the stress of combat, and the
lack of time to adequately perform this work. Therefore, in order to take
full advantage of the IPB process, as many analytical tasks as possible must
be automated to reducc the workload on the weather, terrain, and intelligence
analysts. Figure 2 depicts an automation concept that fully supports the IPB
process. This concept depends upon three components--a symbolic
representation for the map, a symbolic software development environment,
and a parallel processing super-minicomputer. The following section explains
why the automation of the IPB process (i.e., specifically weather-terrain
integration and intelligent terrain reasoning) depend upon these three
components,

2. BATTLE MANAGEMENT ISSUES RELATED
TO AUTOMATING THE IPB

Battle management is a fundamental process in the IPB. The map is
ubiquitous to all aspects of battle management. Therefore, the single most
critical issue to automating any aspect of the IPB process is the computer
map representation. It must be capable of supporting robust, intelligent
reasoning. Otherwise, attempts to automate the integration of weather and
terrain, intelligent terrain reasoning, and combat intelligence information
fusion will be very difficult unless the map representation facilitates the
implementation of these problems in software.

Digital raster maps, vector maps, and cell-based maps are excellent for
graphical display, but we believe they may not be totally adequate in the
long run as a foundation to support the software implementation of highly
cognitive, analytical tasks that, today, must be performed by a human. We
also believe that the application of expert systems to automating these tasks
using a digital map representation is a good first step, but that the rule base
must eventually be incorporated into a more sophisticated and robust
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inferencing system that can be implemented in a true parallel processing
hardware system. In order to truly automate the highly cognitive tasks
associated with the IPB process, a software system must be able to perform
tasks that simply cannot be handled by an expert system operating on a
digital map representation in real-time for the domain. Rather, we believe
that the object-oriented programming paradigm, operating on a symbolic map,
may have the potential to support the sophisticated inferencing that will be
required. There are several problems associated with battle management that
are presented to support our beliefs.

First, terrain alteration caused by nuclear, chemical, and conventional
weapon systems will drastically change the battlefield’s avenues of approach,
deny areas to troops, create instant impediments to movement, etc. After the
battle begins, the depiction of the terrain on existing maps will not resemble
the battlefield. In addition, the effects of inclement weather on the terrain
will hinder mobility, channel traffic, and degrade the performance of
fricndly and enemy weapon systems--the classical problems of weather-terrain
integration, weather effects analysis and mobility analysis. Consequently, in
order to automate the IPB process, the computerized map representation must
be dynamically alterable so that the operator can rapidly change the
computer map representation to correctly represent the state-of-the-terrain as
it changes over the course of a battle. If all terrain features of military
importance can be represented symbolically as objects in the object-oriented
programming paradigm, then it may be possible for an operator to
interactively and dynamically alter the attribute information of terrain
features on the map to accurately represent the state-of-the-terrain. For
cxample, an analyst could instantiate a nuclear explosion as an object at some
grid coordinate and cause this object to dynamically alter internal attributes
and display information for all terrain feature-objects within a specified
proximity to the detonation site.

Second, tactical operations will be totally dynamic because
friendly/enemy unit missions, capabilities, and locations will change
frequently. Friendly and encmy units must be accurately represented and
positioned on the computer map in order to update the map with the current
state-of -the-forces. If templating is to be performed, then the computer
representation of the units must also be able to interact with terrain features
in the map so that their positions can be dynamically adjusted to fit the
terrain. When a unit loses or gains capabilities, its resource attributes and
combat potential must be rapidly adjusted. A frame-based, or object-based,
representation of the military units would allow order-of-battle information
to be managed by an analyst and used by the computer to perform an
analysis. In addition, military-unit-objects and tcrrain feature-objects could
dynamically intcract to template an enemy force’s location relative to the
map.

Third, the IPB process is a highly cognitive process where inferencing
and deducing new information from knowna facts is critical. A variety of
intclligence information must be geographically registered and "fused” before
the analysis process can begin. Therefore, the system must be able to
intelligently analyze and seclectively integratc a variety of data and
information into the computerized map representation to maintain the
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state-of -the-situation. The object-oriented programming paradigm and the
symbolic reasoning capability inherent in LISP should be able to implement
these tasks far better than could an expert system operating on a vector or
cell-based map.

Fourth, automation of the IPB process should also include the capability
to perform iterative simulations to evaluatc a variety of scenarios and assess
the advantages and disadvantages of different tactical courses of action.
Such a capability will require a symbolic represcntation of the terrain,
military units, and the tactical situation; and a programming paradigm that
dynamically and realistically simulates the interaction of these symbolic
entities. Again, the object-oriented programming paradigm and the symbolic
reasoning capability inherent in LISP should be able to implement these tasks.

Fifth, the software nceded to automate intclligent terrain rcasoning will
be extremely large and complex. Therefore, LISP should be the development
language of choice, rather than a numeric language like FORTRAN or C.
Patrick Henry Winston, Director of MIT's Al Laboratory and coauthor of
LISP, stated in an interview, "In my own experience, 200,000 lines of LISP is
often more than a million lines of code in another language. 1 think that in
the next ten years, we nced to build systems of enormous sophistication in
order to handle problems of immense complexity. Thosc problems will be
quite different from anything people have tried to deal with before. They'll
involve a heterogencous mix of subproblems, they’ll involve tidal waves of
data, they’ll require the utmost attention to the recal-time asscssment of the
situations so that the important problems will be solved first, with the
less-important problems deferred; they’ll require computcr-based systems to
not only solve problems as an expert would but to act as blunder-stoppers for
the kind of decisions a person might make for tack of capability to look at
all the data. And to build systems like that will place extraordinarily heavy
demands on programmer productivity. And LISP-based programming will be
the right way--maybe the only way--to build those systems.”

Sixth, an extremcly powerful supcr-minicomputer and a parallel
processing environment will be required to support the automation of thesc
functions. The Ss-Map concept implemented in LISP could be deploved in a
reasonably priced parallel processing environment based upon transputers.
For cxample, parallel processing transputer boards that transform the Sun
workstation into a parallel processing super-minicomputer arc readily
available {Supercomputing Necws 1988). Up to cight boards may be used to
upgrade a Sun with a total of 32 parallel processors vielding a peak
non-vectorized floating-point scalar performance of up to 50 MFlops (Harper
1988). Initial pricing is about $34,000 for a system running parallel common
LISP and parallel C with 32M bvtes of recal memory on a stand-alone
workstation (Computerworld 1988). Figure 3 shows how multiple 4
multi-processor units (MPU) boards, each with up to 64 Mbytes of RAM,
might be attached to a Sun in a network configuration. These proccssors
would communicate via a parallel path which is separate from Sun’s Ethernet
(Azzara 1988). Thus, parallel processing technology is commercially available
and could be readily adapted for a tactical computer system.
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Finally, if the IPB process is to be automated, then the most critical
issues are (1) the selection of a computer representation {or the map and (2)
the programming language/paradigm to implement highly cognitive and
complex tasks in a parallel processing environment. We belicve that the
concept of a Symbolic, Synthetic, Software Map (S3-Map) implemented in an
object-oriented programming environment could support the integration of
weather and terrain, symbolic information fusion within a gcographic
information system, intelligent terrain reasoning, dynamic updating of the
battiefield situation, and dynamic battiefield simulation.

3. THE SYMBOLIC MAP REPRESENTATION AND SOFTWARE
DEVELOPMENT ENVIRONMENT

The selection of a software representation for the map is an issuc of
prime importance. This representation must be compatible with symbolic
languages that can parallel the cognitive process that an analyst uses when
visually analyzing the map. Consequently, the approach to performing
intclligent terrain analysis should be image understanding and, therefore, the
map representation should be symbolic in nature so it is compatible with
symbolic languages such as LISP. This approach will enable the full potential
of symbolic processing to be brought to bear on the automation of the IPB.

The Symbolic, Synthetic, Software Map (S3-Map) is a symbolic map that
1s represented in LISP as a list, rather than as a digital image (i.e., a pixel
array or a vector file) (Condon and Lampru 1987). Conscquently, the $S3-Map
is totally compatible with symbolic languages (e.g., LISP, Smalltalk, etc.).
This symbolic map representation instantiates terrain fcaturcs as objects in
the object-oriented programming paradigm. Therefore, the S° -Map facilitates
intclligent terrain analysis (i.e., image understanding by perceptual grouping).
The clegance and robustness of this representation for image understanding
has becn clearly established under a contract from NASA/Goddard Space
Flight Center (Condon and Lampra 1988).

The S3- Map is created through a digitizing, scgmecntation,
transt"ormrmon and feature recognition process, as illustrated in Fig. 4. A
protctype s3 -Map has been created under IR&D using map scparates from a
Tactical Terrain Analyst Data Basc (TTADB). The creation process begins
with a digitized map scparate or platc that contains a specific type of map
feature. The digitized map is automatically scgmented and transformed into
a symbolic representation (i.e., a LISP list). This symbolic representation of
any tmage shapes (e.g., tcrrain features) is actually a width ecncoded medial
axis. Once the map is in this symbolic form, a feature labeling program, that
has been told which type of features are on the map, is invoked to label the
fcatures and instantiate them as objects in an objcct-oricnted data base
management system. An intelligent re-segmentation algorithm then re-
connects the disconnected features that extend across multiple map plates and
registers all features to a common gcographic scale.! Thus, the terrain

The image undcerstanding rescarch concucted for NASA/GSFC under
Contract No. NASS5-30271 successfully demonstrated in software the ability to
autonomously perform intelligent re-segmentation.
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features on paper maps are semi-automatically transformed into a symbolic
representation that is totally compatible with the symbolic language LISP.

4. WEATHER AND TERRAIN INTEGRATION BY SYMBOLIC
FEATURE INFORMATION FUSION

Contract work for NASA/Goddard showed the potential of this
representation to perform image understanding by perceptual grouping on
Landsat and Seasat images. Contract work for Atmospheric Sciences Lab is
ongoing to demonstrate the capability of this representation to autonomously
track clouds, and to derive wind vectors and vorticity from multi-temporal
GOES imagery. This software development c¢ffort should lead to the
extraction of synoptic scale features (i.e., fronts, pressure systems, and jct
streams), and the recognition of cloud parameters and mesoscale features (i.c.,
squall tines, thunderstorms, etc.). Ultimately, this image understanding work
could provide weather imagery information as input into a wcather
forecasting model.

Since the original GOES imagery and the output from a wcather
forccasting process would be in the same¢ symbolic representation as the
S3-Map, it should be possible to perform symbolic-image-feature information
fusion and dynamic updating of the state-of-the-terrain. The updating
process would be performed by registering the symbolic representation of the
terrain and imagery, and causing them to dynamically interact in an object-
oriented software environment.

5. CONCLUSION

If an Ss-Map can be construcicd from existing map plates, then the
military and commercial applications are significant. In the Army, an Sa-Map
could "intelligently" assist in the¢ Intelligence Preparation of the Battleficld
(IPB), the Estimate of the Situation (ES), and many other tasks for other staff
sections. The IPB and the ES include terrain analysis, weather analysis,
graphical integration of terrain and wcather, identification of avenues of
approach, terrain templating of threat forces, war-gaming, identification of
named areas of interest, and the posting/displaying of geographically
oriented battlefield information or cvents. The S*-Map could create terrain
analysis products similar to thosc created by the terrain profile model,
masked area model, targect acquisition model, perspective plot model, oblique
projection model, etc.

In the Corps Tactical Operations Center (CTOC), an S3-Map could
replace the grease pencil and map board. Intelligence information from the
G-2’s S3-Map could be provided dircctly. Friendly forces could be graphically
displayed and manipulated. Battlefield information and events could be
posted and displayed as desived. Updated personnec! and logistics information
could be received directly from the G-1 and G-4 S3-Maps. As the tactical
operations center rcallocates resources and posts the gecographical reclocation
of units to the S3-Map, the other staff maps could pbe updated directly. In
summary, the potential uses for a symbolic map and image reprcsentation
scheme that facilitates "intelligent” processing and symbolic information
fusion in a Geographic Information System arc considered significant.
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ABSTRACT

The U.S. Army Atmospheric Sciences Laboratory (ASL) is developing
an automated software system to help provide for the optimum utiliza-
tion of data within its Integrated Meteorological System (IMETS).
Optimum utilization is here defined as the timely dissemination of the
most representative meteorological data for a specified application.
This software system referred to as MERCURY will serve as an intelli-
gent interface between the IMETS database and the tactical users of
the IMETS data. Most of MERCURY's design requirements emanate from
the fact that it must function autonomously in a tactical environment
and have the ability to handle the wide array of meteorological data
potentially available from IMETS.

1. INTRODUCTION

The U.S. Army has the need to automate the on-site selection of
the optimum meteorological data available for supporting various
tactical operations (Coombs, et. al., 1988). Automating this selec-
tion process will provide the Army with the ability to more completely
utilize the wide array of meteorological data potentially available
for tactical operations, to more readi'y disseminate the data to
tactical users, and to reduce the level of manpower required to sup-
port this effort. The Army is addressing this need by developing a
svitware system which will serve as an intelligent interface between
the Army's Integrated Meteorological System (IMETS) and the tactical
users of the IMETS data. The prototype of this software system is
called MERCURY, named after the Greek messenger god.

2. BACKGROUND

IMETS is a new tactical system the Army is developing which will
collect real-time meteorological data from a variety of sources such
as environmental satellites and surface stations and disseminate these
data to the tactical users (Harris, 1986). IMETS will also have direct
access to a terrain elevation and surface feature database.
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The tactical user most often requests meteorological data to run
models called tactical decision aids (TDAs) which describe the envi-
ronmental effects on tactical equipment and operations. These equip-
ment and operations encompass activities ranging from aviation to
smoke obscuration.

MERCURY's task of providing the optimum meteorological data
requires knowledge not only about the data within the IMETS database
but also knowledge about what constitutes the preferred data for a
specific user (TDA). This task can be monumental given the large
volume and diversity of meteorological data collected by IMETS and the
wide range of tactical operations needing meteorological data. Most
of MERCURY's operational and design requirements emanate from the fact
it must function autonomously in a tactical environment and have the
ability to handle the wide array of meteorological data potentially
available from IMETS. Examination of the major requirements will show
why this interface system needs to be "intelligent" and why it can
often use techniques commonly associated with artificial intelligence.

3. OPERATIONAL REQUIREMENTS
Some of MERCURY's most important operational requirements include:

* The ability to process data olserved within a mesoscale region
approximately 300 kilometers square.

* The ability to quickly adapt to new regions and to the recon-
figuration of data sources within a region.

* The ability of knowing the types of meteorological data
required by specific applications.

* The ability to use an alternate data source when the preferred
data source for a specific application is not available.

* The ability to decide the best method for determining the most
representative data for a target area.

*# The ability to operate in near-realtime.

The areal dimensions of the Armv corps echelon primarily dictates
that MERCURY be able to process data for a region 300 kilometers
square. Tt is at this level of organization where the Army assumes
responsibility for providing meteorological support for all of its
tactical activities. These dimensions also represent the regicn where
terrain and surface feature effects on metenrological conditions
become of utmost concern.

The dynamic and mobile nature of the Armv's tactical mission
necessitates that MERCURY be easily transferable (in the software
sense) to new regions and that it be able to quickly adapt to new and
trequently repositioned data sources.




The numerous tactical users (TDAs) require various types of
meteorological data. Consequently, MERCURY must have knowledge of
the preferred data for each of the users. Also, when the preferred
data is not available, it must have the ability to derive or find
alternate data which are acceptable.

Determining the optimum or most representative data for a
specific user application requires a decision as to the method of
providing the data. Four such methods are: 1) using data
straight from measurements or numerical predictions which are con-
sidered representative of the target area, 2) using data from
measurements which have been corrected for any terrain, surface
feature, and elevation differences between the measurement and target
areas, 3) using gridded data obtained from objective analysis of the
local data, and 4) using climatology. Combinations of two or more of
these methods may be needed in some situations; in these cases MERCURY
must be able to determine which methods to use and know how to combine
the results.

MERCURY must have the ability to operate in near-realtime since
most tactical missions are time critical. Here near-realtime is de-
fined as the ability to dispatch new data to a user evervl5 minutes.
This operational requirement is primarily driven by the expected
frequency at which IMETS will update its database.

4. SYSTEM DESIGN REQUIREMENTS

In order for the operational requirements to be met, MERCURY's
system design should be characterized by two very important features.
First, the design should embody a data fusion system capable of
combining both similar and dissimilar data types. Second, the design
should contain a reasoning system for use at critical decision nodes
encountered during the interpretation and processing of the data.

The purpose of data fusion is synergism. Fusion techniques
provide additional information by the correct juxtaposition or com-
bination of two or more data types. MERCURY will use both homogeneous
and heterogeneous modes of data fusion. Homogeneous fusion refers to
the combination of similar data types and heterogeneous fusion refers
to the combination of dissimilar data types. The requirement for
homogeneous fusion is exemplified by the combination of rawinsonde and
satellite sounder data to give a more complete thermodynamic profile
of the atmosphere. The requirement for heterogeneous fusion is exemp-
lified by techniques which juxtapose terrain, surface feature and
meteorological data to determine if a specific measurement is more
reflective of either microscale or mesoscale conditions.

This fusion process is predicated upon having a reasoning system.
This reasoning system will manage the fusion process in such a way
that it can efficiently utilize the fusion information. The reasoning
system will be enlisted at critical decision nodes encountered during
the interpretation and processing of the data. These decision nodes
occur, for instance, when it is necessary for MERCURY to determine the
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best method for providing the most representative data or to make a
judgement about the effect of terrain and surface features on a
particular meteorological data set. The reasoning system has the
added challenge of having to operate in a very unstructured task
environment which is characteristic of most tactical situations.

5. CONCLUSIONS

The Army's requirements for an intelligent interface to a real-
time meteorclogical database are sandwiched between the fledging
technology of meteorological data collection, archivirg, and display-
ing and the advancing technology of the tactical user community.
These requirements have been outlined at both the operational and
system design level. The system architecture addressing these
requirements is described in an accompanying paper (Fields, et.al.,
this volume).
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ABSTRACT

Terrain and weather affect combat more significantly than any
other physical factors. They provide opportunities and impose
limitations, giving a decisive edge to the commander who uses them
best. Although commanders have virtually no control over weather,
they can take advantage of it or at least minimize its effects through
the use of weather related decision aids. Over the past several
years, the U.S. Army Atmospheric Sciences Laboratcory (ASL) has
developed weather related decision alds for various Army automated
gystems, A short history of ASL's developments in this area will be
presented along with typical examples. Future plans for generating
weather intelligence decision aids, emphasizing expert system
techniques, will also be presented.

1. INTRODUCTION

Weather support to the U.S. Army historically has been divided
between metecrology for intelligence and that for Field Artillery
support. This paper addresses that portion dedicated for intelligence
purposes only. Intelligence Preparation of the Battlefield (IPB) 1is a
procedure for integrating data on weather, enemy, and terrain to
support the planning and execution of combat operations. This is
especially needed today for the Airland Battlefield with its highly
sophisticated weapon systems. This IPB process is performed at
division, corps, and echelons above corps.

The air-land battlefield is an extended, integrated battle
involving the use of all air and land forces. Conventional, nuclear,
chemical, and electronic weapons and counter-measures are integrated
to attack the enemy throughout the depth of his formations. Wherever
called upon, the Army must be prepared to fight and win by using all
available combat power throughout every dimension of the battlefield.

Combat power depends on much more than troops and weapon systems.
It depends on logistics, communications, intelligence, security, and a
number of other types of combat support and combat support services.
Any of these factors may prove to be decisive in the battle and
commanders can manipulate and control them to achieve a tactical
advantage.
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Weatiher is the single potentially decisive factor over which the
commander has little or no control. Yet, the weather may be the most
significant factor to be considered. Weather related conditions
affect mobility, the requirement for thoroughly inteq -ated air and
ground operations, and the ability to see and attack deep.
Furthermore, favorable weather frequently enhances the accuracy and
effectiveness of complex weapon and support systems. Weather affects
virtually every operation, every piece of equipment, and every person
on the battlefield. FM 100-5 states that "Weather and terrain have
more 1impact on battle than any other physical factor, including
weapons, equipment, or supplies.”

History provides evidence of numerous battles won or lost because
of the influence of weather. Examples of battles where weather was a
decisive factor are the Spanish Armada, Operation Overlord, the Battle
of the Bulge, and Napoleon's and Hitler's attempts to take Moscow.

Although commanders have virtually no control over the weather,
they can take advantage of it or at least minimize its effects through
the use of weather tactical decision aids in the course of their
planning.

2. DEVELOPMENT OF WEATHER RELATED DECISION AIDS -

During September 1982, the Target Analysis and Planning (TAP)
System was developed and implemented on an Apple Il+microcomputer in
PASCAL. This system was designed primarily for nuclear targeting
planning purposes and it was to play a significant rcle in terms of
tactical weather intelligence (TWI) software developments. ASL used
this computer system to initiate developments of its TWI software.

2.1 MICROFIX

During December 1983, U.S. Forces Command (FORSCOM) produced its
first MICROFIX System Version 1.0. These were based on Apple II
software. These in turn, were upgraded in January 1985 to Version 1.2
and to Version 2.0 during February 1985.

ASIL, developed a series of TWI software packages which directly
paralleled these upgrades. These developments were closely
coordinated with the terrain analyst and the Staff Weather and
Chemical Officers at the 9th Infantry Division at Fort Lewis,
Washington. ASL software was provided for integration into the
Topographic Work Station Software to personnel of the U.S. Military
Academy Department of Geography and Computer Sciences, and to FORSCOM.
The latest version of this software, Version 2.25, 1is scheduled for
release shortly.

2.2 MCS-ANBACIS
In 1984, ASL participated in the contract initiation for the

Maneuver Control System-Automated NBC Informa _on System (MCS-
ANBACIS). This contract was funded by the Defense Nuclear Agency
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(DNA) in conjunction with the U.S. Army Chemical School and the 9th
Infantry Division. ASL developed software 1is targeted to play a
significant role in this software development as it proceeds to b
integrated into the MCS software.

At the same time, DNA requested that ASL develop 3D no-fly boxes
for chemical hazard and nuclear fallout predictions. These products
are the first NBC products directly aimed to suppcert Army aviators.
These products will be incorporated into future versions of the
MCS-ANBACIS software.

2.3 SUPPORT TO EXERCISES

During 1984, ASL was invited to participate in two exercises with
their APPLE I1 software in conjunction with commercial and AN/TMQ-30
meteorological surface sensors with personnel of the 9th Infantry
Division. Software provided as part of these exercises included the
automation of NBC reports and messages, smoke munition expenditure
models, effects on personnel in chemical protective clothing, weather
data analyses, and critical value weather checklists. This resulted
in positive feedback from the troops in the field who used this
software.

During 1985, ASL participated in the Field Training Exercise,
"Border Star" at Fort Bliss, Texas. This involved a battle between
the 9th Infantry Division (Light Division) against an Armored Cavalry
Regiment. The MICRCFIX Version 1.0 software and the AN/TMQ-30 and
fabricated surface meteorological sensors were involved and played a
significant role in the battle outcome.

During March 1986, ASL participated in the Army Test and
Evaluation Program exercise with the 17th Field Artillery Brigade in
Germany with both surface sensors and its TWI software. I+ was very
well received.

3. ONGOING EFFORTS

In 1984, Congress directed that a Test Weather System be
developed. ASL is currently working on this software/hardware package
with a demonstration of capability scheduled during 1989. This
involves both satellite and land based data.

In December 1986, the Operations and Organizational (0&0) Plan
for an Integrated Meteorological System (IMETS) was approved. It
would be a tactically mobile, automated system to collect, process,
and disseminate weather information during combat.

The IMETS mission would be three-fold: weather data collection:
preparation of weather products to include forecaster and tactical
decision aids; and dissemination ot weather products.

The concept of the Airland Battlefield Environment (ALBE) program
was conceived in 1982 by the Corps of Fngineers. This also played a
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significant role in ASL's weather intelligence efforts. A series of
field demonstrations, appraisals, and customer tests have been
conducted over the past several years. Plans include several follow-
on tests. The MILVAX II computer system is bcing used for these
tests. Both Corps of Engineers laboratories and ASL have successfuily
participated in these tests.

All IMETS developments have been assigned to the Program Manager
for Joint Tactical Fusion. Currently, approximately 160 weather
related decision aids are available. New weather decision aids will
be developed and exercised on both the ALBE Testbed and the Test
Weather System with major field demonstrations of these capabilities
planned for 1989. Future ALBE demonstrations are also planned for
1990 and bevond.

4. ARTIFICIAL INTELLIGENCE EXPERT SYSTEMS APPLICATIONS

In order to develop the Test Weather System (TWS) and IMETS
software, considerable amounts of data must be ingested and analyzed,
and many complex weather related decision aids developed in a near
real-time mode. This necessitates the reduction in computer running
time and tailoring of existing techniques, analyses, and models. Here
is a fertile area for expert system developments.

Examples of expert systems being considered for implementation
into IMETS and the TWS and ALBE demonstrations software include:

-A knowledge based system to check the internal consistency of
various meteorological parameters, to include data received from
satellites and remote sensors, so that bad data are not used to
generate decision aids or forecasts.

-The design of expert techniques to automate a system which will
select the most useful weather data from available sources, and use it
to generate Tactical Decision Aids.

-Expert systems to forecast wind shear and turbulence effects on
Army aviation operations.

-Expert systems to forecast probability of precipitation and
thunderstorm severity on the battlefield. Neural network theory could
be used here.

-Expert systems to be used as frontend and backend analyses

scheme for weather related efforts on large and complicated Army
systems.
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TIES TO THE FUTURE

Bob O. Benn

Assistant Director of Military Programs
Directorate for Research and Development

U.S. Army Corps of Engincers

Our success on the bautleficlds of the past has
been made possible in part by the many products
of our research and development programs. But the
battlefield of tomorrow will be more complex with
more data and information available to the com-
mander than ever before. If we are to continue to
succeed we must continue to use similar research
and development results in a well integrated and
complementary fashion, taking full advantage of the
potential of artificial intelligence, robotics and other
data management capabilities.

This paper will review some of the technologics
we plan to use that highlight the continuing need for
advanced applications of artificial intelligence 1o
satisfy the tactical commanders’ requirements for
knowledge of the battlefield.

Yesterday, today and tomorrow: these are three
words that we see very often, but what do they have
in common and what do they mcan to us here
today? Let’s look at them in terms of how we
fought yesterday, how we fight today and how we
might fight in the future.

The wench warfare of World War I now scems
bizarre, but it illustratcs the technology of the times.
Trenches were dug by hand, repeating rifles and
slow firing machinc guns were "hightech” infantry
weapons, and ground mobility was a function of
“rcal” horse power and the horscs abifity to pull
wagons through the mud.

The warfare of today featurcs mobility of
fightting forces, lethality of weaponry and maximum
usc of technology. Smart weapons using electro-
-optical sensors or infrared heat scckers give the
soldicr far morc flexibility and firc power. Mobil-
ity has improved and commanders can morc rapidly
move their forces where they are needed. However,
in many cases the commandecr is saturated with data
and information about the battleficld without tie
capability to fully cxploit this knowledge. He is
sull making many of his decisions in the same old
ways with little assistance from such technological
advances as artificial intelligence.

The batte of 2018, only 100 years after World
War [, may featurc large space structures, sophisti-
catcd compositc materials, and the commanders’
command and control process will be based on
extensive use of the type of artificial intelligence
and robotics technologies being devcloped today.
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Space and the usc of the integrated space-airground-
based systems will play a major roie in supporting
the tactical commander in the 21st century. While
there are many keys to success on the batteficld of
yesterday and today we must tic them together to
ensure that we continue to succeed on future battle-
fields.

Technology, intelligence and environment arc
the three keys that I fecl are most important to our
past successes. We have continued to push technol-
ogy to the limit, used our intelligence to know the
encmy and know how best to exploit the technology
we developed, and we have tried 0 make our
systems less dependent on or impacted by the
environment in which thcy operate. Each of these
three keys have and will continue to be influenced
and advanced by the RDT&E community. We will
do this because we have customers who rely on our
efforts to improve these threc key arcas.

The battieficld commanders’ requircments arc
being satisfied. To win on any battlcficld, the
commander nceds many things. Among thcm he
must be able to sce the encmy at cxtremely deep
range and be able to defcat the enemy in their own
rear arcas, before they engage the commander’s own
troops. The commander also needs to assimilate
vast amounts of information about his own troops,
the encmy, and the environment.  Helping the
commander to assimilate and fully exploit all of the
vast knowledge available about the battleficld is one
of the key issues of this symposium. How can we
as scicntists and developers help to satisfy these
basic requirements of the commander?

We can continue to challenge science and
exploit all of the technologies that are developed.
Our ability to cffectively hamness the large volume
of data that all of our new cmerging scnsors are
developing and turn that data into useful, meaning-
ful information for thc commander depends to a
great cxtent on the application of artificial intel-
ligence techniques being discussed at this sym-
posium. In addition, we also need to learn how 1o
control the cffects of the environment on futurc
systems or at lcast identify the effects or impacts
the environment will have on the employment of
future weapon systems.

During the recent Army Science Conference held
al TRADQC, General Thurman identified scveral




key technologies as needing further exploitation (See
Table 1). Our task is to develop these key emer-
ging technologies and help the field commander
exploit them through merging and integrating them
with the advances being made in artificial intel-
ligence techniques.

Gencral Thurman's challenge w0 the scientific
community is that just developing and exploiting
emerging technologies isn’t enough. We must lcam
10 leverage our technologies -- get the most return
for our dollar -- by using competitive strategies lo

help us selectively leverage our emerging tech-
nologies. One way to achieve this is to develop
compelitive strategies using the six steps outlined on
the left of Table 2,

For illustrative purposes, let us just cite one
example of how this competitive strategy might be
applicd. We first must identify areas that are
important or key to the encmy and determine what
his strengths are in this key area -- massing of his
armor. Then by identifying wcaknesses in this
strength, we must develop strategies to exploit these

Emerging Technologies

o Advanced Sensors
Processing

e Brilliant Munitions
e Directed Energy e Photonics
e Acoustic Devices e Propellants

e Chemical Aerosols e Robotics

e Al/Advanced Signal

e Advanced Materials

e Power Generation/
Storage/Conditioning

e Space
e Biotechnologies

e Low Observables

Table 1. Emerging Technologies Identified by General Thurman at Army Science Conference

1. Enemy High Driver —
within Mission Area

2. Enemy Strengths —
within Mission Area

3. Weakness within
Strengths

4. Develop Strategies to
Exploit Weakness

Armor

Mass

Limited to Ground Mobility

Alter the Soil

5. Anticipate Likely Enemy —
Countermeasures (CM)

Modify Vehicle Suspension

6. Pre-plan U.S. Counter- — PP?
Countermeasures (CCM)

Table 2. Example of Leveraging Technology with Competitive Strategies
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weaknesses -- such as knowing the location of weak
soil or altering the soil characteristics to limit his
mobility. Then, we must be ready to develep
counter-countermeasures to the countermeasures we
envision him taking in response to our original ac-
tions.

A future system based on emerging technologies
is the Battlefield Exploitation System (BES) being
resecarched by the Corps of Engineers. BES will
make extensive use of artificial intelligence and/or
expert system technologies as well as other advances
such as 3-D computer image generation to support
tactical commanders at all echelons.  Tactical
decision aids and tailored analyses of the effects of
terrain, weather and man-made contaminants (such
as smoke and NBC) on tactical operations and
weapon systems will be available for battleficld
display down to the lowest required level.

The system just discussed is considered future
or notional because it is a concept that is in the
process of being defined or formulated. A follow-
on idea is to integrate several of these knowledge
based future systems to make maximum use of their
potential to provide data directly to the commander.
To achicve this, an intcgrating system, heavily
Aependent on artificial intelligence, is being invest-
igated. This new integrating system is called the
Knowledge of the Battefield-Future System or
KNOB-FS (or simply KNOBS).

KNOBS will be an integrating system that can
provide the link between the commanders’ require-
ments processed in the Concept Based Requirements
System (CBRS) and the emerging technologics being
developed in various laboratories. The KNOBS will
be based on the Airland Battle Future and the army
21 concepts being developed by TRADOC.

Satisfying the many and varied needs of com-
manders, at all organizational levels, for knowledge
of the battlefield in the 21st century may require
several specialized as well as gencralized systems.
Therefore, to ensure that all of theses futuie systems
can be integrated and interfaced, an umbrella future
system is needed. KNOBS encompasses scver:!
component future systems that are synergistically
linked to work in synchronization to collect, process,
integrate, and disseminate military environmental
information in ncar rcal time through the use of
space, air and ground sensor systems.

KNOBS is not intended 10 be a scparalc cntity
and will not compete with other command and
control systems. KNOBS will operate as part of
the Army Command and Control System (ACCS),
or its follow-on systems, and ensure that proper
support, 1n the form of tactical decision aius dealing
with such areas as weather, terrain, and position/nav-
igation is provided to all functional areas in the
battleficld operating system. Extensive use of Al in
KNOBS maxes it possible to compleie the following
actions almost simultancously, and provide these
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diverse products to users at all echelons.

Tactical decision aid products are produced and
provided to the fricndly tank forces on flat plasma
screens outlining the faslest route to contact with the
encmy using a trafficability forecast based on the
effect of recent rains on the terrain.

The user on the hill receives an automatic
override audio alarm on his helmet radio warning
him of the danger from CB attack.

The helicopter pilot is able to sclect, arm and
fire the correct missile toward the proper unseen
coordinates bascd on guidance received from the
sensor and expert system on satcllite S2 and ap-
proval from the command post in the rear.

The commander and staff at the command post
rececive TDA products that display the overall
battleficld situation using 4-D holographic tech-
nologies. Products given to the commander include
completed  intelligence analyses and cvaluated
options for decision-making, not raw data, and
on-site battle action simulation.

In addition to giving us a brief glimpse of how
KNOBS will provide support on the battleficld of
the 21st century, the previous examples also illus-
trate why the challenges to the Army Scierce Board
are so important. Thesc challenges include artificial
intelligence, nctworking of tactical level scnsors,
Army software managements, training simulations
and simulators, and modcling.

To succeed in the future and satisfy the re-
quirements of the tactical commanders we must meet
the goals and objectives presented in this paper. 1
have tried to emphasize the fact that technology,
intelligence, and the environment have been keys to
our ability to satisfy the tactical commanders’ needs.
We need to continue our efforts along thesc same
lines.

The KNOBS concept being investigated by the
Corps of Engineers wiil provide the mechanism to
integrate the emerging tcchnologies and  future
systems and their numerous system and cvent data
inputs into a readily useable battleficld decision
support system. This will give us a single, in-
tegrated knowledge of the battleficld system on
which we can make decisions to leverage emerging
technologies.

Artificial intelligence is important to the full
exploitation of essentially all of the future systems
now being considered.  KNOBS, which will provide
the vehicle for the integration of these varied future
systems, will also depend on significant advances in
artificial intelligence technologies to ensurce that all
of the requircd support is provided to the battleficld
comnanders of the 21st century.

The efforts of the participants of this symposium
will cnsure that the vast amounts of data that will
be gathered about tomorrow’s battlefield will be-
come the knowledge nceded and used by the com-
mander.




ALLOCATING SENSOR ENVELOPE PATTERNS TO A MAP PARTITIONED
8Y TERRITORIAL CONTOURS

T. M. Cronin
US Army CECOM Center for Signals Warfare
Warrenton, VA 22186

ABSTRACT

An algorithm is presented which assigns a set of sensor envelopes to a set of
territories, based upon minimizing a quadratic objective function subject to a set of
quadratic constraints. The objective function is formed by differencing a territorial
integral with the integral of the coverage envelope. This difference is called the
vulnerability measure. A territorial integral is intuitively defined to be the area delimited
by the boundary contour of a territory. A coverage envelope is the intersection of the
two-dimensional range pattern of a sensor with a territorial boundary contour. The
constraints specify bounds on sensor overkill and redundancy. Itis assumed that there are
m sensors and n territories to be covered, with m < n. Therefore, there are m quadratic
equations to be solved, in n unknowns. The solution consists of a mapping which
minimizes the total territory not covered by the sensors. The algorithm accomodates
coverage patterns of general complexity; e.g., neither the territorial boundaries nor the
sensor range patterns need be convex or star-shaped. As utility functions to support sensor
optimization, two new algorithmic techniques have been developed. The first is a linear
time algorithm to compute the intersection of two simple digital contours of general
complexity. A sense of handedness is imparted to the computer due to an algorithm which
guarantees counterclockwise orientation of a boundary. This convention assures that the
inside is always to the left during a traversal, which implies that the arcs encompassing the
intersection can be collected by turning left at crossing areas. The second algorithm
computes the integral of a digital contour, and the query time complexity is shown to be
linear, directly proportional to the number of unique abscissas in the boundary.

1. INTRODUCTION

Sensor resource allocation is a longstanding probtem in nonlinear mathematical
programming. The problem may be posed as follows: given a set of sensors and a set of
territories, allocate the sensors to the territories in such a way that the area of coverage is
maximized, while at the same time controlling sensor overkill and redundancy. This paper
addresses three essential issues associated with automated sensor resource allocation:
intersecting an arbitrary pair of digitized contours which may possess boundaries of
general complexity; computing the integral of the intersection of two such contours
where the intersection may consist of multiple pieces which may be multiply-connected;
maximizing the sum of the integral of the intersection across all sensor-territory boundary
combinations. This paper does not address the problem of relieving sensor overiocad within
a territory, nor does it address the problem of ensuring that a particular territory is
available for sensor emplacement.




1.1 TERMINOLOGY: TERRITORIES AND SENSORS

Let T' be a topographical region. The emplacement set of T', denoted e(T’), is the set of all
local maximaof T'.

A territory T is a closed contour formed by projecting the boundary of topographical
region T' onto the plane from above. We wili difierentiaie beiween e actuai name of a

contour T and its linked list f of boundary coordinates.

The ith emplacement-constrained territorial boundary, denoted ei(p), is the set formed by

uniting the boundary  of territory T with the boundaries of the sets of interior points of T
invisible from emplacement element e{(T').

A sensor P is a ssimply-connected, regular closed contour with boundary p. The boundary p
is also called the sensor envelope pattern of P. The centroid of P, denoted cen(P), is the
mean of the boundary p. The radius of P, denoted rad(P), is defined to be the maximal
distance from cen(P) to p.

Let P be a sensor. The ith position of sensor P with respect to territory T, denoted pos;(PIT),
is defined to be that emplacement element &;(T’) of topographical region T' upon which
cen(P) is situated.

1.1.1 The Coverage Envelope

Let e;(B) be the ith emplacement-constrained boundary of territory T, and p the boundary
of sensor P. Then the coverage envelope &;(p)p is defined to be:

&Pp =eiB)Np (1.1)
1.1.2 The Vulnerability Measure
Let ei(B) and p be defined as above. Then the vulnerability measure Vi(B)pis defined to be:
ViRp = Teil® - [&pyp (1.2)
1.1.3 The Wasted-Resource Measure

Let ei(B) and p be defined as above. Then the wasted-resource measure W.(B)pis defined
to be:

Wi = Jp- J&Pp (1.3)

Figure 1 graphically portrays the concepts of vulnerability and wasted-resource.
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Vulnerability

Wasted-resource

Figure 1. A graphic depicting the concepts of vulnerability and wasted-resource. Boundary
T is a territorial contour, and boundary S is a sensor range pattern. An optimal
sensor allocation scheme relates sensor S to territory T by minimizing the
vulnerability measure of S on T, subject to constaints imposed by the
wasted-resource measure.

1.2 QUADRATIC QPTIMIZATION OF THE VULNERABILITY FUNCTION

The process of minimizing a vulnerability function belongs to the generic class of
problems known as quadratic optimization. The process is quadratic because it involves
the calculation of areal integration, rather than the simplex formed by a linear system.

1.2.1 The Vulrerability Objective Function and the Constraint Sets

Given asetZ ={p1,...pm} of sensor envelope patterns and asetT = {e1(B), .., en(P)} of
emplacement-constrained territorial boundaries, minimize the vulnerability expression:

n m
T L JeilB - J &ipp; (1.4)
i=1 j=1

subject to e set of constraints:
ij - ff,i([})pj < &jj (1.5)
d( pos(pj),pos(pj)) > aij[rad(pi) + rad(p;j) ) (1.6)

Constraint set (1.5) is designed to control sensor overkill, whereas (1.6) is provided
to control redundancy (sensor overlap). Thea constraints are logically compatible, because
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by shrinking the overkill area, the overlap area is correspondingly reduced. The probiem
lies in batancing the constraints with the vulnerability function (1.4), since decreasing the
vulnerable area frequently entails a corresponding increase in both overkill and overlap.

1.2.2 Optimal Sensor Allocation

Definition 1.2.2 An optimal sensor allocation is defined to be a mapping from a set of
sensors to a set of territories, which minimizes expression (1.4), while conforming to
constraints (1.5-1.6).

it is interesting to note that breadth-first search may be used to minimize
expression (1.4), without resorting to the constraint sets. Such a brute force approach,
although guaranteed to find the optimal solution, is combinatorially prohibitive and does
not avail itself of knowledge to control the search space. This is where the constraint sets
(and perhaps other unspecified knowledge sources) may facilitate search.

1.2.3 The Motivation for Fast Intersection and Integration Aigorithms

Itis evident from expressions (1.1) and (1.4) that fast algorithms are required to: a)
intersect boundaries; and b) compute the area contained by boundaries. The minimization
of expression (1.4) subject to constraint inequalities (1.5-1.6) is a research topic currently
under investigation (Buchberger's method of Groebner bases may provide leverage), but it
is clear that the optimization process requires polynomial-time mathematical techniques to
intersect and integrate digital boundary data. The remainder of the paper is concerned
with the development of algc 'ithms to perform these utility functions.

2. THE BOUNDARY INTERSECTION ALGORITHM
2.1 ASSURING COUNTERCLOCKWISE ORIENTATION: ALGORITHM CCW

The boundary intersection algorithm relies upon the computer having a sense of
"left" and "right" handedness as it traverses a simple digital contour. The handedness
sense is imparted to the computer by assuring that the contour is oriented in a
counterclockwise (ccw) direction, because such an orientation insures the “inside"” of the
contour is always to the left, and the “outside” always to the right.

Algorithm CCW guarantees that the digital boundary of a closed contour is in fact
oriented in a counterclockwise fashion from the head of the boundary to the tail. The
algorithm computes a coordinate p (in the boundary linked list) with maximum abscissa,
along with its predecessor pred(p) and successor succ(p) coordinates (Fig. 2). The difference
in the ordinates of p and pred(p) is computed, as is the difference in the ordinates of
succ(p) and p. If either qu ntity is less than zero, then the boundary is oriented clockwise,
and its linked list must be reversed. Otherwise, the boundary is correctly oriented in a
counterclockwise direction, and no action need be taken. A formalization follows.

2.1.1 Definition: Clockwise vs. Counterclockwise Orientation. Given closed, simple
boundary B, and coordinate g =(xq, yq) € B, 3 xq > xr ¥ r €. Also given the predecessor p

= (xp. yp) of g, and the successor s = (x5, y5) of q,in boundary B. Let Ayqp = xq - xp and
Aysq = ¥s - yq- !f either Aygqp < 0 or Aysq < 0 then B is oriented in a clockwise direction.
Otherwise, § is counterclockwise.
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Figure 2. Algorithm CCW. A coordinate X with maximum abscissa is computed along with
its predecessor P and successor S. If the difference between the ordinate of X
and the ordinate of P is less than zero (or similarly for that of S and X) the
boundary is ordered clockwise, and must be reversed.

2.1.2 The Formal Design Specification for Algorithm CCW
Given closed digital boundary f of length N;

BEGIN
derive g = (xq,yq) = any coordinate in § with maximum abscissa;
p: = (xp.yp) = the predecessor ofqin §;
s:= (xs,ys) = the successor of gin §;
Ayqp: = yq - Yp;
Aysq:=ys-yq;
IF Ayqp < 0 OR Aysq < O THEN B : = (reverse §);
END

2.1.3 The Complexity of Algorithm CCW

Algorithm CCW is a single-shot process which requires one pass over a boundary of length
N coordinates to locate a coordinate with maximum abscissa. Since a destructive smash
function may be used to reverse the order of a boundary which is ordered clockwise, no
additional memory requirements exist, nor is query time complexity applicable.

Preprocessing: O(N)

Space: None required
Query Time: Single-shot algorithm; no queries required.
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2.2 CROSSING DETECTION BY THE METHOD OF HANDEDNESS SWITCHING

In the last section we saw that algorithm CCW orients a boundary in a
counterclockwise direction. The significance of the algorithm is that “left" and “right”
handedness are discernible as a contour boundary is traversed from head to tail.
Intuitively, a crossing of two contours occurs when information is detected on the left
(right), and either simultaneously or subsequently detected on the right (ieft). The next
crossing of necessity must now switch back to the left (right) again. Handedness switching
is repeated every time a new crossing occurs during a counterclockwise traversal of the
boundary, untii the tail is encountered (Fig. 3). The technique is proficient at ignoring
degenerate tangent behavior, because handedness does not switch at the intersection of
tangential boundaries.

] [

Figure 3. Handedness Switching. Boundary B1 is traversed in a counterclockwise direction,
and crossings with boundary B2 are sought. At location 1, information external to B1 is
detected on the left (inside), followed by more on the right. We therefore know a crossing
has occurred. Furthermore, we anticipate that the next crossing will be ordered from right
to left, whichisin fact the case at location 2.

2.2.1 Embedding Two Digita!l Boundaries Upon a Bitmap

A bitmap My, is a rectangular array of coordinates in the XY-plane, where each coordinate
(x,y) of My has a binary value, denoted v(x,y), which is either 0 or 1.

A bitmap is clearedif and only if v(x,y) = G V¥ (x,y) € Mp.

A boundary p is embedded upon bitmap Mp if and only if v(x,y) = 1 ¥ (x,y) € B.

Given boundaries B1 and 2, define the union embedding bitmap $1B2.bm to be a bitmap
such that:

a) (x,y) € Bt = (x,y) € p1p2.bm
b) (x,y) € B2 = (x,y) € B1p2.bm




c) vix,y) = 1V (x,y) €B1, B2; v(x,y) = 0 otherwise.

Definition 2.2.1 The handedness switching crossing set of boundary 1 with respect to
boundary B2, denoted C12, is the set of crossings encountered when traversing boundary
B1 in the context of union embedding bitmap B1B2.bm. The set C12 is sequenced in the
order in which the crossings are discovered during a counterclockwise traversal of §1. The
ordinal number of crossing ¢, denoted ord(c;), is the sequence number of ¢jin Cy2.

2.2.2 The Formal Design Specification for the Crossing Detection Algorithm
Given closed contour boundaries 1 and B2, and the union embedding bitmap g182.bm;

UNTIL (Nuli B1) do

Letp: = (car B1);

Let neighbors : = the set of non-zero 8-connected neighborsof p in B1B2.bm;

Let titriplet : = {pred(p), p, succ(p)};

Let t2elements : = neighbors - titriplet;

Letlen: = (length t2elements);

IF len > 0 AND (NULL lasthandedness)

THEN lasthandedness : = handvector(p, t2elements);

IFlen=1 and IF handedness(car t2elements) = opposite(tasthandedness)
crossings : = (cons p crossings) '
handedness : = opposite(lasthandedness);

ELSE assert "pistangentto f§2";

ELSE IFlen>1 and If for some pointp'in t2elements
handedness(p') : = opposite(lasthandedness)
crossings : = (cons p crossings)
handedness : = opposite(lasthandedness);

ELSE assert “pis tangentto f§2";

B1:= (cdrB1);
END UNTIL;
RETURN crossings.

2.2.3 The Complexity of the Handedness Switching Crossing Detection Algorithm for a
Closed Digital Contour Containing N Boundary Points

Preprocessing: None

Space: O(N), to store the boundary

Query Time: O(N), one-time boundary traversal
2.3 THE CROSSING ISOMORPHISM TABLE

2.3.1 The Crossing Correspondence Theorem

Theorem 2.3.1 A crossing detected by handedness switching when traversing contour Bt in
embedding bitmap f1f2.bm corresponds to one detected when traversing contour B2.
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Proof: Let q be the crossing detected when traversing B1. Without loss of generality,
assume that some element p of B3 was to the left of q. But this means that some previous
element p' of B2 was to the right of some previous element q' of B1, by the definition of

handedness switching crossing detection. But if p is to the left of q, and p' is to the right of
q', then q is to the right of p, and g’ is to the left of p'. This means that either porp'is a
crossing in 2.

2.3.2 The Crossing Isomorphism Theorem

It should come as no surprise that the crossing set encountered by handedness
switching when traversing one contour is the same as that encountered when traversing its
partner, within the context of the union embedding bitmap. This section provides a formal
proof of this concept, but first a definition isin order.

Definition 2.3.2. Let B1 and 2 be digital boundaries embedded in bitmap g1f2.bm. Let
C12 be the set of crossings detected by handedness switching when traversing C1 with
respect to C2, and C21 be the set of crossings detected when traversing C2 with respect to
C1. A crossing isomorphism table @(C12:C21) is a mapping from C12 to C21 which satisfies
the following:

B(ci) = ¢jiffdlci.ck) > d(ci, ) V] + k; ¢ € Cq; cj, ck € C2.

Theorem 2.3.2 The set of handedness switching crossings encountered when traversing
one curve with respect to another contour is the same set encountered when the roles of
the contours are reversed.

Proof. Let C12 be the crossing set of contour C1 with respect to contour C, and €21 be the
crossing set of contour C2 with respect to Cq. Let @(C12:C21) be the crossing isomorphism
table defined on C12 and C21. We will show that @ is both onto and one-to-one.

a) Proof that C12 is onto C21. Assume there exists an element p' of crossing set C21 which
does not correspond to some element of crossing set C12. Recall that p' is derived by

detecting elements of C1 which possess opposite handedness when traversing C2 in a cew
direction. But this means that the same disparity in handedness must have been
encountered when traversing C1, from theorem 2.3.1. Hence some crossing in C12 must

correspond to p'. Therefore, by reducio ad absurdum, C12isonto C21.

b) Proof that the correspondence @ between C13 and C21 is one-to-one. Assume distinct
crossings p and q € C12, 3 J(p) = B(q) = r for some r €C21. Without loss of generality,
assume that crossing r was discovered as a result of encountering a single element of Cq on
the left of r. But this implies that both p and g are to the left of r and both belong to Cjy.
However, since only a single element of C1 was to the left of r, then p must be the same
crossing as q, which contradicts our original assumption. Therefore @ is one-to-one.

The crossing isomorphism table is crucial to the intersection process. The fact that

two boundaries are oriented in a counterclockwise fashion ensures that the intersection
can always be found by traversing to the left when encountering the tail of an arc in one
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boundary, because it corresponds to the head of an arc in the other boundary. This
technique is proficient even for intersections which consist of multiple pieces.

Since the amount of memory consumed by the crossing isomorphism table is
generally negligible, it is suggested that the table be computed and stored during a
preprocessing step, for those pairs of boundaries which are expected to remain static. This
obviates a query time traversal of both boundaries to discover crossings and to establish
the correspondence by ordinal number.

B NN EDN -
N

Figure 4. An example of a crossing isomorphism table (ordinal numbers correlated). While
traversing boundary B1 in a counterclockwise direction, eight crossings are
discovered by the method of handedness switching. A boundary element is
assigned an ordinal crossing number when a switch in handedness occurs. The
same process is repeated for boundary B2. The two sets of crossings are
correlated by a distance metric to produce the table, which is then used as an
index to collect alternating arcs from B1 and B2. Referring to the diagram on the
left, closed contour 1-2-7-8-1 is produced first; subsequently closed contour
3-4-5-6-3 is discovered.

2.4 INTERSECTION: ALTERNATING ARC COLLECTION
2.4.1 Alternating Arc Collection Generates the Intersection

Note that the intersection of two closed contours consists of the union of arcs
which lie upon either boundary and are wholly contained within the cenfines of the other
boundary. The head of each arc is an entry into the interior of one of the boundaries, and

the tail is an exit. Furthermore, the tail of an arc exiting the interior of one boundary isin
fact the head of another arc entering the interior of the other. Recall that the endpoints of
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tne arcs are crossings detected by handedness switching, and that the crossing
isomorphism table is available to reflect the ordinal number cross-referencing
correspondence between contours. Therefore, the arcs can be collected systematically in an
alternating fashion to form distinct planar graphs which are themselves closed contours,
and which collectively form the intersection of the two contours (Fig. 4).

2.4.2 The Formal Design Specification for Intersection by Alternating Arc Collection

Given ccw-oriented digital closed contours B1 and B9, and the crossing iscmorphism table sets
C12 and C21, where Cij is the car-sorted set of 4-tuples {(ordnum-B;; ordnum-g;;
crossing-point-Bi; crossing-point-$;)};

Arbitrarily select 1 to traverse in a ccw direction;
cnt:= 1; len1 : = length(C19);
test : = insidep(head(pBy), B2l
IF test = false THEN pointer : = car (C12) ELSE pointer: = car (last (C19));
boundary : = (car pointer)
LOOP ¢nt:=¢nt + 1
¢cnt ;= cnt MODULO 2
(cond ( (zerop ¢nt)
(setqrefset C12)
(setq altrefset Cg1))
(t (setq refset C21)
(seiq altrefset C12))
(setq point1 (assoc (car pointer) refset))
(setq newcnt (add 1 (car pointer)))
(cond ( (igreaterp newcntlen?)
(setq newcnt 1)))
(setq point2 (assoc newcnt refset))
(setq portion (nconct portion (list (add 1 cnt) (car point1) (car point2))))
(setq pointer (assoc (cadr paint2) altrefset))
(cond ( (and (eq cnt 1) (eqg (car pointer) boundary))
(setq alt-arc-list (nconc1 alt-arc-list portion))
(setq portion nil)
{setq boundary (newanchor boundary len1 prize))
{cond ( boundary
(setqent 1)
(setq pointer (assoc boundary refset)))
(t (return alt-arc-list)))))
(go LOOP))

2.4.3 The Complexity of Intersecting Two Closed Contours of Lengths N1 and N2, by the
Method of Alternating Arc Collection, Using the Crossing Isomorphism Table @(Cy2:C21)

The preprocessing required for intersection by the method of alternating arc
collection involves one pass each over boundaries B1 and B2 respectively of lengths N1 and
N2 coordinates, to produce isomorphism tabie BJ(C12:C21). The arcs encompassing the
intersection are extracted from the boundaries in time proportional to the size of the
isomorphism table.




Preprocessing: O(N1 + N2), to generate @(C12:C21)
Space: O(N1 + N2 +len(@(C12:C21))), to store the arcs specified by @
Query Time: O[len(@(C12:C21)) ]

3. INTEGRATION BY VERTICAL RAY PIERCING
3.3.1 The Morphology of a Closed Curve Affects the Complexity of Computing its Integral

The vertical ray piercing integration (VRPI) algorithm computes the area bounded
by a planar graph. The graph may be non-convex with an arbitrary number of exterior
concavities, may be multiply-connected, and may be comprised of muitiple pieces. The
algorithm logic migrates by ascending abscissa along a sorted boundary list, and pierces
the ordinate points (also in ascending order) with a vertical ray drawn upwards from the
x-axis. The odd-numbered encounters are treated as entry points into the graph, whereas
the even-numbered encounters are exits. The lengths of the entry-exit pairs are computed
for each abscissa, and a running sum is accumulated until the maximal abscissa is processed
(Fig. 5) The final sumis returned as the integral of the planar graph.

Definition 3.3.1 Let Y be the sorted (in ascending order) set of ordinates lying over x;,
where xj is the abscissa of some coordinate in boundary 8. B is said to possess a concavity
above xjiff 3yj € Yn 3 vj_yj-1 > Tandyj+1-yj > 1.

The number of boundary concavities affects the complexity of the ordinate
entry-exit processing. Let X denote the set of unique abscissas occurring in elements of
boundary §. A concavity may exist due to non-convex structure of the boundary itself, or
because the boundary is multiply-connected. A boundary with no concavities has at most
one entry-exit ordinate pair for each distinct abscissa in X; one with one concavity has two
entry-exit pairs for each abscissa lying beneath the concavity; in general, a boundary with
m concavities requires m + 1 ordinate entry-exit computations for each distinct abscissa
lying below the m concavities. This conceptis formalized with the following theorem:

Theorem 3.3.1 Let boundary § contain m concavities. Let X(0) denote the set of unique
abscissas which lie beneath no concavities, X(1) beneath one concavity, ..., X(m) beneath m
concavities. Then the total number w of entry-exit ordinate computations performed
during integration by vertical ray piercing is equal to:

m
W = z XW*0 + 1) (1.7)

Proof. Proceed with a counting argument. Each element of X(0) requires exactly one
ordinate entry-exit computation, because the boundary does not fold over itseif above any
element of X(0). Each element of X(1) requires exactly two computations, bacause the
boundary folds over itself once above each element of X(1). in general, an element
belonging to X(m) requires exactly m + 1 ordinate entry-exit computations. Across tha set
of all unique abscissas, the total number of computations is expressed by equation (1.7).




3.3.2 The Formal Design Specification for VRPI

Sort the boundary, using abscissa as the primary key, and ordinate as the secondary key.
Let XMIN be the minimum abscissa, and XMAX the maximum abscissa.

integral : = 0;
For xj = XMIN to XMAX
BEGIN

YSET : = {yj,j =1k} (* The set of ordinates above x; *)
UNTIL(NULL (cdr YSET))
Letylast: = (car YSET); ynew : = (cadr YSET);
orddiff : = ynew - ylast
IF orddiff = 1thenintegral : = integral + 1
ELSE integral : = integral + orddiff + 1;
YSET . = (cddr YSET);
END UNTIL;
IF (NULL YSET) return integral
ELSE
Let ylast : = ynew; ynew : = (car YSET); orddiff : = ynew - ylast;
IF orddiff = 1 thenintegral : = integral + 1

ELSE integral : = integral + orddiff + 1;
ENC BEGIN.

RETURN integral.

(560,500)

(500,494)

(500,475)

Figure 5. Vertical ray piercing for one abscissa, within the area of a single concavity. All
such results are summed from minimal to maximal abscissa to derive the
integra! of the closed region.




3.3.3 The Complexity of Integration by Vertical Ray Piercing
Let bouncary  be of length N. The computational complexity of VRPI is:

Prepracessing: O(N*logh), tosort the boundary; primary key x; secondary key y
Space: O\M)
Query Time: O(N)

Note that on a parallel architecture, if a processor is dedicated to each unique
abscissa, the time complexity of the vertical ray piercing algorithm is of order m + 1, where
m is the maximum number of concavities lying above any single abscissa. That is say that
m + 1 entry-exit differences must be computed for each element of X(m).

3.3.4 A Comparison of the Complexity of VRP!I with Other Areal Integration Techniques

There are other techniques to compute the area contained by closed boundaries;
the field of numerical analysis abounds with integration methods. However, these
techniques generally require additional processing to treat the topological phenomena
which result when intersecting digital boundaries of general complexity. The techniques
may also require calculations for every point on the boundary, rather than at each uniaue
abscissa. These calculations may entail multiplication, which is more compute-intense than
addition. Vertical ray piercingintegration treats these issues as follows:

VRPI accomodates inteisections which lie in pieces, with no additional processing.
Other algorithms may expect that each piece has a separate, gap-free boundary, with a
handle into the head of the linked list representing the boundary.

VRPI accomcdates multiply-connected sets, with no additional processing. Other
algorithms may require that each hole be treated as a separate obiect (for which a
predefined handle must exist). The area of each hole must be computed and subtracted
from the area of the outer boundary.

VRPi requires a preprocessing sort of the boundary, which other integration
algorithms may not iequire. However, the sort buys superior query time performance for
two reasons. First of all, the number of VRP! calculations is proportional to the number of
unique abscissas, and not the total number of abscissas. Second, arithmetic differences are
computed above each unigue abscissa, which is far less costly thar performirng
multiplications at every boundary e'ement.

4. SUMMARY

The sensor-to-territory allocation problem has been posed in terms of minimizing a
guadratic vulnerability function subject to a set of quadratic constraints. It is shown that
boundary intersection and inteyration are vital subproblems: the intersection may
pathologically lie in pieces, be multiply-connected, and is not guaranteed to be centiguous
Because the sensor-to-territory mapring 1s potentially prohibitive from a combinatoric
standpoint, it is important at least to have fast algorithms at hand to perform intersection
and integration. New linear query time algorithms are presented for each operation. The
intersection algorithm relies upon two new techriques: one which guarantees
counterclockwise orientation of a ciosed boundary; and one which detects crossings by
relying upon a sense of handedness switching during boundary traversal. The integration
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algorithm utilizes a technique called vertical ray piercing, which initiates a migration by
ascending abscissa through a sorted boundary list. The sorted set of ordinates over a
unique abscissa is pierced from below, using parity logic to accumulate the integral. Future
directions of the research include addressing the problem of efficiently solving a set of
second order equations which serve as constraints during minimization of the vulnerability
function.
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Representation Issues in the Design of a Spatial Database
Management System

Richard Antony
U.S. Army CECOM Center for Signals Warfare
Vint Hill Farms Station
Warrenton, Va 22186-5100

Abstract

Representation issues and evaluation criteria are presented regarding the design of a
general purpose databa<e management system to support complex spatial reasoning. For
problem domains that require extremely farge amounts of data, the database design must
simultaneously consider 1) storage efficiency, 2) search efficiency and 3) probiem solving
efficiency. Six critical representation issues are discussed that impact these three aspects of
database efficiency, classes of representations for point, line and region features ihat
satisfy the various representation issucs are discussed. A hybrid representation approach is
recommended that balances the strengths and weaknesses of several representations to
achieve the above efficiency goals. Finally, the framework for an etficient spatial DBMS
(SDBMS) is proposed that is based on these generafl principles.

1. introduction

Numerous complex computational domains, including battlefield data fusion, image
understanding, assisted target recognition and autonomous vehicle control, demand an
underlying element of spatial reasoning. Battlefield data fusion, for instance, requires the
correlation of sensor measurables against both the current situation assessment and
ootentially massive amounts of domain data, such as 1) object-oriented knowledge (e g,
tables of equipment, tables of organization}, 2) spatially-oriented natural, cuftural and
abstracted fe-~ .ures (e.g., rivers, roads, line-of-sight, respectively) and 3) dynamic target
location/attribute data.

Spatial databases are often developed in a botton-up manner baseg on a single
underlying representation for points, lines and regions. With relatively small databases
and fast processors, the combinatorics generated by potentially inefficient representation,
search and evaluation operations may be of little concern. However, for very large
databases, contro! of the search space size and computational requirements to supporcreai
time, con plex automated reasoning is of considerable importance This paper discussi.s a
top-down database design approach that simultaneously addresses 1) storage efficiency, 2)
query eificiency and 3) problem sclving efficiency




Just as an indexed relational database file facilitates access to data that is organized along
natural search dimensions (e.g., alphabetically or numerically indexed keys), a true
two-dimensional representation offers inherently more efficient acces: to spatially
organized knowledge than a non-spatially organized representation. Similarly, a
tree-structured search for a specific object among a collection of hierachically-organized
objects is more efficient than a linear search though an entire object database.

Storage efficiency is achieved through some form of data compaction. Search efficiency
requires effective control of the size of the search space for the range of typical database
queries. Problem solving efficiency can be achieved by minimizing both the overall search
space size and the required data transformation and manipulation that may, in part, be
caused by the data compaction process.

A natural tradeoff tends to exist between memory efficiency and query / problem solving
efficiency; for spatial data, compact representations often do not support efficient search
and abstraction. For example, the chain code for the boundary of a region, although
memory-efficient, is a computationally expensive form for performing set operations.
Thus, an ideal representation should be relatively compact and yet not require excessively
large search spaces or complex, computationally-intensive manipulations to develop
typical products.

Because of its broad processing requirements, battlefield data fusion will be used
throughout this paper to illustrate many of the database issues. Battlefield data fusion is
the process of creating and maintaining a coherent "picture” of a dynamic situation based
on limited domain observables from one or more sources. A fundamental database query
that supports asynchronous data fusion takes the form:

Find database element(s) that is (are) near (f1, fN, alx,y).t)

where f_are features or attributes, g represents a location uncertainty function and t
represents a time tag. Observation attributes include frequency, velocity, cross section,
altitude, modulation characteristics, and so forth; near is interpreted within the context of
an arbitrary metric.

The spatial and temporal aspects of observations are key elements of the fusion process.
Near in terms of (x,y,t) may require intersection of the function g( ) with relatively static
(time-invariant) database elements, such as terrain, elevation, soil type, trafficability,
cultural features, waterways, or relatively dynamic (time-sensitive) database elements such
as individual target tracks, groups of targets or Named Areas of Interest (NAI). The concept
of near can be highly situation and context-sensitive and may depend on some state of the
world, observation class, target velocity, report rate, resolution, and the specific metric
(e.g., Euclidean distance).

The underlying static domain database provides the knowledge that constrains activities
and interpretations, such as target class-dependent limitations on trafficability,
observability, communicatiors and access. The non-static data provides the historical and
time-varying domain !'~nwledge (e.g., weather, target track files) that forms the basis for
interpretation of new ouservations and refinement of previous observations.

No automated system developed to date has achi ved the spatial reasoning capability of a
skilled human analyst. The ease with which military analysts perform spatial reasoning, in
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large measure, is the result of very natural, fully registered, true two-dimensional spatial
representations provided by maps and acetate overlays. The manual grease pencil and
acetate overlay method used by human analysts is, in fact, a conceptually powerful spatial
problem solving paradigm. The representation medium provides a uniform, true
two-dimensional spatial representation that allows effective spatial focus-of-attention,
highly intuitive manipulation of features, efficient development of Euclidean metrics and
set operations performed virtually "by inspection” (e.g., human perception facilitates the
interpretation of closed lines as representing the enclosed two-dimensional area).

Acetate overlays provide natural, context-conditioned conceptual planes which afford
additional search space reduction. For instance, when reasoning about primary road
networks, acetate overlays containing other feature classes need not be searched. Newly
abstracted spatial features (e.g., the result of set operations among existing features) are
stored in the same uniform, fully registered representation.

Many current data fusion systems and other semi-automated systems rely on conventional
relational database management systems {(DBMS). Future highly automated reasoning
systems will require extremely large databases that support efficient spatial query and
spatial problem solving at multiple levels of abstraction.

The advantages of emulation of both the problem solving style arnd the database form of
the acetate and overlay approach for automated spatial reasoning is often overlooked, in
part because the manual process is viewed as a rather crude, low resolution, low accuracy
technique. However, the DBMS analog of acetate overlays need be neither low resolution,
ncr low accuracy; a database form motivated by the human spatial reasoning metaphor is
outlined in Section 3.

2. Database Issues/Requirements

In general, database query requirements include 1) location of a specific data item, 2)
range query / windowing, 3) set operations among muitipie dala sets and 4) evaluation of
data relationships (parametric, Euclidean and non-Euclidean distance, generalized
metrics). These tests reduce to search and test for equality, non-equality and containment.
The test constraints or conditions effectively represent a template through which data is
viewed. Thus, in general, database query can be viewed as a templating operation.

The conditions or templates can be as simple as "is point (x,y, in the database” or as
complex as "find all forested regions with elevations above 1000m that are within 100km
of a major population center west of the Mississippi river” or "find all airports with 3 or
more runways east of the Continental Divide that 1) are not surrounded by industrial or
residential development, 2) are at elevations greater than 500 m- id 3) support3to5
major air carriers” The second exampie has a strong geogre srmation system (GIS)
flavor, while the laiter has a mixed object-oriented and spatial-oriented character. True
two-dimensional -patial representations support efficient spatial ~~ented search; true
object-oriented representations support efficient search and manipulation of complex
object relationships

In a3 highly dynamic environment, 1n order to support a broad variety of applications, a

databace must maintain  both context-sensitive and context-insensitive  data
Context-sensitive data includes the current situation representation and previously
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developed abstractions, while context-insensitive knowledge includes much of the
relatively static factual and procedural reasoning knowledge base.

For instance, basic elevation data is context-insensitive knowledge that is used in the
generation of numerous context-sensitive products. For instance, line-of-sight and
path-ptanning algorithms use elevation data to produce highly context-sensitive products
which depend on 1) observation position and range limit, and 2) weather, soil type and
unit class, respectively. Context-sensitive products such as river crossing sites within a
specified area of interest should ideally be evaluated on-line based on unit class, recent
rainfall, general weather conditions, current river depth and flow rate, vehicle-dependent
trafficability on the river banks, potential bridge erection time, logistics considerations,
mission priority and so forth.

As opposed to prestoring all possible context-sensitive databases (which may not even be
enumerable), the context-insensitive database can be abstracted to generate specific
products (based on current context) as required. Such a capability enhances both the
storage efficiency and robustness of the database. Thus, storage efficiency, search
efficiency and problem solving efficiency become key factors in the selection of database
organization.

2.1 Representative Classes of Spatial Reasoning

In this section a number of representative automated spatial reasoning tasks are discussed
that require database support. Asimple template-oriented database query has the form:

Find ( n ) (objects, ) set function / objects, " conditioned on [ objects,
all/ \ features | features/ ! features /

Examples of this form include:

Find one truck on road A within spatial region B.

{intersect) (intersect)

Find all secondary roads or Trafficability Index 3 regions east of Rockville .
o {union) {intersect)

In general, set operations can be zoncatenated to yield more complex forms.

As an application of intersection, consider the refinement of a target's location by
correlation of sensor derived information with context-conditioned domain knowledge.
For instance, a particular target class may be known to prefer operating within 50 m of a
secondary road that is within a lightly forested area which provides moderate
concealment. Figure 1 shows the development of the refined target location based on the
successive intersection of two independently measured error ellipses, with regions that are
within 50 m of a secondary roau and within lightly forested regions. The final product (Fig.
1g) provides potentially better target localization than is afforded by the intersection of
only the sensor derived error ellipses (Fig. 1¢). Template conditions can be applied
separately or in combination using the same basic implementation mechanics.

82

e e e e S BN S e SRS NS SRGER. . SNNER . SESEN . SR WNND SN =SSR I N




Target error ellipse 1 Target error ellipse 2 Target error allipse 2

(@) (b) )

—

Derived region:
“'Within 50 m of secondary road”

7 =

(d) (e)

J

Lightly forested regions

(f) @)

Figure 1 Initial target location estimate (a} is refined by intersection with an
independently measured uncertainty function (b) as shown in (c); the
resulting region is intersected with the "region-grown" road network (d) as
shown in (e) and the cummulative intersection with the lightly forested
region (f) is shown in (g). The shaded region is the predicted target location
following each corrrelation operation.

The union of points, lines and regions yields the composite of all addends and the
difference yields the niodes of the minuend that are not contained within the intersection
Containment can be easily implemented by observing that ACBiIfANB=A.

in general, fuzzy modifiers and qualifiers (adverbs, adjectives and associated phrases)
~odify generalized metrics or other modifiers. Metrics of interest to spatial reasoning
in-lude generalized distance (e g, Mahalanobis distance, correlation ratic between data
and templates, shape, size and speed) While Boolean functions provide a natural
representation for absolute modifiers or conditionals (e g, nearest, before, more, to the
left of higher, closer), fuzzy membership tunctions offer a natural representation for
relative modifiers (near, very, almost, small, fast)
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Most absolute modifiers can be implemented as a simple Boolean function. Relative
modifiers, on the other hand, tend to be context-sensitive, requiring a family of
conditional fuzzy membership functions. Fuzzy modifiers (and their context-sensitive
membership functions) may depend on the state of a process, the distance from a goal
state, the current weather conditions, and so forth.

The use of generalized conditional membership functions effectively allows the database
to support general probabilistic, fuzzy and multi-vaiued iogic set operations. Using a
simple region-growing approach, database features of various membership vaiues can be
developed; these generalized fuzzy regions can then be manioulated hy the standard
Boolean set operators.

For instance, consider the query:
Find all vehicles near Region A

In this case, near is the fuzzy distance metric described by a conditional membership
function. The fuzzy intersection can be computed as the Boolean intersection of the target
error ellipse with the fuzzified Region A ; analogously, the fuzzy intersection could be
developed as the Boolean intersection of Region A with the fuzzified 1arget error ellipse.
Because of target location uncertainty, map registration errors and Region A
representation errors, fuzzy set operations are a critical requirement in many real world
problem domains [Antony, 1989].

Spatial templating involves the recognition of spatial patterns of terrain, cultural features,
vehicles or units. Because of the large number of rigid templates that may be required to
account for variation in size, shape, spacing, orientation, contrast, observation angle and
so forth, the use of rigid templates tends to require large storage and excessive
computational resources. The use of fuzzy semantic templates, on the other hand, can
dramatically reduce the total number of required templates.

Consider a template for a specific play in football that expresses the semantic relationship
among playerson the field. As an example, an "end" for a certain play may normally be "to
the right and slightly forward of the quarterback”. "To the right and forward" are
absolute (Boolean) modifiers. Given the location of either of the entities, a spatially
organized database can be readily searched for the other element. Forward is a
dynamically evaluated absolute modifier whose meaning is determined based on the
current position of the quarterback and the goal direction. Slightly is a context-sensitive
relative distance metric that can be represented as a conditional fuzzy function. A complex
template can be efficiently implemented as a set of procedural or scripted, absolute and
relative database queries.Thus, relative to the quarterback, a fuzzified search window can
be constructed based on the relative semantic spatial relationships among the entities and
not on a strict mathematicai correlation between the database and ar exhaustive set of
rigid templates.

As a second example of spatial templating, consider the conceptually trivial task of
associating N-tuples to candidate K-member groups based on proximity. With a
non-spatially-organized database, as many as (NI/(K1*(N-K)!) locational comparisions need
to be made For N =100 and K =5, 107 possible tests may be required
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A simple database search algorithm that avoids the combinatorial expiosion can be
developed if the N-tuple database possesses a true spatial representation. A spatial
window large enough to enclose the nominal cluster is first overlaid on a previously
non-clustered N-tuple. The window centroid is then moved to each of the N-tuples that
appear within the window and the total number of non-clustered N-tuples within the
window is determined. For non-overlapping clusters, when the window centroid reaches
the cluster centroid, the maximum number of spatially associated N-tuples will appear
within the window. Thus, the cluster centroid, as well as the cluster member count has
been tentatively determined. The detailed pattern and parametrics of the constituent
elements can then be evaiuated in greater detail. The algorithm recurses until all
unassociated N-tuples have been clustered. Because of the efficiency of two-dimensional
spatial operations, a potentially combinatoric search and compute-and-test task is
reduced to an efficient, top-down intersection of a generalized spatial window with the
spatially-organized N-tuple database.

Path planning / replanning involves boundary-following, feature-following, line-of-sight
computation and generalized path development under time-varying and context-varying
constraints. A generalized multiple resolution, recursive path-finding algorithm [Antony,
1986] supports both top-down global, as well as optimal single resolution problem solving.

Metric computation involves 1) Euclidean distance measures (e.g., feature separation,
boundary length, percent overlap, corretation coefficient), 2) moment computation (e.g.,
centroid, center of gravity, area) and 3) fuzzy metric evaluation (e.g., near, forward, high).
Efficient evaluatiun of such metrics is fully supported by a true two-dimensional, fully
registered spatial representation.

2.2 Spatial Feature Representations

In this section a number of popular representation forms for points, lines and regions will
be briefly discussed in the context of desirable attributes of a spatial DBMS.

2.2.1 Points

The most general representation of an n-dimensional point is the real-valued n-tuple. A
pixel -based point representationis a grid-based, finite resolution representation where the
value of a pixel is either a continuous-valued (e.g., real number) or discrete-valued {c.
gray-scale code, color or integer-valued weight).

-y

The point quadtree is a non-regular variant of the region quadtree where each data point
15 assigned to a separate quadtree node. Nodes are added to the tree when search for the
point terminates at a leaf node without finding the data point. The size and shape of the
tree is dependert on the order of insertion. Since balancing the tree and deletion of data
(which, in general, requires merging nodes) are relatively expensive operations, the point
quadtree is arelatively staticdata structure.

A k-d tree (2-d for two dimensions) is a binary search tree (each node has two sons) where
the branching 15 based on alternating between x and y coordinates In the adaptive k d
tree, all data 1s presorted and stored at leaf nodes. Unlike point quadtrees, the tree shape i
independent of the order of insertion and deletion




The MX (or matrix) quadtree is a region quadtree-based representation for a finite number
of discrete data points. Each data point is associated with a single pixel in a matrix grid;
thus, the pixel size defines the minimum resolution that can be represented. The
decompaosition is regular, order-independent and a relatively dynamic data structure.

The PR (P for point; R for region) quadtree is a form of region quadtree where a quadrant
is split if a new data point belongs in an existing node. The splitting continues until the
data points are no longer in the same quadrant. The PR quadtree produces a unique
decomposition, independent of order of insertion. However, the representation may
require great depths to represent small differences between data points. Deletion may
cause node collasping.

2.2.2 Lines

Lines are extended spatial features that represent the boundary of either open or closed
regions (points and open lines can be considered to be degenerate regions). In general
lines can be represented using either regular or non-regular spatial decompositions. 11
regular decompositions, two-dimensional space is subdivided into a uniform grid structure
which may or may not be hierarchical. The boundary code is perhaps the siriplest
pixel-based line representation which specifies the ordered sequence of pixels that the line
passes through. The chain code is a form of run-length encoding where only direction
changes of the boundary are represented.

A number of tree-structured representations are based on a regular decomposition, as
well. In the edge quadtree, the leaf nodes are quadrants that possess straight line segment
approximations to the original line. The MX quadtree is a matrix (pixel-based)
representation of line segments where the line thickness is effectively the pixel width. In
the PM quadtree, each polygon vertex is a data point in a PR quadtree.

Non-regular decompositions include generating functions (e.g., polynomials), piecewise
linear approximations (e.g., end point tuples) and certain tree-structured representations
{e.g., strip tree).

2.2.3 Areal Representations

A polygon is a memory-efficient piecewise linear approximation of the boundary of an
arbitrarily shaped closed region. The vertices of the polygon are represented, in general, by
a linked-list of (x,y) coordinates. Closely related chain, boundary and border code
representations are pixel-based versions of the general polygon representation. Although
boundary-only representations are perhaps the most commonly employed region
representations, they do not explicitly represent the region interior.

Raster, pyrarnid and various tree-structured forms provide true areal representation. The
raster is a pixel-based representation of the boundary plus the interior of a region. The
pyramid is a closely associated multiple, but fixed resolution representation The region
quadtree is a variable resolution, fixed-reference maximal block size decomposition of the
boundary plus the interior of a region.
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2.2.4 Region Quadtree and the Pyramid

Because the region quadtree possesses several desirable attributes (e.g., 1) regular, 2)
hierarchical and 3) true areal representation), that are exploited by the proposed SDBMS
discussed in Section 3, an expanded discussion of this representation form is presented. The
region quadtree is a regular, recursive decomposition of Euclidean space into equal-sized
quadrants, each of those into equal-sized quadrants, down to a minimum
application-dependent resolution. By expanding only those quadtree nodes that are
partially within a quadrant, a minimal quadtree representation results.

A simple string nctation, X,X,..X, provides a unique node representation and defines a
unique tree traversal path from the root to that node. Each term in the string, X , defines a
specific quadrant, X, at treedepthi. Xisa four-valued variable that is defined as follows:

A northeast quadrant
B northwest quadrant
C southwest quadrant
D southeast quadrant

The node-string notation is simply a radix 4 coding scheme that exhibits familiar abelian
group properties with respect to addition and subtraction. The quadtree and the
associated string notation is a relative, incremental coding scheme which can be thought of
as two-dimensional run-length code Thus, for all |, 0<j<i, (XOXT.,X‘) = (Xoxl.i.XI_J) +
(X‘_“ 1--X) where + can be interpreted as either addition or concatenation. Since each
term in the string takes on only four values, each term can be represented by two bits.

Thus, a 32-bit string can effectively index 4 x10% (i.e, 2'®x 2'® raster level cells.

The cardinal and non-cardinal directions can be treated as functional operators on
quadtree nodes (e.g, east(A182A3CA) = (A182A3Da))‘ From symmetry, concatenated
opposing operators cancel each other, while non-opposing operators yield the
non-cardinal operators.

A simple nearest-neighbor move rule and effictent spatial windowing algorithms make the
quadtree a powerful hierarchically-organized spatial representation [Antony, et al,
1987]. Virtually all quadtree-related aigorithms require only integer arithmetic; many of
the algorithms can be implemented using simple table-lookup.

Since each level of the tree (denoted by i) represents a node resolution size proportional to

2", absolute and relative map coordinate computation for a guadtree node s
straightforward (e g, A representsatransiation north by 2" dv and east by 2 'dx, where dx
and dy are the x and y dimensions of the map root node) Since the region quadtree
recursively decomposes homogeneous regions into maximal quadtree blocks, the bulk of
the interior of a large region is represented by relatively few large nodes; the remaining
interior is represented by progressively larger numbers of smaller resolution blocks




A pyramid (which can be implemented as a complete quadtree) with its inherent multiple
resolution levels offers efficient top-down directed tree search potential (e.g,
AyC,D,>AC,D,X;>A,C, D, XX, for all X). For instance, consider the interrogation of a
map knowledge base to determine (1) if a bridge exists within a particular block of (n x n)
raster level cells and (2), if so, which resolution cell contains the bridge. The first question
can be answered by merely interrogating the parent node of the desired raster cell block.
In a conventional single level of abstraction raster representation scheme, the cells are

searched sequentially until the existence of a bridge is discovered. In the worst case, all n?
cells must be interrogated even though that nc bridge exists in the region.

The second question can also be answered efficiently in & hierarchically organized
database since the search for asingle bridge in the region involves only four branches that
emanate from a single node at each level in the tree. Thus, while the non-directed

(exhaustive) raster search requires an exponential search space size (on the order of 4

where n = 2'), the directed quadtree-based pyramid search involves oniy a polynomial
search space size (on the order of 4i), where i is the depth of the tree representation.

Since regular, grid-based representations are highly sensitive to translation of the
underlying reference system, a simple comparision of storage efficiency with other region
representations (e.g., boundary list) is not possible. However, a simple worst case analysis
for high area-to-perimeter ratio regions can provide insight into the storage costs of
hierarchical, regular areal representations.

A square of (n x n) pixels is a simple high area-to-perimeter (the circle possesses the
maximum area-to-perimeter ratio) region for developing quadtree memory requirement
bounds. The worst case (i.e., largest node count ) occurs when the number of required low
level nodes is maximized. A simple recursive algorithm develops a worst case
node-assignment strategy by assuming that the entire perimeter of the square must be
represented by the lowest level quadtree nodes. After removal of the lowest order border
pixels of the square, the border of th. remaining region is assumed to require
representation of all next higher order quadtree nodes. This strateqy is recursively applied

until all n? pixels have been covered.

The algorithm requires first solving for the set {aj} that satisfies:
ZaJ 2 =n
where n is the pixel length of one side of the original square region, q = 0,tor2andj = 0,

1,2, ... The number of nodes along a single border of the remaining square region at each
stage of the recursion is given by:

Cut = (cJ-aJ)/2

where ¢, = n. Thus, the number of perimeter ce''- at each stage of the recursion is

0=
0 foral=0

P = 2c -1 fora =1

) ] ) 5

4 < -4 for a

Summing over all P) yields the worst case node count.
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Figure 2 compares 1) the pixel area (n?), 2) the length of the region perimeter (4n-4) and 3)
the node count for the worst case quadtree representation for a square region. Thus, the
worst case cost (in terms of storage requirements) for representation of both the boundary
plus the interior area in a minimal region quadtree compares favorably with the cost of the
pixel boundary alone. As the area-to-perimeter ratio is reduced (e.g., small regions,
regions with convoluted boundaries), the relative cost of an explicit areal representation,
as opposed to an implicit areal representation, goes down. In the limit as the area of the
region approaches its perimeter (pixel area), the non-pointer based region quadtree and
boundary list memory requirements are identical.
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Figure 2 Worst case quadtree representation storage requirements for a square region
compared toraster and boundary list representations (courtesy Cathy Lamanna).

In general, a spatial window is an arbitrary two-dimensional region that can be
represented by a minimal quadtree A window size can be scaled by a factor of 2% (where k
is an arbitrary positive or negative .nteger) by erely incrementing or decrementing
subscripts 1n the quadtree locational code {node string notation) subscripts by k. The
centroid (or ary other node) of a window can be tra: slated to an arbitrary quadtree ncde
by calcutating the directed distance between the current and desired centroid node
location and applyirg the appropriate set of x and y offrots to all nodes within the window
or by rebu.'dirg the window about the new centroid position based on nearest ne:ghbor
node relationships within the onginal window
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Distance metrics can be developed between any of the six combinations of point, line and
region features, such as closest distance, centroid separation and percent overlap. Since
the quadtree is a refative coding scheme, the Euclidean directed-distance between two
nodes can be computed as the term-by-term subtraction of the two node strings (or
locational code). The x- and y- components of all possible resulting terms are summarized
in Tabie 1 The relative distance magnitude between any two nodes is the square root of
the sum of the squares of the respective x- and y-components.

Tab'e 1 String interpretation for node evaluation and distance computation.

String term x-component y-component
A 2-i 2-i
B; 2= 2-i
Ci -2-i -2-i
0y 2-1 -2-i
Ai-B 2-i+1 0

‘ A -G 2-i+1 2-i+1
A -Dj 0 2-i+1
8 -G 0 2-i+1
B;- D, —2-i+1 2-i+1
C-0; _2-i+1 0

Note: (U; - Vj) = - (V- U;)

Likewise, the x- and y-components of a series of nearest-neighbor moves can be
accumulated so that arbitrary path lengths can be computed. The x- and y-comporerts of
each of the nearest-neighbor moves depends only on the node size and the move class {i e,
either cardinal or non-cardinal).

Using an 1image processing approach, hoth absolute and relative metrics can be computed
between arbitrary combinations of point, line and region features. Since points and lines
are merely degenerate regions, distance can be developed vy incrementally growing
regions until an intersection occurs. The efficiency of the algorithm can be improved by
using hierarchical, multiple resolution region growth to rapidly locate and then refine
candidate intersections.

2.3 Representationissues

As mentioned in the Introduction, the key to memory efficiency is data compression. The
key to search efficiency is storage of data along natural search dimensions. The key to
problem solving efiiciency is minimization of both the overall search space size and
required transformation and manipulation of the data.
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The following representation taxonomy for spatial features provides a natural first step in
the top-down conceptual design of a spatial database:

1) True vs. non-true two-dimensional representation

2) Hierarchical vs. non-hierarchical representat' an

3) Reguiar vs. non-regular repre<entation

4) Static vs. dynamic representation ciasses

5) Homogeneous vs. heterogeneous representations

6) Natural parallel and distributed database implementation potential

True Two-Dimensional vs. Non-Two Dimensional Representation

in general, a true two-dimensicnal representation inherently preserves adjacency, while in
non-true two-dimensional rcpresentations, adjacency ic aither a catalogued relation or
may require extensive search and test to evaluate. True two-dimensional representaticns
store point, line and region features in @ manner analogous to the acetate overlay
paradigm. Thus, the region quadtree, pyramid and raster are considered true
two-dimensional or explicit areal-based representations, whiie the polygon. boundary
code, chain code and vector representations {(which represent only region boundaries) are
considered non-true two-dimensional representations. The underlying spatial
decomposition can be either grid-based or non-grid based.

Set operations, spatial windowing, spatial search, distance metrics, moment calcuiation
and spatial clustering are all inherently two-dimensional cperatons. Potentially large
reductions in search space size and related generate-and-test operations are saved by
supporting true two-dimensional spatial search of a database. Without the concept of
adjacency of spatial features, the above operations may require search of large portions of
the database For alarge number of regions, even the use of region bounding boxes (i e,
the set (xmdx, Xt Yeoaxe Yorin) for all features) may prove too costly In addition, the
bounding bux is an ineffecuve search space control technique for extended lire features
such as roads, rivers anJ tupographic contour lines.

Hierarchical vs. Non-Hierarchical Representations

Hierarchical representations support 1) problem solving at the most natural and &fficent
level of abstraction, 2) efficent top-down globai problem solving and 3) gererai za*on
and special:zation Multiple resolution algorithms operate over the resolution ¢ontinuum
from globa' to local, potentially employ:ng mixeu top-down and bottom-up reasonrg For
nstance, the 'osest road to a particular (x,y) coordirate can be fourd efficertly by
region-growing the pomnt (x,y) 1 large steo sizes unti an intersection occurs, the
ntersection can then refined by higher résoution region fontraction ! grow'th Likewise,
top-dov n recurnve path planning aigorithm can plan a route for an autonomous vehirie,
while the same algorithm (operating at or near the maximum resolution of the dutubase)
can contro! the vehicle «while enroute [Antory, 1986] If an obstacle appears n the vehidle's
path {e g, abridge s discovered to have heen washed out), a path around the obstadle can
be developed by reimitianon of the top-down path planring based on the preser’ vericle
position and situation cortext.
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Regular vs. Non-Regular Representation

Regular decompositinns use a fixed grid size at each level of the decomposition and have a
fixed resolution relationship between levels. When coupled with a true 2-D representation,
regular decompositions support highly efficient spatiai search, windowing and set
operations. However, unless data is uniformly distributed at all resolution levels, regular
representations tend to be highly memory-inefficient. In genera!, low resolution
representations possess relatively uniformly distributed spatial fea.ures, while high
resolution representations possess non-uniformly distributed spatial features. Thus, regular
decompositions are most appropriate for low resolution representation.

Homogeneous vs. Heterogeneous Representation

Figure 3 depicts the data representation taxonomy for the above representation issues and
Table 2 compares the relative efficiency of the first three representation attributes. In
general, data structures that are non-hierarchical, non-true 2-D and non-regular are the
most memory-efficient and the least search and problem-solving efficient. in effect, the
compactness of the representation forces extensive search and "decoding” which, in the
latter, are preserved at the expense of memory efficiency. Thus, an implicit tradeoff exists
between the compactness of the representation and the efficiency with which the data can
be accessed and utilized.

Spatial representation

Non-hierarchical Hierarchical Non-hierarchical

Variable Variable

2-D run length Points  Regions d tre
maximal block Lines  boundary code point quadiree
Pyramic kd tree chain code polygon R-tree
Hasu:: fegion quadtree - pojnt quadiree vector strip tree
pixe MX quw"ee s(np tree bouﬂdiﬂg box
PR quadtree

Figure 3 Spatial representation taxonomy.
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Table 2 Relative comparison of memory, search and problem solving efficiency of various
spatial feature representation classes.

efficienc
Data Structure Classes y
memory search problem solving

True 2-D (explicit areal) X X
Non-true 2-D (implicit areal) X

Hierarchical X X
Non-hierarchical X

Regular decomposition X X
Non-regular decomposition X

While, conventional databases are often built upon a single primitive element (e g, data
record, linked-list structure), a hybrid approach to database representation and
organization seems very natural since:

1) point, line and region features, as well as semantic objects and concepts must be

represented;

2) atrue 2-D creal representation is a highly efficient form for performing spatial search

and set operations among all classes of spatial features;

3) hierarchical representations support the continuum from global top-down to highly

local reasoning; and

4) reqular decompositions provide efficient and powerful representations of uniformly
distributed features; non-regular decompositions provide efficient representation of

non-uniformly distributed features.
Static vs. Dynamic Representation Classes

Dynamic representations require relatively inexpensive insertion and deletion operations,
while, static representutions are those data structures that may require extensive tree
rebalancing, table reconstruction or node splitting or collasping for insertion / deletion of
data.

The temporal dependency of the data itself falls within three rough classes Static data
includes the relatively unchanging features such as elevation, soil type, roads, rivers and
forest. Quasi-static features includes relatively slowly changing data such as weather, river
crossing sites, situation and threat assessment. Dynamic data includes rapidly changing
data such as sensor reports, current situation and collection management databases. Thus,
in order to support efficient operations among all three classes of data, a database must
possess relatively dynamic data structures.
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Parallel vs. Distributed Database Implementation

Since the database isintended to support a broad range of applications over many levels of
problem abstraction, a parallel and distributed implementation is highly desirable.
Distribution of 1) data, 2) search and manipulation and 3) control across a processor
network (either tightly or loosely coupled) effectively provides very large incore data store,
while minimizing search and processing bottlenecks. A global database can thus be
distributed spatially and/or logically within a network of nodes to satisfy demanding
access, memory and processing speed requirements.

3. Proposed Database Framework

In general, semaniic objects possess two-dimensional spatial attributes that can be treated
as point, line and region objects. Based on the six database representation issues discussed
above, a hybrid representation is proposed that provides an object-oriented
representation of semantic objects, as well as an object-oriented representation of
two-dimensional space. The representation consists of 1) a pyramidal multiple resolution,
object-oriented spatial representation, 2, the region quadtree and 3) an object-oriented
semantic representation. Figure 4 shows the essential components of the proposed spatial
representatior structure. Figure 5 depicts the composite view of the proposed database
showing both the semantic and spatial object-oriented elements that coexist within a
single object-oriented database (OODB).

At a low resoluiion, spatial data tends to be uniformly distribhuted; as the resolution is
increased, sucn data tends to become non-uniformly distributed. Thus, an efficient
database design should provide both uniform and non-uniform representations in support
of low and high resolution reasoning, respectively. Low resolution spatial reasoning
supports global decisionmaking by providing inherent focus-of-attention that restricts the
size of the required search space prior to performing more refined (higher resolution)
reasoning.

Only a non-regular representation can efficiently represent non-uniformly distributed high
resolution point, line and region data. In the proposed representation, refined resolution
data utilizes vectors to represent points and lines and minimal region quadtrees to
represent regions.

The complete quadtree-based pyramid with its object-oriented cell representation
provides a uniform, object-oriented spatial repre<entation. The pyramid possesses an
entity-relationship graph structure, where the nodes are object-oriented representations
of spatial regions and the arcs define the geographic decomposition {and thus the
parent/child spatial relationship between objects). General properties of features are
inherited from below.

The point, line and region features that occur within each minimum resolution pyramid
node will be represented as shown in Fig. 4. Point and line features can be efficiently stored
as a hierarchical string name (e.g., class>subclass>...>name), an asscciated vector
representation, and other optional attributes (e.g., time stamp).
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3.1 Point features

Point features within a minimum resolution pyramid cell have a straightforward mapping
to the semantic object representation. Examples of point features include bridges, road
intersections, buildings, and radar sites. For the inverse mapping, the semantic object
frame points to a single minimum resolution pyramid node, which in turn maintains the
precise location of the object in node-offset form. The node-offset form expresses x and y
position offsets relative to the center of the respective quadtree node. For a 1 km minimum
resorution pyramid cell, 1 m accuracy can be achieved by the use of 10 bit position offsets.
Because of the location uncertainty and spatial extent of physical objects, certain "point"
features may be more appropriately represented as regions.

3.2 Line features

Within a minimum resolution pyramid node, each line feature is represented as an object
whose attributes are the vertices of a piecewise linear function stored in a quadtree
node-offset form. Thus, the semantic line object consists of a set of spatially distributed
objects each of which represents that part of the lineal feature that falls within a single
minimum resolution pyramid cell.

Assuming a 100 km x 100 km region of interest, consisting of 100 roads with an average of
50 line segments per road, a raster representation of 10 m resolution requires 108

resolution cells, a pure vector representation requires 5x103 end point pairs and the
proposed representation requires 133 pyramid cells {for a 1 km minimum resolution

pyramid node size) plus approximately 5x103 end point pairs. The advantage of the latter
representation is that for a large class of spatial reasoning problems, spatially conditioned
semantic queries can significantly reduce the total number of raster cells or road segments
that need to be searched.

For lines and regions, the relationship between the spatial and semantic object-oriented
representations are not 1:1. An explicit pointer links the spatial representation of the
named line scgment to a specific semantic object. The inverse link points from the semantic
object to one or more pyramid nodes that contain the line feature (e g, line centroid,
beginning node, all nodes). Any part of the line feature can then be accessed by simple
nearest neighbor quadtree moves within the minimum resolut'~n pyramid cells and use of
the underlying vector data.

Since, in general, a search region has an arbitrary spatial shape (i.e., spatial window) and
within such a window, set operations among point, line and region data may be required,
the proposed hybrid pyramid/vector representation (with its uniform low resolution
representation) offers advantages (e.g., supports efficient set operations) over strictly
non-uniform lineal representations. in addition, with many standard tree-structured lineal
representations, multiple intersecting lines present difficulties and large tree depths are
required if line segment end points are represented at the pixel level.
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3.3 Region features

The pyramid provides a hierarchical spatial indexing scheme for generic regions. Each
pyramid cell (or one of its offspring nodes) point to the named semantic object for the
regions present withir. that cell. In the inverse mapping, the region objects point to the
minimal quadtree representation of the region. Since the root node of the quadtree
representation (or some higher fevel parent node) has the same string representation as
the pyramid node, the region object points indirectly to the pyramid representation. Thus,
the pyramid provides a representation that facilitates hierarchical, multiple resolution
region location and manipulation; refined region processing utilizes the respective
minimal quadtree representation.

Although the "boundary-only” representations (e.g., polygon, chain code, boundary code)
are very popular, memory-efficient region representations, since they are not true spatial
representations, they do not support computationally efficient set operations (e.g., spatial
windowing, intersection), metric computation or path planning. In addition, certain
classes of regions (e.g., bounded regions with included holes, multiply-embedded regions)
are not easily represented and manipulated.

3.4 Summary

A hierarchical, object-oriented spatial representation for point, line and region features
has been proposed. When this representation is fully integrated with a semantic object
representation, the object-oriented spatial DBMS (SDBMS) structure shown in Fig. 5 results.
The primary organizational hierarchy is shown along the y-axis. In general, specialized
objects inherit characteristics and attributes of their generic object class. The specializatio..
of objects within a single class of the hierarchy is shown along the x-axis; further
refinements are depicted along the z-axis. The pyramid provides a uniform, hierarchical
representation of attributes that supports efficient spatially indexed set operations and
associative processing.

Four natural frame-based object representation forms are used in the proposed database.
The genera! semantic object has a conventional attribute-siot form with associated
pointers and procedural constructs. The pyramid object employs either a general object
structure or a simple bit-coded feature vector representation that summarizes point, line
and region features found within its spatial bounds. The vector object is simply a link-list
representation (in node-offset form) of named points or piecewise continuous line
features. Finally, a region object is a minimal quadtree node representation of a named
two-dimensional region.

The proposed SDBMS organization allows complex object-oriented queries, as well as
efficient two-stage spatial reasoning. In the first stage of spatial reasoning, point, line and
region features share a uniform, fully registered low resolution object-oriented pyramid
representation that facilitates global reasoning, spatial focus-of-attention and offers
potentially massive search space reduction over non-hierarchical, non-true spatial
representations. Point objects are linked directly to the corresponding minimum resolution
pyramid cell. The entity-to-spatial line object link allows continuous line feature-following
via nearest neighbor moves within the pyramid. The region feature link is a pointer to the
minimal quadtree representation of that region. The spatial object-to-semantic object
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representation link for points, fines and regions is an explicit pointer from the spatial
object to the appropriate semantic object. Thus, the proposed SDBMS provides both an
efficient representation of two-dimensional spatial attributes of objects and features, as
well as a natural spatial window into the semantic database.

The development of a generic spatial reasoning front-end for the proposed SDBMS would
effectively create an intelligent database. The availability of such an intelligent database
would simpiify and expedite the development of application software, reduce the
application-level communication requirements with the database and insure the efficient
use of the rich object and spatial oriented SDBMS data structures. Thus, while the low-levei
SDBMS would handle primitives such as locking, data maintenance, data distribution and
search, an intelligent database frontend would reformulate high level data queries into
low level database operations, perform generic reasoning, and insure efficient search due
to its intimate knowledge of the database. When desired functionality is not supported,
the high level interface would simply be bypassed .

The intelligent interface can actually be implemented as a collection of specialized
interfaces to a single (possibly distributed) SDBMS, each optimized for specific classes of
operations or operatioral domains (e.g., target tracking, classification, multisensor
correlation, generalization / specialization, path pfanning); likewise, the interface
language can be tailored to the classes of generic reasoning performed by the database
frontend. A more complete discussion of the details of the proposed SDBMS is found in
[Antony, 1989].

4. Summary and Conclusions

A wide range of complex, real world manual decisionmaking tasks capitalize on the
human's spatial reasoning ability. An autemated system capable of performing real time,
dynamic spatiai reason.ng is thus a critical element in the automation of such analytica!
tasks. Efficient problem soiving depends heavily on the efficiency of the knowledge base
search process; search efficiency depends in large measure on the organization of the
database. Thus, problem solving efficiency can be enhanced by the use of a database that
provides search dimensions that are natural to the problem domain. A key to efficient
search is to store data along natural query dimensions that minimizes the size of the search
space and the requirement for computationally expensive generate-and-test operations

The goal of the top-down design of a DBMS is to select representations that simultaneously
achieve ') memory efficiency, 2) search efficiency and 3) problem solving efficiency  Six
critical representation issues were discussed:

1) True vs. non-true two-dimensional representation
2) Hierarchical vs non-hierarchical representation

3) Regular vs. non-regular representation

4) Static vs. dynamic representation

S) Homogeneous vs. heterogeneous representation
6) Parallel vs distributed implementation potential
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A multiple representation approach allows the three broad design goals to be satisfied by
trading among strengths and weaknesses of various representations.

Since automated spatial reasoning involves both object-oriented and spatial-oriented
reasoning, an efficient implementation benefits from a fully integrated spatially and
semantically organized database. (n additicr, the intrinsic advantzges of a two stage
spatial representation and reasoning process was emphasized. In the first stage, a
hierarchically organized, uniformly sampled (regular) spatial representation provides
efficient search space reduction by supporting both hierarchical and spatially-windowed
search. In the second stage, non-uniformly sampled spatial representations provide
memory efficient, refined representations of point, line and region features.

An object-oriented quadtr. -based pyramid repre,ctation integrated with vector, region
quadtree and semantic object representations was recommended as a powerful and
robust, spatial database management system (SDBMS) organization. Specific applications
may benefit from further specialization of the underlying spatial representations {(e.g., an
oct-tree to complement or replace the region quadtree representation). The unique
characteristic of the proposed SDBMS is the maintenance of a hybrid uniform/non-uniform
multiple resolution spatial object representation within a conventional semantic
object-oriented database.

High speed access to the knowledge base depends on both efficient search and effective
implementation. In a conventional DBMS, with host-resident software and disk-resident
data, data access time depends both on the search space size and the disk retrieval time.
The proposed SDBMS supports reduction in the search space size; a muitiple processor
implementation can substantially reduce disk retrieval requirements, since a significant
portion of the overall database could be resident within active memory of a multiple
processor network. In addition to the speed advantage of RAM access relative to disk
access, such an implementation offers the potential for sophisticated concurrent search
and manipulation.

Tk 2 develanmant o an irtellinent datahase interface was recommended that transforms
high level queries and spatial reasoning tasks into lower level generic database queries and
operations. Such a capability would simplify and expedite application development,
minimize communication with the database, insure efficient database search and mask the
complexity of the underlying database organization.
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ABSTRACT

Artificial Intelligence (AI) has the potential to
greatly cnhance the effectiveness and lethality of Arry
systems employed on the future battlefield, Civen the
Army's role as a ground force, however, it is clear that
terrain knowledge will e key to the successful
inteagration of AI tools into the planning and execcuticrnr
of battlefield tasks.

Tt 18 the responsibility of the Concepts and Analysis
Division {(CAD) at the U.S. Army Engineer Topographic
L.aboratories to ensure that today's researchers
support ing future Army systems are cogrizant of both
current and planned digital topograrhic data bkases.
Through careful management of the Army's digital
topographic data requirements, costs associated with the
capture and use of thece data will be minimized.

1. SUPPCRT FROM THE ENCINEER TOPOGRAPEIC LABORATORIES

Within the Engineer Topographic Laboratories (FETL),
the Concepts and Analysis Division (CAD) serves as the
2rmy's center of technical expertise for all military
applicationg of digital topographic data (DTD).
Ccrelopers considering the use of DTD for any system
application should coordinate with CAD as early =zs
possible in the development cycle of their system. CAD's
functions include: (1) maintaining technical liaison
with DpD, DA, DMA arA private industry, (2) providing
technical support to the Army RDT&E community, (s3)
serving as a technical resource for combat develope s and
the analysis community, (4) conducting technical reviews
of requirements documentation and Jdoctrinal publications
and, (5) providing/evaluating prototype terrain data
bases. Through these functions, CAD can ensure the
rateriel and combat develaper of .easonable database
support, prevent the writing of overstated DTD
requirements and eliminate redundant contractor support.
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2. SUPPORT FROM THE DEFENSE MAPPING AGENCY
2.1 - URRENT DATABASES

The Defense Mapping Agency (DMA) currently produces
more than fifteen (1%) digital MC&G products. Thece
products have been produced to satiafy the validated
requirements for specific systems within the DoD
comrunity. As such, most of these databasec have lirmited
or no utility outside their intended system application.
However, the Digital Terrain Elevation Data (DTED) and
Digital Feature Analysic Data (DFAD) products are uncd
for a wide range of military applications as general
purpose, mecium resolution MC&G databases. Wiren
referenced together these products are icdentified ac tle
Digital Landmass System (DLME). Fach of tltece data haces
has its own product specification.

2.1.1 DTED

DTED is currently cvailapvle as a Level 1 standard
product and consists of a uniform matrix of terrairn
elevation values with 100 m (3 arc sec) post point
spacinag. The information content is approximately
equivalent to the contour information represented on a
1:250,000 scale map. The standard file size is a 1 deg x
1 deg geographical cell. DTED Level 1 coverage is
available for many geographic regions worldwicde and ig
distributed on 9-track magnetic tape.

2.1.2 DFAD

DFAD is currently available as a Level 1 standard
prcduct. DFAD consists of selected man—-rade and rnatural
plariretric features, type classified as point, line or
area features as & function of their size ard
composition., The data is stored in polygon format and
segregated into 1 deg x 1 deg geographic cells., The
information content ig approximately equivalent tc theoe
features found on a 1:250,000 scale map. roth 1st and
2nd edition LFAD Level 1 products are available. The
editicn product contains lines of communicaticn {(LOC)
data. The 1st edition data is available for rany
ageograrhic regions worldwide, whereas 2nd cdition data
coverage is very limited. UDFAD Level 1C, preducea f:ror
map source, 1< also available for limited arecac,

~ a
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2.7 FROTOTYPE DATA SETS AND FUTURF DATARASES
2.2 DTED on CE-ROM

l'urirag FY89, DMA rlans to beain distributicen of DTHD
Level T on o corpact, rcad-orly merory optical disk (¢D-
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ROM) . A key advantage of the CD-ROM over magnetic tape
is that a CD-ROM cannot be written over or modified,
thereby protecting the data from alteration. CD-ROM is a
non-ragnetic data storage medium and, therefore, is not
affected by electro-magnetic pulse (EMP). Fach disk hacg
a storage capacity of 600MB and can hold well over 206 (1
deg x 1 deg) DTED Level 1 cells. A CD-ROM reader (disk
drive) can be interfaced easily with a microcomputer,
thereby providing a wide range of users with access to a
terrain elevation data base.

Army is currently evaluating twe (2) prototype data sets
on CD-ROM that have been produced by DMA., One disk
contains 341 DTED Level 1 cells and the other disk
containg 275 DTED Level 1 cells, with coverage for Creat
Britain, Central and Fastern Europe and the Soviet Union.
An applications software package, provided on floppy
disk, enables the prototype evaluators to extract DTED
information for a single coordinate location as well as
the surrounding elevation posts, and perform data
manipulations such as i1ine-of-sight, tinted elevations,
contouring and perspective views. The goals of the
evaluation are twofold: to determine the advantages that
CD-ROM has over 9-track magnetic tape and to determine
the utility of DTED on CD-ROM for Army users.

2.2.2 DFAD Level 1C Plus

A new DMA prototype, DFAD Level 1C Plus, is likely to
be released as DFAD Level 3C in the future. This
1:250,000 scale product contains 1:50,000 scale patches
that are compiled from the 1:50,000 Topographic Line Map
(TLMS0). Consult the latest DMA catalog for
availability.

2.2.3 Tactical Terrain Data (TTD)

TTD is intended to be the basic operational terrain
data set supporting future land combat, close air
support, and amphibious operations. TTD consists of both
elevation and feature data. The elevation data consists
of DTED Level 2 (1 arc-sec spacing). The feature data
are consistent with the Tactical Terrain Analysis Data
Base (TTADB) thematic overlays and special features from
the 1:50,000 Topographic Line Map (TLM) and combat chart.
A TTD prototype has been produced for a 15 min x 15 min
area covering Fort lood, TX. This prototype data set is
available in both a non-integrated version (eight
topologically separate theme files) and an integrated
version (rnine 5 min x 5 min tiles each with a single
topological layer). User derfined geographic information
systems (CIS) must have the capability to extract user
themes from the integrated version.
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The elevation data is represented as a matrix
structure; the feature data uses Minimally Redundart
Topology (MINITOPO) as ite structure. Feature categories
will be those contained in the Feature Attribute Coding
Standard (FACS). The exchange format for the initial TTD
prototype is the Spatial Data Transfer Specification
(SDTS). SDTS incorporates the American National Standards
Institute (ANSI) IS50-8211 at the transport level,

Production of TTD is not scheduled to begin until
after 1992. ODCSINT has recommended to DMA that initial
production of TTD correspond to areas where extensive
terrain analyses have been dorne, e.g., areas where
TTADFE's have been produced. While DMA has not endorsed
this approach in writing, there are strong indications
that DMA will adopt this »roduction strategy. The
determination of area requirements falls under the
purview of the Commander-in-Chiefs (CINCs) of the Unified
and Specified Commands (U&S Commands) that meet
biannually with DMA to review area requirements. DMA
then prioritizes those requirements in their Program
Objective Memorandum (POM). Generally, strategic
reguirements have priority over tactical requirements.
To our knowledge, actual TTD producticn plans have not
been formulated by DMA,

2.2.4 Interim Data Bases
2.2.4.1 Interim Terrain Data (ITD)

ITD has emerged as the solution to providing a
tactical-level digital product that will support the
Army's near-term (1989-1993+) tactical and analysis
community digital topographic data (DTD) requirements in
the years before Tactical Terrain Data (TTD) becomes
available in volume. ITD will be produced by DMA. The
driver behind the new DMA ITD production program is the
Army's Digital Topographic Support System (DTSS), which
has a validated requirement for ITD. DMA will support
the DTSS program with ITD, initially for upcoming system
testing in 1989 and, eventually, for fielding between
1992-1994,

DMA proposes building ITD data sets initially through
software conversion of existing Terrain Analysis
Production System (TAPS) data, then by digitizing
hardcopy (analog) tactical/planning terrain analysis data
bases (T/PTADB's) and finally by new product generation
via the DMA Mk.85 Feature Extraction Segment (FE/S) using
data collection software designed for terrain analysis.
By the end of 1988, DMA expects to produce the firsc ITD
data sets through a conversion of the six 15 min x 1% min
cells of DTD generaced from the [now-defunct] TAPS, The
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TAPS software conversion process will include both data
exchange format and coding schema changes.

The mejority of the ITD data sets will be produced
from the existing analog products and will consist of six
segregated files that represent the T/PTADB terrain
feature data themes of surface drainage, surface
materials (soils), surface configuration (slope),
vegetation, transportation, and obstacles. ITD data sets
generated on the FE/S will have integrated files rather
than segregated files and will not contain slope data.
For all ITD data sets, terrain elevation data will likely
be provided as DMA Digital Terrain Elevation Data DTED
Level 1 (3 arc-sec data). The ITD prcduct exchange
format is currently being negotiated; however, it will
likely be DMA's Standard Linear Format (SLF), while the
feature and attribute coding schema will likely be the
DMA Feature File (DMAFF).

DMA delivered their draft Prototype Product
Specifications for Interim Terrain Data (ITD) to the Army
in September 1988. CAD has evaluated this document and
is presently investigating other ITD and ITD-related
issues including Army co-producibility of ITD, data
structure, format and coding schema conversions, and
quality control software development.

2.2.4,2 Electronic Map Displays (EMD)

EMD refers to digitally recorded, or scanned,
pictures of maps that can be used to recreate the image
of the paper map or a computer display. The Army
articulated its requirement for an EMD product in the
Statement of Requirements for a U.S. Army Electronic Map
Data (EMD) Product. This document was forwarded by CAD
to the Office of the Deputy Chief of Staff for
Intelligence (ODCSINT)} on 22 Jan 88. While no product
currently exists that fully satisfies the Army's EMD
requirements, DMA expects to produce a raster-scanned map
product, ARC Digitized Raster Graphics (ADRG), in FY89,.

The specifications for the ADRG format and storage
mecdium (CD-ROM) were driven by the Navy's validated
requirement for the product in support of the AV-8B
Harrier Program. The ADRG is produced from hardcopy
graphic products as a multicolor digital replica and does
not contain separate feature files. The ADRG can,
however, be reformatted to serve as & short-term interim
solution to meeting some Army EMD requirements. A fully
satisfactory EMD product would allow the Army user to
manipulate specific groups of map features independently,
as separate files, and would have minimal requirements
for storage and pre-processing. CAD is investigating the
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possibility of preparing an EMD prototype that will meet
these requirements.

3. DMA DIGITAL DATA POLICY
3.1 DIGITAL MC&G DATA REQUIREMENTS FOR EMERGING SYSTEMS

Each of the Military Departments will: "Review
ongoing system development programs to identify the need
for unique mapping, charting and geodesy (MC&C) products.
Beginning in the FY88 POM, fund [unigque] MC&G activities
in the program element for the associated system for
later transfer to DMA for execution. Ensure that, as new
systems enter full-scale development, the necessary f¥nds
for MC&G requirements are identified end programmed."

3.2 DMA DIGITAL DATA TRANSFORMATION

All new transformation processing requirements will
be reviewed through Department channe%s and approved by
the Assistant Secretary of Defense (C°I) prior to DMa
implementation. New reguests should be gorwarded through
DMA to Assistant Secretary of Defense (C’I). The burden
of proof is on the Department to show the economic
benefit to DoD, or the operational reason DMA
transformation processing should be approved. A major
consideration is to maintain interoperability of MC&G
digital data among DoD systems to minimize duplication,
redundancy, and costs of processing.

3.3 DMA DIGITAL DATA REQUESTS
3.3.1 Fielded Systems

Activities reguiring available digital data for use
in Department-approved fielded systems may forward their
requests in accordance with applicable Military
Department regulations directly to the DMA Combat Support
Center.

3.3.2 Developing Systems

Activities requiring digital data for any other
application, and especially for proposed, prototype, or
developing systems, will forward their requests through
the appropriate channels and in accordance with
applicable Military Pepartment regulations. All Army
activities will submit digital data requests to CAD,
USAETL, for evaluation and endorsement. Fndorsed
requests will ke forwarded, first, to ODCSINT for

1 DEPSECDEF Program Decision Memorandum, August 1985
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validation and, then, to DMA for final processing and
distribution. Service validation of a request at ODCSINT
may take 1 week; the processing time at DMA is 6-8 weeks,
These processing times are estimates for routine requests
only.

Customers should note that the minimum pipeline
production time required for data on new geographic areas
is approximately two years, assuming a high JCS priority.
When contractors require data to support other than
fielded systems, they must submit a request through their
government sponsor.

3.3.3 DNon-standard Data Requests

Activities requiring non-standard digital data must
agree to the terms of a conditional release memorandum
which restricts their use to proof-of-concept analyses,
modeling, and simulation studies. These data shall not
be used as part of any operaticnal data base nor used as
a system design criterion. A copy of the memorandum will
be forwarded to the requestor for endorsement. The
subject data will not be shipped until a signed copy of
the endorsement has been received in CAD.
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ABSTRACT

Representing terrain at multiple levels of abstraction can help in the automated terrain
reasoning task. Scale-space representations provide the capability to quickly search
for features based on the level of abstraction necessary for particular terrain reasoning
tasks. The representation retains the finest resolution of the data while progressing
through greater levels of abstraction, yielding a unique fingerprint for the terrain.
Reasoning about how features change over levels of abstraction provides valuable
information about terrain formations. A graph representation has been developed in
conjunction with the scale-space image of the terrain to aid in retrieval of feature
information. An example of feature extraction for an observation mission is given.

1. INTRODUCTION

With the advent of semi-automated generation of digital terrain maps in conjunction
with high speed digital processing, the automatic analysis of terrain for military
missions, or "terrain reasoning,” has become feasible. On the other hand, terrain
reasoning is computationally demanding because it can involve a great deal of
geometric computation, and the computation must be done during both the
specification of a mission and its execution. To reduce demand on computational
resources, it is envisioned that flexible pre-computed spatial representations will have a
role in reducing the computational complexity of geometric reasoning. This paper
proposes methods for using scale-space representations in the analysis of digital terrain
data. In ihis paper we discuss the problem, describe scale-space representations, and
then present an application which combines scale-space with other representations for
a sample mission problem.

2. PROBLEM

Planning of a military mission is a hard problem. There are a number of factors
involved in choosing a successful mission strategy. The important strategic factors are
usually based on terrain features and are difficult to envision in detail. Since the
results of analysis depend heavily on the current military situation, pre-computed, a
priori information obtained from a map may be useless in determining a course of
action. Any pre-computed representations used must be flexible enough so that they
can quickly be transformed or searched to find the appropriate information for mission
tasks at the time of their execution.
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Speed and generality are two advantages to using pre-computed representations rather
than the typically more computationally intensive algorithms that use raw data and give
exact answers. For example, consider the task of finding good observation points.
What constitutes a good observation point depends on a number of factors, the
primary ones being: the location of friendly forces, the probable location of enemy
forces, and the accessibility to the units that are tasked to make the observation. In
addition, the locations of all the players in the situation is constantly changing, and
therefore a static analysis quickly becomes inappropriate. It would be computationally
prohibitive to perform the calculations for the possible observation points by
pecforming visibility computations based on enemy positions. In addition, since the
situation will change, these computations would have to be repeated frequently. On
the other hand, observation points chosen by heuristic measures can be obtained
quickly. Although heuristically chosen observation points may not be optimal for any
specific situation, their generality may make them preferable when uncertainty and
change are taken into account.

When looking at map elevation data, one can see various features which may be
considered important for planning. From a contour line representation of elevation
data, regions of local minima and maxima are easily extracted. These local extrema are
useful for reasoning about strategic locations in mountainous terrain. Slope data can
be segmented into regions of similar slope. High slope regions are typically
intraversable, and are therefore considered an important feature. One can naturally
extend the search for features from analyzing raw elevation data and slope data to
investigating the first deriviative of slope, i.e., concavity data. Concavity information
should easily distinguish features like saddle point regions, regions amenable to
masking, and the texture of a region.

Elevation map data does not change with time, however, some features intrepreted
from this data may change with respect to the level of abstraction for which the data is
viewed. For example, when looking at a mountain range, one notes different features
at various levels of abstraction: at a high level, dominant mountains; at a middle level,
majer rock formations; and at a low level, individual rocks For military missions, the
level of abstraction required for viewing the data is typically determined by the level
and scope of the planning task. High level planning may require reasoning about
mountain ranges, thus requiring a view of the data from a high level of abstraction.
Likewise, the lowest level of planning involves very local features such as hills and
gullies, thus requiring a low level of map data abstraction.

3. SCALE-SPACE REPRESENTATIONS

Representing terrain at multiple levels of abstraction can help in the automated terrain
reasoning task. Scale-space representations provide the capability to quickly search
for features based on the level of abstraction necessary for particular terrain reasoning
problems. 1-D scale-space representations have been shown to be useful in
characterizing signals abstractly (Witkin,Terzopoulos, Kass 1987). Extension of the
1-D scale-space to a 2-D surface provides a representation that uniquely identifies
important terrain features.

The method used in this paper for identifying features within elevation data is based on
scale-space filtering (Witkin 1983). First, scale-space filtering is introduced by
presenting the method as applied to a 1-dimensional signal. Then, the generalization
of this technique will be presented for 2-dimensional signals -- precisely the form of
elevation data.
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3.1. 1D Scale-Space

Scale-Space filtering is a technique for analyzing a signal qualitatively. When
interested in determining the qualities of a signal that are most interesting, the extent to
which one identifies a feature as important is largely dependent on the scale at which
one looks at the signal. For instance, when the signal of Figure 1 is considered, one
may say at an abstract level that the signal is characterized by three important features:
a hump at the beginning of the signal, a period of low magnitude, and a final long
region of large magnitude. At a lower level of abstraction, one may note the rippling
in the low magnitude region, and at yet a lower level, one may look closely at the
signal and note a bit of noise in the signal. How does one proceed to determine the
features of a signal at various levels of abstraction?

f(x)

>

Figure 1. A general 1-dimensional signal.

Let us consider, in general, the method of scale-space filtering. A 1-dimensional
signal may be smoothed by convolution with a Gaussian filter; smoother signals result
from Gaussian filters with larger variances, as illustrated in Figure 2.
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Figure 2. Smoothed Signals with varying Gaussian filters
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Consider the variance of the Gaussian filter to be a parameter of scale. In scale-space
filtering, one smooths the signal with increasing variances (scale) and records the
locations of the inflection points of the resultant smoothed signals. These inflection
points will move continuously upon continuous variation of the scale parameter. A
plot of the inflection point locations versus the scale parameter provides a scale-space
image of the signal (see Figure 3). The scale-space image is a unique description of
the signal (Yuille and Poggio 1986) (Babaud et. al. 1986), thus one might consider
this to be the "fingerprint” of the signal.
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Figure 3. Scale Space Image

Analyzing the scale-space image of a signal establishes a qualitative interpretation of
the signal. An individual contour within the scale-space image is termed an event; the
geometry of these contours is surprisingly simple. An event originates at two distinct
locations at the finest scale, and closes above at some peak scale. This property allows
one to generate a coarse scale description of an event by tracing the event contour to its
fine scale zero crossing locations. When one event terminates at a higher peak scale
than another event, then we call the former more persistent. One can then describe an
event in terms of its persistence through higher levels of abstraction.

While the persistence and inflection point root locations characterize an event, the
events establishing important features within a signal will depend on the application.
In Figure 3, the presence of noise in the signal is represented in scale space by the
frequent occurrences of low peak events. The noise is quickly smoothed by the
Gaussian filter, and thus does not persist through higher scales. We see that the mid-
range of scales preserves most of the qualities of the sigral. Fina'ly, the highest scale
eliminates all but the general form the signal.

The scale-space can be represented alternatively as a ternary-branching tree (Witkin
1983), which is a useful representation for searching for features through the levels of

abstraction. Each node in the tree represents an undistinguished interval as o is varied,
where the interval is bounded by a pair of extremal points of opposite sign that appear
in the smoothed signal. An undistinguished interval is where the extremal points do
not contain any other extremal points. In general, each undistinguished interval is
bounded on each side by the extremals that define it and bounded above by a singular
point at which it merges into the enclosing interval and bounded below by a singular
point at which it splits into three subintervals.

3.2. 2D Scale-Space

The application of the scale-space representation to two dimensional surfaces is
straight forward. The gaussian filter in two dimensions is in the form:

oo

(X-U)2+(x-V)2},u dv

_ 1
F(x.y,0) = jf(u,v)ﬁxp( =

-00
-00
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Figure 4 illustrates the difference between the original terrain data and a gaussian
smoothing. It has been convenient, in the two dimensional case, to store a binary
array representation of positive and negative concavity instead of storing the inflection
points. This representation can be computed directly by convolving the Laplacian of a
Gaussian filter with the original map. The scale-space image is a three-dimensional
form defined by the zero-crossings in x,y,o space. Successive applications of the filter
yield more slices (see Figure 5) which can be stacked to produce a 3-D volunic. This
3-D volume is the scale-space description of the terrain surface. A 3-D scale-space
volume for a surface usually consists of numerous mounds, holes, caves, and tunnels.
Each of these formations in scale-space reflects features of the terrain.

Figure 4. Original, Gaussian Smoothed, and Zero crossings of Terrain

As in the 1-D case, the 2-D scale-space representation retains the finest resolution of
the data while progressing through greater levels of abstraction, yielding a unique
fingerprint for the terrain. Reasoning 2bout how features change over levels of
abstraction provides valuable information about terrain formations.  Regions that
quickly disappear are small mounds or depressions and reflect only the nature of the
terrain texture. Regions that persist and enlarge are large hills or long broad valleys.
Various types of terrain formations have readily identifiable fingerprints.
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Figure 5. Slices of Scale-Space image

A saddle point, for example, occurs whenever two regions merge or split as one
moves along the ¢ dimension of the 3-D scale-space volume. By tracking regions for

each successive increasing o, a graph can be constructed, indicating how the regions
change (see figure 6). To find a saddle point, the graph is searched for merges and
splits and the level at which the merge occurs indicates the width of the saddle point.
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4. LOCATING OBSERVATION POINTS

The scale-snace representation, in conjunction with other representations of the terrain,
can be used extract important features. For example, consider observation missions.
Good observation points are typically near or top of hills, and the scale-space
representation can be used to quickly select the hills for possible observation points.
Scale-space alone, however, is not sufficient for solving observation problems. There
two other important terrain features for observation missions: accessibility and
visibility.

4.1. Accessibility

A general measure of accessibility for a given location is not easily quantified.
Accessibility of a point from another specific location may be quantified by the cost of
traversing the shortest route between those two points. Traversal cost, however, is
dependent on mobility, and may vary significantly from one vehicle to another. A
tracked vehicle, for example, may have greater mobility than a car in cross-country
terrain, but a car can travel faster on highways.

Determining the accessibility of a location can be a computationally expensive task.
Consider two methods for determining accessibility. The set of all routes found to a
location determines a common set accessible points. Path planning using dynamic
programming on an NxN grid representation can take a worst case N2 search
(Mitchell, Payton, Keirsey 1987). Although the worst case is the same complexity for
heuristic search methods, these methods have a much better expected case complexity
for determining accessibility. The second method for determining accessibility is to
just determine connectivity. We first determine which points are traversable, then give
all adjacent trabersable points the same label. Sets of points which all have the same
label (connected components) form distinct regtons in which all points are accessible to
one another. Although this method does not produce a route between two locations,
the advantage of this method is that it can be implemented in parallel, and the final
representation can be used in accessibility queries.for other locations.
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We have implemented the connected components representation of accessibility and
applied it to the digital terrain map using a model of mcGuiisiy that 1s based on the
vehicle characteristics of the DARPA Autonomous Land Vehicle (ALV). Figure 7 is
an aerial photograph of the terrain used. Figure 8b shows the traversable areas of the
test terrain. Figure 8a shows the accessible areas that are connected tc roads.

(b)

Figure 8. Cross-country terrain accessible (a) versus traversable (b) by the ALV

In military missions, areas that are coiinected by narrow corridors of traversable terrain
(bottlenecks) have special significance. Figure 9 shows two significant accessibility
bottlenecks in the terrain. An important problem is to find good locations for
observing these bottlenecks.




Al

Figure 9. Significant bottlenecks in the terrain
4.2. Visibility

An observation mission involves finding accessible locations with good visibility to
the area to be observed. Like accessibility, there are two types of visibility measures.
The first measure, general visibility, is a measure of how well the location can be
observed or how much one can observe from that location (both are equivalent
measures). This measure can be quantified by the cumulative area of terrain that is
observable from a given point. The second type, specific visibility of another area,
can be quantified as the percentage of the area observed. It should be noted that
visibility also depends upon the height of the observer (and if observing an object on
the terrain, the height of that object).

Finding a good set of points from which to observe specific areas, such as those
indicated in Figure 9, involves determining accessible points that have high visibility to
those areas. A brute force method for finding all points that could observe an area
would involve determining visibility for each point in the area. The time compleaity
would be O(k-r2), where k is the number of points in the observed arca and ris the
number of pixels along the maximum range of visibility in the terrain map. The
computation becomes prohibitive as the range or the number of points in the observed
area becomes large.

As an alternative to computing the visible points explicitly, pre-computed measures can
be used to provide more crude, but more readily available visibility results. As a
heuristic for determining the best locations for observation, a visibility measure can be
computed at each point. More specifically, let P be an observation point on the terrain
grid, then the measure is a count of all visible pixels from P within a range R. This
measure can be modified by adding a weight to each visible point based on the distance
from observation point P. Figure 10 shows the visibility measure for part of the ALV
test site, where lighter areas denote the most visible locations. Note that this measure
does not retain information about intervisibility between specific pairs of points, but
can be used as a general heuristic for finding good observation points.
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Figure 10. Visibility Heuristic Measure

4.3. Observation Mission

Several other features that indicate good visibility can be used to indicate the best
candidate observation points. Along with the visibility heuristic, the slope of a
candidate obscrvation point can indicate the direction in which other points are most
visible, (e.g., north facing terrain slopes can usually observe terrain to the north). For
every point in the map, p, let a, be the projection of the local normal vector at p onto
the horizontal plane. Given a centroid of a location to observe, ¢, an angle difference
can be computed petween the vector pc and the vector a. The magnitude of this
difference is inversely proportional to the desirability for observation. This
computation is easily implemented in parallel. Figure 11 illustrates the computation of
the slope direction heuristic for observing a point near the lower right hand bottleneck,
which we will refere to as bottleneck A. Darker areas denote more desirable slope
direction for observing bottleneck A.

L ]

Figure 11. Slope direction heuristic

Using the scale-space representation, areas that are not good as observation points can
quickly be eliminated by retaining only those candidate observation points that lie
within the major concave downward regions (hills). This assumes that the good
observation points are on hills. Figure 12 represents the hill regions for the map,
extracted using a moderately abstract scale-space representation. The black areas
indicate concave downward regions (hills).
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Figure 12. Moderately abstracted terrain

Candidate observable hills are chosen by performing a ray trace in all directions from
the centroid of the area to be observed until a region in the appropnate scale is
encountered. Combining the visibility heuristic, the slope direction, and the candidate
concave downward regions yields candidate locations for observation. Intersecting the
candidate observation locations with the accessibility map produces all accessible areas
thai have high potential for observing the bottleneck. The visibility heuristic and slope
direction give a relative measure for the desirability of candidate locations. Figure 12
shows the candidate observation locations in the test site for observing bottlensck A.

J )

.
ﬂi"}.“

Figure 12. Candidate observation locations for bottleneck A

5. CONCLUSION

We have found that no single resolution of data can serve as a basis for automating
terrain reasoning. Abstraction of information without losing the important features is a
key to any flexible representation. Scale-space abstraction arises from a spectrum of
Gaussian smoothed terrain surfaces. Elevation, slope, and curvature information can
be recorded for each smoothed surface; this information is then used to extract features
for each level (scale) of abstraction. Reasoning about how features change over levels
of abstraction provides valuable information about terrain formations. Various types
of terrain formations, such as saddle points, have readily identifiable fingerprints. A
graph representation has been developed in conjunction with the scale-space image of
the terrain to aid in retrieval of feature information. Furthermore, scale-space
representations have shown promise in quickly producing good qualitative results for
mission planning problems that normally involve computationally cxpensive
algorithms.
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SPATIAL ANALYSIS FOR
AUTOMATED TERRAIN REASONING

David L. Milgram, Richard ¥. Shu, Michael J. Black
Advanced Decision Systems
Mountain View, California 94043

1. INTRODUCTION

Terrain rcasoning takes place amid a rich variety of knowledge sources.
Among these are military doctrine, current situation descriptions, elevation
maps, terrain features, weather and visibility conditions and reports. A tvpi-
cal terrain analysis will depend on information or models from more than one
of these knowledge sources. Spatial Analysis for its part is uot relegated to
just one of these knowledge sources (e.g., the elevation map or the terrain
feature map) but rather is concerned with the nature of the reasoning process.

Spatial Analysis refers to the reasoning methods which exploit the
geometric properties of the knowledge sources (e.g., size, shape or placement
attributes). Methods which compute nearness, width and intersection {to
name a few) are spatial. Some properties of the terrain are not spatial; for
example, the determination that the soil in a particular location will support a
tank column after a rain storm is NOT a spatial analysis since there is no
geometric component to the reasoning. However, computing that the particu-
lar muddy region constitutes a choke point IS a spatial analysis, since choke
points are regions defined not just by intrinsic properties but primarily by
their relationships to other adjacent regions.

Some spatial analyses are simpler than others because they rely on less of
the potential complexity of spatial description. In general, we can identify a
number of spatial complexity factors which provide semantic content. These
include:

e Dimensionality of the space - e.g., 2-D, 2% -D and 3-D.

e Scale - the size of objects considered significant (often identified with
echelon: corps, regiment, company, vchicle).

e Dynamics - static behavior, sequences of events (e.g., route planning).

How much and which aspects of the complexity structure of space are
required for a particular application is an important ingredient to a well
thought out design.
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2. PROBLEMS WITH SPATIAL ANALYSIS

The implementation of a spatial analysis application is likely to be
judged according to two performance criteria: correctness and  efliciency.
Correctness is achieved when the formal algorithis designed to interpret con-
cepts in the language of spatial reasoning do in {act compute results which
correspond to the linguistic elements. Thus, for example, “containment™ has a
clear definition based on set theoryv: however, “nearness™ is an informal con-
cept of distance which is useful in many contexts, but whose definition is not
that clear (Are the opposite sides of an abyss “'near” one another?). How can
the correctness of an algorithm for “‘nearness™ be computed? In gencral, the
correctness of an algorithm is judged formally (Does the algorithm exactly
compute the definition?) and/or by experiment (Do people agree with the
results of the algorithm for a reasonable set of tests?).

Etliciency is a measure of the utilization of resources available to the
algorithm: time, mass storage, internal memory. Alternative implementations
may differ according to the tradeoffs in their resource utilization. In terrain
reasoning applications, the spatial analyses tend to account for a lion's share
of the processing time required. It therefore makes sense to try to optiniize the
component spatial algorithms in advance of the application. Often, an algo-
rithm optimized for one application is less than optimal for a different applica-
tion. Deferring optimization until the application is about to run would be a
good strategy.

3. ADS APPROACH

ADS has studied the problems of correctness and efficicncy for spatial
algorithms and has developed an approach based on the following principles:

e Structure terrain knowledge hierarchically.

e Use an object oriented approach to both algorithms and data.

e Provide highly interactive display and edit capability for spatial
objects.

¢ Define a language of spatial operations and services.

e Hide details of representation and support conversion routines between
them.

e Build statistical models to predict algorithm performance based on
dataset complexity.

e Build a history file to record interactions and to explain how each
region was determined.
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A MULTI-LEVEL KNOWLEDGE REPRESENTATION
FOR REASONING ABOUT TERRAIN

Iris Cox Hayslip
Grumman Corporate Research Center
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ABSTRACT

In this paper we present a three stage knowledge representation
hierarchy addressing the question of the best way to represent
complex tactical knowledge about low altitude air combat over hilly
terrain. This research is part of continued development of
Grumman's Rapid Expert Assessment to Counter Threats (REACT)
system. The problem of integrating into REACT the capability to
reason about the tactical use of terrain has produced results on
knowledge base design and large database management, system and
language specifications, and planner architectures pertinent to
realtime coupled systems. It is unrealistic to assume that one can
eventually make all modules of a complex AI system operate in
realtime for a close air support domain. This aspect demands
multi-level reasoning, motivated Ly the desire to use the best and
deepest knowledge which can be made available in time to act. The
REACT multi-layered representation is designed to support detailed
planning, when time allows, as well as top level approximate
solutions in time critical situations. The highest level of the
hierarchy «contains pre-compiled procedural knowledge for the most
approximate, fastest solution. It is a structure including
specially reduced terrain patterns with associated maneuver choices
pre-stored for various relative opponent placements over the map.
The middle layer of the hierarchy consists of terrain descriptions
in terms of tactical terrain primitives providing a symbolic

description for access by inference rules. The lowest layer
contains DMA maps. This is the layer where the traditional
(numerical) models live, although it is also possible within

REACT to manipulate models at the low level using production rules.
We discuss aspects of opportunistically choosing the level of
terrain reasoning utilizing the various terrain representations as
necessary.

1. INTRODUCTION
The Rapid Expert Assessment to Counter Threats (REACT) project
addresses the critical problem of providing pilots with decision

support in the complex situations which arise in high threat
combat scenarios, in particular avoiding and countering threats in
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dynamic battle environments. The problem of encoding pilot
kncwledge and reasoning procesces has been addressed using
Artificial 1Intelligence (AI) techniques. But the real-time
requirement for this critical combat domain requires special AI
architectures and a careful mix of AI techniques and conventional
algorithms, pushing research well beyond the current state of
expert systems technology. Primary focus 1is on providing realtime
response in a realistic domain. Domain realism will eventually
require modeling all aspects of the combat environment including
terrain factors and other environmental factors, multiple
cooperating threats, and domain uncertainties.

Recent research has led the project to focus on three major
objectives. The first is the incorporation of advanced reactive
planning methods into the REACT system. The second objective is
the development of a hierarchy of knowledge representations which
will maximize the amount and depth c¢£f %nowledge which can be
accessed in time critical situations. A third objective is to
explore means for the REACT system to monitor its own performance
and learn from its mistakes. This paper present3 the state of
research on the second objective, the knowledge representation
hierarchy. Throughout this paper the use of the word 'hierarchy®
refers to a hierarchy of abstraction in the data/knowledge base.
The in. .ial motivation was to provide a world model for REACT with
the necessary information for reasoning about the tactical use of
the terrain; analogous to the top level information the pilc
would use if 1looking out at the terrain features in a combat
situation. And when this representation cannot be utilized fast
enough for time critical decisions, we seek to recognize the lack
of time and employ quicker, approximate sclutions.

Previous efforts on this problem for the ground battlefield
scenario are reported in [McDermott and Gelsey 1987; Kuan 1984].
Fundamantal differences in that domain and the air battle domain
result from the real time aspects - the amount of time available to
make decisions. However our above the ground domain can present an
easier problem in one sense: more detail of the terrain can be
ignored (more smoothing, coarser processing). This work extends
previous results to include aspects necessary for the air battle
over terrain, specifically concentrating on the reaction phase in
planner execution as well as overall speed of database management.

The paper is structured as follows. Section 2 supplies the
requisite description of the REACT system architecture. This
section clarifies the functions and focus of various r~dules of the
system, providing motivation for the knowledge representation
hierarchy design. Section 3 discusses the realtime
transitionability constraints which were primary motivators of the
representation design. Section 4 presents the knowledge
representation approach and defines the design schema. Section 5
explains how the high level terrain representation could be
incorporated in a knowledge acquistion tool. Section 6 outlines
implementation progress. Section 7 contains conclusions and
directions for continued research including research in progress on
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using other methods to generalize the system knowledge, such as
using a neural net to store terrain pattern and response pairs.

2. OVERVIEW OF THE REACT SYSTFM

The top level design of REACT 1is a set of cooperating "expert
systems" communicating by the use of a blackboard (Figure 1). Top
level descriptions of the REACT system can be found in [Rosenking
and Roth (1988)] and discussion of the blackboard implementation is
found in [Roth et al. (1987)].

COMBAT ENVIRONMENT
!
OWNSHIP CONTROL | CONTROLLER
e 10s SENSORS 1 1 assiow Mi;gNE“E‘R AUTOMATIC MODE
o BRIEFED PILQT OVERRIDE
SYSTEMS g THREAT DATA L‘”*“CM ___________________
""""""""""" ADVISE ONLY
TERRAIN WEAPONS LOT CONTROL
ARCRAFTSYSTEMS| | || pe
PILOT ONLY
EXPERT SYSTEM INTEGRATOR: BLACKBOARD CONTROL ¢ PILOTREACT | p
MANAGER |
R :
THAREAT GLOBAL LOCAL CRAPHICS 0
DISPLAYS/AUDIO T
OWNSHP | IASSESSMENT | | PLANNING | | PLANNING m f
EXPERT | lexpeRT EXPERT EXPERT
EXPLICATOR
REACT PILOT VEHICLE INTERFACE

Figure 1: Initial REACT Architecture

The extended REACT architecture [Figure 2] consists of a
blackboard with five cooperating systems . The GLOBAL PLANNER,
based on the TREK route planner developed by Georgia Tech Research
Institute [Gilmore and Semeco (1986)] provides global route
planning and replanning. The THREAT ASSESSMENT expert will provide
threat location and situation assessment. The OWNSHIP expert will
provide status determination of the a.rc.:3ft's systems. The MAP
MODULE, a recent extension to the REACT top level design, is tasked
with maintaining the REACT system's internal representation of the
world, including the database and memory management associated with
terrain maps. The LOCAL PLANNER determines the best local
trajectories for fast threat avoidance. Current design has
decomposed the LOCAL PLANNER into a system of cooperating modules
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in a nested blackboard architecture.

LOCAL PLANNER BLACKBOARD-2
NO LINEt)F SIGHT LINE (F SIGHT LINE OF SIGHT
AIRCRAFT MISSILE MISSILE AIRCRAFT
HIGH ALT HIGH ALT LOW ALT LOWALT
TOPCAT AUTOMAN

Figure 2: Extended REACT Architecture

Major effort has been and will continue to be concentrated on
the LOCAL PLANNER component of REACT. The LOCAL PLANNER 1is
decomposed into cooperating modules, some of which utilize
conventional medcls embedded in a structure that allows the medels
to be controlled and adjusted by heuristics. The modules tasked
with handling high altitude threats can utilize results from the
Tactics Optimization and Combat Analysis Tool (TOPCAT) [Falco et
al. (1974)1]. TOPCAT is a program for determining optimal air
combat maneuvers. It has been developed over fourteen years and has
been used for effectiveness studies for various vehicles. It
generates tables using a stochastic learning algorithm that permits
air combat maneuvering strategies to be optimized by simulation of
the combat using accurate aircraft models. Three submodules of
the LOCAL PLANNER are tasked with determining maneuvers at low
altitude in the presence of terrain. When the threat is within
line of sight (i.e. not masked by terrain) scoring function
techniques modeled after the Automated Maneuvering ( AUTOMAN)
[Austin et al. (1987)] system can be used. The AUTOMAN program is
a reallime maneuvering p:iogram wnich has been installed and
demonstrated in the NASA Ames Vertical Motion Simulator. We feel
that the use of a scoring function tuned by heuristics 1is a good
approach for real-time reaction to visible threats at low
altitude. When line-of-sight to the threat is not available then
the LOST LINE OF SIGHT (LLOS) submodule of the LOCAL PLANNER is in
control, tasked to capture the heuristics, guesswork, and tactical
maneuvering that a pilot would exercise in combat.

The LLOS module [Figure 3] contains the experimental planner
resulting from REACT research on adaptive, reactive, realtime
planning problems. It is at this 1level that the system uses
multiple knowledge renresontations and several types of planning
processes dictated by the time available to plan. The LLOS planner
uses models, traditional knowledge representations, and precompiled
procedural knowledge. The basic motivation of the architecture is
to produce concurrently operating planners each operating with
different 1levels of detailed knowledge and at different time

scales. The planners compete for control, with the chosen plan
being the best one which is available on time ([Kaelbling (1986)].
Suboptimal plans are delayed by activation time deadlines. Each

submodule of the LLOS planner can utilize the data/knowledge
representation which is most suitable for its task and speed




allotment. In particular the QUICK RESPONSE module in the LLOS
planner will access the top level terrain knowledge representation.
The modules are designed so that this "racing" system will result
in functional task subsumption ([Brooks (1986)), that is, higher
level behaviors will be executed whenever possible. Details on the
REACT planner architecture are found in [Hayslip and Rosenking
(1988) 7.

LOST LINE OF SIGHT (LLOS) PLANNER

GOALSTACK  PROCESS STACK

GoAL ( [SOAL CONFLICT FURSUE | {HIDE | [SEEK | |avoip| [BUICK
ONITOR | [zrioriTy | |RESOLUTION ONTINUE RESPONSE]

Figure 3: LLOS Planner Submodule of the Local Planner
3. REALTIME ARCHITECTURES

High level goals for knowledge representations suitable for a

real time system can be outlined as follows: 1) Use as much
knowledge as possible for a quick decision. Even if a reactive
decision can only be "table look up" this means reducing the

representation so that as much knowledge as possible is encoded in
the data structure and that the structure provides adequate
retrieval time. 2} More time to plan should mean more detailed or
deeper knowledge can be utilized. This indicates a reasonable cost
function or other method to assess time available for planning, and
a hierarchy of abstraction in the rcpresentation. We seek a method
for knowledge organization and distribution which facilitates the
multi-level reasoning capability required by a realtime system.

The hierarchical representation is used in order to not use
details that won't affect the choice of maneuver. At one level
(when there 1is some time available for "thinking") the world

representation must be sufficiently reduced that a situation could
be presented symbolically to an "automated pilot"™, and his choice
of maneuver could be reached by reasoning with rules gathered from
experts. At the highest level the maneuvers must be immediately
available. In this case a fast look up is warranted. At this
level the representation will resemble the TOPCAT [Falco et al.
(1974)] results tables, except that the maneuvers are discovered
through knowledge acquisition as opposed to simulation results.

In the LOCAL PLANNER, maneuvering is determined by the AUTOMAN
(Austin et al. (1987)] program when the two aircraft are within
line of sight. The AUTOMAN program uses DMA data directly. The
development of the higher level terrain representations has been
principally motivated by the lost line of sight problem. However,
the representation hierarchy could also be wused 1in the
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opponent-in-view case. Notice that the piliot can lose sight of the
opponent for reasons other than being masked by the terrain, i.e.
clouds, position behind or under the aircraft, etc. The current
concentration is on the problem of <determining what to do when the
opponent disappears behind a hill. Another simplifying assumption
motivating the current implementation stage is that of mutually
aggressive opponents. For example, the case of one pursuer and one
evader, etc. 1is not currently being implemented. This assumption
means that the opponent will be using the terrain to conceal,
confuse, trick, etc. but not to escape. It is however possible
that temporary retreat is a valid attack tactic.

4. APPROACH

First the DMA map containing the global path (mission path
pre-determined by the GLOBAL PLANNER) and surrounding areas is
divided into "rooms". In the case of an attack mission a sequence
of rooms can be indexed by a hash table paramaterized by the
distance to target along the attack path. Otherwise, an array of
maps around a landmark in the battle area can be used. One of the
tasks of the MAP MODULE in REACT would be to retrieve from disk the
current and next "rooms" and their associated data structures.
The MAP MODULE transfers the middle (symbolic) level
representation into frames for access by the symbolic reasoning
system. This module is also tasked with reallocating memory when
the maps are no longer pertinent.

NO ONLINE MAP PROCESSING | PREPROCESSED MAPS PROCEDURAL AND
“CKERBOARDS WITH DECLARATIVE
NOBACKTRACKING R R BN E VRS | MixED

PRODUCTION RULES

KTRACKI MAPS PROCESSED BY
BAC CHING TA ﬂ?ALT RRAIN

ONLINE MAP PROCESSING | PRIMITIVE
MODELS
DMA ELEVATION
MAPS (GRIDS)
Figure 4: Knowledge Representation Hierarchy

The knowledge representation requires a suitably expressive
world representation ( for states), and a procedural knowledge
representation (for state transitions). One could view one room
map with two opponents positioned in the world as states, an
tactical choices to move opponents from state to state as state
transitions. We will describe the three ways to represent this
knowledge that are being developed for the REACT system. The
terrain is supplied as DMA maos. Clearly this structure is of the
wrong form to use as an internal representation for symbolic
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tactical reasoning, and it is too detailed for fast, approximate
reasoning. However it still must be available for access by
procedural attachments (models) for certain battle situations.
Figure 4 depicts the basic stages of the representul.on nlerarchy;
tine folluwing sSections will descripe the structure and access
conditions for each.

4.1 TOP LEVEL

Our "racetrack” architecture demands one module which is always
ready. If more detailed, better plans are not ready in time, the

system must produce 1its best guess. The top level of the
representation hierarchy 1is used to produce the fastest, most
approximate solution. It contains the data structure which is

accessed by the QUICK RESPONSE reactive module in REACT. It is
designed to be a database containing precompiled procedural
knowledge [(Georgeff and Lansky (1987)] and accessing the knowledge
reduces to a database retrieval. The terrain database domain is an
extremely demanding problem in terms of the tractibility of
efficiently storing types of terrain patterns coupled with
appropriate pre-stored maneuvers. In order to manage the amount of
data needed to represent the terrain for the dogfight world the
data must be reduced, and the database designed such that the
retrieval time 1is adequate for quick response. Such a data
reduction scheme is described below. The structure is derived from
reduced terrain patterns with associated maneuver choices
pre-stored for various relative opponent placements over the map.
Local similarities, and ballpark threat placement, as well as
matching and generalization schemes reduce the number of maps which
need to be pre-processed. States in the representation are
defined to be reduced map grids with ownship and opponent
positioned on the map, rather like a checkerboard with two
positioned players. State transitions are to be determined by
database look up, where the maneuver choices in the database are
assigned by pilot knowledge (see Section 4).

During system operaticn, the current and next (or neighboring)
rooms with their associated data structures will be retrieved bv
the MAP MODULE. The rooms are subdivided and stored in quadtrees

[Samet (1981)]. For each level in the quadtree, the map sectors
will have been preprocessed into "checkerboards"” with desired
resolutions. The choice of desired resolution or mesh of each

checkerboard is determined apriori by the roughness of terrain.
If the terrain has little variability, then big squares are better.

The digital terrain map is transformed into a reduced pattern,
or "checkerboard" representation. This 1is accomplished as a four
phase process guided by predetermined mission parameters that are
adaptive for a variety of applications. The first step determines
the internal map quadrant size. As each terrain map is 600 by 512
pixels rather than sqyuare, the checkerboard is partitioned into n
by m grid regions where the size indicates the lowest level of
resolution desired for the current mission. Size may be a
functional combination of terrain, threats, aircraft speed and
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maneuverability, or mission goals appropriate to represent the
current state space. For example, Figure 5b is a representation of
the terrain map partitioned into 80 regions while Figure 5c¢
exhibits a higher resolution partitioning into 320 regions.

Once the partitioning has been determined, the second step is to
extract terrain features for each region to determine the
associated region labels. These features include altitude variance,
altitudinal differencing, mean altitude, gradient direction, and

briefed ground threat exposure probability. The third step
involves classifying individual regions on the basis of their
feature space definition. Five primary terrain classifications

exist (mountain, plateau, hills, flat area, and corridor) and are
designated as follows.

The smoothness of the terrain within a region 1is analyzed by
examining the variance across the region and the region's mean

altitude and altitudinal difference. Predetermined system
thresholds of high, medium, and low are used for comparative
analysis of each feature. A high variance indicates possible
mountainous or hilly regions. A medium mean with large altitudinal
difference results in the label of mountain. A low mean with a Low
altitudinal difference produces a label of hilly. Low variance
indicates the possibility of plateau or flat areas. High mean and

altitudinal difference values translate into a plateau designation,
while low mean and altitudinal differences identify flat areas such
as fields. Corridors are a special case of mountain region wherein
two distinct altitude differen. s are detected indicating a terrain
corridor such as a valley region. Four secondary corridor
designations <(horizontal, vertical, rising left, falling left)
exist based upon the gradient direction feature.

Figure 5a: Terrain Map used to produce Figures 5bh and Sc.
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Figure Sb: A reduced terrain map, n=8,m=10.
Legal maneuver choices represented by arrows.
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Figure 5c: A reduced terrain map, n=16, m=20.

The final step involves a classification override due to the
high probability of threat. If the briefed threat exposure
probability of a given region exceeds threshold, iss individual
coordinates are examined to determine the cumulative probability
datection for the region. If sufficiently high, the entire region
is designated as threat and labeled appropriately. Figures 5b and
5¢ indicate the classification of each region in the checkerboard
by a shaded intensity legend. Figure 5a shows the map which was
processed to produce Figures 5b and 5c. The internal
representation of the the checkerboards corresponds to an n x m
array where numbers are assigned to the 9 region classifications.
States in the representation consist of these arrays together with
positiors of the opponents on the map. The state transitions will
be represented by pairing to each state a maneuver choice 1 through
8 which represent maneuvers to one of the neighboring squares in
the checkerboard (see Figure 5b).

Several mission specific observations reduce the task of
preprocessing the maps. First, we are concentrating on the
mutually aggressive, lost line of sight fight. So the opponents
will be separated by a hill (reducing the number of patterns to
process) and be pursuing one another limiting tne number of
maneuver choices. The expert knowledge is encoded as a maneuver
choice, recorded for each state, yielding a desired heading (tc cne
of eight neighboring squares), desired altitude, and desired
velocity. The default setting for desired altitude 1is terrain
following. This is currently being used to simplify the problem.

With this specification, the task of accessing the expert
knowledge in a timely fashion, reduces to retrieving the pertinent
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maneuver choice from the data structure. Whether this 1is workable
depends on the speed of this retrieval and the accuracy of the

expert knowledge. Once the maneuvers are found, other knowledge
may be brought in to second guess or refine the maneuvers 1f time
is available. This is accomplished by the other submodules of the

LLOS planner and can use other parts of the representaticn
hierarchy. Also metalevel constraints which use the detailed DMA
maps may be required to adjust the chosen maneuvers for ground
avoidance. For each checkerboard grid (numerical array) there is a
set of copies of that grid with various positions of red and blue
(red 1is the oppcnent and blue 1is ownship), where red can be
positioned by a blob (set of adjacent squares), and blue ky one
square. The blobs are determined, if the maneuver choice will not
change for red inside the blob. If red can be in any one of
several blobs some conflict resolution strategy must be employed,
for instance: choose a maneuver for one of the possible (most

likely ) red positions. Identifying maneuvers for given map
patterns and placement of oppconents in the grid is done by "expert
knowledge" (see Section 5). Filling in for incomplete knowledge,

not making the pilot consider every map is accomplished by assuming
like checkerboard patterns yield like responses. Research on
efficient storing and retrieving of patterns 1is described in
Section 7.

If maps must be processed at every level, and at every
resolution, these techniques are too cumbersome. However, for each
mission type and general terrain description, there 1is a minimum
sector size and resolution which 1is the pertinent one to

preprocess. First of all, if the opponents are far apart, then
there 1s time to use some symbolic {middle level) reasoning for
maneuver choices. The QUICK RESPONSE module fo~ which *his

representation is designed is for opponents at fairly close range,
probably separated by one nill formation. Therefore maps which will
be pre-processed for the top level representation will be of much
smaller area than the example depicted in Figure 5a. As usual one
will choose the lowest 1level in the quadtree such that both
opponents are contained in the arid.

4.2 MIDDLE LEVEL

The middle layer of the hierarchy will consist of terrain
descriptions in terms of tactical terrain primitives providing a

symuolic description of the lay of the land. Work on this level
of _he representation is at an early stage. The following reports
some preliminary ideas. At this level reasoning about the terrain
can be accomplished by inference rules. McDermott and Gelsey

(1987) 1list four military asprcts of terrain 1l)observation and
fire, 2) concealment and cover, 3) cbstacles and 4) avenues.
Methods for this level resemble previous work [McDermott and
Gelsey 1987; Kuan 1984] except tha%t the maps are partially
preprocessed, and the primitives are different for the air battle.
We propose that an 1initial list of tactical aspects of terrain for
the air battle might include: 1) avenues or corridors, 2)
obstacles (eithe. obstruncting the desired flight path or
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obstructing the desired senscr line-of-sight), 3) hiding places
including momentary hiding for purposes of conf sing opponents or
weapon systems, 4)areas for reducing the capacity of sensors (high
clutter regions, optical camouflage), 5) traps (dead-ends for
potentially trapping or otherwise forcing the maneuvers of the
opponent), 6) potential emergency landing sites. The terrain maps
cannot be completely preprocessed for reasoning at this level since

tactical aspects are too context dependent. Howewver, some
pre-processing in terms of the tactical terrain primitives listed
above can attach 1labels to regions. Multiple labels may be

attached with the pertinent one being chosen using contextua.l
information at execution time.

Actual tactical use of terrain is mission dependent. Fast,
non-maneuvering vehicles (bombers) may not consider terrain for
anything other than avoidance and following. Slower, maneuverable
vehicles (helicopters, CAS aircraft) may take maximum advantage of
terrain. In some instances, either opponent may choose to simply
increase altitude to avoid fighting in the terrain. In viewing
terrain as obstacles obscuring view of the opponent, high level
symbolic reasoning about terrain may generalize to other factors
which obscure view, i.e. clouds, smoke, positicn of the aircraft
under or behind ownship, lost view by virtue of pilot overload,
etc. It is common to treat certain non-moving threats such as
stationary SAM sites, ground early warning radars, etc., as
obstacles which can be treated similarly to terrain by some
algorithms.

4.3 LOW LEVEL

The lowest layer consists of the unreduced wor'd representation,
DMA map sections, aircraft positions, velocities, etc., with
procedural knowledge contained in traditional (numerical) models.
It is possible within REACT to use inference rules at this level to
manipulate models using heuristics [Hayslip and Kirsch (1988)). It
is also possible that at a later stage some on-line processing of
maps directly from the DMA data may be necessary (see Section 7).

5. KNOWLEDGE ACQUISTION PHASE AND PATTERN GENERALIZATION

The terrain maps must be reduced (to checkerboards) and a
direct interactive method ageveloped whereby expert tactical
decisions can be acquired for given states . These can then be

used directly for short term implementation and recorded so that
patterns between states and responses might be recognized and
aggregated at a later stage of the project. Knowledge
acquisition for the high level of the representation hierarchy
amounts to showing a pilot a (3-d rendering of) terrain in the
immediate area, from the viewpoint of his aircraft, telling him the
general expected vicinity of the opponent (if known) and asking for
his maneuver choice. This response would then be immediately
entered as a maneuver choice, coupled with the corresponding
reduced terrain pattern (array of numbers) in the internal memory.
In other words, the pilot sees the "real" terrain but his response
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is immediately stored in the high level knowledge structure.

Any knowledge base is an incomplete and approximate model. It
is impossible for a pilot to pre-process all map segments.
Therefore, storing terrain patterns and maneuver responses for
large, complex map areas is not feasible, so this method is only
used for the reactive fast response module of REACT. Even for the
relatively short range cases, there are may possibl. terrain
patterns. If the terrain is rough, it may produce too many fine
patterns for this processing. In that case the terrain is
smoothed, and the fine details are ignored. This corresponds to
the system ignoring those details for lack of processing time. A
number of features in the patterns have emerged, repeating pattern
types for the close in cases. Given these reductions in the number
of patterns, pilot responses can be monitored, and then maps can
be preprocessed based on generalizations over pilot responses to
similar situations (see Section 7).

During knowledge acquisition for the high level knowledge
representation using the interactive tool and the dual map
representations , some symbolic information which can be encoded :n
rules for the middle 1level representation may be acquired.
Answering the ™why" after prototypical responses may vyield
knowledge which can be encoded in rules. Other top level
information which should emerge includes 1) reasonable minimum cell
size (level in quadtrees) for preprocessing, 2) minimum necessary
resolution for the checkerboards to provide adequate information,
3) bounds on the quantization error associated with choosing only
maneuvers as checkerboard moves, 4) better operational definitions
of tactical primitives for the middle level representation, 5)
pattern types for the high level representation which can be stored
for generalization. Also metalevel rules can be extracted, i.e.
when to ignore the terrain altogether, when to slow down in order
to provide more time to "think"™, etc.

6. IMPLEMENTATION STATUS

The REACT prototype system is being developed on the Symbolics
3675 computer using the Georgia Tech Generic Expert System Tool
(GEST) with numerical procedures (including AUTOMAN and procedures
from TOPCAT) being implemented in FORTRAN and C on a Data General
MvV/100090. Due to the complexity and scope of the REACT system,
implementation efforts have been concentrated on incremental
developments designed for maximum flexibilitv and extendability of
the system as a research vehicle. This includes provision for
simulation where the architecture design calls for concurrent
processes. The groundwork and initial stages for coupling the
experimental planner were implemented this year including the
integration of AUTOMAN and terrain maps. Integrating REACT, the
scoring function and game theoretic approach of AUTOMAN and
heuristics in a functionally coupled system also allows AUTOMAN
guidance law routines tc be used in the plan executor for the LLOS
planner, and it will allow multiple aircraft scenarios to be
developed. A third advantage afforded by the integration of
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AUTOMAN into REACT 1is the potential for "flying" the LLOS
experimental planner against an AUTOMAN opponent with perfect
information, resulting in a test arena for the planner. Initial
implementation work on processing the terrain maps for the high
level representation was completed by Georgia Tech Research
Institute.

7. CONCLUSIONS AND EXTENSIONS

Eventually the pairings of maneuver choices to battle states in
the top level representation might exhibit patterns which can be

learned by the system. In that case maneuvers could be chesen or
adjusted on the fly rather than being prestored in the
representation. This greatly reduces the amount of map analysis

which must be done before the flight. The discrete representation
in terms of grid arrays with numbered maneuver responses, means
that the pairings of patterrns to responses look like the pairings
of input to output vectors that are being considered for neural
network applications. There is inefficiency (lack of conceptual
economy) arising from representing the same knowledge repetitively

in the structure (map sectors which look alike). If a network
could be wutilized to match patterns to responses, then the
duplication in the database is reduced. Eventually a concurrent

system might look ahead, retrieving maneuver choices for adjacent
squares, and further if time allows.

Any abstraction of the world into an internal representation is
an approximation and therefore it will be necessary to analyze

potential errors resulting from this reduction. We mention some
potential errors and inefficiencies which could arise from the
reduction of the world into our representation. In particular the

"quantization" errors arising from choices in the resolution of DMA
map processing , and the limiting of maneuver choices to be only
toward adjacent squares in a grid must be analyzed. Some problems
may arise when one tries to tune the representation for other
non-terrain factors such as introducing obstacles/hills for
pop-up SAM sites, or changing the maneuver quantization thresholds
to account for aircraft turn radius restrictions. Also, maintaining
consistency in the database will become a problem in some cases

For example if meta-knowledge is used to temporarily adjust numbers
in the grids, then the database must be restored to the original
terrain form in case the aircraft returns to that sector. Examples
of metalevel reasoning include the following. If no SAM sites are
around, then there is more freedom to disregard terrain, perhaps
to fly higher concentrating on using terrain only for masking from
the opponent. We have so far avoided the navigation and mapping

problemnm. That is, we assume the aircraft knows where it is over
the map. However, in the design of the top level representation,
the aircraft only needs to know what square in the checkerboard it
is in. So in this sense, the wutility of the high level

representatisn is not as sensitive to navigational error. Continued
research on these and related issues, with efforts to map the
architectures onto the appropriate parallel hardware is necessary
for incrementally pushing coupled AI systems toward realtime
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military application capability. In particular, AI researchers
must consider features of realtime conventional software
development and realtime database management.
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FUTURE MINEFIELD
TERRAIN ANALYSIS REQUIREMENTS

Robert A. Sickler
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Ft. Leconard Wood, Mo. 65473-5000

ABSTRACT

Since early in its employment the land mine’s principle role
hag been that of an obstacle. Unfortunately this claszsical
application doea not adequately meet the anticipated mine warfare
needs of Alrland Battle Future. Mineflelds of the future must not
only be directional obastaclesg but they must alszo be “gstand-alone”
lethal weapon gysgtemsz, capable of both offensze and defense
action. The concepts and capabilitieg inherent with compliance of
theze needs leap far ahead of conventional systems. Minefieldsg of
the (future (Intelligent Minefields) will require highly lethal
munitione, aophisticated geneore, and expert gystem control. The
operational complexity of technology associated with thecse
gyatems will generate the need for extenegive engineering in both
minefield gite selection and 1in designing the minefield to fit
the terrain. Az a regult engineerz respongible for building
future minefield will be overcome by the 2aheer number of
parametere that muat be analyzed. It ie therefor evident that 1f
we are to capitalize on the potential of the Intelligent
Minetield we muet automate the analyeig of tactical terrain data
for minefield design.

1. INTELLIGENT MINE FIELDS

It 1ig more accurate to say “Intelligent Minefields 1in
conception® rather than Intelligent Minefielde becauge the
inventory of exiegting mineg and their utilization iz little
changed from that of World War II or the Korean War. Mcdern mine
gyateme are needed however, and Intelligent Minefields (IMF)
could gerve ag a key element of the countermobility portion of
the Engineering and Mine Warfare Miesion for Air Land Battle
Future.

The objective of IMF in the future would be to provide a
means of both countering threat mobility and at the same time
degrading threat foraes. To achieve this goal Intelligent
Minefields (IMF) will need to possess a stand-alone
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capability, that is to say that they must function without manned
obgervation/control and without covering fire. Thiz capability
will enable the IMF to gerve aeg force multipliere in gape or
lightly manned sectors, on a battlefield where friendly forces
are at a minimum. The role of the IMF then iz to increase threat
force attrition through increased obstacle lethality, to degrade
threat mobility through control of 1individual mines, and to
counter threat breaching efforte2 through +the use of gelective
targeting minese. The only way to achieve thiez level of operation
iz to have dezigned the minefield as an integral part of existing

teypraln
2. TERRAIN INFLUENCE ON OPERATION

Az initial NATO frontg begin to roll back under the weight
ot oppoaing forcez and ag Soviet Operational Maneuver Groupe
(OM@) move deep into NATO territory the battletfield will take on
a fluld nature. At thiz time maneuver commanderg will be
required to optimize force deployment, to meet key threat
advances, and gtill remain in tactical deployment. A a result,
the commander will be faced with an ever changing array of weak
areag and gape in hie defence gtructure.

To keep his forcee at a functional density and still cover a
reasonable front the friendly battlefield commander could deploy
intelligent Minefields along key terrain featurez. This would
allow manpower and firepower to be concentrated at other portions
of the contested area while the minefield iz left, at least
temporarily, to hold the gap or weak area. In thiz mode the IMF
will deviate from the conventional minefield by functioning as an
unmanned flexible barrier which pozsees both Terrain Obstacles
and Lethal Weapon Systems.

The typical IMF would be configured with two parallel mine
belts that are separated by a Wide Area Mine Killing Zone, Figure
1. Tune belts will be composed of conventional mines and improved
conventional minea that have been located along terrain features
that will accentuate bo*h their concealment and their role ag an
obstacle. The outer belt, firat to be encountered by the threat,
will conelet primarily of mines that have been buried, to help
them escape detection during threat reconnaissance. The inner
belt could be designed to represent a "haaty' conventional
minefield or it could be an mine belt =2imilar to the outer belt.
The area between the mine belte will be ocovered by sgmart mines
that cover a wide area of the minefield. These mines will utilize
terrain featuregz to maximize there effectivenesa 1in targeting
vehiclez and to reduce the posesibility of detection. Of paramount
tmportance ig the realization that the IMF is not composzed of
rigid geometrically configured blocke of mines but that it will
be a complex series of mine obataclea woven into the terrain
fabric.

139




- .
: /,—\ i [—l// /
4 L4 “ L) O /
\\ : ,._.-————"{f':;:,,/:ﬁ U e " /
LRI "' -
/' o C ('.' K
f o /
e IS
] o |
| <
\ @! | [’:
AR i
SN )
—] o SuarT winE /
3 \ KILLING ZONE

Figure 1. A typical Intelligent Minefield constructed to hold
key terrain between two villages.

The entire IMF will remain {n a latent mode, functioning as
an integral part of the terrain, during early probing by threat
recon patrole. In thig manner the area being probed by threat
recon will appear to be a weak area or a gap in friendly lines.
The threat commander, being locked into a rather rigid set of
lower wunit level tactice, will be forced into trying to take
advantage of what he perceive to be a gap in enemy lines. Through
these tactice those portiona of the defense manned by the human
element will be relieved of presgure ag the IMF ig engaged by the

brunt of threat forcee.
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Az threat fopward gecurity elemente or perhape advance guard
lead element2 pass the outer mine belt, the IMF main computer
goeg to alert statuz. Threat forces will proceed through the
central killing zone unimpaired and just asz lead elemente enter
the inner mine belt, the IMF main computer activatesz mineg in
thig belt. Thiz innepr belt will stop forward movement of the
lead element causging followlng forceg to either pile up in %z
Smart Mine Killing Zone or come to a ocomplete atop. Ag the
denzgity of threat vehicles reachesz a threshold level or threat
vehicles revercze their direction of travel the outer minefield is
turned on. This +ttnen <yrap3 threat ven.cl2g petween the ilwo
minefield belts where Wide Area Mines will begin a systematic
engagement of threat systems.

3. TERRAIN ANALYSIS FOR SENSOR LOCATING

There are three basgic sencgor types that will be employed in
the design of the Intelligent Minefield. The location of these
szngorg will either be outeide the minefield in an “over-watch’
role or within the minefield to enhance genzor resclution. The
prinoiple “over-watch”™  gengor will monitor energy in the visual
region and therefor must be located where there 1is a subetantial
view of the battlefield. Vigual zensgoreg offer both the range and
pagzive capablility to allow them to watch for early sgigne of
tareat activity without being detected themeelvez. Thoge zensors
located within the IMF will be either acoustic or geizmic energy
zenzorz.  Hecause the medium of energy tranemizzion ig not as
zenzitize to blockage a2 visual these gengor can be more readily
concealed within the minefleld.

Terrain analysis for vigual =zenegor locationz will be
predicated on the concept of minimizing areag of innervigibility.
That iz to say that the inferencing mechanism must strive to find
a location where the zengor can gee and yet not be geen. The key
two featurez that must be evaluated therefore, are land forms and
vegetation. A chosen location must offer; the proper relief for
obzervation, enough vegetation for concealment, yet not sgo much
vegetation that it obscures the view.

The placement of acoustic sensors will be a function of
vegetation and relief but 1n a different manner than the vigual
genzorg. A key parameter in determining the location of acoustic
sengorz will be to inzure that the energy gignal has not become
distorted nor haz not lost its directional attributes. Thig will
be a problem in areag where the relilef im 80 great that acoustic
energy wavee become reflected and refracted, to the point where
they no longer poggez their original characteriatica. Although
vegetation may ocontribute to the losa of wave characterigtics
1t'2 maln degradation of the z2ignal will be through attenuation
ot 2ignal egtrength.

141




Determining proper locationg for gelemic gengor requires a
more detailed analysig of terrain featuree than for any of the
other scengorz. Terraln attributez will not only affect the
recelving of selemio energy but they will also have a tremendous
impact on the generation and tranemizsion of seismic energy. In
an area where the 201l ie hard and rocky, vehicleg will generate
more zeismic energy and thig energy will be readily transmitted
to the gubstructure. Convergely, areas where the =goill 12 z20ft and
Handy Wlii serve oo reduos  Z2elSmic enesgy génsrabtion and o
dampen zeizmic energy tranemiszion to the gubstructure. Landiorm
and gubstructure will alze influence the rate of zeigmiC energy
att=nuaticn between the energy =zcurce and the =ensor. At the
gengor 1twcl! the goil will play a large role in how well and how
much geigmic enepgy iz conveyed from the =substructure to the
sengor. The proper locatioring of ceismic gensor must take all of
theze terrain features into account as-well-as thoze parameters
agsoclated with providing cover and concealment for the senscr
itself.

4. THE NEED FOR RESEARCH

For the IMF to iunctiun at itsg fullest, it must rely on
technology that ig juet now emerging from the fielde of computer
golence, vigion, communications, genging, and robotice.
Deployment and component complexity of thia technology will vary
with the amount of ‘“atand-alone”™ capability, range of coverage,
and the degree of lethality required of the minefield. Although
there ig a great divereity in IMF, all will contain three baeic
eystems; minea, genaore and expert =zysteme. The more complex
and larger IMF will aleo contain ROBOTIC vehicles usged in
preparatory mine emplacement and eituational mine emplacement.

At precent there are a number of institutione conducting
regearch relative to the technologies that will be an integral
part of the IMF, however there i8 very 1little regearch bteing
conducted in the areas of minefield design. There exiate a gtrang
need for research aimed at determining a relationghip between IMF
caomponente and the terrain they will be defending. Thieg work is
needed to insure that terrain attributes accentz the operation of
the IMF rather than to degrade its operation.
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MERCURY: A MESOSCALE METEOROLOGICAL DATA FUSION SYSTEM
FOR CORPS-LEVEL APPLICATION!

C. A. Fields, M. 1. Coombs, C. Cavendish, T. C. Eskridge, R. T. Hartley,
H. D. Pfeiffer, and C. A. Soderlund
New Mexico State University
Las Cruces, NM 88003-0001, USA

S. Kirby and G. McWilliams
U. S. Army Atmospheric Sciences Laboratory
White Sands Missile Range, NM 88002-5501, USA

ABSTRACT

The MERCURY mesoscale meterological data fusion system will be an intelli-
gent, autonomous interface between the Integrated Meteorological System (IMETS)
meteorological database, the Digital Terrain Support System (DTSS) terrain data-
base, and Tactical Decision Aids (TDAs) that require meteorc!ngical data that has
been fused with terrain and land use data. This paper describes the MERCURY
tusk environment, and the architecture being developed to meet the demands that it
imposes.

1. OVERVIEW OF THE MERCURY PROJECT
1.1 THE ROLE OF MERCURY IN IMETS

The MERCURY system is being developed as a component of the U.S. Army
Integrated Meteorological System (IMETS), a software system for Corps level
acquisition, management, integration, and distribution of meteorological data, now-
casts, and forecasts. MERCURY will be responsible for data integration within
IMETS. IMETS will provide meteorological information to the All Source
Analysis System (ASAS), the Army’s Corps and division level intelligence analysis
system; MERCURY will, therefore, perform meteorological data integration within
the ASAS context. MERCURY has been under development since August, 1987.
The requirements to be met by MERCURY and the technologies available for
MERCURY implementation are reviewed in Coombs et al. (1988).

! This work was supported by U. S. Army Atmospheric Sciences Laboratory Contract
DAAD(7-86-C-0034 to New Mexico State University. The views, opinions, and findings con-
tained in this report arc those of the authors, and should not be construed as an official Depart-
ment of the Army position, policy, or decision unless so dusignated by other documentation.
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The role of MERCURY within IMETS is illustrated in Fig. 1. MERCURY
will serve as an autonomous, intelligent interface between the IMETS meteorologi-
cal database and tactical decision aids (TDAs) that require meteorological data as
input. The task of MERCURY is to provide each TDA with appropriate meteoro-
logical data for the locations and times for which the TDA is run. MERCURY is
intended for use in a mesoscale domain corresponding roughly to the area of opera-
tion of a Corps, i.e. a domain of 300 km x 300 km or less. MERCURY will pri-
marily operate as a nowcasting tool, i.e. in a temporal range from cuirent to approx-
imately six hours in the future. The TDAs served by MERCURY will include, for
example, programs for visibility and transmissivity assessment, smoke screen pro-
duction, nuclear-biological-chemical (NBC) airborne particulate and aerosol disper-
sion, surface trafficability, and low-level wind prediction for flight operations. Most
current TDA programs require numerical values of meteorological variables such as
temperature or wind velocity as input; however, future TDAs may also require qual-
itative descriptions of weather features or patterns, such as the presence of a front
boundary, as input.

MERCURY will have access to current and recent data obtained by meteoro-
logical data sources, including mesonet ground stations and rawinsonde stations,
within the 300 km x 300 km area of interest. Data trom additional passive instru-
ments, such as thermal and wind profilers, instruments flown on remotely piloied
vehicles (RPVs), and satellite instruments, may be available in the future. These
data will be stored, after quality assessment and error rejection or corzction, in the
IMETS database. The IMETS database will also contain derived numerical pro-
ducts provided by the Air Weather Service, including synoptic objective analysis or
other diagnostic model output, and prognostic model output, for an area containing
the area of interest. Climatological data for the area of interest will generally also
he availahle. Both the derived products and the climatological data will typically be
of relatively low resolution in space, time, or both; the live data will have variable
sampling density in both space and time.

Meteorological data for the exact location and time required for most TDA
applications typically will not exist in the IMETS database. The locations for which
data are required may, for example, be in enemy hands, and may be separated from
the Incations for which data are available by significant terrain features or by a con-
siderable distance. In such cases, MERCURY will be required to generate the
appropriate data irom the data that are available. This may require extrapolation in
space, time, or both from the data that are available in the IMETS database, combi-
nation (‘‘fusion’’) of data from different sources and of different resolutions, and
integration of available meteorological daia with terrain and land use data. These
operations must be performed transparently to the TDA, i.e. the generation of extra-
polated data must be indistinguishable, from the perspective of the TDA, from the
direct retrieval of data from the database. MERCURY must, therefore, operate in
near real time. MERCURY will, moreover, typically communicate directly only
with the relevant TDAs and with the IMETS database; no user interaction with
MERCURY is anticipated during normal operation in the field.
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Figure 1. Block diagram showing information flow in the IMETS system. MER-
CURY will serve as an intelligent interface between the IMETS data-
base and the TDAs that require data from IMETS. MERCURY will ac-
cess terrain and land use data directly from the Digital Terrain Support
System (DTSS) geotopographic database. From the perspective of
MERCURY, DTSS may be considered a database, while ASAS may be
considered a TDA.

1.2 THE NEED FOR A NOVEL Al APPROACH

The interpolation or extrapolation of meteorological data to produce gridded
fields is currently carried out using objective analysis. Available objective analysis
schemes range from simple weighted-averaging procedures to considerably more
complex procedures that utilize terrain following coordinates and enforce constraints
based on the physical dynamics of the atmosphere. All objective analysis schemes
suffer, however, from two drawbacks: they require synoptic data sets, i.e. data sets
obtained at a single time, and they are unreliable for extrapolation beyond the spa-
tial limits of the data. Given that significant extrapolation will often be required of
MERCURY, and that MERCURY will often have to use data obtained at different
times, objective analysis alore is insufficient in the MERCURY task environment.

The fusion of data from different sources, e.g. from ground stations and satellite
images, and tne fusion of data with synoptic objective analyses or numerical
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predictions, is currently carried out interactively by expert meteorologists using fax
charts or workstations such as the Satellite Data Handling System (SDHS) or the
Portable ASAS Work Station (PAWS). This process is time consuming, and
requires considerable expertise. It is impractical, if not impossible, under the time
stress of a battlefield environment in which many TDAs need different types of daw
for different locations almost simultaneosly. Interactive data fusion, morcover,
requires highly skilled personnel.

The above difficulties with current objective analysis and interactive data fusion
tcchniques provide the motivation for the MERCURY project. To succeed in the
MERCURY task environment, a software system must combine the meteorologist’s
ability to fuse data from different sources and to extrapolate the results to other
locations with the speed and autonomy of objective analysis and numerical predic-
tion. An artificial intelligence (Al) approach has been taken to meet this goal.

Expert system technology has thus far been the most widely applied Al technol-
ogy. A number of existing meteorological expert systems have been reviewed by
Dyer (1987). Most existing meteoroiogical expert systems have been developed to
generate qualitative predictions of particular weather patterns for particular locations
or types of locations, e.g. upslope snow storms in the lee of mountain ranges.
These systems rely heavily on location-specific heuristics. The use of such heuris-
tics is impractical for a system such as MERCURY, which must be useable in any
geographic location. The use of a simulated neural network, such as that of Young
(1987), is similarly impractical, because such networks must be trained using exten-
sive historical data for the locations at which they will be used.

In the Final Report for the recommendations stage of the MERCURY project,
Coombs et al. (1988) concluded that no existing Al technologies for automated
problem solving, including second generation expert systems technology, were
sufficiently flexible for direct use in MERCURY. The development of a new
automated problem solving technology - model generative reasoning (MGR) -
specifically designed for qualitative data fusion tasks was recommended. The
development of this technology has proceeded in parallel with the implementation
of the first MERCURY prototype (Coombs and Hartley, 1987, 1988; Fields et al.,
1988).

2. THE MERCURY-1 PROTOTYPE
2.1 OVERVIEW

An initial MERCURY prntotype, MERCURY-1, was developed in order to gain
familiarity with the data that would be employed by MERCURY and the functional-
ity requircments of the MERCURY task environment. The MERCURY-1 effort
focussed on developing prototypes of the geotopographic representation and the
developer interface, as the structure and functionality of these components needed to
be established before further development could proceed. MERCURY-1 employs a
straightforward point representation for mesonet and rawinsonde data; it does not
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represent gridded dawa. The data analysis component of MERCURY-1 employs
h-uristics encoded as simple numerical functions ta extrapolate meteorological datu
to locations for wlhich data are not available. Design of the MERCURY -1 protwotype
began in August, 1987, and implementation of MFRCURY-1 on the Symbolics
2650 under Genera 7.1 began in September, 1987. Development work on
MERCURY-1 euded in June, 1988.

An approximately 300 km x 300 km region surrounding the Los Angeles, Cali-
fornia basin was seiected as an initial test location for MERCURY prototypes. This
region includes oceanic coastline, the Los Angeles urban area, the San Gabriel
mountains, and the Mojave desert. The region exhibits a number of meteoruiogical
phenomena of interest, inciuding sea and mountain breezes, and frequent passage of
poth inland and off-shore ligh and low pressure systems. A dense set of both sur-
face ard upper-air data has been obtined for this region by ASL, cnd i availabie
for testing MERCURY prototypes.

2.2 ARCHITECTURE

The MERCURY-1 architecture is shown in Fig. 2. The architecture reflects an
carly design decision to separate the data analysis functions of MERCURY into two
components: a component utilizing conventional numerical or Al techniques, and a
component utilizing the MGR system being developed in parallel with MERCURY.
In MERCURY-1, the former compor:rat implements a set of heuristics for evaluat-
ing the likelihood that data obtained from a particular source are representative of
an unknown location; hence it is termed the data evaluadon module (DEM). In the
MERCURY-1 design, it was assumed that the DEM would be supplemented, at
sorie point in the future, by an MGR-based scenario generation module (SGM) that
would generate qualitative descriptions of meteorological scenarios from the avail-
able data. Because the MGR software was still under development, the SGM was
not implementcd as part of MERCURY-I.

The MERCURY-1 geotopographic representation is based on the commercial
GeoFlavors software, which was purchased from Ball Systems Engineering Division
(formerly Verac, Inc.), San Diego, CA. The developer interfuce of MERCURY-1
include. functions for specifying geographical regions of interest and editing maps
of these regions. Mans may include land use regions, terrain contours, and loca-
tions of mesonet and rawinsonde stations and test locations. The MERCURY-1
developer interface, with a map o, the Los Angeles basin test area, s shown in Fig.
3

A live source of meteorological data was not available during the period in
which MERCURY-1 wuas under development. Data input to MERCURY-1 is,
therefore, performed by the developer via a set of devel per interface functions.
The developer also simulates the client TDA by requesting data for a particular
lecation and tine.
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Figure 2. Architecture of the MERCURY-1 prototype. The components indicated
as dashed boxes were not implemented in MERCURY-1; their roles in
the architecture are included for clarity.

2.3 DATA EVALUATION MODULE

The MERCURY-1 data evaluation modulc implements a set of heuristics for
choosing, from among those available in the region of interest, a single mesonet sta-
tion and a single rawinsonde station as most likely to provide data representative of
the current weather conditions at the location of interest. Qualitatively, these
heuristics are as follows: 1) nearby stations are more likely to provide representative
data than far away stations; 2) stations reporting recent measurements are more
likely to be representative than stations reporting old measurements; 3) stations
located in similar laad use regions are more likely to provide representative data
than stations located in dissimilar land use regions; 4) stations separated from the
location of interest by significant terrain features are less likely to provide represen-
tative data than stations that are not scparated from the location of interest by
significant terrain features. All of these heuristics are used 1n eveluating mesonet
stations for representativeness: only heuristics 1) and 2y are used for evaluating
rawinsonde stations.

The above heuristics are encoded @s numerical functions that evaluate all aval-
able measurement stations with respect o the location of interest. Numerical funce
tons were used for (wo reasons: firsg, they provide @ streightforward way of han:
Jhing the numerical mnput at, and second, the tesults of difterent bounstie evalua-
dons can he combined ws continuous values. Sutiens are evelueted nsing o gualin
Tonction chait additivdly comibines component functions corresponding o the four
heuristics. This guality function measures the likelthood that o station will provide
e optimal data for the location of tnterest. Quality s assumed o decrcas
exponentially  with distance, age of the data, and difference in land use as
represented by roughpess parameter, and o decrease inversely with e difference e
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Figurc 3. Los Angeles basin regior, showing shading patterns for land use re-
gions. The interaction window shows the application selection menu.

elevation. The quality, Q (m ), of the j™ mesonet station with respect to a particu-
lar location of interest / is given by:

Q(m); (1) =Xy o; exp (x;;([)/xg;) + 0y / fl_,j (A xpl,
and the quality. Q (r),, of the k" rawinsonde station with respect to [ 1s given by:

In these expressions,
xlj-(l) = distance from j"‘ station to /.
X, (1) = difference in time between the last report from the J™ station and the
present.
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x4;(l) = difference in roughness between the location of the j™ station and /.

x4 = elevation above mean sea level. In MERCURY-1, the path integral i<
approximated as the sum of the contour boundarics crossed by a straight line
from ! to the location of the j* station.

oy, 0, 03, 04, By, and B, are positive constant coefficients, and xg;, X2, X3,
X ‘1> and x 7, are positive constant 1/e lengths.

These expressions contain a total of six coefficients and five 1/e lengths, for a total
of eleven free parameters.

2.4 EVALUATION OF MERCURY-1.

The goal of the development of MERCURY-1 was to investigate the require-
ments posed by the MERCURY task environment, and to serve as a testbed in
which to evaluate architectural approaches to meeting the requirements posed by the
task environment. The development of MERCURY-1 has provided answers to a
number of these questions. The principal conclusions reached on the basis of
MERCURY-1 were that a topographic data representation based on point elevation
and land use data, a live source of meteorological data, and a significantly expanded
data evaluation system were needed (Fields, 1988). These conclusions served as the
basis for the MERCURY-2 design.

3. THE MERCURY-2 SYSTEM

3.1 OVERVIEW

The goal of the development of the MERCURY-2 piototype is to provide a
testbed for evaluating approximate meteorological diagnostic techniques and objcc-
tive analysis strategies in a data fusion environment, and for developing
specifications for the MGR based qualitative modelling system. The design of
MERCURY-2 is similar to that of MERCURY-1, but incorporates the alterations
recommended in the MERCURY-1 evaluation. Foremost among these are facilities
for ingesting live meteorological data, and a geotopographic representation based on
high-resolution Defense Mapping Agency (DMA) gridded elevation and land use
data. This geotopographic representation will interface directly with a meteorologi-
cal data representation based on the UniData System for Scientific Data Manage-
ment (USSDM) package deveioped by the University Corporation for Atmospheric
Research (UCAR) UniData Program (Campbell and Rew, 198&8).

The MERCURY-2 design includcs a heterogeneous data analysis system that
replaces both the Data Evaluation Module and the unimplemented Scenario Genera-
tion Module of MERCURY-1. This system incorporatcs mesoscale objective
analysis, approximate diagnostic models that describe particular weather patterns
such as sea breezes, heuristic rules, and qualitative models constructed using MGR.
The system is designed to use the faster, more reliable objective analysis or




diagnostic models when input data to drive them are available, and to fall back on a
combination of heuristics, qualitative modeling and climatology when data are una-
vailable. Heuristic metarules are used to direct the flow of control to either quanti-
tative or quaiitative models, depending on the data that are available and their
characteristics.

3.2 ARCHITECTURE

A data flow diagram of the MERCURY-2 architecture is shown in Fig. 4.
MERCURY-2 is organized along the same general lines as is MERCURY-1: it
includes geotopographic and meteorological data representations that emulate the
DTSS and IMETS databases, respectively, and a data analysis system that carries
out data fusion. Like MERCURY-1, MERCURY-2 includes a developer interface
for set-up and testing. The principal high-level architectural differences between
MERCURY-2 and MERCURY-1 are that MERCURY-2 accents input directly from
meteorological data and derived products sources, and acczpis requests from and
returns responses to client TDAs.
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Figure 4. Block data flow diagram of the MERCURY-2 architecture; cf. Fig. 2
for MERCURY-1. Diamonds represent bottom-level databases. The
geotopographic and meteorological data representations are shown in
more detail in Fig. 5; the data analysis system is shown in more detail
in Fig. 6.

MERCURY-2 is designed to accept the same types of metcorological data as
did MERCURY-1: mesonet ground station and rawinsonde data. Quality assurance
is assumed to be performed on these data by an upstream system (cf. Fig. ).
MERCURY-2 will also accept synoptic objective analyses for an area containing the
300 km x 300 km region of interest; such analyses will typically be relatively low-
resolution continental scale products. Objective analyses are assumed to be pro-
vided as gridded fields of real numbers representing heights at both manditory and
significant levels, temperatures ai 850, 700, and 500 mb, and vorticities at 500 mb
(1 bar = 100 kPa). Gridded tields representing numerical predictions will be added
as an additional derived input in the second phase of MERCURY-2 development.

Bordv dnta and derived products for input to MERCURY-2 wiil be obtained
from the demestic data plus (DD+) and Nationa! Mertcorological Center (NMO)




numerical products broadcasts of Zephyr Weather Information Service, Inc., of
Westborough, MA. These data are corrected for errors by Zephyr. The Local Data
Manager (LDM) component of the USSDM software (Campbell and Rew, 1988)
will be used to ingest and manage both data and derived products. The LDM will,
therefore, emulate the IMETS meteorological database management system within
MERCURY-2.

MERCURY-2 will be directly demand driven by its client TDAs. Client TDAs
will query MERCURY-2 by passing a request for data for a particular location and
time to the client TDA interface, as shown in Fig. 4. The location must be within
the current region of interest, and the time must be within a specified interval from
the current time. The data requirements of the client TDAs are provided in a TDA
requirements database that is accessed by the client TDA interface; a TDA does not,
therefore, have to explicitly request values for the variables that it needs. The client
TDA interface requests values of the variables required by each TDA that submits a
request from the data analysis system, which produces the required values as output.
The client TDA interface reformats this output, using formats specified in the TDA
requirements database, before passing the result to the requesting TDA as a
response to the submitted request.

3.3 DATA REPRESENTATIONS

The organizations of the MERCURY-2 geotopographic and meteorological daia
representations are shown in Fig. 5. These data representations have been com-
pletely redesigned, based on the recommendations made following the
MERCURY-1 evaluation. The MERCURY-2 representations effectively form a set
of overlays of point data on a bettom-level latitude-longitude coordinate system.
All data or derived products associated with a latitude-longitude point may be
accessed by the data analysis system via the coordinates of the point. Data may
also be accessed by specifying a distance, or a function of distance, from a point.
The data analysis system thus treats the geotopographic and meteorological data
representations as a single database of point data tied to coordinates.

Point elevation and land use data at 100 m nominal grid resolution (for midlati-
tudes) are provided by DMA digital terrain databases. In cases in which DMA land
use data are unavailable, approximate land use data will be added to the DMA data-
base by hand before using it in MERCURY-2. The DMA database for a region of
interest forms the basis of the geotopographic data representation for that region.
DMA land use codes are converted to roughness estimates using average roughness
values for desert, forest, agricultural, urban, and marine areas (Hansen, 1984). The
elevation data are contoured using the National Center for Atmospheric Research
(NCAR) Graphics contouring routine, which is included as a component of the
USSDM software package. Boundaries of land use regions are represented as lists
of coordinates at which the land use code changes. The local slope of the terrain at
each grid point is calculated as the cross product of the vectors representing the
changes in elevation from the grid point to its nearest neighbors in positive latitude
and longitude. Regions bounded by slopes above a specified cutoff are identified as
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Figure 5. Organization of the meteorological data and geotopographic representa-
tions. Each overlay is tied directly to the latitude-longitude coordinate
system provided by the DMA database. Incoming arrows indicate input
from the data and derived products sources; the DMA database is indi-
cated by a squarc bracket. The other overlays are calculated from those
below them as described in the text.

significant terrain features, and are placed in a terrain feature list. Such regions are
represented by their boundaries at full resolution, and by the slopes associated with
the points inside the boundaries, which are averaged on a 500 m nominal grid
(Cavendish et al., 1988).

Also placed in the terrain feature list are the boundaries, again at full resolution,
of marine or desert regions above a specified size. The terrain feature list thus pro-
vides a compact representation of all features of the terrain that are likely to have
significant effects on the mesoscale weather pattern.

Mecteorological data are tied to the coordinate system as time-stamped point
data associated with the location at which they were measured. Facilities for doing
this are provided in the USSDM package. The elevation and land use (roughness)
of the location of a measurement station are obtained directly from the relevant geo-
topographic representation overlay. Distances from measurement stations to terrain
features are calculated as Euclidean straight-line distances to their boundaries using
lautude-longitude  coordinates.  Gridded  objecuve  analyses  and  numerical




predictions are represented as additional time-stamped point data overlays on the
coordinate system, again using facilities in USSDM. Only most-recent data and
objective analyses are used in the current MERCURY-2 design; selected past data
will be maintained in phase-2 for comparison to numerical predictions.

The pressure height field from the synoptic objective analysis will be further
analyzed using a slope analysis procedure similar to that employed to identify oro-
graphic features. Regions in the height fields having slopes above a specified value
will be stored in an analysis feature list similar to the terrain feature list. This list
will provide a rudimentary representation of synoptic features that may be expected
to dominate or interact with mesoscale effects in the region of interest. This pro-
cedure for automatically analyzing objective heights, if successful, will also be
employed for predicted heights.

Climatological data will be represented in the second phase of MERCURY-2 as
point data for given locations. Details of the form of the climatological data to be
used have yet to be determined.

34 DEVELOPER INTERFACE

The design of the MERCURY-2 developer interface combines the general lay-
out and menu structure of the MERCURY-1 interface with the map display facilities
provided by the USSDM package. The latter are based on the Graphics Kernel Sys-
tem (GKS) portable graphics drivers, which also underlie the NCAR Graphics pack-
age. MERCURY-2 is being designed to support 8 bit color graphics, in order to
allow the use of color for displaying land use regions and derived meteorological
products (e.g. contoured height fields).

3.5 DATA ANALYSIS SYSTEM

The organization of the MERCURY-2 data analysis system is shown in Fig. 7.
The system employs mesoscale objective analysis, approximate diagnostic models,
henristic rules, and qualitative modelling to estimate the values of required variables
under different conditions of terrain complexity and data availability. The modules
implementing these different analysis strategies each have direct access to the data
representations, and operate independently from each other. The analysis module or
modules to employ in a particular situation are determined by a metarule base,
which receives the request for data from the client TDA interface. The metarules
evaluate each data request with respect to the type of data required, the availablity
of data, and the terrain in the vicinity of the point for which data are required. By
selecting the analysis module or modules to answer each request, the metarule base
effectively directs the flow of control through the data analysis system. The use of
metarules for control considerably simplifies the structure of the system, and

increases the autonomy of each of the analysis modules (c¢f. Clancey and Bock,
1988).
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Figure 6. Organization of the data analysis system. Metarules are used to regulate
the flow of control to the various data analysis moduies. All modules
have independent access to the data and geotopographic representations.

The action of the metarule base in evaluating requests and directing the flow of
contro] can be illustrated by an example. If wind velocity data are required for a
location ucar a coastline, for example, objective analysis may be employed if the
required values can be obtained by interpolation from coastal stations. If the data
available from coastal stations are too sparse for reliable interpolation, however, a
better estimate of the coastal surface wind field may be obtained from an approxi-

mate numerical model for sea breeze penetration. In situations in which a sea
breeze is unlikely, or in which the sea breeze may be influenced by, for example, a
off-shore low-pressure system, qualitative modelling may be requirced to represem
the interaction between the phenomena contributing to the wind field. The condi-
tions under which these different strategies are likely to be useful are encoded as
metarules, which then function to select the modules implementing the appropriate
strategy for activation in each particular situation.

Specification of the functionality of the diagnostics and heuristics modules, and
of the metarule base, has started, with the Los Angeles basin sea breeze as the ini-
tial phenomenon of interest. The sea breeze velocity V(r) as a function of radial
distance r from the coast has been parameterized by the Fermi function:

V(r) = V ylexplwl(r - rol £ 10,




where r = 0 1s taken to be the coastline, V is the velocity at the coastline, and V(r)
ts assumed 9 be radial. The penetration (?epth Iy S assumed to vary diurnally as a
Gaussian:

To(®) = rg(max) exp -{(t - to/rl’,

where ro(max) is the maximum penciration depth and ty is the time of maximum

penetration. The parameters V . r (max), and t, vary seasonally, and are assumed
to be included in the chm‘.tology (? tabase. The 1/e length parameters w and T are

assumed to be constants, and are obtained by fitting data.

Diagnostic models for correcting wind speed for terrain roughness, and for
correcting temperature and pressure for elevation, will be obtained from ASL.
Diagnostic models for sensible heating, and for mountain breezes, will be obtained
from ASL or developed as parameterizations.

Data source evaluation functions similar to those developed for the
MERCURY-1 DEM will be used to evaluate data sources for representativeness of
temperature, pressure, humidity, and precipitation variables. It is anticipated that
different exponential decay parameters will be needed for different variables.
Values of these parameters will be obtained by fitting appropriate data.
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Applying Artificial Intelligence Techniques to the
GIS Data Acquisition Problem

Robert F. Richbourg
Office of Artificial Intelligence Analysis and Evaluation
United States Military Academy
West Point, New York

Abstract

Geographic information systems (GIS) are capable of automating many of the
analytical functions performed (manually) by terrain analysts. As with any
computer system, the GIS software can only be utilized when an appropriate digital
representaticn of the terrain to be analyzed is available. Currently, most digital
data sets are hand-crafted, a tedious and error-prone process. In this paper, we
discuss an artificial intelligence based approach designed to assist the human in the
creation of digital terrain data. The paper describes the Digitized Overlay Object
Recognition (DOOR) system which applies an automatic programming technique to
a character separation and recognition problem. By relying on the system, a user
can program stroke-based character recognition procedures that can be applied to
digital images of engineering factor overlays, resulting in the creation of digital

topographic data sets appropriate for a specific GIS, the TerraBase system. Use of

the system increases data set accuracy and decreases the time required for data set
production.

1. introduction

The TerraBase system [Ref. 1,2] is a military terrain information system
that has been developed by the Computer Graphics Laboratory (CGL} within the
Department of Geography and Computer Science at the United States Military
Academy, West Point, New York. TerraBase is designed to support U. S. Army
engineer topographic units in the performance of terrain analysis tasks including
the production of tint overlays, line of sight profiles, perspective terrain views and
cross-country mobility overlays. The system is very capable and has generated a
favorable reaction from a growing user community. However, as is the case with all
geographic information systems (GIS), the functionality of the TerraBase system is
limited by the availability of high quality, digital terrain data. Currently,. only
elevation data is widely available in digital form.

The TerraBase system includes a module called Digidata that allows the
manual creation of digital data from analog sources. The DMA publishes an analog
Tactical Terrain Analysis Data Base (TTADB) in the form of engineering factor
onverlays including vegetation height, vegetation type, surface configuration, and
the soil types overlays. An example of a surface configuration overlay is shown in
Figure 1. The actual TTADB overlays are approximately 17.5" X 22" and are drawn
on clear acetate so that they can be placed on top of a standard map sheetl. The
Digidata program inte-faces a digitizing tablet to an EGA resolution computer
screen so that the TTADB data can be captured by tracing {(with a digitizing puck) the
TTADB areal boundaries on the digitizing tablet. Once these boundaries are entered,
the character code associated with each area can be entered from a computer
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keyboard. (Dependent upon the overlay type a one to three character code is
associated with each region.) The manual crafting of digital data in this manner has
proven to be tedious, iabor-intensive and error-prone. Estimates for the time
required to digitize the overlays associated with a single map sheet vary from 50 to
150 man-hours, depending on overlay complexity and the skill of the operator (the
cverlay shown in Figure 1 is of moderate complexity).
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Figure 1. A Surface Configuration TTADB Engineering Factor Overlay

An experimental system is being developed in order to shift the labor
intensily of the digital data capture process from man to machine. The first
requiremnent of this system is that the digitizing puck and tatlet be replaced with a
digital imaging camera system. The camera can be used to capture a digital image of
the entire overlay, to which character recognition techniques can be applied. I a
svstemn can recognize all the characters in the image, store their locations
internally, and erase the characters from inhe iinage, then ouly the area boundaries




will remain. This process would complete the two steps effected by the Digidata
program; the area boundaries would be "traced” and a character code would be
associated with each area.

2. Design Constraints

Many character recognition techniques have been developed [Ref. 3,4.5,6].
However, some of these techniques do not apply well to the TTADB character
recognition problem frr <everal reasons, many of which are evident in the overlay
of Figure 1. Multiple sizes of characters occur on single overlays. Character fonts
differ between overlays. Individual charactler groups may be rotated (written at an
angle or vertically) on some overlays. While most character groups are inside the
area they describe, some are not and "leader lines" are used to indicate the
associated area(s). The character locations "float"; unlike text, the horizontal and
vertical spacing between characters and between character groups is non-uniform.
The area boundaries contain many character-shaped portions which must not be
confused with the characters themselves. Thus, as well as recognition, the
technique must alsoc be able to separate characters from a potentially confusing,
irregularly shaped graphical background.

There are also system considerations which impact on the choice of a
specific character recogniticn technique. The TerraBase system is designed to be
hosted on machines that are commonly available to Army topographic units. For
compatibility with TcrraBase, the character recognition software should also
execute on an MS-DOS PC/AT compatible mach:ne. Thus, no special purpose
hardware can be depended upon and both time and space resources must be
conservatively managed. Further, software maintenance issues encourage tho* the
recognition software be delivered in the same programming language as the extant
TerraBase system.

Due to these considerations, a stroke-based recognition procedure was
chosen for the implementation. These methods are more easily adapted to scaling
and rotation changes than are the matrix-like, two-dimensional pixel pattern
matching techniques. They also allow a hierarchical classification of the
characters to be considered for recognition by using the strokes common to
different characters as grouping keys. The stroke-based methods also seem more
applicable and efficient in view of the floating text problem.

Because execution time is a primary concern, the system should provide
some way for the user to specify those characters that should be regarded as
candidates for recognition. Thus, the user should be able to load or unload character
definitions from libraries as required. This effects a human-assisted pruning
mechanism where only those charactlers that appear in the image at hand are
considered by the recognition software, greatly reducing processing time and the
potential for error. Further, the character definitions should be very specific, not
only to speed execution but to reduce errors of commission as well. (As a design
choice, errors of omission are preferable to errors of commission.) A final
consideration is that the system should be able to efficiently recognize characters of
different fonts, some of which may not be strictly defined (as in the case of hand-
written characters). For this reason. our approach has been to make the system
user-programmable. Thus, a user can not only relerence symbol deflinitions from an
extant library, but can also create new symbol definitions as the need arises.
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3. The DOOR Svstem

Above are many of the considerations that have impacted on ihe
development of the Digilized Overlay Object Recognition (DOOR) systeni being
developed at West Point. The system rclies on a stroke-based, auiomatic
programming [Ref. 7] (in the sense that FORTRAN was automatic programming
during the 1950's} approach to charactler recognilion. The DOOR system takes as
input a binary digital image which has been processed by convolution [Ref. 8] and
adaptive thresholding algorithms. Given this input. thc user has two available
options. Symbol definitions can be loaded (individually or in sets) [ror: libraries o1
new definitions can be created by using the automatic programming capabilities of
the system. If extant definitions are to be used, the user simply reads them in from
disk to crcate a definition set and then invokes the (stand-alone) recognition
soltware. A more interesting case arises when new definitions are to be created.
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Figure 2. Programming A Symbol Definition

The left side of Figure 2 shows 2 small portion of a digitized factor overlay
image as provided to the DOOR systemi. There is a thin-lined rectangle drawn around
the Tetter "D” in the image. This is a user designated area which is enlarged and
displayed in the top right portion of the figure. Here, individual pixels are
distinguishable. The "blow-up” area is designed to assist the user ip programming
the system. This programming is accomplished by allowing tiie user (o first specily
important points (pixels) in the image ¢f the character. Then. the connections
between those points representing the sirokes required to describe a symbnl (or
character) must be specified.

As an exanple, there are two important points used in writing the letter "D
Otie point is at the top left of the letter {the vertex of an inverted L-shaped line
inter=ection)) and one point is at the lower left of the letter {the vertex of an L}, These
two puints are connected onee by a line segment and once by a half circle. opening 9
the left. This is the tyvpe of description provided to the syvstem as programniipg,

In Figure 2, the menn entitled "Nmuber Of Lines” is asking the nser how

Tuany lines intersect ot a point abon (o be specilied. the vser shonld selecd 727 winee
both points impo.tant inomaking a 1Y feature the intersection cOiwo line segments
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(This information will be used to prune candidates during the recognition process.)
The user must then move a cursor to the pixel in the blow-up area that represents the
intersection point. Once both of the important points for the letter "D" have been
specified in this manner, the user is asked how the points should be connected.
Menu options are used to select one linear connection and one circular connection
between the two points {as described above). Provided with this description of the
character "D", the DOOR system then creates the procedure calls and parameters
necessary to apply the user-supplied definition. The parameters are adjusted so that
a variety of D" images can be recognized from the single description and this
adjustment is based on the characteristics of the single "D" image used as the basis
for programming. The adjustments allow for some rotation, scaling and, of course,
translation of "D" images.

Similar definitions can be created for each symbol to be recognized in the
input image. New definitions can also be intermixed with definitions loaded from
libraries. In Figure 3, the system is advising the user that definitions for the
symbols "A", "B", "C", and "D" are loaded. Che "Alone" label indicates that each
definition is for a single character, not a character that is part of a two or three
character group. The number of
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A Alone 2

B Alone ?

| ] Alone 2

C Alane 2

4 Strike Any Key To
Exat

Use Arrow Keys To Select Menu item, Press Return dhen Done

Figure 3. Symbol Definitions Known To The System

important points contained in each symbol definition is also listed. Note that the
symbo! definitions are specified by users during programming. The symbol
defini 1ons as described in Figure 3 were programmed by soldiers from a
topographic unit. Why nine points were used to define "A" or three points were used
to define "D" is unclear: however, the deflinitions work. The differeice between
specilying 2 or 3 importanl points in the letter "D" is not unlike (hat between the
choice of using many individual {sequential) programmnung statements or a single
programming statement inside a loop. Both methods can be used for the same
purpose, but the latter is more concise.

Figure 4 depicts the result of applying the definitions to the portion of the
overlay image as shown in Figures 2 and 3. Note that, except for the "B" on the right
edge of the image, all of the characters have been rewritten in a standard font and a
diamond-shaped marker appears by each letter. (The "B" not rewrilten was not
considered; it is in an “overlap” region of the image that would be processed on the
next page.) The new font and diamond marker indicate those characters that have
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been recognized by the system. The diamond marker designates the actual (logical)
location associated with each character. Note that the intended location for the "D"
in the upper left portion of the image, indicated by a leader line, has been correctly
identified.
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Figure 4. System Recognized Characters
4. System Usage

The DOOR system software includes four main components. The first
compenent accepts as input a digital image produced by a 4096 X 4096, 8 bit deep (in
intensity}) CCD digital imaging camera system. A standard convolution technique is
applied to this 16MB image to effect noise suppression and edge enhancement. Then,
an adaptive thresholding algorithm is used to reduce the 8 bit deep input file to a
binary representation (] bit deep}, yielding a 2MB file containing the sharpened
image.

This enhanced, binary image is used as input to the second main component
of the system, the symbol definition program as described in the previous section.
The end result of this system component is the creation of a set of symbol
definitions useful in recognizing symbols on a specific overlay image. The symbol
definition »et and the same enhanced, binary image are used as input to the third
system component, the recognition component which produces two outputs. One
output is a data file containing the symbol identifiers and their locations in the
image. The second output is a processed image file where all of the recognized
symbols have been removed, leaving only area boundaries and any unrecognized
characters. If 100% of the characters were recognized, only area boundaries appear
in this image file.

The system has never achieved 100% recognition, necessitating the final
systein component, a digital image editor. The editor is used to correct any errors
produced by the recognition sofiware. Symbols can be added to, deleted from. or
modified within the set of recognized characters. The editor can also be used to
repair noise corrupled portions of the image itsell. A final editor capability causes
the creation of the data files as required by the TerraBase Digidata program. The
Digidata program expects a 900 X 900 pixel data file where each pixel is colnr-coded
1o represent its associated character description. This is g very time consunnng
operation since the entire overlay image must be registered. color-coded. and
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compressed {rom (approximately) 4096 X 4096 pixels to 900 X 900 pixels. To register
the image, the corners of the overlay must first be located within the image
{generally, there is some cmount of "white space” around the outside of the overlay
that also appears in the digitized image). Often, the overlay image requires some
siigh{ rotation so that it becomes orthogonal with the screen coordinate system.
Also, the overlays are either rectangular (for 1:50,000 scalc overlays) or pieces of
two-dimensional conic sections (for 1:250,000 scale overlays). This shaping
requires a non-uniform compression into the 900 X 900 square space.

8. Conclusions

A prototype, experimental version of the DOOR system has been used by
Army soldiers from several different units to create digital data for use with the
TerraBase system. Members of the 649th Engineer Battalion (TOPO] of the 18th
Engineer Brigade used the system to support the REFORGER 88 exercise in Germany.
The system has also been used by soldiers from the 30th Engineer Battalion, Fort
Belvoir, Virginia and from the 557th Terrain Detachment, 8th Army, Korea. On the
average, the system produces at least a 10 fold reduction in the man-hours required
to create digital data. Recorded character recognition rates ran from a low of 62% to
a high of 96% correctly identified characters. The system was not as efficient in
recognizing occurrences of leader lines meant to indicate character locations. These
were correctly processed in only about 50% of the cases. We note that the percentage
of correctly identified characters is directly related to the skill with which the
so! liers programmed the system. As the user-soldiers gain more expertise and more
accurate libraries of symbol definitions are created, the percentage of correctly
identified characters should increase.

The recognition software requires a large amount of machine processing
time on the Zenith 248 (& MHz clock) personal computer. Up to 10 hours may be
required to process a single overlay image using this machine. (Note that this time
is not included in the man-hours required to use the system since the recognition
software executes with no human intervention.) Due to this large processing
requirement, some users have bypassed the recognition step and used the image
editor to enter all character descriptions. The editor is menu driven, allo./s mouse
inpul, and is easy to learn and use. An overlay of average complexity can be entirely
processed with the editor is less than 2 man-hours.

The DOOR system has demonstrated its utility. It eliminates many man-
hours of manual labor and facilitates the production of accurate digital data. The
time requirements ol the recognition software can be greatly reduced by using an
MS-DOS 386-based machine. Also, these requirements become less important when
several 286-based machines can be used as dedicated processors. Regardless of thie
mode of usage, the DOOR system has proven its value in greatly reducing the tedious.
error-prone nature of a time consuming task.
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AN EXPERT SYSTEM FOR MINEFIELD SITE PREDICTION
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ABSTRACT

The design and implementation of a Minefield Site Prediction
Expert System (MSPES) is described. The ultimate goal of the system
is to emulate the role of a terrain analyst and combat engineer in
predicting likely minefield sites. The major components of the
system are the inference system, the geographic information system,
and the user interface. The inference system is driven by a goal-
directed backward chaining mechanism. The geographic information
system (GIS) is based on quadtrees. The user interface is window-
based, aund uoes an object-oriented graphics package.

This paper discusses the system architect re, the issues that
arose during the design and implementation of the p.ototype system,
and the resolution of those issues. In particular, the tradeoffs
between making decisions in the GIS component and in the inference
system component are discussed.

1. INTRODUCTION

PAR Government Systems Corporation (PGSC) is currently under
contract to the U.S. Army Engineer Topographic Laboratories to
develop the Minefield Site Prediction Expert System (MSPES). The
purpose of this system is to automate some of the functions
performed by the terrain analyst and the combat engineer in the
determination of potential minefield sites. The factors used in
minefield site prediction include terrain information, such as
cross country mobility information; mine/countermine warfare
dectrine, as found in military training manuals; and battlefield
situation or enemy intention knowledge, as supplied by battlefield
intelligence. The first phase of the MSPES development was
completed in January 1988 and resulted in a prototype system on a
Sun 3/160 color workstation under the Unix operating system. ~2hase
1I, currently being performed, 1is an expansion of the prototype
system, including the use of the X Window System and enhancement to
the rule base. Phase II1I, scheduled to begin in December 1988,
will center around the porting of the system to a DEC VAXstation
II/GPX under the VMS operating system.

Developing an expert system for predicting potential minefield
sites involves elementc of military terrain analysis, which in turn
encompasses both geographic analysis and military doctrine. The
system must therefore embody a geographic information system, for
handling the terrain information; an inferencing mechanism, for
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coordinating rules about how doctrine exploits the :terrain
information in making minefield site predictions; and a user
interface, with which the analyst working in this domain feels
comfortable.

This domain, the prediction of likely minefield sites, 1is
particularly suited to expert system development because it is a

well defined and bounded problem. Most of the terrain and
gecgraphic analysis which is involved 1in the prediction of
minefield sites can be codified into a set of rules. For examgple,

troops will not find antitank mines in a forested area with stem
Jiameters greater than twenty five centimeters and a stem spacing
of less than two and one half meters. Nor would antitank mines be
found on a slope greater than a forty five degree angle.
Mine/countermine warfare doctrine and much of the battlefield

ernvironment alsc can be represented in an expert system. The
doctrine aoplyving t2 mine warfare 1in a certain geosgraphic
I~atiaon, for emzmple Eurspe, is fairly consistent regardless of
the nationality of the forces. In other words, Soviet mninefield

-

doctrine and U.S. minefield doctrine are similar for European
terrain and situation. With these factcrs established by knowledge
eng.ineering and research, the MSPES becomes an effort of system
integration and rule base development. The following sectiocns of
tnis paper discuss the prototype MSPES and the direction of future
MSPES development.

2. 3YSTEM COMPONENTS OF PROTOTYPE

The Minefield Site Prediction Expert System consists of three
cempeonentc: an inference system, a geographic information system
capability, and the user interface.

2.1 INFERENCE SYSTEM

The inference system used by the MSPES is ERS, the Embedded
Rule~pased System. This inference system, developed by PGSC, is a
framework for the development of expert system applications. ERS
is written in the C language and uses a goal-directed, backward
chaining mechanism. It includes a consultation capability and
facilities that allow rules to access, evaluate, and modify
external sources of information.

The ERS consists of a rule base parser and an inference
'engine’. ERS rule bases are text files written in the ERS rule-
base language. On startup, ERS reads a specified rule-base file,
parses it, and compiles the rules into internal data structures.
The internal data structures control the inferencing mechanism,
which in turn directs the gathering of evidence in support of
hypotheses. Figure 1 represents the inference system and the
relationship between it, textual rulebases, and sources of external
information.
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Figure 1 - Inference System, Rulebases, and External Information
2.2 GEOGRMPHIC INFORMATION SYSTEM

The geographic information system (GIS) capability used by the
MSPES is the QUILT system, developed by the Center for Automation
Research at the University of Maryland. QUILT is an experimental
system that uses disk-file based, quadtree data structures tc
support the storage and retrieval of information about point,
linear, and regional data. Figure 2 illustrates the transformation
of a polygon into a quadtree.

The quadtree storage technique uses successive subdivisicn of a
square area into quadrants to represent polygonal areas.
Subdivision of quadrants takes place until each quadrant has a
homogeneous value: it 13 either wholly inside or outside the
polygon. Quadtrees are particularly useful in the performance of
spatial cope:rations such as point in polygon determination, polygon
intersection, and union.

S
=4

Figqure 2 - The Transformation of a Polygon Into a Quadtree

QUILT consists of a kernel of core functions required for
creating and traversing quadtrees, and a collection cf programs
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that use these kernel functions to perform varicus apnlicatizn
specific manijpuvlations of the qguadtree data. Zuadrree
manipulatiecns that are provided as part of the QUILT system incluce
extracting a subset cof the areas with specific values, changing all
areas with a value to a new value, £finding all areas that are
within a specifiecd distance of areas with a particular va.ue,
determining the intersection of areas in two maps, and determining
an attribute associated with a specified map location.

Figure 3 represents the geographic information system
capability used by the MSPES and the relationship between the QUILT

kernel, the application scftware that uses the kernel, and the
database of quadtree data structures QUILT maintains.

Database of
Quadtree Data Flies Application

H) E: Kernel Software

Figure 3 - GIS Capability, Application Softwa-c, ana GIS Database
2.3 USER INTERFACE

The user interface of the prototype MSPES uses the SunvView 1.0
giraphics package provided by Sun Microsystems Inc. SunView 1.0 is
an object-oriented user interface toolkit that is part of the Unix
kernel of the Sun operating system. SunView provides window based
application interfaces using command buttons, menus, graphic
canvases, and text windows. SunView notifies applications when
varicus window events occur, such as cursor movement, mouse button
clicks, and keyboard responses.

Applications that use the SunView package to create their user
interface typically use an object-~oriented, event driven paradigm.
An application defines its user interface by creating a frame and
tilling that frame with user interface components. These
components may include objects such as buttons that users can
select, canvases that the application can draw on, ard text windows
to display prompts and user responses. As the application program
creates each user interface component, the program nominates a
function as callback routines that will handle events in thar
component ., The application then invokes the Notifier. The
Norifier waits for the user to generate events within the
appliczation window frame, identifies the user interface component
1ssociated with the event, and invckes the function that had been
nominated  as  the component's <callback funcrion. Figure 4
reapresoents the interaction between junView and an application.
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Figure 4 - SunView - Application Interaction
3. COMPONENTS OF THE KNOWLEDGE BASE

The MSPES Knowledge base consists of terrain data, spatial
reasoning, rule Dbases, and geographic information system
primitives.

3.1 TERRAIN DATA

The prototype MSPES uses two kinds of terrain data: Cross
Country Mobility (CCM) information and Line of Communication (LOC)

information. CCM data specifies whether an area permits a vehicle
to traverse it easily, with difficulty, or not at all. This 1is
represented by the CCM wvalues "Go", "Restricted", "Slow", "Very
Slow", "No Go", "Built-up", and "Open Water". The CCM data used
by the prototype MSPES is derived from the Defense Mapping Agency's
Cross Country Mobility model. This CCM model factors in

parameters for soil type, vegetation cover, and slope or surface
configuration as they pertain to the movement of a specific tvpe cof
vehicle. The Phase II MSPES uses mobility informaticn from the
Condensed Army Mobility Model which uses additizsnal terrain factors
and more specific factor inter-relationships. L&C data provides a
linear network of traversable paths. Roads, yrailroads, and
navigable rivers are three Line of Conmunication feature
categories.

3.2 SPATIAL REASONING

Spatial reasoning in the context of MSPES involves several
measuras of space to determine the 1likelihesd cof a minefield
placement. space 1in M3PES 1s partiticned via a guadtree riata
structure as <:scribed above. FEach node in the guadtree represents
a spe.ific lz7ation which is measured in terms o0f proximity, area,
and ~haracteristics. The preximity measure provides a distance
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from each locaticn to the nearest segment of a road network. The
area measure provides the size of each homogeneous quadtree node.
Characteristics of each location indicate CCM category and
‘canalization'. The CCM category provides a measure of mobility
for a particular vehicle through an area, considering the soil
type, vegetation cover, and slope of the area. The term
‘canalized' refers to movement across the terrain being channeled
into narrow paths, for example, into a canyon. Canalization is a
shape measure of "Go" areas: where the area is narrow and thus
constrains movement, the area is said to be canalized.

The spatial measures utilized in MSPES represent relatively

lower level forms of spatial reasoning. Implemented as <CIS
primitives, these measures are invoked by rules within the
inferencing ccmponent. A higher level form of spatial reasoning is

performed in the inferencing component, where minefield doctine is
represented. Minefield doctrine thresholds, criteria, constraints,
etc., to a large degree, focus on spatial aspects of locations

regarding their likelihood of being a minefield site. Spatial
reasoning at this level might consist of the composite of reasoning
performed at lower levels. For example, a location is a likely

minefield site if it is in a canalized area and 1is within 'X°
distance of a road and has a CCM category of "Go".

Spatial reasoning in the prototype system 1is fairly
rudimentary. The reasoning capability will be expanded in Phase II
and is discussed below.

3.3 RULE BASE

The rule base of the prototype system incorporates rudimentary
knowledge about terrain factors and how these factors influence the
location of a minefield site. The main effort of Phase I was to
integrate the geographic information system capability, the
inferencing mechanism, and the user interface rather than ¢to
develop an extensive rule base. Phase II focuses on rule base
enhancement and in developing a "complete" expert system for
minefield site prediction. The discussion below focuses on the
prototype rule base,

The purpose of the rule base is to determine the likelihood of
a minefield being present at a certain location. Four categories of
likelihood are assigned: "Very Likely", "Likely", "Possible", and
"Unevaluated". Each one of these categories 1s represented by a
separate rule base goal node.

The infere:ucing mechanism of the Embedded Rule-based System
requires a rule base of simple syntax and structure. A rule 1is
essentially an IF-THEN statement that relates a single ¢z set of

antecedent conditions, the IF part, to a s8ingle <2noncluding
assertion, the THEN part or consequent, with some weight of
evidence. Fach antecedent condition and consequent has a degree of

tnlief asscociated wicth it, specified initially by the rule base as
a prior wvalue. Figure S is an example of one 5f the rules in the
MSPES prototype rule base,




node likely
text desc
" the current region is a likely minefield site”
explanation
" Likely minefield sites are where movement is canalized,
and/or a road is present, and CCM is possible. "
inference
prior -5.0
bayesian antecedents
(
ccm_pessible pw 5 nw 0
canal_area pw 10 nw 0
road loc pw 10 nw O
control
context of unevaluated int min 0.0
context of not_likely int min 0.0
context of ccm_possible int 0.0 max
goal

Figure 5 - An ERS Rule Base Rule

The collection of rules forms an inference network which is a
directed graph of nodes and links. Nodes in the inference net
represent individual antecedent conditions, consequent assertions,
or context conditions for the rules and may be categorized as goal
nodes, hypothesis nodes, or evidence nodes. Figure 6 1s a
representation of the inference network of the prototype rulebase.

An evaluation of "Unevaluated" indicates that an area has a
mobility category of "No Go" or that there is not enough evidence
supplied by the input data to assign one of the other categories.
The evaluations of "Possible", "Likely", and "Very Likely" result
from increasing probability that a location is a mine site based on
the terrain characteristics of the location and adjacent areas.

The following assumpticn is made regarding the knowledge that
effects the organization of this inference net: if an area 1is 2
"Very Likely" minefield site, it is also a "Likely" minefield site
which in turn indicates that it is also a "Possible"™ minefield
site. In oth=2r words, except for unevaluated areas such as urban
centers and '"no-go" areas, all remaining terrain is considered a
"Possible” minefield site with subsequent category refinement into
"Likely"™ and "Very Likely" depending on the weights of additional
evidence.
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Figure 6 - The Prototype Rulebase Inference Network
3.4 GEOGRAPHIC INFORMATION PRIMITIVES

During the operation of the MSPES, eight different, single-
purpose processes are used to access data maintained in the QUILT
System's quadtree data structures. These processes are referred to
as GIS primitives. Four of these primitives are used by the
inference system to supply evidence of terrain characteristics at
specified geographic locations. The remaining four primitives are
used to drive application actions.

The four primitives used by the ’'nference system rrovide
information about characteristics asscciated with locations within
terrain overlays. The GIS primitives that access this informaticn
answer the questions: "Is this location near a road?", "What is the
CCM category associated with this location?", "How large 1is the
homogeneous area associated with this location?", and "Is the area
associated with this location 'canalized'?".

The four primitives that are used to drive application actions
provide ancillary data used in system operation. One primitive
provides a stream of locations of homogeneous CCM category areas to
drive the 1inference system and updates the values of those
locations with the evaluation that the inference system provides.
Another provides information for the display of quadtree data. A
third provides database update facilities aad 1s used to permi.
analysts tn over-ride the oconciusicns reached by the inferenne
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system. The last primitive converts coordinates, entered through
the user interface, to database coordinates identifying areas of
homogeneous characteristics.

4. SYSTEM OPERATION

The MSPES is made up of the three loosely integrated components
of the inference system, the geographic information system
capability, and the user interface. In - the prototype MSPES these
components are realized as separate, cooperating processes in the
Unix operating system environment.

The components were kept loosely integrated for several
reasons. First, one or more of the components might have reqguired
replacement following the evaluation of the prototype MSPES. Loose
integration of the components with well defined linkages to the
others facilitates replacement of a component if that was deemed
necessary.

Second, since the inference system and the geographic
inforration system capability used "off-the-shelf"” software
components, keeping them as separate, communicating Unix processes
avoided naming and addressing conflicts and simplified the
integration process.

A third reason is related to the QUILT kernel which is designed
to deal with a small number of simultaneously open quadtree Jisk
files. By designing the system around geographic primitive
processes that provide simple units of information, it was possible
to avoid requiring the GIS capability to increase the number of
simultaneously open files,

Finally, by designing *+he system as separate, independent
processes, it 1s possikle to take advantage of a degree of
parallelism in the component's operation. In addition, separate
processes makes possible the distribution c¢f components among
networked processors.

4.1 MSPES APPLICATIONS

Seven applications make up the prototype MSPES: Input Map,
Create Manuscript, View Map, Explain Manuscript, Edit Map, oLJdit
Rulebase, and Help. Each application has a separate user interface
definition which nominates specialized and shared functions to
control its operation.

Input Map allows the user to specify where in the file system
an input data source may be found and what kind of overlay the data
represent. This information is used to starct a script of
processing steps to convert the input data format inte the GIS
database format.

Create Manuscript permits the user to specify the Area of

Interest (AOI) and the rulebase that should he used to evaluate
rhat AOI. This information provides the inference system with what
15 needed for initialization. The applicarion starts a GIS
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primitive to derive coordinates that are then passed to the
inference system to be evaluated.

View Map provides graphic display capabilities associated with
the viewing of terrain overlays and minefield site prediction
manuscripts.

zplain Manuscript permits a user to display a minefield site
prediction manuscript and interactively makz inguiries of the
inference system. The possible inquiries incliude how the inference
system evalumted manuscript locations, why certain rules are fired,
requzst elaborations and explanations from the rulebase about it's
rules, and see the evidence provided by the GIS. Figure 7 depicts
the Explain Manuscript application's user interface, which 1is
typical of that cf all of the MSPES applications.

Edit Map allows a user to display terrain overlays and
manuscripts and interactively modify their content.

£dit Rulebase provides text editing capabilities that permit
rulebase files <o ke modified.

Help provides information relating to all the MSPES
applications. Help 1s alsec available within each of the
applications pertaining to their individual operation.

Lxplain Nanuscript
Area of Interest
OST: CAMMS - M1 tank . Edition: 1 Classificstion: U
S Latituge: 16.39.0888N S Longtitude: 1.5.16.8808¢

Manuecr1pt File: Apri3

List Areas of Interest ] "
% Noce: iixely TIST HGoEs
~ (@it Oogres of Bailef: 18.8 [P.vor: =& 1  (ECABORATF j

Rode Status: askug | wHY )

Action: upsate_.IKELY axecuted ( [v;p:gutg )
tost: T

{ OONE ’
Elaboration text:

CO4 ts posSsiDIN 8nd movesent 16 Canaiized or w rouc te pr o ent in rejons
that are likely minefield s1tes

Explaraticn t.at:
Likely Rinet103d 1188 a: 9 whe ® ac-emert 's canglized, a° 2707 a 1233 's
preseit, and CIM 18 pes: ibis,

THIZ oAl REQUIKES OWE GF THE EYIGEMCE

1 5 TO¢ sate indicates that auvesent s possiZle n the curtent regtcr
( com_possibly )
WHMILH MAS CUSRENT DEGREE 188.9  WEIGHT = S 8

2 ) Whe curcent ragirn 1% part ot 3 Censliz80 Ares  ( zardl_aren )
WHICH HAS CURFERT DEGPFE -180.9 { WEIGHT = -8.8 °
31 ) 100 oata Incicatas that a roas ' present 1o tre teglo:

{ ~oad_loc )
wMICH HAS CJURENT DEGREF 188.8 i WEIGHT & 198 )
Flouwe 7 - Uhe kxglaln Manuscript Application':s User Interface




compiled rules become the infererce network for ERS. The inference
network drives the process o¢of gathering evidence for the varicua
hypotheses about a locaticn being a mine site.

Locaticns which are to be evaluated are specified to ERS by the
Create Manuscript or Explain Manuscript applications. The Create
Manuscript application gets its AQI locations from a geographic
primitive, whereas +“he Explain Manuscript application gets its A0l
locavions from the analyst interactively. Because of the way ACI
lccations are 1identiried, they are guaranteed to have an
homogenecus CCM category.

The evidence in support ¢ ERS's inferential hypotheses comes
from GIS primitives. The primitive processes that ERS uses are
started following the compilation of the inference network. The
relaticnship of terrain characteristics relative to a location
provide the evidence ERS uses as the basis for an evaluation c¢f the
likelihood of the location being a mine site. The evidence in
support of the possible hypotheses is evaluated and the hypothesis
with the highest 'score' becomes the evaluaticn for the specified
location.

The Create Manuscript application sends this evaluation back to
the geographic primitive that :initially reported the location
coordinates. This primitive updates the value associated with the
location to -efiect the mine siie iikellhood evaluation. Since the
database file used for this purpose is never accessed by ERS, this
nvaluation does not bias later evaluations. The Explain Manuscript
application reports the evaluation and related rulebase information
to the analyst via a window-based interface to ERS. Figure 8
represents the various components referred to in the previcus
discussion and their interactions.

5. PROTOTYPE EVALUATION
.1 GLCBAL / LOCAL PRCBIEM

Spatial reasoning in the prototype system 1is partitioned
between primitive processes and rules interpreted by the
inferencing system. Spatial reasoning in the form of well defined
measures or measures are computationally intensive have Leen
implemented as primitives for the sake o¢f processing speed.
Minefield doctrine, on the other hand, has been implemented as
rul 5. The representation and exploitation of mirefield doctrire is
more cdynamlc, requlires global as opposed to ilucal information, and

employs composite reasoning. In addition, a significant capability
»f *the system 1is to allow minefield analysts to add cr nodify
minef:eld doctrine. This is much more easily done by analysts ar

the ru.e rnase level *han at the primitive level.
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Figure & - Linkages Among MSPES Applications, ERS, and GIS
Primitives

A3 the system is enhanced and new primitive requirements are
identified, rew primitive capabilities will have to be developed by
perzonnel who are more intimately familiar with programming and the

details of the system. One such activity is underway in Phase II;
narely, the development of a more robust canalization primitive
than was used in the prototype. The definition of a "ranalized"
ared in the protoetype MSPES 15 one n which movement is channeled
into «ither a north-south or east-~west direction. In the

prototype, only local information could be exploited since the
canallization primitive operated on quadtree representations of "Go"
areas which subdivided homogeneous geographic areas intc a series
of quadtiee nodes in accordance with the quadtree construction

rules. The Phase II concept of canalization uses the 'Go" areas
skeleton and a minimum distance measure in an att:mpt to better
raeflect geographic ceality. The enhanced primitive involves a
preprocessing  skeleton-ization function that exploits global

infarmat inn in identifying canalized areas.

Aucther acrtivity under Phase TI involves the incorporaticn of
counter-mekility doctrine within the rule base. This will place
additirnal requirements on spatial reasoning prinmitives and rule
constructs including the ability to define an acea of mpprcach and
composite this with other evidenne.




5.2 RULES V5. PRIMITIVES.

As is typical with prototype development activicies, =he design
must allocate processes to the appropriate compcnent of “he system.
The foremost purpcse of this allocation is to address functisnality
and secondarily to maximize efficiency. In the MJSPES design this
involved identifying what information needed to be incorpnrated
into the rule base and which evidence <c¢ould Lke supriied Ly
primitive Ffunctions. Generally it is5 more efficient %o rui «a

primitive function which calculates some parameter than to have to
derive this parameter through the interpreted inferencing prccess.
Fnowledge/ information that was required by the MSPES rule Lase was
categorized into inferential and computaticnal £fcrms, and
associated rules and/or primitives were allocated accordingly.

In addition to the allocation of primitives and ra
functions were identified as potential preprocessing s-eps, te

1

fore
~he rule base and inferencing mechanism would actually pe invcked.
This can greatly increase the efficiency of the system. For
example, in the MSPLS environment an areal mask can be generatea tc

screen out all "no-go" areas before starting the inferencin
process. If a tank cannot move through an area, <ne need not ke
concerrnied with finding antitank mines there. This type of function
reduces the number of areas that need tc be investigated during the
inference process. Because of the simplicity of the initial MSPES
rule base in the prototype, there were no complex design issues
relating to resource allocaticn. During Phase II, when doctrine and
battlefield assessment become part of the enhanced rule ktace, the
allocation issues relating o both rules wversus primitives and
doctrine versus computaticnal efficiency will play a greater role.

6. CSUMMARY

The M3PES 1is an example of linkirg expert systems technolsgy
and GIS5 capabilities to create an arplication requiring terrain
analysis and inferences based on dynamic information. The minefield
site prediction scenario incorporates elements demanding gengraphic
and spatial analysis in addition to expert domain knowledge of mine
warfare doctrine. This system provides the capability to work with
these different elements and removes much of *he processing hurden
from the analyst.

After succ~essfully linking the inference mechanism, the 75IS
~apability, and the user interface, the challenge was to a.lcmate
functicns Letween the inferencing component and the gengraphic
arnalysis component. These design - s and decisicns woald differ
£5r applicaticns other than .te prediction depencing o0
efficienc requirements and po. essing priorities, The MIEPES
achieves the allccation halance which best suits tlhe groals ~f8 th

system; that 13 to autcmate some of the functilens pert rmed oy o th
errain analyst and the c¢oreat erngineer in the determinatioen

r
potential minefield sites,
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NEURAL NETWORKS FOR THE REALISTIC BATTLEFIELD

by

Edward M. Measure
Jeff M. Balding

U.S. Army Atmospheric Science Laboratory, WSMR, NM 88002

ABSTRACT

Neural networks appear to have potentially important advantages over
conventional computers for performing some computational tasks on the
realistic battlefield. One method for testing the potential of such
systems is the development of simulations of such tasks. In conjunction
with development of a radiometric battlefield weather sensor, we are
investigating a neural network simulation to invert radiometric
measurements of atmospheric microwave radiance to obtain vertical profiles
of atmospheric temperature. Given a vertical profile of atmospheric
remperature and moisture, it is relatively straightforward to compute the
resulting microwave radiance spectrum at the surface. The inverse problemn,
that of computing the temperature and woisture profiles from measurements
of microwave radiance presents more problems, principally because the
mathematical problem is ill-posed. The training method being adopted -or
our simulaction is intended to exploit the advantages and ameliorate the
disadvantages of this situation.

1. Introduction

The realistic battlefield presents severe challenges to computer
systems performance. Data rates may be very large, and a crucial task is
to filter significant informacion from irrelevant data. Rapidly changing
conditinns and novel threats require adaptability that is very difficult to
achieve with conventional computer programs. Many tasks to be performed
are of the pattern recognition tvpe, a type of problem for which computers
hiave so far displayed 1little aptitude. Information obtained is often

ncomplete or fragmentary, a situation posing severe difficuvltics for
corventional computey programs.

A radically different tvpe of cowputer, patterncd after the biologpical

information processor -- the brain -- may be better suited to battleficld
comput ing enviromments. These computers, callied neural networks, possess
several characteristics which appenr to mare them natural candidarces for

information processing and knowledpe rvepresentation in such an envivonment .
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It is intrinsic to neural networks that they are parallel distributed
processors, carrying out many computations simultaneously, with the
computation distributed to many nodes (the neurons). Only parallel
processing systems are likely to possess the computational power to solve
very complex problems in real time. Another advantage of the neural
network is that most neural networks have a natural, human like, method of
learning (learning by example.) Neural networks can be built with a
capability for general!ization and exhibit a natural tolerance for
incomplete data that is hard to incorporate in conventional computational
schemes.

2. The idea of the teural Network

The organization and structure of biological computers (e.g. brains)
is radically differenc than that of the modern digital computer. Despite
the fact that the switching speeds of their neuronal components are
hundreds of thousands or millions of times slower than the switching speeds
of transistors, biological computers are remarkably fast and powerful at
some tasks, for example pattern recognition. Human and animal brains have
other surprising advantages over conventional digital computers, including
flexibility, tolerance of error and ambiguity, associative memory, and a
natural learning mechanism.

Many of these advantages, and others, are believed to derive from the
remarkable architecture of these biological computers, an extremely highly
parallel, densely interconnected system of individual processors called
neurons. The human brain, for example, is believed to encompass about 10
billion neurons and 100 trillion synapses, or interconnections (Rumelhart
and McClelland, 1986).

Recognition of this fact, together with recognition of the fact that
the conventional single processor digital computer is approaching the
limits of its performance has led to an increasing interest in computer
designs which emulate aspects of these biological computers, the so-called
neural networks.

The term neural network has been applied to a large variety of
computational architectures, but all have in common the notion of simulated
neurons and synapses. The implementations of the simulated neurons and
synapses vary widely, being more or less faithful to what is known about
their biological antecedents (which are themselves rather various,
depending on their functional specialization). A (simulated) neuron is
generally considered an entity with multiple inputs and a single (usually
subsequently branching) output. The neuron's output is a function of its
current state, its current inputs, and (poussibly) its pas. scate history.
The output of a neuron is connected to the inputs of other neurons by
synapses, each of which has a weight (or multiplying factor) associated
with it. The values of the weights, in conjunction with the initial state
of the system, determine the computation performed by the network.

Figure 1, which is adapted from the descriptions of Rumelhart et al.
(Rumelhart, Hinton, and McClelland, 1986) shows a model neuron (labelled j)

with three inputs il’ 12, 13 and corresponding synapses of weights wjl’

w w The current state ej(t) is considered to be some function ot

j2r 3%
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the previous state aj(t-l) and of the weighted sum of the inputs E wjk'

i

The output o,(t) is a function of aj(t).

— . a](T):

flaj (x), Lwjrik)

FIG.1 A MODEL NEURON

Figure 2 shows a simple two-layer neural network with 3 external
inputs, 6 neurons, 9 internal synapses, and 3 external outputs. The
example used in this paper is a 5x5 version of this network. Consider the
simple linear case when oj(t) = aj(t) = E wjkik' For this case (an example

of a linear perceptron) the nonzero wjkform a 3x3 matrix W, and the output

vector o is given by
o=-Wi (1)

Thus the neural network transforms the inputs into the outputs, and
for this linear transformation, the weights are the elements of the
transformation matrix. More general neural networks are possible, since
the state may be (and for biological systems, is) a nonlinear function of
the weighted inputs. Other generalizations include replacing the weighted
sum of the Iinputs with a more general function of the weighted inputs. In
our current work we have restricted ourselves to the linear case, except
that we have not required the weight matrix to be square (number of inputs
and outputs may be different).
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FIG. 2 A SIMPLE NEURAL NET

Since values of the weights determine the transformation of the input
vector, specification of the weights is equivalent to programming the
neural network. One of the reasons neural networks are interesting is that
it is possible to arrange for them to learn by experience, that is, to
adjust their weights based on inputs and outputs. One such learning
mechanism, the one applied in this paper, is Widrow-Hoff or delta-rule
learning (Rumelhart, Hinton, and McClelland, 1986)

Delta-rule learning requires a training set, that is, a set of inputs
together with the corresponding outputs. 1Initially, the weights are set to
small random values. Inputs are supplied and the corresponding out:r 'ts
obtained, compared with the desired outputs, and an error signal generated.
This error signal is used to generate corrections to weights as follows:

Awij =n (£t (t) - o;(t)) ij(t) (2)

where Awij is the change in weight wij’ n is a learning rate factor, ts is

the target output trom the ith unit, o, is the actual output from the ith

i
unit, and i, is the jth input.

J
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Much of the work with neural networks has focussed on simulation of
brain function, associative memory, and pattern recognition. For reasons
to be discussed in the following, we believe that reural network techniques
may also have advantages for certain types of computational tasks that are
usually addressed by more conventional computational techniques.

3. Retrieval of Temperature Profiles from Radiometric Measurements

Ground-based measurements of atmospheric brightness temperature at
several microwave frequencies permit some inference about the vertical
temperature structure of the atmosphere (Barber et al., 1986). 1In the 20
GHz to 60 CHz region, the measured brightness temperatures satisfy (to a
good approximation) the following equation:

Tbv - IjT(s) ay(s) exp[-fay(s')ds'] ds + T:V expl- I: ay(s)ds] (3)

where T, = the downwelling microwave brightness temperature at frequency v

T(s) = temperature at height s
au(s) - the absorption coefficient

and
T:v = the downwelling cosmic microwave background brightness

temperature above the atmosphere,

Interring atmospheric temperature structure from microwave brightness
temperature measurements thus becomes the problem of solving equation 3 to
find T(s). Problems of this type are often referved to as inverse problems
since it is relatively simple to compute Tbu from a knowledge of T(s) but

more difficult to obtain T(s) from T While there are many techniques

by’
for attacking such problems (Westwater and Sweezy, 1983), each has
limitations. Our intent in this paper is to investigate the applicability
of a technique based on the idea of the neural network to this problem.

4 . Defining a Neural Network for the Inversion Problem

Equation 3 has a great deal in common with the 'inear transformation
problems of equation 2, although the transformation invelved is not in
general linear. In discrete approximation, the right hand side of equation
three takes a set of temperatures defined at discrete heights and produccs
from them the corresponding microwave brightness temperatures at discrete
frequencies. While this direct computation is fairly straightforward,
various obstacles exist for the inverse computation (Twomey, 1977).

Our ohjective is to perform the inverse calculation with a neural
network simulation. TInputs to the neural network will be measured
microwave brightness temperatures and other relevant measurements, for
example, csurface measurements of temperature and pressure. Outputs will be
estimated temperature at various heights.
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As mentioned above, our intention is to train this neural network
using the delta-rule training scheme. This requires a teaching set of
irputs and their corresponding outputs. Because it is straightforward to
do the direct computation, there is a natural way to get such a teaching
set. In our case, we have assembled a large set of radiosonde
(meteorological balloon) observations of atmospheric temperature and
humidity profiles. Frcm each such profile, equation 3 permits computation
of a vector of corresponding microwave brighttness temperatures. This
vector of brightness temperatures (augmented by surface observations or
other data) can then serve as the input vector 1 and the radiosonde
temperature observations as the training outputs o. This neural network is

indicated schematically in figure 3.
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5. Simulations and Current Results

Implementation of the system described above is currently in progress.
Results to date consist of simulation of slightly simpler linear systems of
the form of equation 1. For each of these examples, a matrix A was chosen,
and a set of psuedo-random vectors generated (by using a random number
generator to generate their components). Next, for each random vector r,
the cor.esponding vector v = A r was computed, and the resulting pairs of
vectors were stored in a file. Since our objective was to devise a neural

: -1, . ; :
network which computed r = W v, W= A is an analytic solution, which
facilitates comparison. Thus, in our examples, we were merely attempting
to invert matrices. Note that we are not advocating neural networks for
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solution of linear systems, but they do provide convenient and well behaved
examples.

The vectors r served as our input vectors, the corresponding vectors v
as our training set. The training rule actually used was a modification of
the delta-rule discussed above, with the weight change fer each iteraticu
given by

Awij(t) =0 (g, (t) - o, (L)) ij(t) + a Aij(t-l) (4)

where a is a so-called momentum factor and Aij(t-l) is the weight
adjustment in the previous iteration and parventherical t’'s refer to the
current iteration (time). Addition of this factor improves convergence

(Rumelhart, Hinton, and Williams, 1986).

The following tables illustrate the progiess of a sample training
session for a 5x5 neural network. Table 1 shows our example matrix A.

Table 2 shows the inverse matrix 5'1 as obtained by conventional line:r
algebra. Subsequent tables show the matrix W after 100 iterations, 1001
iterations, 2001 iterations, 5001 iterations, and 10001 iterations. In
each case, 1000 pairs of vectors were generated. Where more iterations
were needed for convergence, the same sets were repeatedly run through the
neural net simulation.

TABLE 1.

Original matrix A

20 1.0 0.0 2.0 0.0
3.0 0.0 2.0 1.0 1.0
0.0 2.0 2.0 1.0 3.0
1.0 2.0 3.0 2.0 2.0
2.0 3.0 1.0 3.0 0.0
TABLE 2.
- )
Iiverted Matrix A
-.348 .652 .304 -.783 .435
-1.174 .826 .652 -1.391 1.217
-.609 .391 -.217 .130 .261
1.609 -1.391 -.783 1.870 -1.261
.652 -.348 .304 217 -.565
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TABLE 3.

W After 100 Iterations.

.249 .19%0 .059 -.040 -.008
.019 -.095 .170 .085 .336
-.566 .345 -.195 .139 .234
.290 -.367 -.199 .188 -.274
.349 -.112 443 -.174 -.337
TABLE 4.
W After 1001 Iterations
-.046 .431 .180 -.443 .176
-.573 .385 .405 -.716 .703
-.595 .381 -.2253 .146 .249
.932 -.895 -.505 1.109 -.682
.496 -.233 .369 .041 -.431
TABLE 5.
W After 2001 Iterations
-.208 .550 .247 -.625 .315
-.89¢6 .622 .538 -1.079 .979
-.602 .387 -.220 L1137 .256
1.295 -1.161 -.654 1.517 -.993
.580 -.295 .334 .136 -.503
TABLE 6.
W After 5001 Iteratiors
-.334 .642 .299 -.767 .423
1.146 .806 .641 -1.360 1.194
-.608 .391 -.218 .131 .260
1.578 -1.368 -.770 1.835 -1.234
.645 -.343 .307 .209 .559
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TABLE 7.

W After 10001 Iterations

-.348 .652 .304 -.782 .435
-1.173 .826 .652 -1.391 1.217
-.609 .391 -.217 .130 .261
1.608 -1.391 -.782 1.869 -1.260
.652 -.348 . 304 .217 -.565
6. Conclusions and Future Plans

Although the process of convergence is quite slow, with the weight
matrix showing little resemblance to the inverse matrix even after 1601

iterations, W does gradually converge to éfl. Rate of convergence is
affected strongly by the size of the parameters a and n, and by the choice
of training vectors.

Because of the simplicity of the cases addressed to date it is not yet
feasible to judge the usefullness of the method. The results for the
simple linear systems are encouraging, but we have yet to address the
difficulties posed b non-linear systems or even the more familiar
difficulties associate with ill-conditioned linear systems.
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Decision Support System Software
for the Battlefield Environment!

S. A. Barreit, S. W. Barth, and K. H. Gates
PAR Government Systems Corporation
New Hartford, NY 13413, USA

ABSTRACT

PAR Government Systems Corporation Al Group has developed
generalized decision support system (DSS) software to aid in building
decision aids for battle management. The modular DSS software is
comprised of a blackboard system framework coupled with an expert
system framework, augmented by packages for menu-driven windowing
and map feature presentation. The softwrare has heen used to build 2
decision aid to support a Command, Control, and Communications Order
of Battle (C30B) analyst in identifying fixed and mobile targets on the
battlefield.

1. INTRODUCTION

Decision support systems for battle management often require
manipulation of a wide range of modelled entities and application of
diverse problem-solving methods. Additionally, the decision-making
process which is supported by the system may evolve or change
dramatically as new approaches to the problem are formulated. Decision
support system (DSS) software which is modular iz, design and may be
flexibly configured can reduce the amount of effort needed to generate
new decision support systems as well as to modify existing decision
support systems over their lifetimes.

PAR Government Systems Corporation AI Group has developed
generalized decision support system software under contract to Rome Air
Development Center. The software was developed to facilitate the
creation and modification of decision aid prototypes to support Command,
Control, and Communications Order of Battle (C30OB) analysts in

1This work was supported in part by Rome Air Development Center
contract F30602-C-87-0112.
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identifying targets for which C3 countermeasures (C3CM) may be
effectively employed. The software is comprised of a framework for
building blackboard systems, a rule-based expert system framework, a
menu-driven windowing package, and a map feature presentation
package. The software was developed with currently available hardware
as the intended delivery platform.

This paper describes the generalized decision support system software
and an application that is currently under development. Section 2
provides a high level description of the hardware and software
environment for which the system software was developed. Section 3
describes each of the major software components of the DSS software.
Section 4 describes an application of the software system to a baftle
management problem.

2. ENVIRONMENT
2.1 SOFTWARE ENVIRONMENT

Table 1 contains a description of the software environment employed
by the generalized DSS software. Much of the software environment was
selected for reasons of portability. A decision support application (or
decision aid) may be developed (with the exception of the graphical
interface) on one of many other UNIX-based systems, due to the portability
of the expert system and blackboard system frameworks, which are written
in the C and C++ programming languages. The selection of the XENIX
operating system was motivated by our contract's intended delivery
environment.

TABLE 1. GENERALIZED DSS SOFTWARE ENVIRONMENT

C programming language

C++ programming language
Object-Oriented Program Support library
XENIX V (2.3) operating system

The C++ programming language (Stroustrup, 1986) was chosen in
order to take advantage of object-oriented programming techniques for
creating a modular and extensible blackboard system framework. C++ is a
superset of the C language which supports object-oriented programming
(among other things), and is implemented as a translator which emits C
source code. Thus, it retains most of the portability of the C language. The
Object-Oriented Program Support (OOPS) library, developed at the
National Institute of Health (Gorlen, 1986), provides a set of C++ classes
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from which many of the blackboard system framework components are
built.

2.2 HARDWARE ENVIRONMENT

Table 2 contains a description of the hardware (delivery) environment
for the generalized DSS software. The selection of the hardware was
motivated by its similarity to that of the Intelligence Work Station (IWS)
used by the 9th Tactical Intelligence Squadron (TIS).

TABLE 2. GENERALIZED DSS HARDWARE ENVIRONMENT

IBM PC/AT with Intel 80386 processor

13" color console with EGA card

19" color monitor with 8-bit IMAGRAPH board
3-button mouse

The 13 inch color console with extended graphics capability is used by
the menu-driven windowing software. The 19 inch color monitor is used
by the map feature presentation package. Although a mouse with three
buttons is indicated in the table, only one button is needed for the current
software.

3. DECISION SUPPORT SYSTEM SOFTWARE COMPONENTS

The decision support system software is comprised of four
components: a blackboard system framework, an expert system frame-
work, a menu-driven windowing package, and a map feature presentation
package.

3.1 BLACKBOARD SYSTEM FRAMEWORK

The Blackboard-Building Tool for Hierarchical Inferencing Gadgets
(BBTHING), is a library of building blocks whic: ..ay be used to
implement systems based upon the blackboard model - " oblem solving
(Nii, 1986a; and Nii, 1986b). The library provides classes of blackboard
system components which may be specialized or used directly in
configuring a blackboard system.

3.1.1 The Blackboard Model of Problem Solving

The biackboard model of problem solving is one in which all
information about the problem solutioir is kept on a hierarchically
organized global data structure called the blackboard. The knowledge
about how to solve the particular problem is split into logically
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independent knowledge sources which respond to changes occurring on
the blackboard. There is no rigid control structure which directs the
problem-solving activity. Instead, knowledge is applied to the problem
opportunistically. Problem solutions are produced incrementally via
changes to the blackboard made by the knowledge sources.

The structure of a blackboard for a given system is entirely dependent
upon the concepts or entities which describe the solution space. The
blackboard is usually divided into a hierarchy of levels of analysis
appropriate for the intended problem-solving activity. Each level of the
blackboard is populated by objects which are germane to that particulai
level of analysis. Relationships between objects are represented by links.

Changes to the blackboard may only be made by knowledge sources,
which contain pieces of domain knowledge needed to create a solution to
the problem. This knowledge may be in the form of procedures or rules.
Each knowledge source may transform information on one level of the
blackboard into information on other blackboard levels.

Knowledge sources operate independently and opportunistically. All
interaction between knowledge sources takes place via explicit changes to
information on the blackboard. Each knowledge source keeps track of the
conditions under which its knowledge may be applicable to the problem-
solving process. When those conditions arise, the knowledge source tries
to apply its knowledge to a portion of the current partial solution.

3.1.2 The Blackboard Framework (BBTHING)

Though different blackboard sysiems tend to vary widely in their
configurations, their components tend to be similar in functionality.
Several attempts have been made to provide generalized blackboard
system components (Nii and Aiello, 1979; and Hayes-Roth 1985).
BBTHING 1is just such a package. Object-oriented programming
techniques were employed to design a set of building blocks which could
be easily extended and configured to implement systems using a
blackboard architecture.

BBTHING is a library of C++ classes representing typical components
of blackboard systems. These classes may be used as they are or as a
starting point for designing new component classes. New component
classes which are derived from a class in the library inherit the behavior of
that class of component (unless overridden by the designer). This gives
the blackboard designer some leverage; a little programming effort results
in a lot of functionality. Table 3 shows a hierarchy of classes which are
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available to the blackboard system designer. Each of the groups of classes
will be described briefly below.

TABLE 3. BBTHING CLASS HIERARCHY

Blackboard
Level
Node
Event
Clock Event ‘
Initializationn Event
Periodic Event
Event List
Clock Event List
Event Selector
LIFO Selector
FIFO Selector
Clock Selector
Event Strategy
Do One Strategy
Do All Strategy
Do Due Strategy
Knowledge Source
ERS Knowledge Source
Activity
Focus q
Focus List
Focus Queue
Focus Stack

The Blackboard class is the class whose elements are configured to
create a blackboard system application. The blackboard class coordinates
the activities of the various levels, event lists and focus lists which are in
the configured system.

The Level class implements a level in the blackboard hierarchy. Its
primary function is to hold node objects of different types and to act as a
data base which responds to queries about those nodes. Node storage and
retrieval techniques may be customized by deriving a new class from the
Level class.

The Node class provides the basic functionality of an object on the
blackboard. Each blackboard system will typically have many classes of

objects derived from the Node class, depending upon the model of the
problem domain.
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The Event classes provide the mechanism for signalling changes to
the blackboard which “trigger" knowledge sources into action. Each
blackboard system will have its own set of event types, depending upon
the approach to the decision-making process which has been adopted and
the knowledge sources that have been created to implement that
approach. BBTHING provides a basic Event class, from which most
domain-specific events will be derived. It also provides a Clock Event
class for events which must occur at a specific time. Periodic Events are
those events which are to recur at a given interval of time. An
Iniiialization cvent is automatically generated by the Blackboard to initiate
processing.

The Event List classes contain the Event objects which signal changes
to the blackboard data, and coordinate the processing of these events. The
Clock Event List class contains all Clock Event and Periodic Event objects.
Each event list uses an Event Strategy object to determine whether some
of its events should be processed next. If the current event strategy
indicates that an event should be processed, the event list uses an Event
Selector object to select the appropriate event to process. Event processing
consists of finding Knowledge Source objects which are "triggered" by the
event, and asking the blackboard to add and Activity object to its agenda.

The Event Strategy classes provide different strategies for processing
events in a particular event list. A Do One Strategy object only lets an
event list process a single applicable event before relinquishing control to
the next event list. Applicability is determined based upon the
blackboard's current Focus object. A Do All Strategy object allows the
event list to process all applicable events before relinquishing control. The
Do Due Strategy class is used by Clock Event Lists to determine whether
any Clock or Periodic Events require attention. New strategies for
processing events may be created by deriving a new class of event strategy
from the Event Strategy class.

The Event Selector classes provide different styles of event
management. The LIFO Selector class makes an event list operate as a
stack, while the FIFO Selector class makes an event list operate as a queue.
A Clock Selector object is used by Clock Event Lists to select those Clock
and Periodic Events which are due for processing. Additional styles of
event management may be implemented by deriving a new class of event
selector from the Event Selector class.

The Knowledge Source classes provide the basic functionality for

knowledge sources within a blackboard system. Different methods of
solving subproblems on the blackboard may be generated by deriving new
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knowledge source classes from the Knowledge Source class. The ERS
Knowledge Source class provides a linkage to the Embedded Rule-Based
System, allowing a rule base to function as a knowledge source.

The Activity class is used to create objects which describe triggered
knowledge sources, indicating places on the blackboard where the
expertise of the knowledge source is to be applied.

The Focus class is used to create objects which narrow the focus of
processing to either certain types of events, certain types of nodes, or a
particular knowledge source. The focus objects may be generated by a
knowledge source and added to the blackboard's Focus List object.

The Focus List classes implement strategies of focussing the problem-
solving behavior of the blackboard. The Focus Queue and Focus Stack
classes implement FIFO and LIFO focussing, respectively. New styles of
focus management may be implemented by deriving a new class from the
Focus List class.

3.2 EXPERT SYSTEM FRAMEWORK

The expert system framework used in the decision support system
software is the Embedded Rule-Based System (ERS) (Barth and Quinn-
Jacobs, 1986). ERS is a framework for developing rule-based applications
which uses a probabilistic inferencing mechanism similar to that of
PROSPECTOR (Duda, Hart, and Gaschnig, 1979). ERS may be used to
create consultation systems, which query the user for data or beliefs, or
embedded systems, which access and modify external data during
inferencing. The framework is written in the C programming language
and is available for a variety of operating systems.

The ERS framework consists of an inference engine and rule base
parser. Rules are written in the ERS rule base language using any text
editor. (ERS rule base language templates are available for the GNU
Emacs text editor, which simplifies rule base generation considerably.)
During run-time initialization, the rule base file is parsed and compiled
into an inference network data structure. The inference engine uses this
data structure to drive the decision-making process.

The inferencing process in ERS may involve gathering evidence from
the user, as is usually done in expert consultation systems, or from a set of
application-dependent functions which interact with existing data sources,
or both. As sufficient evidence is gathered, conclusions or advice may be
reported to the user as statements of degree of belief for the top-level goal
hypotheses that were defined in the rule base. Actions my be executed to
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change data, or some device, based on the certainty of these hypotheses.
The system continues gathering evidence, taking actions, and/or reporting
advice, uxntil no more evidence remains to be gathered, or until the user
issues a quit command.

Knowledge engineering to build a rule-based system involves an
iterative and incremental development process (Hayes-Roth, Waterman
and Lenat, 1983). In using ERS, this process consists of a development
cycle which can be broken down into several phases.

First, expert knowledge must be obtained from domain specialists, or
other sources of expertise, and represented in the ERS rule base language.
If the application is to be embedded in other software, some rules may
require actions to be taken on a data base or device, and others may require
input from data bases or devices as evidence. Functions that perform
actions and evidence tests must be coded and tested.

As rules are developed, performance of the system can be evaluated by
running ERS with the partially-completed rule base. Through evaluation
of system performance and the explanation and debugging facilities
provided by ERS, problems with the rules can be identified. These
problems can be coirccted by editing the rule base file to modify existing
rules or add new ones.

The cycle of modifying the rule base and evaluating system
performance then continues, with resulting incremental improvements
to the rule base. Methods for evaluating the system's performance will, of
course, depend upon the particular application of ERS, but, in general,
such techniques involve comparing the system's performance to that of
human experts (Adelman and Gates, 1983; Gaschnig et al., 1983).

ERS has been used for several expert system applications at PAR
Government Systems Corporation, including decision aids for military
unit identification and assessment of enemy intentions, analysis of data
on foreign space launches, evaluation of geographic data for minefield site
location, and detection of changes in digital imagery to determine air order
of battle. In general, ERS can be used for any kind of application for which
a probabilistic, goal-driven, backward-chaining inference mechanism is
appropriate. ERS seems best suited for applications involving some kind
of diagnostic task, inferring underlying causes or states from observed
evidence of symptoms, with rules that involve uncertainty.
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3.3 MENU-DRIVEN WINDOWING PACKAGE

The menu-driven windowing package was developed for the current
hardware and operating system environments. The package is a partial
implementation of Microsoft Windows which runs under the XENIX
operating system. The package includes the usual complement of
windowing facilities such as overlapping windows, drop-down menus,
scrolling text fields, control panels, check boxes, activation buttons, and
mouse-sensitive icons. The package operates in color using the EGA
option of the IBM PC/AT and is operated by using the mouse as a pointing
device.

3.4 MAP FEATURE PRESENTATION PACKAGE

The map feature presentation package is used to display World Data
Base II map information on a high-resolution color monitor. While the
package is relatively unsophisticated, it does include such capabilities as
software zooming and panning, selectable display of feature types, labels
on major features (such as cities), display of icons, and point to point
distance measurements. The package is also capable of overlaying the
graphics with a labeled grid of latitude-longitude lines.

4. AN APPLICATION OF DECISION SUPPORT SYSTEM SOFTWARE

Under our current contract for RADC, the generalized decision
support system software has been used to implement an advanced
development prototype decision aid supporting the 9th Tactical
Intelligence Squadron within the Tactical Air Control Center (TACC) of
the U.S. Central Command Air Forces (USCENTAF). The decision aid is
designed to assist C30B analysts by providing a structured approach to the
identification of targets for which C3 countermeasures (C3CM) may be
effectively employed.

The decision aid consists of a pair of subsystems, Identification of
Command and Control Operations Nodes (ICON) and Threat Event
Analysis Methodology (TEAM). Figure 1 shows a very high level view of
the architecture of the ICON/TEAM decision aid.
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FIGURE 1. High-level ICON/TEAM architecture. The ICON subsystem
consists of the blackboard, knowledge sources (labelled KS)
and the Embedded Rule-Based System. The TEAM subsystem
is subsumed by the TEAM half of the MMI module.

4.1 ICON

The ICON subsystem uses object-oriented programming techniques to
model C3 nodes and their organizational structure. ICON is implemented
as a blackboard system with a combination of rule-based and algorithmic
knowledge sources. The rule-based knowledge sources use ERS to provide
the required inferencing capability.  The models of the nodes and
organizational structure are used by the knowledge sources and RS to
identify C? nodes from incoming correlated intelligence data.

The initial prototype of the ICON subsystem includes 6 C? nodes and

their subordinate hicrarchies. Table 4 lists the nodes to be identified by the
initial ICON prototype.
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TABLE 4. INITIAL ICON PROTOTYPE C3 NODES

Combat Control Center (CCC)

Combat Control Group (CCG)

Vectoring and Target Designation Point (VTDP)
SA-4 Brigade Command Post

SA-6 Regimental Command Post

SA-8 Regimental Command Post

4.2 TEAM

The TEAM subsys‘>m is a partial implementation of the TEAM
concept. The TEAM concept, sponsored by Tactical Air Command
Headquarters, is a methodology for assessing C3 target values, evaluating
the effect of friendly electronic combat capabilities, and determining the
best application of available assets.

The TEAM subsystem consists of object-oriented models of C3
structures and events for various tactical situations. For example, a typical
SAM engagement sequence would be represented as a TEAM process
model. The descriptions of the events make use of the Node and Network
models that are a part of the ICON subsystem.

The MMI module lets the user review the TEAM process, which are
depicted graphically, to support analysis of the current situation in the
ICON/TEAM decision aid.

5. SUMMARY

We have described a generalized package of decision support system
(DSS) software to aid in building decision aids for battle management. The
DSS software, comprised of a blackboard system framework coupled with
an expert system framework, has been used to build a decision aid to
support a Command, Control, and Communications Order of Battle
(C30B) analyst's task of identifying fixed and mobile targets on the
battlefield. The motivation for developing such a package was the
requirement for flexibility in configuring decision support systems, due to
the changes which may occur in the approach to solving battle
manageient problems. The generalized DSS software package is modular
in design and may be flexibly configured to reduce the amount of effort
needed to generate new decision support systems as well as to modify
existing decision support systems over their lifetimes.
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AVENUE OF APPROACH GENERATION

D. Powell and G. Storm
Los Alamos National Laboratory
Los Alamos, NM 87545

ABSTRACT

Los Alamos National Laboratory is conducting research on developing a
dynamic planning capability within an Army corps level combat simulation.
Central to this research is the development of a computer based ability to
"understand” terrain and how it is used in military planning. Such a capability
demands data structures that adequately represent terrain features used in the
planning process. These features primarily relate to attributes of mobility and
visibility. Mobility concepts are abstracted to networks of mobility corridors.
Notions of visibility are, for the purposes of planning, incorporated into the
definition of key terrain. Prior work at Los Alamos has produced algorithms to
generate mobility corridors from digitized terrain data. Mobility corridors, by
definition, are the building blocks for avenues of approach, and the latter are the
context in which key terrain is defined. The purpose of this paper is to describe
recent work in constructing avenues of approach, characterization of avenues
using summary characteristics, and their role in military planning.

1. INTRODUCTION

According to military doctrine (CGSC 1986) understanding the restrictions and
opportunities offered by terrain is fundamental to the planning of a mission. The
military utility of an area is viewed from the perspectives of observation and fire,
cover and concealment, obstacles, key terrain, and avenues of approach and
mobility corridors (OCOKA). Earlier work at Los Alamos (Powell 1987),
proposed conceptual approaches to the computer analysis of digitized terrain in
support of terrain analysis. A companion paper (Powell et al. 1988) details work
in computer based terrain analysis based on these concepts. While other work in
computer based terrain analysis exists (Welo, 1986; Diaz et al. 1986; plus a large
body of work at Engineering Topographic Laboratory and Waterways Experiment
Station), it primarily is for visual interpretation by a human analyst or planner.
The Los Alamos effort is directed to the autonomous interpretation of the terrain
data structures by a computer, to support computer based planning activities for
subsequent execution within a combat simulation. This approach requires the
extraction and representation of relevant terrain features as well as the modeling
of basic terrain analysis skills used by military analysts.
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2. TERRAIN DATA

The terrain data base used is a 97 by 125 kilometer region near the inter-
German border (lower left hand reference is NAOO63). The data are 100 meter
resolution, each terrain point is annotated with several attributes describing
surface and cultural features. Although the terrain computations are described in
detail elsewhere (Powell et al. 1988), briefly, the terrain data are processed to
ascertain mobility attributes: go, slow-go, and no-go as defined by doctrine
(CGSC 1986). Next, no-go terrain points are aggregated into regions, the
boundaries of which are processed to determine mobility corridors. Mobility
corridors are relatively open areas that permit movement and maneuver for a
given size unit. Mobility corridors are modeled by a network of nodes and edges.
Edges maintain information on mobility within the corridor, corridor width
characteristics, and measures of distance, cover, and concealment. Avenues of
approach are constructed from mobility corridors that satisfy size and proximity
criteria.

An avenue of approach for a given size unit consists of two or more mobility
corridors for units one size smaller, e.g. a brigade avenue of approach contains
two or more battalion size mobility corridors. The constituent mobility corridors
must satisfy certain distance criteria, given in Table 1.

TABLE 1. AVENUE OF APPROACH SIZE

Avenue of Approach Mobility Corridor Proximity (Km)
Division Brigade or Regiment 10
Brigade or Regiment Battalion 6
Battalion Company 2

3. CHARACTERIZATION OF AVENUES OF APPROACH

3.1 DATA STRUCTURES

The terrain objects are represented by the Symbolics-Lisp Flavor System;
this facet of Symbolics-Lisp allows real-world entities and their characteristics to
be modeled as lisp objects. Mobility corridors, for example, have characteristics
such as length, width, cover, etc.; a mobility corridor can be modeled by a lisp
object with those same characteristics. This is a method referred to as object
oriented programming.

Since many real-world entities have characteristics in common, object oriented
programming provides a convenient method for modeling the common
characteristics of separate entities. A hierarchical representation of common
characteristics of terrain objects is facilitated by an inheritance mechanism. For
example, avenues of approach and mobility corridors are separate entities, but
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they do have common terrain characteristics, such as cover, concealment, and
average  waath. At the same time, mobility corridor objects will have
characteristics, such as sidelines, that avenue of approach objects will not have,
and avenue of approach objects wiii nave characterisics that mobility corridors
will not have. Therefore, a class of general terrain characteristics can be defined
so that both avenue of approach objects and mobility corridor objects will inherit
their common characteristics from the same source. The values of the inherited
characteristics will be unique to the specific object that they are associated with.
This hierarchical inheritance mechanism accurately models the similarities of real-
world entities.

This program models three main classes of objects: edges, mobility corridors,
and avenues of approach. Each of these objects contains terrain characteristics
combined with individual characteristics. Fig. 1 shows the relationship between
these objects with their unique characteristics and the common characteristics
that they each inherit.

EDGE
1. node list
TERRAIN CHARACTERISTICS § ;frre‘ :t“d stop nodes
L. width 4. child
2. total distance
3. mobility estimate MOBILITY CORRIDOR
4. cover 1. edge list
5. concealment § :‘de lines
6. road edges -lype
7. canalization AVENUE OF APPROACH
1. mobility corridor list
2. type

3. metric distances

Figure 1. Inheritance of terrain characteristics by edges, mobility corridors, and
avenues of approach.

Edge objects are the fundamental building blocks in this method of avenue of
approach generation. Each instance of an edge object contains terrain
characteristics as well as node coordinates uscd to map the edge. In addition,
since edge instances are linked together to form mobility corridor instances,
parent and child fields are used to track the edge instances that form a corridor.

As stated above, an instance of a mobility corridor object is made up of edge
instances. The terrain characteristics of the edges are combined to give the
corridor its terrain characteristics. Mobility corridor instances have an edge list,
side lines, and type associated with them as well.

The avenue of approach instances are built from the mobility corridor
instances. Here again it is the terrain characteristics of the mobility corridor
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instances tha* are used to determine the terrain characteristics of the avenue of
approach instance. The avenue instances have a mobility corridor list, a type, and
a metric of the distance between corridors.

There are two other important objects. The area of interest designates the
area of the terrain within which the search for avenues will take place. Presently
the area of interest is a closed polygon. The exclusion list contains the edges that
cross or intersect the boundary of the area of interest. They are used as the start
and stop edges for finding mobility corridors.

3.2 COMBINE EDGES INTO MOBILITY CORRIDORS

Generation of a mobility corridor instance begins with the selection of two
exclusion edges from the exclusion list. These two edges form the start and stop
edges of the mobility corridor. An A* path finding algorithm (Nilsson 1980;
Winston 1984) locates the minimum cost path, if it exists, with respect to a cost
function based on the length of the mobility corridor. One mobility corridor
instance is generated for each combination of two exclusion edges.

Once the mobility corridor instances are obtained, they are classified according
to size (Table 2). Note that a mobility corridor of a particular size is technically an
avenue of approach of the next smaller size; e.g. a battalion mobility corridor can
be considered a company avenue of approach. Each of the edge instances used to
form a mobility corridor instance has associated with it some average width. The
width used to categorize a mobility corridor instance is the average of the widths
of the edge instances.

TABLE 2. MOBILITY CORRIDOR WIDTH

Mobility Corridor Size Minimum Doctrinal Width (Km)
Division 6.0
Brigade or Regiment 3.0
Battalion 1.5
Company 0.5

4. CONSTRUCTION OF AVENUES OF APPROACH
4.1 COMBINE MOBILITY CORRIDORS INTO AVENUES OF APPROACH

Mobility corridor instances of the same size are evaluated to determine if they
satisfy the proximity criteria listed in Table I. If the proximity criteria are
satisfied, then the two mobility corridor instances in question can be combined
into an instance of an avenue of approach. A measure of the distance between the
mobility corridors, or a metric, is devised and used to estimate proximity.
Application of relevant metrics to mobility corridor descriptors seems to have the
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highest fidelity to doctrinal terrain feature definitions. Although other conceptual
approaches to evaluating proximity exist, this work investigates the derivation
and application of suitable metrics.

4.2 MAXMIN METRIC TO DETERMINE DISTANCE BETWEEN MOBILITY
CORRIDORS

The MaxMin metric of two mobility corridor instances is calculated in the
following manner: first, the minimum distance from one node of one of the mobility
corridor instances, called the reference mobility corridor, to each node on another
mobility corridor :nstance is found. This is repeated for all nodes on the reference
mobility corridor instance; the maximum of these minimum distances is the value
of the MaxMin Metric. Equation (1) describes the MaxMin metric where M and
N are mobility corridor instances, nyy; is the ith node of corridor M, nNj 1s the jth

node of corridor N, and d(x,y) is the Euclidean distance metric.
O (M, N) - max min d( nyg;, ny;) (1)
i

By varying the line of reference that the nodes come from, there are three
meaningful variations of the MaxMin metric. The first variant applies the MaxMin
metric to the center lines of the mobility corridors. Each mobility corridor has
associated with it a center line that splits the corridor into two halves; the center
line traces the direction and length of the corridor. In addition to the center line,
each mobility corridor has associated with it two side lines. The side lines are
defined to follow the direction of the corridor at a distance of half the corridor width
from the center line. The inner side and outer side of a mobility corridor are
defined when determining proximity; the inner side is the side that is closest to
the other mobility corridor being evaluated. Conversely, the outer side of a
mobility corridor is the side farthest from the other mobility corridor. The second
variant, the inner MaxMin, is the MaxMin metric using nodes on the inner side
lines of the mobility corridors. The third variant, the outer MaxMin, uses nodes
on the outer side lines.

The notion of mutual support between forces on the mobility corridors is
reflected in these variants of the metric. Mutual support is the extent to which a
friendly force on one mobility corridor will be able to provide direct or indirect fire
to support a friendly force on another corridor. Using this military interpretation,
the outer MaxMin guarantees the greatest level of mutual support. Mutual
support is always possible regardless of the random placement of the friendly
forces on their respective corridors. The center line MaxMin reflects an average
capability to provide mutual support, the assumption is that both forces will
remain on the center line of their corridor. Mutual support regarding to the inner
MaxMin is only possiblc when both forces are on the inner sides of their
corridors; this is the lowest level metric in terms of mutual support provided.
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Figure 2. The center line, inner, and outer MaxMin distances.

Figure 2 shows the center, the inner, and the outer line MaxMin distances
from the reference mobility corridor to a second mobility corridor.

4.3 CLASSIFICATION OF AVENUES OF APPROACH

Using the notions of proximity provided from the above metrics, the criteria
listed in Table 1 can be used to identify and class the avenues of approach, but
this classification is not always straightforward. In the case of extremely wide
mobility corridors, there can exist a large difference between the proximity
estimates of the MaxMin variants. A interesting situation arises when one or
more of the metrics meet the criteria while the other metric(s) fail. Resolving this
difference for a particular situation requires modeling the tactical judgement used
by human analysts in similar situations.

While only two mobility corridors are now considered in the generaiion and
classification of avenues of approach, additional corridors could be used. A three
mobility corridor avenue would provide less restrictive mobility as well as
increased mutual support. Modification of the metrics would provide a means for
estimating proximity on three or more mobility corridors.

4.4 AN EXAMPLE OF AN AVENUE OF APPROACH
Figure 3 provides an example of a brigade avenue of approach generated from

two mobility corridors. The solid dark lines are the edges that form the mobility
corridor nctwork through the German terrain. The dashed lines outline the area of
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interest; the base is designated with longer dashes. The location where edges
intersect the area of interest boundary are shown by the circles. The two mobility
corridor instances are highlighted. At the right of the figure, a summary of the
metrics is listed. Under the heading MaxMin Metric, the outer, center line, and
inner values are shown. The avenue of approach formed, in this figure, has been
classified as a brigade avenue according to the center line and inner values,
because they are within the brigade criteria listed in Table 1. Note how much
larger the outer value is with respect to both the center line and inner values.
‘ N FOUND BRIGARDE AVENLE:

A ’ Oy S VAR & MarMin D(38,13:
“\'t%' o2 '::;1' A ‘,.%e SR
\..' o, “‘ “‘ ’. 0y
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Figure 3. An example of a Brigade Avenue of Approach.
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5. RELATION OF AVENUES OF APPROACH TO PLANNING

Given the avenues of approach, the planner may now focus developing courses
of action. While determining courses of action, the planner must array the forces
necessary to accomplish the mission. Table 3 shows the size units to be arrayed
at various planning levels and the size avenue of approach utilized.

TABLE 3. PLANNING GUIDE FOR LEVEL UNIT TO BE ARRAYED

Planning Level Avenue Size Array Force

Corps Division Brigades

Division Regiment and Brigade Battalions

Brigade Battalion Companies
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The initial array differs for offensive and defensive courses of action. In the I

offense, the process of arraying forces begins by allocating forces to all avenues of
approach. The allocation is determined by the enemy units positioned to affect the
friendly forces moving along the avenue. The array should give the planner an
understanding of the number of forces needed to attack along all the avenues. For
defense, forces are arrayed to block the enemy avenues of approach into the unit’s
area of operations. Here again, the planner should gain an understanding of the
forces needed to provide a sound defense.

CONCLUSION

Thorough terrain analysis is essential in planning a mission. Computer based
planning is being aided by representation of domain concepts and processes, €.g.
human terrain analysis skills. A foundation of work aimed at deriving and
representing avenues of approach generation has begun. Several metrics for
determining the distance between mobility corridors have been formulated, but the
work is incomplete. More study and evaluation is required to asses the validity of
this approach.
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Representations to Support Reasoning on Terrain

D. R. Powell, J. C. Wright, G. Slentz, and P. Knudsen
Los Alamos National Laboratory
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ABSTRACT

Los Alamos National Laboratory has been cooperating with the Training and
Doctrine Command of the US Army to develop a Corps level combat simulation for
quick turn around studies. The simulation of ground combat requires representation of
combat units, unit activities, command and control, and terrain. This simulation model
emphasizes command and control with particular attention to the potential for automating
operational planning. As terrain analysis is an essential part of Army operational
planning, this has direct influence on the representation of terrain. The availability of
digitized terrain makes it feasible to apply computer based techniques to emulate the
terrain analysis process for use in the planning cycle. This paper describes processes
used to calculate relevant terrain features for use in a simulation model.

INTRODUCTION

Combat simulations have become a major tool in analyzing military operational
capabilities. In general, these simulations model the physical processes quite well,
particularly in contrast to decision making processes, which are often poorly modeled.
Improvement in modeling cognitive processes should start with command and control.
Significant improvement of the fidelity of representation of command and control
functions in combuat simulations requires the development of a planning capability for
the units in the simufation, producing data that 1s subsequently executed by the model.
Currently most mission planning is done by analysts, who develop a detailed event
scenario to be input into the simulation. Tools to support an automated planning system,
used as a scenario builder, would greatly reduce the labor intensive process of scenario
development and consequently, study turn around time. However, the development of
planning tools for these applications depends on the computer emulation of the
underlying analyses presently performed by military planners, in particular, terrain
analysis (Bonasso 1988, Powell 1987).

The operational planning process (CGST 1986) includes mission analysis, terrain
analysis, analysis of enemy dispositions and capabilities, and analvsis of own troops.
Terrain analysis focuses on the military aspects of the terrain and their effects on friendly
and enemy capabilities to move, shoot and communicate. Military planners are taught to
evaluate terrain in terms of observation and tields of fire, cover and concealment,
obstacles, key terrain, and avenues of approach (OCOKA). To support computer based
reasoning, data structures representing relevant features used by military planners need
to be implemented. In terrain analysis, relevant features are extracted for use in the
planning process, e.¢. no-go terrain, mobility corridors, and avenues of approach. The
computation of mobility attributes is straightforward. Mobility corridors are relatively
open areas that avoid no-go regions and provide doctrinally adequate mancuver space.
They permit relatively free movement and are classified according to the size of unit that
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can mancuver along them. Avenues of approach are major axes into or through an arca
of operations and represent routes of movement for the attacker and places o be blocked
for the defender. An avenue of approach tor a given echelon is constructed from two or
more mobility corridors for one echelon down that wre close enough together, e a
brigade avenue of approach consists of two or more battilion mobility corridors no maore
than six kilometers apart.

The goal in terrain representation is to provide data structures corresponding to the
conceptual objects reasoned on by terrain analysts and planners. While there are
varations exhibited by individuals in reasoning on terrain structures, substantial
agreement exists on the objects of relevance. This is perhaps due to the common
teaching foundation for many Army ofticers. The reference used for the computer based
terrain analysis described herein and the objects to produce for Later use in planning is a
student text at Command and General Staff College, "The Commuand Estimaie”. A
major terrain feature of interest is the avenue of approach, which is constructed from
mobility corridors, which are in turn derived by classifving the terrain into disjoint sets
of no-go terrain and all other terrain, This hierarchy of data structures indicates an
obvious approach to processing, although the algorithmic implementations are open to
dertvation, The approach taken was to use the detinitions provided in "The Command
Estimate™ to generate the mobility attributes of terrain points. Then a planar partitioning
algorithm was apphed o calculiate mobihity corridors. The construction of avenues of
approach trom mobility corridors is still under development. Thus a basis of objects
consistent with the problem domain is constructed to facilitate the emulation of the
planning process, as it is deseribed in tenms relevant to terrain.

DATA PREPARATION

The avatlable terrain data base 1s 100 meter resolution over a 97 by 125 kilometer
region near the inter-German border dower left reference point NAOOG3). Each terrain
point has summary attributes as given in Table 1. Based on military doctrine, cach point
in the data base is classified as go, slow-go, or no-go terrain, Table 2 gives a setof
criteria under which a terrain point is classitied as no-go for armor and mechanized
torcest il any criterion i the table is satistied, the pointis no-go. Algorithmic

TABLE I. TERRAIN DATABASE ATTRIBUTES

Elevation meters

Vegetation Height meters

Urban none, present

Hydrology none, fordable river, non-fordable river, lake
Soil Type muskeg, fine grained, coarse grained, heavy clay
Power Lines none, present

Bridges none, present

Land Use Code open water, cropland, pasture, coniferous forest,

deciduous forest, forest clearing, orchard or
vincyard, dense brushland, open brushland,
wetlands, peat cuttings, abandoned agriculture,
bare ground or sand dunes, surface mines, urban
Road Type none, autobahn, primary, secondary, trail
Obstacles none, embankment or ditch, wall or fence, other
manmade, military
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TABLE 2. NO-GO MOBILITY CRITERIA

+ Built up areas wider than 500 meters,

» Waterways that cannot be forded or spanned,

» Slopes of 45 percent or greater uphill,

« Trees more than six inches thick and less than 20 feet apart,

» Elevation variations more than 200 meters per kilometer,

» Minefields, tank ditches, barriers, or other obstacles,

« One trail per kilometer and no hard surface roads (except in open areas).

detinitions corresponding to each criterion were devised for the mobility computations,
with some criteria requiring estimation procedures, such as tree density and spacing
(Bullock 1988). Figure | denotes the mobility attnibute computations tor a 52 by 32
Kilometer subset of the terrain data (lower left reference point NAOISK). This data is the
basis for aggregation into no-go regions,

The aggregation process consists of collecting adjacent no-go points into regions.,
This process results in two classes of regions: "linear” features and "thick” features.
Thick no-go regions have a minimum width greater than or equal to 300 meters. and
lincar no-go regions have width less than 300 meters. No-go regions are aggregated ina
second pass: the output of the aggregation process is the set of no-go regions
boundaries. A separation distance is chosen and regions with boundaries closer than the
separiation distance are combined under the rule that thick features can combine with
thick or lincar featares, but Hnear features cannot combine with other lincar features.
This process eliminates non-nogo regions with width Tess thun the separation distance.
but may leave certain linear teatures unaftfected. Next, boundaries of ihick regions are
smoothed by generating the convex hull of the region. Given a rationale that finear
features can be readily breached and thick features are significant obstacles, the
remaining hnear features are ignored and the thick regrons are assumed o represent the
dominant arcas of hinderning terran. Fieure 2 shows the result of applvinge the
aggregation process with a 300 meter separation distance to the data of Figure 1. The
complement of these regions is the domain for mobility corridors. The boundaries of the
thick regions are smoothed to remove local concavities and then input to compute
mobility corridors. Planar decomposition methods are applied to this set of poirits to
compute corridor lines and widths,

MOBILITY CORRIDOR GENERATION

Mobility corridor generation s based on two methods to partition the plane,
Detaunay decomposition and Theissen triangulation (Renka 1981, Conway et al. TOSN,
Obyvaa etal. 1984, Shamos et al. 1975, Asane et al. 1985, Mceh!orn 1984, and Cline ¢t
al. TUSS) With moditicadons, these partitions identify the essential elements for
creating mobility corridors. These elements are a picce-wise lincar curve identityving the
“reference line” of the corridor and widths orthogonal 1o the reference line tor cach linear
segment. The widths identity the corridor boundaries and enable the caleulation of
summary attributes.

IEEE Ik IEE I S EEh S B S S EE O aE R DR AR I

Delaunay decomposition is a technique for dividing hyperspace into regions based
on closest neighbors, Tt is detfined as follows:

Given a finite set of distinet points (nodes) in n-space, a Delaunay
decomposition satisties the following conditions

214




~
~/
=
~
~
Sl
Z

attributes displayed.

~

o

e

A

[

=

[d

~

A -
v fees
- —
bt 2

2 km terrain area with mobility

2bys

O

RE1.AS

J

FIGU




FIGURE 2. Aggregates of no-go terrain based on 300 m separation distance.

a. Each region R contains exactly one node;

b. The interiors ol the segions are point-wise disjoint;

¢. Forany point P within any region R, the distance between P and the
node within R is less than the distance between P and any other node.

For the purposes here, n-space is two dimensional; therefore the Delaunay
decomposition simply divides the plane into regions of closest neighbors. Direct
computation of Delaunay decompositions is non-trivial. However, solving a dual
problem, Theissen triangulation, provides a more feasible computational approach.
‘Theissen triangulation also partitions the plane and is defined as follows:
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Given a finite set of distinct nodes in the plane, a Theissen triangulation is

a partition of the portion of the plane contained in the convex hull of the

set of nodes 1nto regions, each one a triangle, such that:

a. Each region R, contains exactly three nodes, the vertices of the triangle;

b. The interiors of the regions are point-wise disjoint,

¢. The union of the regions covers the convex hull;

d. For any region R, the circle which circumscribes the vertices of R
contains no node in its interior.

It has been shown that for any Theissen triangulation, segments of the
perpendicular bisectors of the legs of the triangles are the edges in the Delaunay
decomposition for the same set of nodes (Renka 1981). Describing the computation of
the starting and end points of these edges is facilitated by another definition: a triangle
circum-center is the center of the circle that circumscribes the triangle. It is also the point
where the bisectors of the legs intersect. Note that the circum-center need not be interior
to the triangle. All three segments of the decomposition start at the triangle circum-center
and extend "outward” until they intersect with Delaunay segments from other triangles.
A more practical technique is to connect the circum-centers of all adjacent triangles out to
the boundary of the area of consideration.

Now the partitioning algorithms can be applied toward generating mobility
corridors. Consider the plane to be a military area of operations and the nodes to be the
points defining the boundaries of no-go regions . Figure 3 depicts an area of operations

FIGURE 3. A 10 by 10 km terrain arca with no-go aggregations and Thelssen
triangulation.




with the no-go regions calculated and aggregated for a 10 by 10 kKilometer region neur
Lauterbach, Germany. The triangles of the Theissen triangulation within no-go regions
are produced during the triangulation process, but are not very meaningful. These "no-
go uiangles” are eliminated from the solution set and the partition defined by t.¢
remaining triangles is also shown in Figure 3. The interior of the union of the remuaining
triangles define all mobility corridors in the area of operation. For each triangle, ceriain
legs define the corridor width (Voronoi width), others define the boundaries of the
corridors (Wright 1988). The picce-wise linear curve connecting the circum-centers, the
Delaunay decomposition, is termed the reference line of the mobility corridor. The
mobility corridor reference lines for the area of Figure 3 is shown in Figure 4.

This method produces all mobility corridors that are at least the width of the
separation distance used in no-go region aggregation. Since the widths of all portions of
the corridors are known, it is simple to select corridors based on the minimum width of a
corridor to accommodate unit size, mission, or other criteria.

NETWORK GENERATION

[t is necessary to construct a convenient data structure, in this case, a network, for
capturing the information derived from the modified Delaunay decomposition to muke it
useful in a simulation. A network representation has several advantages which are
important o the simulation. It is a form that is easy to use in both deriving routes, and
simulating movement along a route. Secondly, it is an efficient means of storing the
relevant information about mobility over the terrain arca. The network must capture both
the spatial structure of the mobility corridors, as given by the Delaunay decomposition,
but also the mobility attributes maintained by the terrain points populating the corridors.,

FIGURE 4. A 10 by 10 km terrain area showing the Delaunay decomposition.
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A newwork is a collection of related nodes and edges. A node contains the pointers
needed to represent the sequential ordering information, i.e. connectivity to adjacent
nodes, while associated edges contain the attributes of the corridor. The creation of the
mobility corridor network is accomplished starting from the information contained in the
Theissen triangles. The network structure creation process has two stages. The first
creates an intermediate structure capturing the detailed information of triangle circum-
center connectivity. The second stage uses the intermediate structure to generate a more
compact, but less detailed representation of the corridor information.

During the Theissen triangulation, software objects are constructed to contain
relevant information, given in Table 3. The first processing pass constructs intermediate
objects, called tcenter objects, to define the mobility corridor domain, e.g. all no-go
triangles are excluded. Each tcenter maintains data on adjacent tcenters, intervening
distances, and associated Voronoi widths. This structure is a high resolution network of
corridors with maximum fidelity to the underlying terrain. Since the simulation does not
demand such detailed information, this structure is mapped to a more compact
representation that contains summary attributes for the appropriate level of detail 1 the
network.

In examining the intermediate network, it is obvion;, that a tcenter can only have
one, two, or three adjacent tcenters, due to the nature of the triangulation process.
Tcenters with one or three adjacent tcenters are termed junction nodes (hereafter referred
to as nodes, see Table 4). Only tcerters with two adjacencies lie between nodes. The

TABLE 3. TRIANGLE GBJECT DATA

Name symbol associated with triangle object

Node-List counterclockwise list of triangle nodes

Arc-List ordered list of arcs connecting the node-list
Voronoi-Widths list of the widths of the Voronoi segments
Adjacent-Triangles list of neighboring (continguous) triangles
Circle-Center center of circumscribing circle

Circle-Radius radius of circumscribing circle

No-Go-Triangle boolean indicating membership in a no-go region
Tcenter-List unordered list of qualified adjacent triangle centers

TABLE 4. NODE OBJECT DATA

Location cartesian coordinates for node position
Adjacent-Nodes list of nodes one edge away
Adjacent-Edges list of edges that connect to each adjacent node
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compact network representation eliminates these intervening objects and aggregates their
information into summary attributes for an edge object that connects the nodes. The
information contained in an edge is given in Table 5. In order to calculate attributes such
as mobility or cover, references back to the original triangles are needed, as these
attributes are estimated by sampling data within the triangle decomposition. The requisite
back reference is the component-triangle-list, consisting of the sequence of triangle
objects that define the mobility corridor. However, this list is only needed temporarily
for the estimation process and is not included in the compact net representation. The
output of the network generation process is a set of nodes and edges describing the
mobility corridors in the terrain area.

NETWORK OPERATIONS

The primary capabilities a simulation unit will exercise on terrain are route selection
and movement along the route. A unit may request a route to be generated based on user
supplied policy. This policy defines a weighted evaluation of cost functions. Available
cost functions include distance, traversal time, concealment, and cover, where traversal
time is governed by movement rates specified for terrain with a given mobility attribute.
The unit may also specify a minimum width that must be satisfied by all corridors in the
route. Hence a company, doctrinally requiring 500 meters width for a mobility corridor,
can request such a route. Similarly, a battalion can request a 1500 meter wide route.
These requests are not guaranteed to be satisfied. If no route exists, or no route satisfies
the unit's width specification, an error condition is returned. It is left to the requesting
unit to decide an alternate policy, width, or destination if a route request cannot be
satisfied. An A* search algorithm (Nilsson 1980) is used to determine the least cost
route. Given a route, utilities can evaluate the route for each cost of interest. These
functions enable the unit to access information relevant to selecting a route according to
its needs and mission.

IMPLEMENTATION

The terrain processing features presented herein are implemented in C or Lisp. The
mobility attribute computations and the terrain aggregation algorithm were written in C
and were executed on a Sun 3/160 workstation. The mobility corridor generation
program was written using the Flavors feature of Sun Common Lisp; it was executed
on a Sun 4/260 workstation. Program execution time is reflected in Table 6.

TABLE 5. EDGE OBJECT DATA

Hi-Res-Line sequence of circle centers connecting nodes
Hi-Res-Widths sequence of Voronoi widths

Minimum-Width minimum of hi-res-widths

Average-Width average of hi-res-widths

Distance actual distance along hi-res-line

Mobility an estimate of the mobility for the edge

Cover an estimate of available cover for the edge
Concealment an estimate of available concealment for the edge

TABLE 6. EXECUTION TIME FOR MOBILITY CORRIDOR GENERATION

Area (Km2)  Triangles Nodes Edges CPU Hours
2704 31227 730 1000 5.75
100 766 26 26 0.04
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CONCLUSION

Triangulation has been shown to be a viable method of finding mobility corridors
using digitized terrain. The triangles form a natural data structure on which to calculate
summary attributes of the mobility corridors. While corridors have application at least
within combat simulations, they are only an initial step in the terrain analysis process.
Future work should examine the calculation of avenues of approach and key terrain.
Subsequently, the cognitive processes a simulation unit should use in determining routes
and the value of terrain in light of its mission should be investigated.
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BETWEEN PROTOTYPE AND DEPLOYMENT:
LESSONS LEARNED FIELD-TESTING AN EXPERT SYSTEM

Rosemary M. Dyer
Air Force Geophysics Laboratory
Hanscom Air Force Base
Massachusetts, 01731-5000

ABSTRACT

During the past two years, an expert system for forecasting the
occurrence of fog has been installed at Seymour-Johnson AFB, North
Carolina. Aside from validation of the rule base, this field test
has provided valuable insights into some of the problems that must
be addressed before such systems are deployed operationally world-
wide. First is the necessity for a satisfactory trade-off between
user involvement and real-time data input. 1In addition, varying
degrees of sophistication on the part of the users must be taken
into account. Systems which, like those used in meteorology, are
geographically dependent, should be written in a form that makes
them readily adaptable from one location to another. Adaptability
includes the ability to use alternate data sources for those occa-
sions or locations where standard observations and measurements are
not available. This introduces the concept of maintainability,
whereby an existing system can be updated to include new data
sources and changes in the knowledge base. Each of these concepts
is discussed in turn, with particular examples taken from the fog
forecast system.

1. INTRODUCTION

In December 1985, the Air Force Geophysics Laboratory signed a
one-year contract with GEOMET Technologies, Inc. for the develop-
ment of a knowledge-based expert system designed to assist weather
forecasters in predicting local visibility conditions. The object
of the effort was to demonstrate the feasibility of using this
approach, and the system that resulted was meant to be only a
proof-of-concept prototype. Nevertheless, it was felt that evalua-
tion of the success cf the prototype required testing under near-
operational conditions, with comments and suggestions from users
who would be representative of weather forecasters within the Air
Weather Service. Consequently, the initial prototype was deployed
at three test locations (Dover AFB, Delaware and Seymour-Johnson
AFB and Fort Bragg, North Carolina) shown in Figure 1. The results
of these field tests, which concentrated on verifying that the
knowledge bases produced accurate forecasts at each location, have
been reported elsewhere (Stunder et al., 1987a and Stunder et al.,
1987b).
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Figure 1. Locations for which fog forecast expert systems were
developed. Zeus was developed for Dover, Seymour-—
Johnson, and Fort Bragg. The system designed for
Seymour-Johnson was adapted to Shaw.

During the course of the contract, it became apparent that
factors other than simple verification were equally important in
evaluating the feasibility of deploying weather forecast expert
systems at operational forecast offices throughout the Air Force.
Additional evaluations were performed by Geophysics Laboratory
personnel, in cooperation with Air Weather Service forecasters at
Seymour-Johnson AFB. The lessons learned thus far during this
project, which is still continuing, have ramifications for other
expert systems destined for widespread deployment.

2. THE ROLE OF THE USER IN EXPERT SYSTEMS

Developers of expert systems, even more than standard computer
programmers, must pay particular attention to the user-computer
interface. The wumbrella title, "user acceptance," includes
numerous factors that contribute to the user’s perception that the
expert system provides a wuseful adjunct to available computer
products and displays. Foremost of these, cof course, is that the
system produces advice that the user finds reasonable and accept-
able. The field program demonstrated that there are many factors
entering into this user acceptance/system accuracy equation. In
hindsight, it might be argued that these results should have been
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foreseen: in actuality, it is not possible to predict user reaction
to an expert system without having the users evaluate the system
under conditions closely resembling those in the field. Problems
relating to usercomputer interaction fall into three categories: an
incorrect conceptual model of the user; the method of user input;
and inappropriate explanation facilities,

2.1 CONCEPTUAL MODEL OF THE USER

The system was designed to be used by apprentice weather fore-
casters, some of whom may be on their first assignment following
forecaster training school. However, it was hoped that more
experienced forecasters would also find the fog forecast expert
system of some help. The developers of the system were research
metcorologists; those interviewed were the more experienced opera-
tional forecasters at each location. Consequently, those who were
the most likely beneficiaries of the system did not see it before
being asked to exercise it in the field.

The first surprise to the researchers was the time it took to
train the forecasters in the use of the system. The developers had
apparently assumed a level of computer literacy only slightly lower
than their own; they encountered more than one user who was com-
pletely unfamiliar with personal computers. The second surprise
was the realization that queries asking for user input were not
crystal clear, and the users asked for clarification. Finally,
some of the user input required a level of sophistication in
weather forecasting almost equal to that of making the fog forecast
itself.

2.2 METHOD OF USER INPUT

In the initial prototype, all data were entered manually, and
gueries were phrased in a multiple-choice format. This caused
immediate rebellion by the users. All the user comments the first
week of testing included objections to the length of time it took
to enter the observational data required to initialize the expert
system, and the multiple-choice format of the non-data entries.
This causes a bit of a dilemma. On the one hand, it is certainly
not desirable to remove the user completely from the loop, for
various reasons cited in the literature (Gordon, 1988). However,
weather forecasting is a time-critical activity, and it is simply
not feasible to have the forecaster chained to a system that
constantly demands input. An appropriate compromise would be to
have all numerical data (temperatures, pressures, wind speeds and
directions, etc.) entered automatically, and other information,
such as the present and future location of synoptic weather
features, through a mouse or tablet. Further modifications, such
as those suggested by Kemp et al., (1988) will also be tested.

2.3 EXPLANATION FACILITIES

All expert system shells advertise that they have an explana-
tion facility. What this often consists of, as it did in this




instance, is a listing of the rules used by the system in reaching
the given conclusion, or the rule for which the system is asking
information. This often proved to be more exasperating than
informative to users of the fog forecast system. Future plans call
for a multi-layered explanation capability in the expert system,
ranging from presentation of the rule being investigated, through a
plain language statement of the line of reasoning being pursued, to
a tutorial in the basic physics and meteorology underlying the
system. Depending on the time available, and the user’s inclina-
tion, these successive levels of explanation could be obtained by
successive "Why?" queries. an explanation capability of this sort
lies in the future, but it will probably be an essential part of
the installation program we envision accompanying generic forecast
expert systems to be deployed at Air Force weather stations around
the world. 1In that case, once the system is installed, the instal-
lation program could serve as the tutorial program.

3. SYSTEM ADAPTABILITY

Even while the performances of the fog forecast prototypes were
being evaluated, doubts were raised as to the feasibility of
meteorological expert systems in a world-wide network. Obviously,
some tailoring must be required to install the system at each
location; however, if such tailoring requires extensive additional
knowledge engineering, the whole concept of distributed expert
systems becomes impractical. Over what geographic area is the
prototype knowledge base valid, requiring only minor modification
from site to site? How many such systems would have to be devel-
oped to cover all locations of potential interest to the Air Force?
To evaluate this aspect of expert systems, we introduced the
concept of adaptability, defined as the ease with which a system
designed for a specific location can be modified for satisfactory
performance at other locations.

3.1 MOVING FROM SEYMOUR-JOHNSON TO SHAW

As an initial test of its adaptability, the system designed for
Seymour-Johnson Air Force Base was modified and evaluated as a
predictor of fog at Shaw Air Force Base, South Carolina (see Figure
1l). The modification was done without interviewing any of the
forecasters stationed at Shaw, and the resulting system showed no
significant difference in performance when compared with the
Seymour-Johnson system. These results have been reported elsewhere
(Dyer, 1988), and will not be discussed in detail here. The pro-
cedure used may be of some interest to those seeking to extend the
geographic area over which their system is valid.

The first step was a thorough examination of the knowledge
base. The version of the system at our disposal consisted of 207
IF-THEN rules, which can be grouped into the classifications shown
in Table 1.
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TABLE 1. ANALYSIS OF KNOWLEDGE BASE FOR FOG FORECAST SYSTEM

No Modification Needed:

10 common sense (5%)
21 programming flags (10%)
32 basic meteorology (15%) (radiation fog)

Modification of Data Interface Sufficient:
74 weather descriptors {35%) (synoptic map)
Modification Needed - Cast into Template Form:

70 local rules of thumb (35%) (advection fog)

In all liklihood, most expert systems dealing with a geograph-
ically variable knowledge base will have rules falling into each of
the categories listed here: the exact proportions will vary
according to programming techniques and the subject of the expert
system. In the present instance, only the 70 rules comprising the
advective fog module of the system were expressed as local rules of
thumb. These were transferred successfully to Shaw by first cast-
ing the rules of thumb into template form, then particularizing
them to Shaw.

An example should serve to illustrate the te.plate method.
Fourteen rules dealt with surface wind directions favorable (or
unfavorable) to the formation of advective fog. They were all of
the form:

IF the month is BLANK,
AND the surface wind direction is
greater than XXX degrees,
AND the surface wind direction is
(RULE A) less than YYY degrees,

THEN the surface wind direction is (is not)
favorable to the formation of
advective fog.

The critical wind directions were determined by consulting
topographic maps, climatological data, and maps showing the loca-
tion of meteorological stations. Rules that call for data from
specific stations (for example, those upwind of Seymour-Johnson)
were readily modified by changing the station designations to those
more appropriate to Shaw {for example, those stations upwind of
Shaw). There was no deterioration in the performance of expert
system when it was used to forcast the occurrence of fog at Shaw
AFB, rather than at Seymour-Johnson AFB. No attempt has been made
to adapt the prototype as a regional system, but the experience of
adapting it from Seymour-Johnson to Shaw indicates that there is
nothing inherent in either the knowledge base or the architecture
to prevent its adaptation to many locations along the eastern sea-
board. However, it is also apparent that the template method of
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designing regional expert systems cannot feasibly be expanded to a
global system. It was decided that future weather forecast expert
systems developed at the Air Force Geophysics Laboratory will be
generic systems, capable of being installed by personnel at each
site.

3.2 THE STRUCTURE OF GENERIC FORECAST SYSTEMS

The proposed generic systems will have the structure shown in
Figure 2. Knowledge acquisition will delve more deeply into the
knowledge base to determine what physical and meteorological
principles underlie the rules of thumb. These will be common to
all systems dealing with the same forecast problem, regardless of
the location for which the forecast is to be made. For example,
the advective fog module might consist of the following two rules:

IF a warm moist air mass is advecting
towards the station,
AND this air mass will cool to its dewpoint
(RULE B) when it reaches the station,
AND there are no countervening factors
present,
THEN advective fog will form over the station.
and
IF advective fog has formed over the
station,

(RULE C) AND there are no fog dissipating factors
present or predicted
THEN low visibilities will persist.

Rules of this type would constitute the lowest level of the
structure shown in Figure 2, a~1 could be obtained directly from
the scientific literature. This level would also include common-
sense notions such as the fact that strong winds tend to dissipate
fog, and that if it is night, the sun is not a factor in warming
the air to a temperature above its dewpoint.

The second block in Figure 2 represents that portion of the
knowledge base considering the effects of topography and of clima-
tology. For example, this portion of a fog forecast system would
contain the information that downslope winds are countervening
factors in fog formation, and that during certain months, nearby
large bodies of water are potential sources of warm moist air
masses. This block would alsc contain regional climatology:
statements to the effect that strong flow from the Atlantic Ocean
is often a precursor of fog along the east coast of the United
States and that inversion fogs occur along subtropical west coasts
of Africa and North and South America.

These two lower blocks would comprise the expert system
delivered to the individual forecast offices. The information
contained in them can be obtained from textbooks and data bases.
The next two blocks, containing local effects and individual rules
of thumb, would have to be tailored for each location. Present
plans call for the development of an installation program, with the
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local forecaster entering in the latitude and longitude of the
station, and the pertinent topographical information entered from a
GIS data base. This could be supplemented by whatever climatologi-
cal records are available for the site. Like the two lower blocks,
this portion of the program (labeled "Local Climatology and Tcpog--
raphy" in Figure 2) will remain relative.; unchanged.

The top block of Figure 2 represents the local rules of thumb
and standard procedures in effect at a particular site. The rules
in this segment would be installed during interactive sessions with
the local expert forecaster. Ideally, this can be done by having
the expert answer computer queries similar to those that would be
asked by a knowledye engineer. These questions would be framed in
the general form "how do you determine whether or not the state-
ment [an IF clause in a given rule] is correct?." Admittedly, this
merely transfers the knowledge acquisition effort from a single
team of knowledge engineers to the individual weather forecasters.
This may not be a reasonable approach, in view of the lack of com-
puter sophistication exhibited by the users testing the prototype.
However, a properly designed installation program should allow the
forecaster to tailor the expert system for a particular location.
This would make feasible the deployment of versions of the system
to multiple locations.

STRUCTURE OF A METECROLOGICAL
KNOVLEDGE BASE

INDIVIDUAL STATION
ADDED BY PRACTICE AND INDIVIDUAL EXPERIENCE
LOCAL EXPERT RULES OF THUMB .
FORECASTER LOCAL CLIMATOLOGY LLOCAL RECORDS AND
AND TOPOGRAPHY WRITTEN ADVISORIES
EFFECTS OF REGIONAL METEOROLOGICAL
CLIMATOLOGY AND TOPOGRAPHY DATA
PROVIDED BY BASIC PHYSICAL AND SCIENTIFIC
EXPERT SYSTEM METEOROLOGICAL PRINCIPLES LITERATURE

Figure 2. The structure of a knowledge base for generic expert
systems in meteorology. The lowest layer contains
general physical and meteorological principles taught in
the classroom. Progressing upward, each level of know-
ledge becomes more particularized, culminating in the
rules of thumb used by an individual expert at a given
lJocation. Typical sources of the knowledge contained in
each level are shown at the right. The knowledge con-
tained in the two lower blocks will constitute the
generic system. The knowledge of ‘he two upper blocks
will be added by a local forecaster at each site.

An additional benefit of the architecture shown in Figure 2 is
ease of maintainance. As new data collection and analysis facili-
ties come on-line, they can be incorporated into the system through




modifications to the top block, without affecting the rules con-
tained in the rest of the program. Similarly, as new discoveriec
are made in meteorology, the rules of thumb contained in the uppzr
block will change, also without affecting the remainder of the
system. Thus, adaptability will be achieved over time, as well as
location.

4. CONCLUSIONS

Field tests of the fog forecast expert system has lead to two
main conclusions. First, much more attention must be paid to the
user interface. Graphics, mousing capability, menus, light pens,
and explanation facilities should all be utilized to make future
expert systems as user-friendly as possible. This is not, properly
speaking, in the realm of artificial intelligence. Nevertheless,
the success of any expert system under battlefield conditions may
well depend on how quickly someone unfamilar with the system and
with conly minimum computer literacy can be taught to use it.

The second lesson learned from these tests is that expert
systems written for geographically varying domains such as weather
forecasting must be adaptable to multiple locations. Expert system
use has progressed beyond the proof-of-concept stage, where an
expert system that does a task well is considered a success. Now
we are entering a second stage, where hard looks are taken at the
time and effort invested in knowledge acquisition and computer
program development. If the resultant systems are applicable to
only a single location, or a single narrow task, they iay not be
worth the dovelopment effort.
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COMPUTER DETECTION AND TRACKING
OF MULTIPLE OBJECTS IN TELEVISION IMAGES!
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ABSTRACT

The automatic detection and subsequent tracking of moving objects is an im-
portant arca of application of computers and artificial intelligence in the battlefield.
This paper discusses our efforts to develop a system which will automatically detect
and determine trajectories for multiple objects in a sequence of television images.
Particular attention is paid to the development of techniques suitable for objects
exhibiting low-contrast against a complicated, time-dependent background. The
front-end of the system consists of 16 parallel microprocessors which each operate
on a segment of the total video image to determine if there has been change in
that segment of the image. Change is detected based upon a novel scheme for
calculating the median pixel value in the segment and comparing it with the me-
dian value from an carlier frame. Motion detection and subsequent object tracking
arc performed by assuming that objects exhibit smooth motion on the time scale
of image acquisition. There are no other requirements as to the form of object
motion. This paper discusses the algorithms used and our practical realization of
these algorithms in a complete system.

1. BACKGROUND

Imaging devices such as television or infrared cameras are used in a variety
of applications to detect and track object motion. On the battlefield such tech-
niques could be used to acquire and track a wide range of objects from soldiers to
airplanes. Another possible military application of such techniques is in security
systems where the cameras are used to monitor access to controlled facilities such
as nuclear plants or airfields.

The application which stimulated this study grew out of an effort by the
U.S. Immmgration and Naturalization Service (INS) to increase the effectiveness of
imaging systems as an aid to monitoring traflic across international borders. INS
is responsible for detecting and preventing the illegal entry and smuggling of aliens
into the United States. INS has established a test bed in the Fl Paso area to test

VI'his work was supported by the National Institute of Justice. US. Departient of Justice,
throvgh grant namber 84 1) S 0041,
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the use of closed circuit television and infrared cameras as a means of prov-
ing the effectiveness of Border Patrol agents involved in linewatch activities. The
initial conliguration of the system consists of eleven lTow light level TV cameras
placed at nine locations along a nine mile segment of the border. Tt is estinmated
that there are nearly 20.000 illegal border crossings per month in the El Paso area.
For a description of the INS project sce Bernat et al. (1987).

2. IMAGE CHARACTERISTICS

The scenes viewed by these cameras are extremely complicated. There are
foreground objects from the urbar environment of El Paso. background ohjects
from the urban environment of Juarez, and a tremendous number of moving ob-
jects in both cities. These objects are of no inherent interest but do serve to provide
a complicated, changing and confusing background upon which the objects of in-
terest move. The scenes are characterized by fuzzy edges. a lack of contrast. noise
and wind induced camera motion. Furthermore, because of the outside location.
there is an almost continual variation in illumination due to clouds and other en-
vironmental factors. Thus the types of images motivating the INS study are also
representative of battlefield conditions (although considerably less threatening).
Ideally a motion detection system must be able to discriminate between all of the
sources of possible change and the events of interest.

3.0 CHANGE DETECTION
3.1 FRAME DIFFERENCING

The initial approach to motion detection adopted (in hardware) was to use a
system which combined frame differencing with averaging over selected geopixels
(a rectangle of contiguous pixels). The system captured one image per second. dig-
itized the image and stored it in an array. The image was then differenced with the
next image captured. The differences were than averaged over selected geopixels.
If the average excceded a predetermined threshold. an alarm was sounded. The
selection of the threshold and the arca was manually set by the operator.

Due to the complicated nature of the mmages as described above, it should
not be surprising that this simple approach of geopixel averaging turned ont to
be unsatisfactory. Operators would set the threshold and then be plagued by nn-
acceptably high false alarm rates. The operator would then raise the threshold
until the false alarm rate would be lower, however the detection rates would then
become unacceptable.

3.2 MEDIAN COMPARISON

To obtain immunity to noise a variety of other techniques have been proposed
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including averaging or weighted averaging over areas of a frame (Sngimoto et al.,
1963) and algorithms based upon maxinmm likelihood detection schemes (Yaki-
movsky 1976). The former are simple but still susceptible to noise while the latter,
although relatively robust. are computationally burdensome. difficalt 1o analvze
and not realizable in real time. We have studied computing a median or mean over
limited areas of a frame (Bernat et al.. 1933). This quantity is then differenced
with the mean or median from the preceding frame. If the result is greater than a
threshold, then motion has oceurred.

The median is particularly attractive and follows logically from the use of
median filters in edge detection. It is known, for example, that median based edge
detectors are relatively immune to spike noise yet respond quickly to changes in
intensity (Gallagher and Wise, 1981). If motion detection is visnalized as a type
of edge detection between frames, then it follows that median based motion detee-
tors should exhibit similar properties. Using syuthetic images we have Leen able
to demonstrate that median based motion detection is an effective technique when
processing must be done in real time (Bernat et al., 1988).

Another attraction of a median based motion detector is its computational
efficiency. The median can be determined by sorting ail of the values in a particu-
lar arca and then selecting the middle value. Traditional sorting routines require
a considerable number of computational cycles. The median can be found more
quickly by utilizing the fact that, in a digitized image, each grey level value is one
of a finite set of numbers, typically 128, 256 or 512, and allocating an equivalent
number of memory cells to the process of determining the median. The cells are
all initially set equal to zero and assigned an address between 1 and the number
of grey scales. The computer then examines cach pixel in the area and increments
the cell associated with the grey scale encountered at each pixel by one. When
this process s completed the computer begins with the first cell and sequentially
adds the values encountered. When the sum reaches one half the number of pixels
the address of the cell when this is encountered is the median.

3.3 HARDWARE IMPLEMENTATION

We have realized the motion detection system with the configuration illus-
trated in Fig. 1. Tt consists of a video digitizer, an array of parallel microprocessors
and a timing and control system. After each frame is digitized, each microprocessor
asynchronously determines the median grev level for its portion of the imaae. This
grey level 1s compared to previously determined ones and a decision made abont
the likelithood of change. The entire operation is observed by a central processing
nunit which outputs information as detected and extracts information from which
decisions can be made. The output from the central processing unit is a binary

image representing those areas of the original image undergoing change.
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Figure 1. System configuration.

When designing the system, our goal was to develop an approach which com-
bined high speed through parallel processing techniques with absolute minimum
cost. This required implementation utilizing existing 8--bit hardware. Thus we
were able to replace a single fast but expensive processor with many processors
which individually are much slower, but in aggregate represent a much lower total
system cost and a net higher processing speed. Current estimates suggest that a
signal processing element can be constructed for less than $50 and an array of 16
such processors with appropriate algorithms will process the video information at
least four times faster than a system with a single 80286 processor. A complete
commercial system excluding the video camera shonld cost less than $1000 and be
capable of detecting the portions of the video image that are changing in near real
time.

4.0 MOTION DETECTION

Detecting changes in an image represents the first stage of our system.  As
discussed above, change may be caused by many factors including both environ-
mental factors and object motion. The second stage of our system separates cut
true object motion. We present here two techiniques for detection and tracking of
object motion. Both are broadly based on the fact that, as an object moves across
the screen, motion in one arca is related to motion in adjacent arcas.

41 ADJACENT CELL APPROACH
If cach area of the screen is able to communicate its decision concerning mo-

tion to its neighbors, then it should be possible to obtain an enhanced estimate of
object motion. We have presented simmlation studies of a system in which a one
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dimensional array of elements communicating with their neighbors was tested for
immunity to noise in Riter et al. (1988). It is apparent that the array is capable of
accurate motion detection even in the presence of a high noise level. This adjacent
cell approach worked quite well and additionally generated the trajectory of the
object motion if the time history of the array outputs is retained.

The difficulty with this approach comes when we attempt extension to two
dimensions. The number of neighbors with which communication is necessary is
now at least eight. Of course many of these connections can not physically occur,
e.g., motion up a tree or building. The difliculty becomes: How do we teach our
computer vision system to reccgnize the valid object trajectories and to ignore the
rest?

4.2 COHERENCE APPROACH

Because of the computational difficulties described above, we have also ex-
plored the possiblity of motion detection and tracking using the concept of path
coherence (Sethi and Jain, 1987). Path coherence is a measure of the “smooth-
ness” of a trajectory. According to Sethi and Jain (1987), this smoothness is a
function of velocity, i.c., an object’s acceleration should remain constant if images
are obtained sufliciently frequently. To this requirement of constant acceleration,
we add coherence in grey scale, i.c., an object’s radometric properties should also
remain approximately constant between images. However, the algorithm presented
in Sethi and Jain (1937) is not suitable for our application because it requires noise
free images, all trajectories must be present from the first through last images, and
it requires multiple passes through the trajectory points as each new image is ac-
quired. This procedure is not acceptable for real time applications.

Recall that the input to the tracking portion of the system consists of a bi-
nary image representing the changing pixels. As a new image is input to the
trajectory determination phase, the notion of path coherence is used to determine
which changed pixel best represents the continuation of each trajectory. In cases
with false change pixels due to image noise, more than one point may satisfacto-
rily continue a trajectory; all of these continuations are retained. We then use a
pruning technique to eliminate unsatisfactory trajectories. All of the change pix-
els in the latest image which are not included on a trajectory are considered as
possible starting points for newly arising trajectories. Trajectories which cannot
be satisfactorily continued are considered terminated. By comparing these termi-
nated trajectories and the newly created ones. we handle the case in which a truly
changing pixel is lost in the noise. The output of the svstem is a list of possible
trajectories which satisfy the concept of path coherence. In order to control the

nnmber of possible trajectories. we also prune this set of projected trajectories.

The algorithim vequires specification of the coherence weights corresponding
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to speed, direction and grey scale, and the severity of pruning. These weights
should be chosen to fit the expected trajectory characteristics. There is a trade-off
here-—the looser we make our requirements for coherence or the less trajectories
we prune, the less likely we miss a truly moving object, but the greater the com-
putational burden. For the simulated trajectories shown in Fig. 2, we have the
results shown in Figs. 3 through 6.

Figure 2. Three simulated trajectories. A sequence of ten images has been com-

pressed into this figure; the numbers define the image in which each point
exists.

5.0 CONCLUSIONS

We have demonstrated the feasibility of detecting and tracking moving ob-
jects in a sequence of television images in a laboratory setting. The first stage.
change detection. is presently being implemented in hardware. The second stage.
motion detection and object tracking, has been studied through simulation stud-
tes. Further experience with actual image sequences is required in order to provide
guidance for the choice of the pruning parameters.
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Figure 3. The detected trajectories after image number 2 has been processed. The

additional points in this figire (relative 16 Fig. 2) represent noise hits
which were added with a probability of 1% per geopixel. Tn ovder 1o
mitiate the irajectories, all possible combinations of points in images |
and 2 are nsed, subject to simple boundary conditions.
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Fignre 4. The detected trajectories after image number 7 has been processed. Note
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the extra (false) trajectoryv. This trajectory satisfies the path colierence
condition: a different choice of relative coherence weights would eliminate

it.
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Figure 5. The detected trajectories after image number 8. At this point one true
trajectory has been lost due to the large change of direction. There are
now a considerable number of false trajectories.
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Figure 6. The detected trajectories after image number 10, Note that the trajec-
tory lost after image 7 has been recovered. With the exception of the
trajectory described in Fig. 1. all of the false trajectories have a length
of 3. which could be a basis for pruning.




REFERENCES

Bernat, A. P.. J. Nelan, S. Riter, and H. Frankel, 1937: Security Applications of
Computer Motion Detection. In J. F. Gilmore (Fd.). Applications of Artificial
Intelligence V., Proc. SPIE. 786, 512 517.

Bernat, A. P.. S. Riter, and J. Nelan, 1988: A Comparison of Three Motion De-
tection Techniques, Optical I'nginecring. 27, 524527,

Gallagher. N., and G. Wise, 1931: A Theoretical Analysis of the Properties of Me-
dian Filters, IFEE Trans. on Acoustics. Specch and Signal Processing, ASSP-29.
166 -171.

Riter. S., A. P. Bernat, and D. Schroder, 1988: Computer Detection and Tracking
of Moving People in Television Images, Proc. of the IEEE 1988 Conference on
Systems, Man and Cybernetics, 1013 -1016.

Sethi, 1. k., and R. Jain, 1987: Finding Trajectories of Feature Points in a Monoc-
ular Image Sequence, [EEFE Trans. on PAMI. 9, 56 73.

Sugimoto, 5., H. Matsukis, and Y. Ichioka, 1968: Implementation of Tracking and
Extraction of Moving Objects in Successive Frames. Applicd Optics, 25. pp. 950-
996.

Yakimovksy, Y., 1976: Boundary and Object Detection in Real World Tmages. J.
ACM, 23, pp. 599-618.




SPATIAL AVERAGING OF SOIL MOISTURE*

Perry J. LaPotin
Department of Physics & Astronomy
and
Department of Earth Sciences
Dartmouth College
Hanover, New Hampshire 03755

and

Harlan L. McKim
Research Division
U.S. Ammy Cold Regions Research and Engineering Laboratory
Hanover, New Hampshire 03755-1290

ABSTRACT

Soil moisture will travel along the path of least resistance in an effort to conserve
energy and momentum. The process dynamics are a function of the soil characteristics,
hydraulic regime, and meteoroclogical factors that change in time and space. In this pa-
per, a new approach for the development of a spatial averaging algorithm is presented.
The method is outlined using a new symbolic language and an equivalent computer
code. The enclosed algorithm determines available water for routing, and spatially aver-
ages resultant moisture levels to determine flow direction and flow velocity. The method
uses real-time data to supplement the often sparse information from in-situ sensors and
integrates the information into the hydrodynamic routing algorithm. Results indicate that
spatial averaging is a powerful and computationally efficient method to simulate hydro-
logic routing over variable terrains with dynamic meteorological conditions.

1. INTRODUCTION

Early efforts to average spatially dependent samples used test hole or “core™ in-
formation to determine a “Kriged” estimate of the localized variation (Matheron [ 1963,

*Funded under contract DACA-89-87-K-008 Department of Physics and Aswonomy, Darunouth Col-
lege, Hanover, N.H. 03755,




1965, 1970}, Krige [ 1966]). Matheron applied the Kriging approach to ihe local esti-
mation of soil type, and along with other authors, produced soils maps with varying
degrees of resolution (Burgess et. al. {1981}, McBratney and Webster [1981], Webster
and Burgess [ 1980], and Clark [1982]). In each case, static semivariogram (Kriging) or
semicorreiogram (Scale) methods were used to determine estimates of regional variation.
These methods proved satisfactory for regions with slowly evolving hydrology and near
steady-state meteorologic conditions (e.g ore and stres,-fault analysis), but failed in their
estimation of soil moisture under evolving (non-steady state) climate conditions (Yeh
and Yoon [1981], McBratney and Webster, [1983]). The failure was due in part to: (i)
the dynamic nature of the state variable- soil moisture- whose behavior changes in time
and space, and (ii) the static characterization of soil moisture from a priori estimates of
regional variation (using the semivariogram or semicorelogram as the basis for the esti-
mate). McBratney and Webster, [1983] summarized the problems associated with the
usage of semivariograms to model dynamic, non-stationary, phenomena:

“It is not wise to assume that the property of interest is stationary over the whole
region or that a given form of local trend applies everywhere...The semivariogram
is usually known accurately only over small neighborhoods within a region and
will almost certainl not be known for lags approaching the distance across the 1e-
gion

To reduce the problems associated with regionalization of Kriged samples, Journel
and Huijbregts {1978] illustrated that ““a global estimate obtained by Kriging over the
whole region” is equal to “the average of local estimates made for small neighborhoods.”
Hence, point estimates could be weighted by their respective areas and summed to pro-
duce a regional estimate of the average state condition. However, the method was shown
to be insufficient for estimating the regional variance since estimates at neighboring
points are seldom statistically independent (Chirlin and Wood [1982], Russo and Jurv
[1987a,b]).

Scale estimation methods superceded Kriging techniques by incorporating the
robustness of a general linear model, and the correlational dependence between sample
points to study “‘the average distance over which the spatial variations in the (state vari-
able’s) properties are correlated” (Papoulis [1963], Russo and Jury [1987a,b]. Gelhar
and Axeness, [1983]). By applying correlational measures, the estimates are scaled
(~1,1) and are thus independent of the units of the original measure. If assumptions are
made concerning the distributional properties of the random variable, e.g. 8 (x), a ran-
dom variable in x with an approximate two parameter Normal distribution ~ N(w.c?),
then a wide family of estimators (with varying levels of precision) may be derived for
both the population mean and the population variance.

Kitanidis | 1983] summarized the uses for Scale estimation in the modeling and
simulation of soil moistrre :
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“Scale plays an essential role in problems which require estimating spatial vana-
tions of a given soil property from limited observation points and in the solutions
of transport problems in heterogeneous media using stochastic modeling.”

Problems with the approach correspond to those previously outlined for the stan-
dard Kriging method: (i) uncertainty resulting from less than optimal selection of the
number and location of sampling points, and (ii) a correlogram construction based solely
upon the uncertain sample size and sampling locations invariant with time, and (iii) an
abundance of assumptions required to obtain “practical” solutions for the regional vari-
ance term.

In recent studies, State estimation methods have been applied to ameliorate the
difficulties associated wiith Kriging and Scale methods (Schweppe [1973], Gelb [1974],
Olea [1974], Anderson and Moore [1979]). These methods allow for the simple
inclusion of autodynamic variables within robust methods for the solution of the corre-
sponding systems of simultaneous equations. Chirlin and Wood [1982] outlined the
close association between Universal Kriging techniques and simple state-space theory:

“Universal Kriging, and indeed any method to identify the form of the sampled,
admittedly nonstationary, random process, must begin by restricting its attention to
a workable subset of thc set of all nonstationary random functions...The rework-
ing of the Universal Kriging equations into state space form allows for the
straightforward sophistication of the process and observed models, should that be
desired.”

In each application of state theory, the approach has been to refine the basic Krig-
ing and Scale estimation techniques to allow for the specification of various attributes in
the sampled region!. In the following brief, a more generalized application of state-
space theory is proposed that uses symbolic notation to derive the system of differential
equations required to model complex phenomena. The approach uses four basic opera-
tors to define the system, and relies on “object-oriented” programming to allow for easy
access and customization of the system to real-time data. In the examples provided, the
theory is applied to the modeling of volumetric soil moisture in multiple soil horizons.

2. SYMBOLIC APPROACH

In the development of a symbolic representation for state-space theory, the early
efforts of Forrester [ 1968] and Richmond[1985] have been expanded to handle multi-
dimensional modeling under conditions of real-time data (interlaced real-time data).
Early applications of the Forrester method applied <tate modeling, under simple univari-

1 For cxample, the addition of observational crror (Schweppe [1973]), and the inclusion of dynamic joint
evolution states (Gelb [1974], Chirlin and Wood {1982]).
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ate conditions, to model complex systems (i.e. interation in one variable). With the
advent of matrix notation and vector operators, multidimentional iteration was possible,
and state-space models could be examined. In the example that follows, a simple mass
balance (continuity) model is derived using the notation of: (1) standard control volume
theory, (2) corresponding differential equations, and (3) state-space symbolic notation.
The continuity model illustrates how stepwise differential models may be constructed, in
symbolic form, without relying on a “closed-form” representation. In addition, the
equivalent systems representation (Figure (2)) introduces the reader to the symbolic no-
tation used to denve the hydrodynamic model and spatial averaging shell in later sec-
tions. In Figure (3), a “skeleton™ system for simple routing of volumetric soil moisture
is provided. Although abbreviated for clarity, the figure illustrates how a basic hydro-
dynamic routing algorithm is constructed and organized according to rate processes.

X+AX

n_AA
tyAy
y

Figure 1. Mass Flux into and out of an incremental volume

2.1 AN EXAMPLE IN CONTINUITY

Under conditions of mass conservation, an equation of continuity may be derived
for the generalized conditions of compressible fluid motion in three directions. In
cartesian coordinates, the control volume is useful to derive an expression for the con-
servation of mass. As indicated in Figure (1), the control volume AV is composed of
three axes whose product defines the size of the ditferential volume or cube (i.e. AV=
AxAyAz). The total mass flux (ny,) across the x face of the cube 1s then simply the




product of the bulk density of the fluid (p) and the velocity of flow in that direction (v,).
For all six faces of the control volume, the mass balance becomes:

Ax(nxAA) +A (nyAA ) +4,(n,AA,) - A(PAV) /At =0 (1)

where
n; = total mass flux of the soil water in the ith direction (i = x,y,z),

p = fluid density,

At = time increment,

AAy = AzAy, AAy = AzAX, AAz = AxAy,

Ai(ngAA;) = (ngAA)) 1 ai - (nGAA)) |; = net mass flow of the soil water through
the incremental area AA;, and

A(pAV) /At = bulk accumulation term

Dividing Equation (1) by AV, realizing that soil water is an incompressible fluid
under ambient conditions (A(pAV) /At—0), and taking the limits as Ax—0, Ay—0,
Az—0 yields:

ony,/ox + dny, /oy + dn,,/0z - Ip/dt =0 (2)

Letting n; , the total mass flux, equal the product of the fluid density (p) and the fluid
velocity in the ith flow direction (v;):

ni=pv; (3
and Equation (2) becomes:

P (OVy/Ox + Ovy/dy + dv,/dz) - p/ot=0  or

V-pv-dp/ot =0 4)

where v = v(x,y,x).

For the special case of constant fluid density through time,dp/0t—0 , and Equa-
tion (4) simplifies to:

IV, /Ox + avy/()y +0v,/0z=0 or
V-v=0 (5)

Equations (4) and (5) represent the equations of continuity for the simple control

volume of Figure (1) under the generalized conditions of incompressible flow. An
cquivalent symbolic notation for this continuity is provided in Figure (2).
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Figure 2. Systems representation for mass flux into and out of an incremental
volume

The notation is a follows? :

(1) Clouds represent Sources or Sinks. If an arrow points into the
cloud it must be a sink. Conversely, an arrow pointing away from a
cloud implies that the cloud must be a source. In Figure (1), the cloud
associated with precipitation is a source, the cloud associated with evap-
otranspiration may be either a source or a sink depending on the physical
process (e.g. a source during periods of evaporation, a sink during peri-
ods of condensation).

(2) X-valves represent Rates (differentials). The object is meant to
symbolize a “plumber’s” valve that opens or closes depending on physi-
cal conditions. In the precipitation case, the valve will open during peri-
ods of rainfall and water will “flow” from the cloud (the source) into the

rectangle.

= In addition, variations on the arrows used 10 connect sources, sinks, and levels are possible depending
on the physical system. For example. “dashed” or “light-faced™ arrows arc used to infer correlation and
information rclationships.

rl
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differential equations symbolized by the rates). The rectangles are also
referred to as the “State Variables” for the system since they have the ca-
paciiy to change states through time and space. The term “steady-state”
is used to describe a state variable invariant in time (and/or space).

intersurface

.......

e Evapotranspiratiog
| Precipitation ‘!

Volumetric Soii

(3) Rectangles represent Levels (integral equations). Levels accumu-
late or deplete depending on the X-valves that are connected to them (i.e.
they are assigned an initial condition, and then allowed to integrate the

To surfape moisture To surface
mtcragtnon esurfac interactions
<) Runoff 3 ?, j Runoff_d _ >j
. —— i .
m'lersurfacc ' 9t Y Infiltration
INfloW  comed inflow surface <->A
Horizon A
Volumetric
soi(l) moisture
i, j
3t Infiltration
A<->B
Horizon B
Volumetric
soil moist:--¢
0. .
i, |

2
5t Infiltration
B<-> subsurface

Figure 3. Volumetric soil moisture balance using state-space notation. Intersurface
flow between pixels is shown in the lower-right to upper-left diagonal rate
components and not displayed for a 360 rotation to simplify the diagram.
Notation "<->" indicates direction of interaction (e.g. A<->B indicates
interaction between Horizon A and Horizon B for differential Infiltration)
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In the systems representation of Figure (2), mass enters and exits the control volume
(labeled ©) according to the mass rates of flow into and out of the rectangle. Mass orig-
inates and exits the system boundary via sources and sinks (Clouds). The mass is
stored at any point in time within the Rectangle (Integral Equation) according to the rates
of flow (X-valves) that are used to direct mass into and out of the rectangle.

The notation may be extended using rates to symbolize complex physical pro-
cesses. In this capacity, rates symbolize sub-sectors or sub-aggregates, and are used to
differentiate the otherwise complex flows into simple constituent elements (atoms). An
example of the process is shown in Figure (3), using a primary state variable 6 to sym-
bolize the random vector for volumetric soil moisture.3 The figure indicates that the
major mass transfer processes have been divided according to constituent rates of flow
for: Precipitation, Evapotranspiration, Infiltration, Runoff, and Intersurface Flow. Each
of these rate processes represents a major sector in the model whose behavior is defined
according to the terrain and meteorological conditions.4

Following the flow of moisture in Figure (3), precipitation enters the system via a
source component (Cloud) whose rate is determined by real-time meteorological data.
At any point in time, meisture may accumulate or decrement depending on the mass rate
of flow from the rate processes acting on the storage of moisture (rectangle 6 i,j)- Dur-
ing periods of eveaporation, moisture leaves 8 i,j » and returns during periods of conden-
sation (double sided arrow). Both runoff and inflow are surface effects that flow be-
tween adjacent surface pixels. Infiltration routes moisture into the sub-surface regime,
and mass can flow up, out of the lower soil horizons, during periods of reverse-infiltra-
tion and hydrostatic flow.

In sum, the symbolic notation is a robust method for displaying complex systems
of differential equations. By explicitly representing sources, sinks, integral, and differ-
ential equations, rate processes may be displayed in their constituent elements. Both
sources and sinks are easily recognized within the system diagram, and arrows represent
the direction of flow between operators. Other operators, such as auxiliary equations,

3Bold scripting is used to reinforce the vector convention: the behavior of © varics in time and space
with functional notation ® — O (x,y,z,t) in gridded rectangular coordinates.

4Figurc (3) represents a "skeleton” diagram and illustrates a few of the major forces that affcct volumet-
ric moisture content by position (the ij subscripting) and by representative soil horizon (Surface, Hori-
ron A, Horizon B). As indicated, rates have been aggregated into processes (Precipitation, Evapotrans-
piration, Infiltration, Intersurface Flow, and Runoff) to simplify the presentation. Actual rates are
determined using terrain, metcorological, spatial, and temporal factors. For cxample, the model in
Appendix 1 uses Soil Conservation Service algorithms o determinge evapotranspiration, runoft, and
infiltration. Since cach model is a “plug-in” unit, many algorithms can be casily applied to a rate pro-
cess for purposes of validatation and simulation.
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and information arrows are added to the notation to display the finer details of the state-
space model.>

3. SPATIAL AVERAGING

The state-space method can be applied to problems in spatial averaging by creating
a network (or mesh) of state variables that corresponds to the type of primary data avail-
able (i.e. format of the real-time data: grid cell or polygon). In a gridded format, soil
moisture states are displayed using standard matrix notation (i,j) in multiple soil hori-
zons. For polygon data, minimum rectangles may be used to “rasterize” the data or cen-
troids selected to subscript the polygons by location (e.g. centoid location). Each pixel
corresponds to a single volumetric moisture state 8 , and overlays are created to depict
moisture states in multiple soil horizons.® Therefore, ® becomes a function of its posi-
tion within the matrix (e.g the region of the watershed), its soil horizon position (H),
and its prior behavior through time (t).

Under a spatial averaging scenario, 8 is a function of neighboring pixels. Hence,
the behavior of surrounding states influences the behavior of the modeled state (i.e an
autodynamic autospatial process).” For the routing of volumetric soil moisture, proba-
bility assignments may be weighted according to saturation conditions: during periods
of saturation by surrounding pixels, there is a higher probability of surface or ground-
water flow. Conversely, periods of draught may force a higher infiltration and absorp-
tion capacity that detracts from surface and groundwater flow.

In the following sections, a linear averaging algorithm is developed using a gener-
alized grid-cell format. Extensions to polygon data are discussed, and a heuristic nine-
pixel algorithm is developed. The model organization is overviewed and heuristics are
provided to illustrate an operating sequence for the model.8

5The state-space diagrams in Figure(2) and Figure(3) show simple “skeletal” structure. Both auxiliary
equations and information arrows have been removed to simplify the presentation. Auxiliary cgquations
may be in the form of an algebraic equation of in interpolated graphical form. Information arrows arce

used to handle the non-physical flows of the system (e.g. corrclation between clements in the modcls).

6pixcls are assigned grey scale weights (or color indices) depending on the corresponding volumetric

moisture content © by (i,)) position within the gridded file. The minimum grid cell size and the iteration

interval are sclected according to user definitions depending on the availability and format of real-time
digital information.

7 Neighboring information becomes extremely important in the cstimation of volumetric moisture con-
tent under sparse data conditions.  Under these constraints, neighboring information is typically
weighted according to the “inverse-square” of the pixel distance from the state location.

8 One extension is 10 spatially average large images using weather radar and multispectral data from
Landsat and SPOT. In this approach, spectral signitures are used as initial conditions for the state-space
algorithm, and imagcs are spatially averaged using models that link the hydrodynamic budget to the
gray-scalc range for a particular spectral band.



Figure (4) : An index notation to define a grid cell spatial average. Each pixel
corresponds to a moisture state and is displayed in grey-scale (color) corres-
ponding to the percent volumetric moisture for that state-space location. R; and

R j define the lower right corner of the test region
3.1 LINEAR AVERAGING ALGORITHM

In a linear spatial averaging algorithm, neighboring pixels are assigned weights
according to a priori criteria (e.g. location, land use, elevation, soil type), and summed
to produce a weighted average of the state variables. An example of this process is pro-
vided in Figure (4). In this case the following event sequence defines the spatiai aver-
age:

(1) A weighting criteria () is developed (typically based on terrain factors or state location to
kncwn datg, sucli os v s wuane veighlng).

(2) A criteria is outlined for handling conditions outside the test region. In Figure(4), gridded
data is displayed with (i,j) subscripts. Hence averaging criteria must be established for boundary

cascs where:
@ {i<1},(®) j <1}, {i>Rj}, @) (j >Ry} (6)

and R; and Rj are the respective row and column bounds that define the grid-cell region (composed
of R; x Rj states).
For polygon data, Figure (5), the enclosing region R is such that all polygons in the spatial

average are contained within the perimeter of R. 1t (i) sub.scripts are assigned 1o the centroid of
cach polygon &;, then conditions established for gridded data may be modified to polygon data.

[ 3]
st
—




Figure (5): A polygon representation of the volumetric moist-
ure states within the total region R. Polygons may be averaged
using centroid positions for each 8y polygon

(3) An iteration scheme is developed. In gridded data, a double loop is commonly used to step

between adjacent states (e.g While j < Rj do, While i < R; do.... ), and

(4) A spatial window is developed 1o determine the number of pixels to use in the average. Ina
composite nine pixel scheme?, the number of pixels per average is bounded by the location of the

state variable(6; J) in the matrix:

if i=1&j=1) then
eiJ = 1/4Zwy ((oleid- +‘°29id+1+‘”3ei+1,j+‘°49i+1,j+1);

else if (i=1 & j =R}) then
8 j = 1/4Z0K (018 j +©28) j.1+038i4 1 j+©4Ois 1 j.1);

else if (i=1 & j<>1 & j <>Rj) then

8, j = 1/6Z20x (018 j +028; j 1+038) j41+W48i4 1 j +05841 j. 1706841 j+1);
else if (i=R; & j =1) then

8 j = 1/4Z0K(018] j +028; ;4 1+038; 1 j+040;.1 j4+1);

else if (iI=R; & j =Rj) then
eiJ = 1/42(0k(6019iJ *‘”29iJ-1+‘”3ei-1J+°’49i-lJ-l)i

9A composite nine pixel scheme implics that a maximum of nine pixels arc included in the spatial

(7a)

(7d)

(7¢c)

(7d)

(70)

average, and as few as one pixcl may be used depending on boundary conditions. In the outline algo-

rithm:
(1) four pixels are used at corer points that definc the region,

(2) six pixels are used for pircls with rows (columns) that border the regional boundary

(3) nine pixels are used for all mid- row (column) pixels.
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elseif (i=R; & j<>1 & j <>Rj) then
8, = V/6Z0k(018; j +028; j.1+136); j;1+040j ] j+058; | j41+06Oj.] j.1):

an
elseif (=1 & i>1 & i <R;) then
8;,j= /620y (@8] +028); j;1+030; 1 j+040iy 1 j+058, 1 j+1+068.1 j+ 1)

(7g)
else if § =R; & i >1 & i <R;) then
8, = 1/6Z0k(018] j +028; ;. 1+138i4] j+048i ] j+050;.1 j.1+06Oi41 j-1);

(7h)
clscif(j>l&j<Rj&i>l&i<Ri) then
8= 1/9Z0k(018] j +028 j.1+1030) j; 1+048j.] j+©56i4] j+©06Ois] j+1 '
+070;.1 j-1+080i4] j-1+096;_1 j+1); (7i)

where

w = the assigned weight of the kth pixel.

In the spatial averaging model provided in Appendix (1), a composite nine pixel scheme
is provided with a number of refinements:

(1) Pixel weights are derived from: (a) normalized elevation gradients that produce maximum
likclihood routing directions, and (b) normalized radial proximity measures that adjust the weights
(w) to their proximity (r.c. the base state pixel being spatially Jveraged).

(2) Pixcls are spatially averaged and then numerically integrated into the hydrodynamic model.
(3) Pixcls are only spatially averaged if the hydrologic budget determines that water is available
for re-routing.

(4) Pixcls are spatially averaged in three dimensions: averaged first for surface effects, then re-av-
craged by soil horizon based on fractional infiltration rates.

(5) The composite nine pixel scheme is flexible. If differentials across pixel boundarics are few,
thc averaging window will shrink to a minimum size of one pixcl. Large discrepancies between
distant pixcls expands the averaging window to a maximum size of the full region. The window
cxpands and contracts in a gcometric progression proportional to the hydrodynamic activity in the
region (i.c. 1,4,9,16,25,36....).

A detailed listing of the averaging method is provided in Appendix (1) under the
section: UNIT Spatial. Three major procedures accomplish the averaging process: (1)
SpaceAvg—used to spatially average surface and subsurface affects within a soil hori-
zon, (2) DepthAvg—used to depth average between soil horizons, and (3) ThetaFlux—
used to calculate the hydrologic budget to determine the volume of v ter available for re-
routing.




3.2 ORGANIZATION

The model in Appendix (1) is organized according to the major processes required
to : (i) Initialize and “launch” the system, (ii) perform a hydrodynamic budget by state
location, (iii) spatial average the water available for re-routing, and (iv) display the re-

sults. The computer code is organized into constituent UNITS that, acting together,
perform these major tasks. In outlining the operatirg sequence of the model, bold
Italics is used to designate sections within the code were readers can locate the detailed
information. For example, runoff information is located in the “UNIT Runoff” section
of Appendix (1). In referring to this section, the script notation “Runoff” (rather than
“UNIT Runoff”) will be used.

3.2.1 Initialization and launch

The system is initialized and launched in the section Initialize described in
Appendix (1). Initial and Boundary Conditions are summarized by variable name in
Table (1). Values that correspond to Soil Conservation Service units are listed in
parenthesis as “{SCS}".

Table 1. Primary Variables used by the Spatial Averaging Model

Variable Value Range Structure

Soil Type CoarSand = 1, 11016 Array by i
{SCS} CoarSLoam = 2; of Integer

Soil[ij] Sand =3;
LoamSand = 4,
LoamFineSand = §;
Sandl.oam = 6;
FSandLoam =17,
VFSandLoam = §;
Loam =9,
SiltLoam = 10;
SanClayLoam = 11;
ClayLoam = 12;
SilClayLoam = 13;
SandClay = 14;
SilClay = 15;
Clay = 16;

Soil Horizons 13 Integer

{SCS) Surface = 1; {0-3"

SoilDepth AHorizon = 2; {
BHorizon = 3; {

|
Soil Infiltration LowRun = 1; 1t04 Integer \
Index {SCS} ModInfil = 2; or Array by i,j
Soillnfil SlowInfil = 3; of Integer

HighRun = 4;
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Table 1 (cont’d).

Primary Variables

used by the Spatial Averaging

Model
Variable Value Range Structure
Soil Treatment SuRow = 1; lw3 Integer
Index {SCS} Contoured = 2; or Array by i
SoilTreat ContTerrace = 3; of Integer
Soil Hydrologic Poor = I, I3 Integer
Condition {SCS} Fair = 2; or Array by ij
SoilCond Good = 3; of Integer
Growth Index % 0t 100 Integer
GI (SCS)
Land Use Class Fallow = 1; 11010 Array by iy
{SCS} RowCrop = 2; of Integer
LandUse[i j] SmGrain = 3;
Legume = 4;
Pasture = §;
Meadow = 6;
Woods = 7,
Farm = §;
DirtRoad = 9;
HardRoad = 10;
Elevation ftorm >0 Array by i
Elev(ij] of Real
WindSpeed mph or >0 Real
Wind m/sec or Array by i,j
of Real
Temperature degr F or ambient Real
Temp degr C or Array by i,j
of Real
Relative Humidity % RH 0w 100 Real
Humid or Array by ij
of Real
Granularity >0 Real
dx km 1 km {base} Intcger
dy km 1 km {base) Intcger
dt hr or day 1 hr {base } Integer

3.2.2 Hydrodynamic budget

The hydrodynamic budget is calculated within the procedure “ThetaFlux™ in the
Spatial section of Appendix (1). This unit “calls” other units within the code to deter-
mine the differential: (i) Runoff, (ii) Evapotranspiration, (iii) Infiltration, (iv)
Precipitation, (v) Inflow, and (vi) Outflow by (i,j) location. The ThetaFlux procedure
calculates the differentials by calling the other units, and combines their effects to pro-




duce a “net” differential, used to numerically integrate the result (based on previously
averaged states).

3.2.3 Inclusion of the hydrodynamic budget

The hydrodynamic budget is numerically integrated using a Spatial Averaged prior
state for volumetric moisture content. In Eulers form, the following operations are
completed:

GH,iJ,l = Spatial Average(@H’j’jJ_l) + dt (deH,i,j,[ /dt) (8)

where

Oy, = The volumetric moisture content at surface position i, for soil
horizon H at time t,

Spatal Ayeragg(QH,i gD = Fhe spatially average prior state (time t-1) at sur-
face position (1,j) for soil horizon H (a composite nine pixel spatial average
operator is defined in equations (7a) through (71)),

dt = the differential time step, and

dO®y ; j, /dt = d/dt(Precip) - d/dt(Runoff) - d/dt(Evapotranspiration) -
d/dt(Infiltration) + d/dt(Inflow) - d/dt(Outflow) = the *“‘net” differential for
surface position (i,j) at time t, for horizon H.

In the computer code of Appendix (1), the spatial averaging process is split into
two separate operators that act in conjunction to perform spatial averaging: (1) with soil
horizons (SpaceAvg), and (2) between soil horizons (DepthAvg). Details of each pro-
cess are provided in Spatial.

3.2.4 Display

Two and three dimensional displays are currently supported depending on the di-
mensionality of the simulation. Example simulations and discussion are provided in
Appendix (2).

3.3 SEQUENCE

For the model in Appendix (1), water is routed and spatially averaged in the fol-
lowing computational sequence:

time t=0:
(1) State, terrain, and meteorological variables, are assigned initial conditions,

(2) Elevation profiles are normalized and gradients determined. The gradients are used to
determine maximum likelihood routings of soil moisture subject Lo terrain conditions.
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repeat (t > 0)

for each surface pixel do:
begin

(1) Calculate Precipitation from recal-time meteorological data

(2) Determine runoff as a function of:

(i) Free Drainage,

(it) Surface Gradient,

(iit) Landuse,

(iv) Soil treatment (compaction, terracing et. al)
(v) Soil condition

(vi) Precipitation

(3) Determine Evapewranspiration as a function of:
(i) Soil Type,

(ii) Landuse,

(ii1) Wind speed,

(iv) Temperature

(v) Relative Humidity

(vi) Free Drainage

(4) Determine Surface Inflow and Outflow as a function of terrain and metcorologic
data

for each soil horizon do
begin

(5) Determune Infiltration as a function of:
(i) Permeability by Soil Type,

(i1) Soil Type,

(iit) Landuse,

(iv) Soil condition

(v) Surface Gradient

(6) Calculate the total differential for the mass balance in volumetric units:
dOy i j/dt= d/di(Precip) - d/diRunofl) - d/di(Evapotranspiration) -
d/dwInfiltration) + d/di(Inflow) - d/d(Outflow)

(7) Calculate a new volumetric moisture state based upon an a priori spatial
average of the volumetric me .sture state and the calculated total differential:

eH.i,j,l = Spatial AVCMgC(@H,iJ,l-I) + dt (d@[{,l‘jJ /du)




(8) Extract the real-time state data OR. If is significantly different than the
estimated state ©, then adjust estimate and re-spatial average the adjusted value: 10

ift (©-6R) > 5 men @ = 6R/- ¢ (9)

where
8 = the tolerance criteria, and
€ = the error adjustment

end; {for each soil horizon do}
end; {for each surface pixel do}

until end of simulation

4. CONCLUSIONS

State-space theory is used to spatially average soil moisture in two and three di-
mensions using new symbolic techniques to build systems of differential equations. The
process allows for the modeling of key hydrodynamic elements required to define the
primary mechanics of flow. The hydrodynamic budget is combined with a spatial aver-
aging shell to produce a method for estimating soil moisture using weighted information
from nearest neighbors and weighted information throughout the test region. The model
uses a flexible window format for spatially averaging scil moisture within horizons, and
separates two and three dimensional flow using independent depth averaging methods
based on infiltration properties of the soil. Preliminary results, Appendix (2), indicate
that the method is computationally efficient and produces “intuitive” routings under un-
usual flow conditions.!!

Future efforts include a calibration and accuracy assessment for the model and a
refinement of the algorithm used for real-time data adjustment. The method will be
tested and validatedusing observed real-time data from two Iowa watersheds.

1y s implicitly assumed that deviations arc duc to estimation error rather that measurement or calibra-
tion error.

IThe model runs under 512k of memory on an Apple Macintosh and has been written in Vanilla Pascal
for casy portability to other operating environments. An iteraton of the model (10 x 10) display) re-
quires less than ten scconds on a Macintosh 11,
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APPENDIX 1: VANILLA PASCAL CODE FOR THE
*
SPATIAL AVERAGING MODEL

*
Fiditor’s Note: Space limitations preclude printing the 26 pages of program

listings in these proceedings. The Cold Regions Research Engincering Laboratory
should be contacted to obtain the program listing.!
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APPENDIX 2. PRELIMINARY RESULTS

A prototype dynamic spatial averaging shell was constructed to begin feasibility
testing of the state-space method for two and three dimensional flow using simulated
real-time gridded data. Each simulation assumes the following Soil Conservation Ser-
vice (SCS) conditions: (1) controlled soil treatment, (2) fair soil conditions, (3) sandy
loam soil type, and (4) wooded land use. In addition, the following meteorological/
climatic and insitu sensor conditions were considered: (1) I mph wind speed, (2) tem-
perature 50° F, (3) 10% relative humidity, and (4) an initial volumetric soil moisture
content of 20% 12, These conditions were held constant (i.e. steady-state metcorologi-
cal conditions) so that we could clearly illustrate the combined effect of only precipita-
tion and elevation on the spatial averaging of soil moisture. In each array pixels are dis-
played as variable grey-scale intensities depending on the volumetric moisture value by
location within the array. Grey-scales were assigned intensity from white to black de-
pending on the volumetric soil moisture value, which could vary from 0 to 100%, re-
spectively. For elevation plots, grey-scales were assigned depending on elevation con-
tours (i.e. darker textures indicate higher elevations and white indicates the minimum
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Appendix Figure 1. Elevation profiles for the
spatial average simulation

12 A detailed listing of boundary and initial conditions may be found in McKim and LaPotin [19871.
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elevation in the region). All grids are displayed on a 1 km by 1 km basis within 2 10km

The elevation profile for the region is provided in Appendix Figure (1). Initial
conditions indicate a “mole-hill” at position (5,5) within the 10 km by 10 km matrix, and

by 10km test region. In each simulation, states are re-computed and real-time data is

integrated into the system on an hourly basis.

ELEVATION

an inner basin between the mole-hill and the ridge at position (10,10). Otherwise, the

elevation level is gradually declining from lower-right to upper-left.
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Yix Figure 2. Two hours into the base simulation. Volumetric soil moisture profile

A[)[h

is shown to the left; elevation profile is shown to the right

TWO DIMENSIONAL SIMULATION

In Appendix Figures (2) through (4), two dimensional routings of volumetric soil

moisture content are provided. For each simulation, moisture influx

it position (5,5),

Ie
[+

the centroid of the “mole-hill”, and at position (10,9) adjacent to the crest of the elevation
profile is given as a saturated steady-state boundary condition. Darker textures indicate

greater degrees of saturation. Precipitation conditions dictate saturated flow at positions

3
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Appendix Figure 3. Four hours into the base simulation. Volumetric soil mois::tve profile
is shown to the left; elevation profile is shown to the right

(5,5) and (10,9). As an example of using real-time insitu data, the CRREL/ Dartmouth
radio frequency probel3 indicates that near saturated conditions (40% volumetric mois-
ture) are present at position (3,3). Moisture is being routed away (northwest) from the
point of maximum elevation at position (10,10) and down the gradient. After two
hours, complex routing is beginning to develop near the “mole-hill” shown in Figure
(6).

Four hours into the simulation, the saturated flow conditions at positions (5,5) and
(10,9) have produced near saturated flow regimes throughout the inner-basin between
the “mole-hill” and point of maximum elevation in the lower right of the 10 km by 10 km
matrix (Figure (7)). Saturated flow at position (5,5) is being fully routed, via overland
flow, away from the “mole-hill” and saturating the basin located in the upper left (i.e.
positions (4,3), (4,4), (5,4)). Water is routed according to the degree of saturation and
the elevation gradients within the grid array.

Six hours into the simulation the inner basin is completely saturated and marginal
areas are approaching saturation (Appendix Figure (4)). T.e “over-flow” of precipita-
tion at positions (£,5) and (10,9) is being routed from lower right to upper left according
to the regional topographic gradient. Conditions appear saturated due to the combined
effects of poor infiltration of surface water into the silt clay loam soil, and very large
rates of precipitation that far exceed the rates of runoff and evapotranspiration.

13 re. LaPotin ct al. [1987]. %
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Appendix Figure 4. Six hours into the base simulation. Volumetric soil moisture profile
is shown to the left; elevation profile is shown te the right

THREE DIMENSIONAL SIMULATION

In Figures (9) and (10), the two dimensional routing is extended into a three di-
mensional regime (three soil horizons are displayed using off-set pixels by location).
The simulation uses three specific Soil Conservation Service soil types for horizons of
known depth: (1) sand clay @ O to 3 inches, (2) sand clay loam @ 3+ to 6 inches, and
(3) silt loam @ 6+ inches in depth. As indicated by the varying grey-scale shades at the
three levels, the clay content and horizon depth greatly influences the transport of volu-
metric soil moisture through time. In Appendix Figure (5), the simulation illustrates two
point sources of saturated soil at positions (5,5) and (10,9). Again, the “mole-hill” is
located at position (5,5) and elevations gradually decline from lower right to upper left.
In this simulation the upper crest, pixel (10,9), has distributed its volumetric moisture to
adjacent pixels, and moisture is distributed down-slope toward adjacent low areas. Pixel
(5,5) remains saturated due to the combined effects of overland flow and high point
source precipitation. In the simulation shown in Appendix Figure (6), lower elevation
pixels (adjacent to the “mole-hill”") are approaching saturation. Locations between the
mole-hill and the crest are also becoming saturated, and moisture flow is beginning to
divert around the mole-hill toward the drier low lying areas.
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UTILITY OF AN ARTIFICIAL INTELLIGENCE SYSTEM IN FORECASTING OF
BOUNDARY - LAYER DYNAMICS

M. D. McCorcle, S. E. Taylor, and J. B. Fast
Iowa State University
Ames, TIA 50011

ABSTRACT

Determination of input data requirements for numerical
prediction of boundary phenomena and presentation of computational
results, in-process subroutine selection and interpretation of model
output can be facilitated by techniques of artificial intelligence.
A detailed numerical model of the atmospheric boundary layer has
been developed and used in research involving low-level transport of
momentwn, heat, and moisture. The model has shown utility for a
number ot horizontal scales and has been applied to prediction of
regional convergence patterns associated with severe weather, the
local transport of agricultural pesticides, and simulation of insect
pest transport. This system allows simulation of stability
conditions in the three kilometer layer and details energy exchange
at the surface. The time-incremental nature of the model predicts
the time of maximal transport and minimum transport and may be used
for delineating regions of dispersion and of deposition.

1. INTRODUCTION

As metcorological research has advanced, atmospheric models
have prown to incorporate many surface physical processes on a wide-
range of horizontal scales. These models have been developed to
survey microscale processes of turbulence, mesoscale dispersion of
pollutants, as well as regional and large-scale circulations leading
to severe weather development or transport of biotic agents. Some
of these models, such as the one discussed in this report, have
shown utility in a variety of situations. Each applied boundary
layer problem requires specific initialization procedures, in-
process subroutine selection, boundary criteria, and output
processing. The time-consuming process of preparing for a
particular operational problem may be expedited using artificial
intelligence techniques in harmony with a more general boundary-
layer forccast system. In addition, verification of model results
may be incorporated into an expanded knowledge base which improves
the utility of the metcorological mcdel.

The goal of this rescarch has been the development of a
versatile forecast system capable of accurate simulation of low-
level atmospheric circulations by utilizing fine grid resolution and
detailed surface physics.  The model has been used in basic research
on low-Tevel jets and boundary-layer convergence fields over the
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Great Plains and in applied problems involving long-range movement
of insect pests to the Corn Belt and the regional transport of
agricultural pesticides.

This paper will discuss the status of this research and
present future plans for the incorporation of expert system
technology. An overview of the boundary-layer forecast system used
in this study, found in Section 2, is followed by a discussion of
results from three specific applications of the model. Artificial
intelligence possibilities are discussed in Section 4.

2. THE MODEL

A three-dimensional numerical forecast model for the planetary
boundary layer using a coupled atmosphere-soil system is described
in detail in McCorcle (1988). The atmospheric portion of the model
is governed by an anelastic, hydrostatic system of equations derived
for a terrain-following coordinate system. Temperature, specific
humidity, turbulent energy, and the horizontal wind are predicted in
the model by using a prognostic equation of the form:

JA

A L .oua- 2k v (1)
at dz dz

where A is the prognostic variable and F is the forcing, which
includes tihe pressure gradient force and buoyancy effects.
Typically, this type of equation is discretized by using various
finite-differencing approaches. For results reported herein, the
advection term, V « VA, is approximated by using a leapfrog scheme.
According to Paegle et al. (1976), finite difference approximations
in z prove unstable for many profiles of K because of nonlinear
computational instabilities. To overcome this problem, the
right-hand side of Eq. (1) is discretized by use of a finite-
element techuique based upon Galerkin approximations. A detailed
discussion of this method is found in Paegle and McLawhorn (1983).
The vertical velocity is computed diagno..tically and is calculated
by integrating the continuity equation by use of centered
differencing. The pressure deviation is determined by integrating
the Lydrostatic cquation downward. Physical forcing in the model
is due to radiative heating and cooling prescribed at the earth-
atmospherce interface in a surface energy budget equation.

To account for the large vertical gradients of many of the
prognostic variables at low levels of the atmosphere, a transformed
grid system is used to increase resolution in the vertical. The
lowest nine levels, below 119 m, use a logarithmically-spaced grid.
Above 119 m, 10 additional levels are equally spaced about 205 m
apart, up to ths: top of the model at 2500 m above the surface.

To more preciscly predict surface forcings, the model

incorporates forecasts of both moisture and heat fluxes within the
soll by using a soil-moisture forccuast method similar to that

2068




described by Mahrt and Pan (1984) and Pan and Mahrt (1987).

The vertical grid consists of 15 soil-temperature computation
levels, spaced equally 0.04 m apart, extending from the roughness
height at 0.04 m to 0.52 m below the surface. The soil hydrology
model uses a two-layer method to update soil-moisture content. The
upper layer is 0.08 m deep and the lower layer is 0.44 m. Because
temperature forecasts rely on soil-moisture content to calculate
soil thermal conductivity and heat capacity, updated soil-moisture
values are interpolated to match the soil-temperature forecast
levels. The model allows for the addition of parameters to
simulate vegetation effects such as transpiration and canopy-water
evaporation.

3. MODEL APPLICATIONS
3.1 SIMULATION OF THE GREAT PLAINS LOW-LEVEL JET

The diurnal oscillation of convective events in the Great
Plains of North America has been documented by investigators for
many years (Blackadar, 1957; Holton, 1967; Bonner, 1968; Wallace,
1975). Their findings have shown that the nocturnal phasing of
convection may occur even when the large-scale synoptic situation
would warrant convection both day and night. Most theories have
attributed these diurnal oscillations to changes in boundary-layer
convergence fields resulting from a low-level nocturnal jet.
Convergence in the region north of this jet may result in strong
upward vertical motion at the top cf the boundary layer. Recent
studies have been devoted to simulating these oscillatory
characteristics in a boundary-layer forecast model.

To examine the model’s ability to simulate observed jet
phecnomena, a springtime case of nocturnal convection is analyzed,
and data from this period are used to initialize the forecast model.
26-28 May 1988 was characterized by pronounced nocturnal
thunderstorm activity over the central and southern Plains.
Rawinsonde observations suggested a low-level wind oscillation
during this period. The nocturnal maximum of the winds and the
convection could not be explained by the large-scale synoptic
situation nor was it forecast well by the National Weather Service
forecast models.

A 48-hour forecast was integrated having been intialized with
datu from 1200 GMT 26 May. The National Weather Service Nested Grid
Model forecast of the 850 mb height field was used as the upper-

boundary condition to retain rcalistic ambient conditions. The
radar sumrary at 0535 CMT 27 May depicted in Fig. la, shows
widespread convection over the northern Great Plains. 1In Fig. 1b

the forecast wind vectors and isotachs at 500 m are shown for the
same time period. Here a well-defined jet is forecast over the

Centenal Plaing with speeds near 30 m s+, The low-level convergence
associated with this exit region of this wind maximum was a likely
trigper for thie observed convection.  An east-west vertical cross-

section of the forecast Jow-level jot s presented in Fig. lc.
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1988. b) Model forecast wind vectors and isotachs in
ms™L valid 0600 GMT 27 May. «c¢) East-west vertical
cross-section of the v component (north-south) wind
speed at the Kansas-Oklahoma border (37°N latitude)
valid 0600 GMT 27 May. Solid contours denote
southerly sinds and dashed denote northerly winds,

3.2 REGIONAL TRANSPORT OF INSECT PESTS

Some insect pests of corn are introduced each spring to the
Midwest by the northward migration of populations that overwinter
far to south. PResearch by {aster and Showers (1982) and Domino et
al. (1983) has shown that nocturnal, long-range movement of
noctuids, such as the black cutworm, Agrotis ipsilon (Hufnagel), is
strongly correlated to particular low-level wind conditions that are
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Figure 1. a) Radar summary of precipitation for 0535 GMT 27 May




common dur!.ag the spring over the central United States. This
research has actempted te formulate a forecast method to accurately

predict the incroduction of wind-transported pests.

Forecast

informaticn of insect introduction may then be used for insecticide

planning and other pest management decisions.

An advection-diffusion forecast routine has been developed and
added to the numerical forecast system described in Section 2.

the domain.

black cutworm moth,
after sunrise and concentrations are summed vertically and held

constant until after sunset when dispersion resumes.

Factors such

as swarming and flight speed are introduced directly into the

concentration forecast equation by varying the turbulent diffusion
coefficient and the advecting windspeed, respectively.

Initial

The
method directly predicts potential pest concentrations throughout

To simulate nocturnal flight characteristics of the
thrze-dimensional dispersion in the model ceases

concentrations are determined from winter soil temperature extremes,
accumulated growing degree days, trapping observations, and

continuity from earlier forzcests.

Black cutworm moth concentration estimates from the dispersion
forecast for 22-24 March and 7-9 May 1988 are compared with
trapping observations in Figs. 2 and 3, respectively.

Missouri data is not yet available for these periods.)

(Note that

These

results agree with trapping observations, confirming that the
introduction of moths to Iowa and Illinois may have occurred as soon
as two nights after the onset of the southerly winds.
cases the highest black cutworm density was found near the low-level
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adjacent to the Corn Belt is an increasing health concern. Figure

4 shows wind and concentration index results of a twenty-four hour
simulation of pesticide movement out of Iowa. A finer grid
resolution was chosen for this problem. Initialized concentrations
were based on typical springtime pesticide applications and
volatilization rates for the given meteorological conditions. The
synoptic situation was based on a 1988 springtime case and data from
the Nested Grid !lodel was cnce again used for the upper boundary
condition for precsure.

4.  INCORPORATION OF ARTIFICIAL INTELLIGENCE TECHNIQUES
4.1 MODEL INITIALIZATION

The numerical model can be initialized for a range of grid
resolutions. A coarse grid, 150 km, is chosen for simulation of
synoptic-scale, low level, circulation. Time increments of 500-1000
s will satisfy numerical stability criteria. Rawinsonde
observations are normally adequate for initial temperature,
moisture, wind and pressure field inputs. When the computational
model is used for regional, sub-syroptic, descriptions, a finer
grid, decreased time step, and incorporation of surface weather
observations becomes important. Movement of biotice is usually
analyzed at the sub-synoptic scale Drift of chemical agents such
as broadcast pesticides requires grid scales less than 75 km and
greater terrain analytic detail. The model has been applied to a
scale as fine as 20 km. Vertical resolution both in the atmosphere
and in the soil may be adjusted as desirable.

A knowledge-based svstem can be implemented to determine the
optrimal girid sire for a specified application. The system will
additionally recommend or specify all other initial conlfiguration
parameters and data requirements including appropriate time steps
and terrain field data. It the user is unable to previde all
recommended Tnputs, the expert system will give an evaluation of
impact associated with non-optimal confipurations.

4.7 RUN-TIME DECISIONS

The configuration of the process used in execution has
considerable influence on computational time and on the precision
and accuracy of numerical results. A number of subroutines dealing
with soil moifature, surface heating., localized precipitation. time-

dependent dispersion, and compatation by finite-differencing or by

Finite clewent technigues mavr he sclocted by logical optimization,
A3 aUTPUT PRESELTATION

Grapoice and tabualar wodel output shonld be optimiced 1o present
¢

the nrecicion appropriate to the intended use of the <iuulation

0 - - : § et [ oy -3 - ) - - [N N e Ty

focpat ooy he o diveeted to g prirrers Fite o or o praphie plocting

dovice and depicr wind, prosaonre s tonperature, bawmiditv, ov

Al pernold concentyat Tong gt appropriale coales and o qoov e The
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selection of output paramecters is rule-governed. Accordingly,
output selection may be achieved under system control.,

4.4 OUTPUT TNTERPRETATION

When model generated output has been verified by observation,
some variability between theorveticsl and real-world occurrence is
expected. A knowledge-based matrix will enable the system user to
comment on differences from reality and to specify paramcters that
the uscr suspccts may be influencing the system. Such user-provided
observations will provide a probability analysis and bias corrected
output which improves model re¢liability as implementation expands.

5.  SUMMARY

Assessment of specifications that are available for applying a
boundary-layer forecast system to a range of perceived
functions, indicates that expert system technelogy can provide
substantially increased system utility. A three-dimensional,
coupled carth-atmosphere model to forecast boundary layer phenomena
has been applied to describe a number of meteorological and
biological events. The configuration of model elements and
input/output parameters required to exploit the capability of the
numcrical method normally requires the efforts of a highly-trained

specialist. Artificial intelligence programming is conducive to the
creation of a meteorological system that is adapted to the potential
applications by non-cxpert, but competent, personnel. Such a system

can provide both numerical and non-numerical output as required by
the user.
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RESEARCH IN TERRAIN KNOWLEDGE REPRESENTATION
FOR IMAGE INTERPRETATION AND TERRAIN ANALYSIS
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ABSTRACT

This research paper emphasizes use of landforms as a
fundamental component for the representation and organizaticn
of terrain knowledge. Explicit characterization of
observable terrestrial patterns provides an intelligent basis
for the identification of landforms from stereoscopic aerial
imagery. Knowledge of properties associated with individual
landforms provides a foundation from which to infer terrain
aspects of military relevance. On-going rescarch focuses on
the development of an expert system for landform
identification. Here, a computer program serves as an on-
line computer consultant to a terrain analyst interpreting
storeoscoplic aerial photography. An expert system shell is
nsed as o a tool to encode domain specific knowledge relating
vhoro-identifiable features to specific landforms. A second
aczpect of the research, not yet implemented as an expert
cyotem, deails with the potential to use landform information
oo suppart battlefield decigsionmaking. Consider the
folliowing example cet in an arid environment with such
Fandtorins as plava, alluvial fan and hills where a

fedgeable terrain analyst can make the significant
‘tions based on gercral properties assoclated with
Tandforinc. On a playa, tanks will bog down under wet
condit ions, helicopter landinag zone operations will be
imedred by dust and no aggregatoes will be available for
con st ruct ion. On an ailuvial fan, gullies can conceal tanks
owerll as deter tank movement e when the guilies are

povpendionlar o the avenue of approach. Adiacent pairs o of
Sil b owil o areste choke podint o, Thus, knowledas of b
gt Dol dnddlvidiey Tandforns provides g ougeiat arproach
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1. IHNTRODUCT ION

The focus of this pa
characterization and class:
important aspect of the &
The use of landforms 1is e
for the representation arc
Explicit characterization

5 an intelligent pasis 1 N

landforms fraom Imagery; morecver, knowlaedgs ~f whe ldent oy
ndform provides tne hasis f

Si icant military aspects. T

develcprent of an erperimental erper

terrain analyst in identifying a

stereocscoplic Rerial photography. Dproar 15 :
figure 1. The resulting i“toracr1v€ software provides a
useful vehicle to encode terrain information and to eyplore
fundamental issues of terrain knowledqe reprezentation and
exploitation.

The criteria used to identify landforms i3z adapted from
an engireering approach developed for manual photo
interpretation in which landforms are characterized by
;a tern elements. In Section 2, the pattern elemenis are
defined and some cof thelir key properties are described.

Cons-ruction and operation of the superi
~r 1 =

rimental export
ion 3. This =zection deals with
1

syztem 1s presented in 5ec

now descriptors based on landform pattern elexents are
incorporated as a knowledge base in a domaln-indepondeorn:
expert system snell. Then, use of the eupert zysten [o
demonstrated with two examples in which larndforms are
identified pased on user-entered values for ~limatic ana
vhotc-ochservable terrestrial pattern elements.

4, Eotentile Lropert i
tandforms t snitext of
Finally, this sapproach o Serraln
/rv;entaticn for image interpretat lon and teerros
rized in Section 5
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formtype, drainage, density, erosion, special, tone, land uze
and vegetation. Taken together, descriptions based on these
pattern elements provide valuable indicators to the identity
of an unknown landform.

Regions of the earth are classified in terms <f climats
(climate) based upon knowledge cf specific temperature,
precipitation and envircnmental characteristics. It is
desirable to limit the set of possible landform candidates ¢
those which are known to exicst in the speciiic climatic
region.

Bach landform has a characteristic geometry or form
(formtype) . The surface materials of landforms have specifi~
modes of deposition or occurrence. 1in general, landforms are
gquite homogeneous in texture and composition being derived
from the same unccnsolidated or consolidated materials;
often, the surface materials of the landforms are the parent
materials.

The surface drainage (drainage) 1s useful in determiniijg
the general, shallow sub-surface texture, compositinn and
distribution of the surface materials, and the topographic
relief of an area. The drainage represents the impression
rainfall has had on the runoff pattern of the eroded surface,
Where overburden is thin, drainage patterns provide general
information about the structural attitude of the consolidated
materials.

Density (density) refers to how closely or openly zpaced
the drainageways are from each other. In general, the
deccription of the spacing ranges freom fine to coarse,
Usually, a fine-spaced drainageway system signifies that a
lot of ercsion has occurred -- zilty or clayey soils are
indicated.

Frosiocnal characteristics (erosion) are important
indizators of the surface texiture, composition and
Aistribution of the surface materials.  Gullies with V-sharp. i

profiles nsually indicate medium-to-coarse textured solls,
while U-rhaped or saucer-shaped gully profiles indicare siloy
or claye, textures.  Erosiconal features asoist in ddentifyin
Lhe corpoition, tersture and layering of the parent
Taterials. An exarple is o oa dissected, tnick shaloe seopoonoe

that o amually exbiibits smooth slopes and sabduaed, o ded
tepography of modoerate repief,

i
Srecciiad festares (opeeo ]y incolunde Deathires whiioh omay b
deccribeed cnnder somer offper ralterno oo lement it e
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with the characteristic tonal patterns, indlicale soft
subsoils.

Photo tones (tone) are indicators of texture,
distribution and composition of the surfuace materials, and at
times indicate the meisture condition. Tones often indicate
the relief and drainage characteristics, and are essential in
the identification of the landforms which poosess
characteristic tonal patterns. In general, light photo tones
indicate granular, well-drained soils, while dark tones
indicate fine-textured, poorly-drained soils. 1In
agricultural areas, gray tone patterns that are large and
rectangular in shape, indicate that the area 1s relatively

flat. On the other hand, irregular, narrow, banded tonal
patterns due to contour farming indicate high or moderate
relief.

Land use (land) is an impnrtant indicator of relief in
an area. Flat areas are generally under cultivation, while
upland terrain is identified by large wooded areas, limited
farming and a predominance of pasture land.

Vegetation (veg) 1is an indicator of the texture and
drainage characteristics of the surface materials. Orchards
are indicative of sandy, well-drained soils, while willows
and swamp vegetatlion are indicative of poorly-drained, fine-
textured surface materials.

Based on pattern el:zment analysis and collatesral data,
the engineering photo interpreter systematically delineates
and classifies terrain features. Identifications of
landform-associated surface materials are considered
reliable, but many subsurface and stratigraphic
interpretations require more detailed analyses.

To formalize these concepts in an expert system,
landform fact sheets were assembled describing photo-
nobservable characteristics for a set of major landforms from
a data set of representative stereo aerial photography.
Analysis of coveral approaches to landform characterization
led to selecticon of the terminology described above. The
descriptive categories continue to be studied and revised for
grecision and ¢

3. AN EXPERT SYSTEM FOR LANDFORM TDENTIFTICATION
3.1 DESCRIP™ 10N CF AN EXPERIMENTAL EXPEKT SYSTEM
The expert system, as discussed in this paper, is an

interactive computer program that uses reasoning technigues
to solve problems operating on a prob!

fom domain knowledge

base with case specific input provides oy a user (Watoerman
and Hayezs-kRoth, 1982). Exzpert knowleaas including problem
domain deso iptions (facts) and henrisvics (rules of thumnb)
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Consistent with Seh*ion 2, the set of nine attripute ol o5
ar2 maintained ranging from <limate (climate) to vege: atior
(veg) . Drainage, for example, Iz characterized Ly a sou o
17 possible values ranging £

com o plnnate tooartificial.,  Fach
value 1s relevant to at least e, ana generally, many more
landforms.

Instantiations for two s ific landforms,
and playa, have Dbeen extracted £
14

a ,

rom the knowledge base and
presented in figure 3. Note that in theaece cases, a slingle
vaiue has been associated with each of the nin landform
descriptions. In the case of the alluvial fqn landfor:,
erosion is described exclucively as v shaped while the value
for erosion on a playa 1s characterized as none.

>.4  USING AN EXPERT SYSTEM FOCR LANDEORM IDENTIFICATION

To use the KES expert system, the user works from an

lphanumeric terminal placed adijacent tec an alrphoto lmage
display (a film-hased light table or digital image
procecsor) . Two examples of aerial photos from a
eI'* ronment in the southwestern United States are in
b e er

gures 4 and 5. The computer program addresses the uge
h a series of gqueries to eliciting case specific values
for each relevant attribute. The inference engine operates
on o the information furnished by the user and the knowleddg
se to identify the landform. ITf all attribute vali~s mateh
landform description in the knowledage bace, KES r«-tarns the
name of the identified landform and the annotation - I
D
ri

¢
35

ts a certainty factor of "always", I'f no =i
description is cornsistent wirh all the user

D
O 0

e Y

observations, the program returns a racked L5t of
landforms using the notat iaon (h/, <m> oand <l- to
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swtential identification.
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user exercises the capability to enter multiple values for
the special feature attribute. Optinns 19, 24 and 25 are
selected whinh represent the conditions bounded by uplands,
alkall depocits and oval shaped depressions. This szet of
entries trigger another feature of ¥KES. The set of values
specified these entries and (he previously entered values
are not C@:"‘t@nt with the description of any one landform
representad in the knowledge base. The user is given an
opportunity to change the entries or continue. In thic
example, th- user elected to continue. Afier wvalues for al’
attributes have been specif{ied, Lhe inference engine returrad
a list head~d by playa <h> indicating a hignh degree of
certainty. ‘ollowed by 32 less probable landforms, each with
a2 low certainty fa;tor (<12, The landform is, in fact, &
plava.

-

PREDTCTION EBASEI

-}

General properties that are significant for military
planning «<ant be assigned to each category of landform. Wk
a terrain arolyst identifies a particular iandform, he ca
invoke kn:owl.edge associated with specific landtformz in 13
of cuarrent environmental conditions to support battleri
decisionmaxking. Consider the following examples to
illustrats “he potential use of such a priori knowledge.

+
.
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The ceacond example presented earlier, identified a plava
in an arid environment . ‘n this case, the terrain analys:
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aggregnt -- he can predi/ hat on a playa, tanks will boag
down undsy wet conditions, LﬁJicvptgr landing zone operations
ived by dust and no aggregate material will be
Slabrie (oo conslruct Torn
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In this manner, terrain characterization bhazed on
landform can be used to establish a generaiized knowledge
base from which high-level inferences may be drawn. This
approach may be of particular value when detailed Defense
Mapping Agency terrain analysis products such as the Tactical
Terrain Analysis Data Base (TTADB) cr digital Tactical
Terrain Data (TTD) are not avallable.

5. SUMMARY

This paper presents a research efforl concerned with
bui1lding an expert system to identify landforms for the
terrain analyst. It has shown how the descraiptors from
observing imagery are usod in developing a knowledge base
using an expert system. The landform descriptors were then
converted into the knowledge base using a hierarchical
format. The Knowledge Engineering System (KES) was run
during which inferences were made as to the identities of the
observed unknown landforms. Given the knowledge of the
landforms, the terrain analyst provides the commander with
terrain knowledge that enables him to make decisions based on
the Intelligence Preparation of the Battlefield (IPB).
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attributes:
climate: sgl
(semi humid, semi arid, humid, all, arid, arid sem. arii).
formtype: mlt
(plain, ridge, hill, hummock, sloping ploin, ridges, ~hannel,
fan shaped plain, arcuate plain, dissected cuestas,
idge plain, broad plains, knob plain).
drainage: mlt
(pinnate, dendritic, absent, internal, parallel braj led,
parallel, meanders, radial braided, anastomot ic,
dendritic distributary, crisscrossing branching,
deranged dendritic, artvificial).
density: sgl
(none, medium, cocarse, fine, coarse to medium) .
erosion: mlt

shaped saucer shaped, v_shaped u shaped) .

(u_shaped, sag swale, box stape, none, v shaped,

saucer shaped, u s

special: mlt
(ccenical mound on plain, cat steps, crescent shares,
low relletf, blowouts, c¢liffs adjacent to water, dissected,
contour plowing, wave pattern, star shapes,
dune remnants, equal sideslopes, snakelike,
fluvial marks, <iga:r shaped, deranged medium dendritic,
meanders_abandoned channels natural levees,
i21ta shape, bounded by uplands, fan shaped, coalescing
fans, buffal. wallocws, deposition from surrounding uplands,
alkali depnsits, oval shaped depressions, cuestas, paralies
ridges, meandering drainage, poor drainage, wel! drained,
crisscrossing brailJded, broad field pattern) .

tone: mlt
(light to dark crop, light crop, dark, light ridges,
dark swales, medium to dark, dark base light top,
light with dark streaks, uniform dull, scrabbled,
dull plains dark depressicns, light, dark depressions,
light dark, complex, light medium, mixed, dull).

land: mlt
(n>t caltivated, cultivated, natural cover,

pasture, ranageland, forested, none, borrow pits

natural cultivated, natural irrigated cultivatrion) .
verg: mit

(arass, scattered rtrees, dense woods, barren, rasture,

cleared cropland, grasaland, natural drrigatedd
cultivat ion, marsh grass, none, sparse catoral,

swamps, {nrest, sorub growth, marshes)

FIOTTRE 2 Attribate sect ion of knowledge base detiring
valid values.

[
€
~1




landform: sgl ( landform: sgl (
alluvial fan playa
[description: {description:
climate = ar:d semi_arid: climate = arid;
formtype = fan_shaped plain; formtype = plain;
drainage = dendritic drainage = absent:
distributary; density = none;

density = medium; erosion = none;
erosion = v_shaped; special = alkali deposits;
special = coalescing fans; tone = scrabbled;
tone = light; land = natural_irrigated
land = natural cover; cultivation;
veg = sparse natural;], veg = none;],

FIGURE 3. Portion of knowledge baze providing descriptions

for alluvial fan and playa landforms.
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FIGURE 4. Aerial photograph of alluvial fan landform.
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FIGURE 5. Aerial photograph of playa landform. l
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Ready ftou
climate
=2 6
formtype
10.
11.
12.
13.
(multiple
=2 8
drainage
10.
11.
12.
13.

(multiple
=7 10

DU s W b,

@~ NN

O O U WD

command: n

semi humid
semi arid
humid

all

arid

arid semi_arid

plain

ridge

hill

hummock

sloping plain
ridges

chann=l

fan shaped plain
arcuate plain
dissected cuestas
ridg=_plain
broad plains
knob plain
answers allowed)

pinnate

dendritic

absent

internal

parallel braided
parallel

meanders

radial braided
anastomotic

dendritic distributary
crisscrossing branching
deranged _dendritic
artificial
answers allowed)

<< density dialog deleted >>

erosion

1.
2.

u_shaped
sag_swale

[o~BEEN B NN N

O W W oy AW

WO ~J A WU W N

9.

(multiple
=25
land
1
(multiple
=2 3
veg
10.
11.
12.
13.
14.
15.
16.
(multiple
=2 12

box shape

none

v_snaped

saucer_shaped

u_ shaped_saucer_shapecd
v_shaped u shaped
answers allowed)

<< special & tone dialog deleted>>

not cultivated
cultivated
natural cover
pasture

rangeland
forested

none

borrow pits
natural cultivated
natural irrigated
cultivation
answers allowed)

grass

scattered trees
dense woods

barren

pasture

cleared for creopland
grassland

natural irrigated
cultivation

marsh grass
none

natural cover
sparse natural
swamps

forest

scrub growth
marshes

answers aliowed)

alluvial fan <a>

FIGURE €.

Menu excerpts for
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special

conical mound on plain
cat steps

crescent shapes

low relict

blowouts

s w N

<<< dialog deleted >>>

18. delta shape

19. bounded by uplands

20. tan_shaped

21. coalescing fans

22. butffalo wallows

23. deposition from surrounding uplands
24. alkali deposits

25. oval shaped depressions
26. cuestas

27. parallel ridges

28. meandering drainage

29. poor drainage

30. well drained

31. crisscrossing braided
32. broad field pattern

(multiple answers allowed)
=? 19&246&25

A single value of landform
cannot explain all of the features of this case.

Should processing continue using those values that
are not categorically rejected

=? {y/n) y
<<< dialog deleted >>>

playa <h>

stream channel <1>
esker <1>

drumlin <1>

outwash plain <1>
moraine <1>

lake bed <1>

kame terrace <1>
loessial plainl <1>

<<< 25 lower ranked landforms deleted >>>

FIGURE 7. Menu excerpts for playa identification.

292




IMPROVED EXPERT SYSTEM PERFORMANCE
THROUGH KNOWLEDGE SHAPING

Joseph A. Vrba and Juan A. Herrera
Perceptics Corporation
Artificial Intelligence Applications Division
Knoxville, TN 37933-0991 U.S.A.

A primary motivation for developing rule-based expert
systems was the desire to separate the specification of the
knowledge of a problem from the implementation of its
soluation. The logic of the problem 1s encoded into an
expert knowledge base. From this abstract form, a
procedural version (the executable expert system) which
applies the knowledge can be inferred by a computational

machine called an inference engine. Ir software
development terms the rules can be viewed ac glaying the
role of a system specification. The infererce engine

performs the amazing feat o¢f producing a procedural
behavior directly out of the specification.

Of course this 1is too good to be true. There 1is an
important ingredient missing, control. In this context,
control means the appropriate ordering of computational
events, e.g. causing the rules to fire 1in the correct
order. Although an inappropriate ordering will often have
a dramatic effect, 1t has proved to be very difficult to
determine what it is that must be specified cover and abkove

the logic to secure control. In a battlefield environment,
determinism of an autonomous decision-making system 1is
essential. Without careful imposition of control, real-

time performance will surely be compromised.

Recent develcopments in discrete decision thecry [1]
give a much clearer idea of what &a control specification
might look like. They indicate that it 1is possible (and
even practical) to separate the control cpecification from
the logical specification. The conventional view of
knowledge acquisition concerns primarily the acquisition of
the logical specification of the problem, rthe knowledge
base. The control specification is almost always an
afterthought, Only after most of the logical knowledge has
been acquired does the preblem of how 1t should be
controlled become critical. There may be some obvious
features, such as relative expense of making decisions and
the relative likelihood of certain events which the

designer might 1mpart to the system. However, a contro:
specification, developed 1n this fashion, will almes:
certainly be incomplete and will allcow many alternate

procedural forms,
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With existing expcrt system shells there are some
rather limited methodc £or incorrorating control. In
forward chaining, control is relegated to the conflict
resolution strategy which determines which of the active
rules 1is actually to be fired next. For example, one
common conflict resolution strategy is to always prefer
more specific rules (i.e. those with more antecedents) over
less specific rules. This allows the system builder to
write branching behavior more succinctly: the default in
the conditional branching becomes the most general case
with the more specific cases caught by more specific rules.
In backward chaining a worse situation exists: the control
is hidden in rule and antecedent ordering. The meaning of
a program can be affected by the order in which the rules
are expressed! Developers of expert system shells quickly
noted control weaknesses and added meta-rules in an attempt
to keep the control information separate from the logical
specification. It is not clear that this approach really
worked.

There 1s another, much more commonly used mechanism
for imposing a control structure on an expert system. A
developer will often write the rules to explicitly include
an antecedent which determines the control context in which
the rule 1is to be applied (the added antecedent has no

logical effect). The problem 1is that such modifications
cause the knowledge base to contain much more than abstract
logical knowledge, In fact, when one inserts control

information into the rules in this fashion, it can no
longer be guaranteed that they can be manipulated according
to the rules of logic. There is always a danger that a
simple logical manipulaticon will actually completely change
the meaning of the procedure generated under the chosen
inference mechanism,

It may not be immediately obvious why a logical
specification does not provide all the information required
to give an acceptable procedural form. In order to
illustrate this, ccnsider the following problem

Prior to 1965, the Soviet Union deployed three
types of main battle tanks; the T-62, the T-5%

and the PT-76. Tnne T-55 and PT-76 both have
small caliber (100mm or less) main guns. The
main gun of the T-62 is of larger caliber. The

PT-76 1is c¢f low profile (height less than 2.4m)
while the T-55 and T-62 have a higher profile.

How can we lidentify any one of these tanks on
the battlefield?

294




This problem, after some logical manipulation, can be
described by the following set of prime rules which
constitute the logical specification of the problem.

Rule 1: If the tank has a small main gun
and has low profile
then it 1is a FT-76.

Rule 2: If the tank has a small main gun
and has a high profile
then it is a T-55.

Rule 3: If the tank has a large main gun
and has a high profile
then it is a T-62.

It should be noted that the case of a large caliber

main gun and a low proufile has not been specified. This
case will be considered "impossible" and will be ignored
below.

In order to fully specify the logic of this problem it
is also necessary to associate with each decision the

possible values it may attain. For this example, these arec
main gun: mgun is small or large,
profile: ht is high or low,
tank type: tank is PT-7¢, T-55 or T-62.

If we were using a backward chaining interpreter and
processed the rules in the order given above, we would
obtain a procedural form of the solution which can be
renre ented by the decision tree shown in Figure 1.

mgun

/\

small  large

/h\t\ t-62

high low

o Bm

Figure 1. One procedural form for identifyina
Soviet tanks on the battlefield.

In al! problems of practical significance, however,
and oven in thiy very simple esxampie, maltiple preocebar )
formg o0 the solution are valid. An ingpect lon of Y he




above rules immediately tells us that 1f we had coriderer tie
antecedents differently we would have obtalined i
gquivalent tree shown in Figure 2.

decisions. On the battlefield, fur example, 17 18 oroval i,
easier tc estimate the approximate caliber of ohe maln aor
a tank (from the size of the explosions and daraage 1)
than to estimate its height (which regulire: :
would be onreferable, since the T-62 would ope Tl
without a need for the more "expensive" "ht" determina:

The tree of figure 2 reguires height estiwates fo:
decisions.

R
high low
mgun pt-76
small large
t-55 1-62
Figure 2. A rearrangement of rule antecedents
yields this equivalent solution.

Which of the above solutions 1s mcore efficient s Thiv
is determined from the relative costs of maxing i
visibility) . In this case, the sclution shcown in ¢

s
.
+
e

1§

From the above examrle it might

o
v

htaininag a reasonable procedural form is At
i sensibly ordering the rules and their i

general this 1is not the case. Suppose that R
achleve a particular optimal behavior using prim Ul
a backward chaining engine:; it turns out that 5 Y

nct be possible [3]. Thus, there is a no
concerning how one turns a minimal logilcal
into a procedural form.

This difficulty with imposing contrel in an
53 stem may be resoived by introducinag an Interm
de=ign stop called knowledge shaping. The idea is - f
a procedural form which simultaneously satisfics both oh
control and logical specifications. Kriowledae shaping
allows the designer to interactively explore alternalive
control regimes without altering the loglical specification.

The idea 1s this: backward chaining is uscd o betore
to generate a procedural form of the knowledge.
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Lontrary Coopopuliar opinion, the ininial preooeectr oo
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The ddvantaage of this approach is that i+ oo
nart e abgtract  logical specification may

swificient o completely Jdetermine the proooedoral
Instead, it erploys a separate step which uses ooy
oformat ion fied to obtain a procedural Tolon
Kivcvwiendge Allows vhe loaglizal apeai RO
arely ToGgical,  and allows connral it lon
feve loped indepeondent 1y
rooerder o Lilustriate these Ldeas, consiaer 7
+ tererintion of the main battle rtanks current iy A

try e Soviet iUnion. In this more conp lex soenaris

contd one best determine the type of a tank

TABLE 1. PRINCIPLE SOVIET MAIN BATTLE TANKS

(extracted trom Dunnigan [41)

Main Gun Rate Main Gun
Range

Name Weight Height Caliker of Fire
s Bigh low large high
T2 Pian high large high
: medd high avg low
el high small 1ow
Tow low small low

One could manualily cneode this information in ©
P

x
[+
-
©
[

£ the tank has a high weignr
I has a low protile
rel a4 large main aun
{a high rate o0 tire
doa hiah owmain gqun range
then it 1s a T-380.




The decisions and possible outcomes would be:

malin gun range: mgrng
rate of fire: rof
main qgun: mgun 3
profile: ht i
weight wt i
tank type: tank

e b
o uow
b =
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-, \Q
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e

It is important to note that 1f the oproblem logio

o be stated in rules, all attribute valus combinationo
specified in rhe table must be represented ao "impoos il

To  ensure loqical validity. In some dwvel;grw
put  di Crly Al
1
¥

environment n
Q )1 P . N
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relat ionships are apparent. n battlefleld oivuar i,
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Note that these constraints make no statement abour
the specific costs of the decisions. Rather, tney dea’
only with relative terms. They state that "rof" and
"mgrng" are easy to determine and that "wt" is hard to
determine. This control specification reduces the list of
valid procedural forms from 52 to only 8. The remaining
forms are shown in Figure 3 on the following page.

The 8 solutions of figure 3 are better suited toe thne
battlefield problem then were the other 44 which were
rejected as not adhering to the decision c¢ost guidelines.
However, we can further investigate the details of our
decision-making process. Althcugh the decision "nt'
appears *.0 be significant (it appears in 7 of the 8 trees)
it still necessitates good visibility, which is unlikely on
a battlefield. Thus, "ht" slould be avoided. Furthermore,
determination of the range of & tank's main gun 1s a
relatively easy passive activity. Thus, 1its use should be
encouraged.

These features may be used to further constrain the
solution space by meking the following additions to the
control specification.

use mgrng.

avoid ht

The procedural form of the solution which results 1is
shown in Figure 4. Note that this tree is not a member of
the 8 that resulted from the cost data only. The tree
there had "ht" in place of "wt" (since "wt" was more
expensive than "ht"). Now that the constraint to avoid
"ht" has been imposed, "wt" has been promoted to replace
it. The procedural form of figure 4 provides the soluticn

to the tank identification problem which is optimal for *he
situation described above.

mgrng

wt/ \rof
AN I\

A—M-vs FZ]T-sz

Figure 4. Imposition of a complete control specification
vields the most efficient proccedural solution.
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of the knowledge is 1ideally suited £for wse n Lhe
Jdevelopment ¢nvironment. An additional beneflt of this
method is that once an optimum procedural form has boeern
generated, it may be executed directly, removing uhe

performance problems assnciated with inference cngines,

Is knowledge shdaping feasible as a real-world appreach

to expert systems design and development? A version of
*+his knowledge shaping tool has been implemented in
Perceptics' Xnowledge Shaper™. Using specification

formats quite similar to those of the examples prescnted
above, this software tool provides the means for
approaching decision-making problems in this fashion.
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